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ABSTRACT

This study investigates how customers perceive and enact their role within
algorithmically managed ridesharing platforms in South Africa. While customer
ratings are structurally central to platform labour governance and can materially
affect driver livelihoods, limited research has examined how customers themselves
understand and perform this evaluative role. To address this gap, the study adopted
a qualitative, interpretivist design. Seventeen semi-structured interviews were
conducted with South African based ridesharing users. Interview data was analysed
inductively using thematic analysis supported by Atlas.ti, with iterative coding and

cross-case comparison to identify recurring patterns.

The findings show that participants primarily frame their role in transactional,
consumer-first terms, with evaluative authority acknowledged only conditionally. In
the South African context of high unemployment and driver precarity, awareness of
livelihood consequences was often present but unevenly internalised. Rating
behaviour is typically threshold based, with five star ratings functioning as default
affirmation and downgrading reserved mainly for serious breaches, particularly
safety concerns. Moral reasoning, empathy and uncertainty about algorithmic
consequences frequently moderate punitive evaluation. Platform design further
shapes participation by embedding rating as routine, limiting visibility of outcomes or
consequences, and making escalation more effortful. Overall, customer governance
within ridesharing platforms emerges as situational, morally mediated and shaped

by sociotechnical design.

Keywords: algorithmic management; customer role perception; ridesharing; digital

platform labour governance; South Africa
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1. INTRODUCTION TO THE RESEARCH PROBLEM

1.1. Background

The gig economy has significantly reshaped the global labour landscape (Vallas &
Schor, 2020), disrupting traditional employment relationships (Duggan et al., 2023)
and transforming the very meaning of employment. Emerging as a notable labour
trend after the 2008-09 global financial crisis and further catapulted by the COVID-
19 pandemic, gig work has grown into a dominant mode of labour in many parts of
the world (Vallas & Schor, 2020). In the literature, gig work is broadly defined as
contractual labour compensated to complete immediate, on-demand, or short-term
tasks (“gigs”) with an absence of a formal employer-employee relationship
(Cropanzano et al., 2023; Duggan et al., 2023; Gautam et al., 2024; Meijerink &
Keegan, 2019; Vallas & Schor, 2020; Wu & Huang, 2024).

1.1.1. Digital platforms as a new organisational form

A defining characteristic of the gig economy is the intermediary role of an online
platform organisation. These platforms act as middlemen connecting service
providers (e.g. drivers) and consumers through algorithmically mediated
applications. Ridesharing, exemplified by companies like Uber, is a prominent
example of this shift, showcasing both the benefits and challenges of digitally
mediated work. The appeal of gig work lies in its promise of autonomy and
convenience; however, because gig workers are not considered employees but
independent contractors, they lack job security and access to benefits, leading to
ongoing debates about its precarity and fairness (Duggan et al., 2023; Vallas &
Schor, 2020; Wu & Huang, 2024).

Ridesharing platform companies define themselves as neutral intermediaries that
connect drivers to riders rather than employers (Barari et al., 2022; Duggan et al.,
2020; Healy & Pekarek, 2025; Hunt et al., 2025; Meijerink & Keegan, 2019; Rahman
et al.,, 2024; Waldkirch et al., 2021). This strategic positioning enables them to
categorise drivers as independent contractors, effectively circumventing statutory
obligations such as minimum wage, paid leave, or social security contributions
(Healy et al., 2020). These digital platforms are not merely intermediaries; they
function as hybrid organisational entities that govern labour through algorithms and
user data (Duggan et al., 2023; Tarafdar et al., 2023; Vallas & Schor, 2020).



Vallas and Schor (2020) conceptualise digital platforms as a new form of labour
governance that has similar characteristics of traditional organisations but is unique
in its use of algorithmic systems to control and evaluate workers. Building on this,
Duggan et al. (2023) and Healy and Pekarek (2025) argue that platforms implement
algorithmic control through customers. They further state that this is a transition away
from the typical employer-employee relationship to a triadic structure involving the
platform, the worker (driver), and the customer (passenger). In this triadic
configuration, customers become de facto supervisors through tools like tipping,
ratings, and feedback, influencing drivers’ job assignments, visibility on the platform,
and continued access to work. These algorithmic governance systems have been
shown to systematically shape work outcomes by shaping how customer feedback

affects performance evaluations (De Keyser et al., 2024; Duggan et al., 2023).
1.1.2. Customers as de facto supervisors

A defining feature of platform labour is the role customers play in managing worker
behaviour and outcomes. Duggan et al. (2023) argue that customers act as co-
managers by providing real-time performance feedback, influencing algorithmic
decision-making. De Keyser et al. (2024) further explain that customers’ reviews and
ratings are central to a platform’s reputational system, often determining a worker’s
continued access to jobs. This transformation of customers into evaluators
introduces power dynamics traditionally reserved for employers, blurring the

boundaries between service users and organisational authority.

Despite their influence, it can be argued that customers lack awareness of their
power within platform governance systems. Healy et al. (2020) found that while some
consumers express concern for worker wellbeing, many are unaware of how their
feedback affects job stability and earnings. Cameron and Mayberry (2024)
emphasise that platform design discourages solidarity between consumers and
workers, positioning customers as unwitting enforcers of company policy. De Keyser
et al. (2024) also highlight that customers may unintentionally harm workers due to
a misunderstanding of the implications of suboptimal ratings. These tensions create
ethical and practical challenges for platforms seeking fair and transparent labour

governance.



1.2. Uniqueness and relevance of the research

Ridesharing platforms present a distinct and underexplored context for examining
customer involvement in platform labour management. While ridesharing relies
heavily on customer feedback, it is unique in the nature of the customer-worker
interaction. These engagements are typically more personal and occur in enclosed,
shared spaces, conditions that increase the likelihood of conversation, emotional
connection, or discomfort. In contrast to the brief, transactional exchanges of food
delivery, ridesharing interactions may often prompt more subjective and emotionally

charged evaluations.

This heightened interpersonal exposure can amplify the salience of customer
feedback and increase the perceived responsibility customers feel when rating
drivers. Duggan et al. (2023) note that, in ridesharing, ratings have immediate and
cumulative consequences for drivers' visibility on the platform, income stability, and
continued access to work. Wu and Huang (2024) similarly observe that the gig
economy’s effects are especially pronounced in high-contact service sectors like

transport, where labour conditions are tightly coupled with user ratings and reviews.

As digital platforms continue to expand their influence, understanding customer roles
in platform labour governance becomes increasingly important. Wu and Huang
(2024) estimate that over one-third of the U.S. workforce is now engaged in some
form of independent work. This expansion raises urgent concerns around the ethical
design of feedback systems, customer accountability, and user education. De Keyser
et al. (2024) argue that consumer behaviour research is beginning to intersect with
gig economy studies, yet significant gaps remain, particularly concerning how
customers exercise power and responsibility in evaluating workers. Addressing these
issues is essential for fostering sustainable, fair, and trustworthy platform

ecosystems.

Although gig work is a global phenomenon, its implications are especially acute in
the Global South. In South Africa, platforms such as Uber and Bolt have become
integral to the urban transport economy, offering flexible income opportunities amidst
high unemployment. However, these same platforms also expose workers to
precarious conditions, including income instability, weak legal protections, and
limited mechanisms for recourse. Van Belle et al. (2023) highlight how such structural

vulnerabilities increase driver dependence on customer ratings and platform metrics.



Understanding how customers perceive and enact their evaluative roles in this
setting is therefore critical to developing more equitable and accountable models of

platform-based labour governance.
1.3. Problem statement

Customers are not merely passive recipients of service but actively shape driver
outcomes through their evaluative actions such as star ratings, written feedback, or
tipping behaviour. These actions are not merely mechanisms for expressing
satisfaction but act as tools of control within algorithmic management systems which
can influence driver behaviour, retention, and access to platform-based
opportunities. These systems monitor driver performance continuously and impose

consequences based on aggregated feedback.

Much of the existing research explores the power dynamics from a platform-driver
and a driver-customer perspective. Evidence from prior studies suggests that
inconsistent or biased customer feedback can lead to driver dissatisfaction, unfair
penalties, and increased worker precarity (Dedema & Rosenbaum, 2024; Duggan et
al., 2023; McDaid et al., 2023; Tarafdar et al., 2023). There is limited understanding
of how aware customers are of this pseudo managerial role, how seriously they take
it, or how their perceptions might influence their behaviour perceive their role in this

system (Jabagi et al., 2025).
This presents as a significant research gap.

For the purposes of this study, customer role perception refers to how customers
cognitively interpret, morally evaluate, and behaviourally enact their position as
evaluative actors within algorithmically managed platform labour systems. This
includes their understanding of responsibility, perceived influence, role boundaries,

and the consequences of their evaluative actions.

Healy et al. (2020) and Healy and Pekarek (2025) reinforce this gap, highlighting that
consumers are often overlooked in research on platform labour dynamics, despite
their critical role in shaping worker outcomes. These authors call for greater empirical
attention to how consumers view and perform their role within the platform-worker-
consumer triangle, noting that their attitudes may help or hinder efforts to improve
gig working conditions. Addressing this gap is essential for developing a more
complete understanding of customer involvement in platform-based labour

governance.



1.4. Purpose of the study

Building on the identified gap regarding customer awareness and responsibility
within algorithmically managed platforms, this study explores how customers
perceive, interpret, and enact their evaluative role within algorithmically managed
ridesharing platforms in South Africa. It seeks to understand whether customers
recognise their influence over driver outcomes, how they interpret rating systems and
feedback tools, and what values or biases underpin their evaluations. This study will
focus on the South African context, where ridesharing services such as Uber and
Bolt have expanded significantly across urban and peri-urban areas, yet operate in
a largely deregulated labour environment (Mutengwe et al., 2024). Van Belle et al.
(2023) note that South African drivers rely heavily on customer ratings to maintain
their standing on the platform, with limited legal or organisational support. This setting
provides a critical lens through which to explore customer perceptions of

responsibility, influence, and labour ethics.
1.4.1. Business relevance

The International Labour Organisation (ILO) (Baiocco et al., 2022) global analysis of
algorithmic management highlights how customer-generated metrics, such as
ratings and reviews, have shifted from simple feedback tools to core mechanisms of
workforce governance. Crucially, they argue that customer input, which is often
treated as objective, is in fact shaped by subjective biases, limited understanding of
service roles, and contextual factors unrelated to performance. When embedded in
opaque algorithms without adequate safeguards, these inputs can amplify
discrimination, intensify precarity, and erode worker well-being. Moreover, Baiocco
et al. (2022) also stress that these risks are magnified in regions with weaker
regulatory protections, where workers have minimal bargaining power and limited

ability to contest adverse outcomes.

Ridesharing drivers in South Africa are operating in a challenging labour market
environment where unemployment sits is 31.9 percent (as of quarter 3 of 2025)
nationally and at 42.7 percent for youth (persons aged 15 to 34 years of age)
(Quarterly Labour Force Survey Quarter 3: 2025, 2025). This economic precarity and
the scarcity of alternative income sources magnifies the importance of sustaining
high ratings to remain competitive and avoid deactivation. However, Fairwork (2022)
and Fairwork (2023) evaluations show that none of the major platforms meet basic

standards for effective grievance mechanisms related to ratings, and over 60% of
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drivers report having no way to challenge biased or inaccurate feedback. Ratings
that fall under the ridesharing platform’s threshold can lead to a driver's suspension
or deactivation which would impact their income stability. This goes to emphasise

the critical role customers play.
1.4.2. Theoretical contribution

This study extends Kellogg et al. (2020) concept of algorithmic human resources
management control by incorporating the underexplored dimension of customer self-
perception. While prior research has mapped the mechanisms by which customer
ratings shape platform governance (De Keyser et al., 2024; Duggan et al., 2023),
there has been limited investigation into how customers themselves understand,

justify, and enact this role, especially in high-contact contexts like ridesharing.

Recent literature by Healy and Pekarek (2025) explicitly calls for qualitative research
to explore “consumers' feelings, concerns, and (possibly self-serving)
rationalisations about using gig work platforms”, moving beyond survey-based
approaches in order to capture the emotional and cognitive dimensions of platform

user perceptions.

This study responds to that call by combining role theory and sociotechnical systems
theory to examine how customer interpretations were shaped by platform design and
embedded within algorithmic control systems. In doing so, it bridges labour studies
and consumer behaviour research, fields rarely integrated in the gig economy
literature, and situates the analysis within the Global South, addressing a
geographical gap in current scholarship. The South African ridesharing market,
marked by high unemployment, minimal regulatory protection, and acute driver
dependence on customer ratings, offers a critical context for examining the social

and structural dimensions of customer power in algorithmic governance.

Chapter 2 develops this integrated theoretical framework in detail, demonstrating
how role theory and sociotechnical systems theory together provide a lens for

examining customer role perception within algorithmic governance.



2. LITERATURE REVIEW

2.1. Introduction

The expansion of the gig economy had been widely recognised as a significant
transformation in contemporary labour markets, marked by the reorganisation of
work through digital platforms and the weakening of conventional employment
relationships. Integrative reviews and conceptual analyses consistently showed that
platform-mediated work differed from earlier forms of non-standard employment in
that labour was coordinated, evaluated, and governed through digital infrastructures
rather than hierarchical managerial authority (Vallas & Schor, 2020; Wu & Huang,
2024). Within this organisational configuration, platforms did not merely facilitate
market exchange but actively structured labour processes, redistributed risks, and

reshaped accountability through technological systems (Vallas & Schor, 2020).

At the centre of this transformation was algorithmic management, which performed
core managerial functions such as task allocation, monitoring, performance
evaluation, and discipline through data-driven systems (Duggan et al., 2023; Kellogg
et al., 2020). Meijerink and Keegan (2019) and Baiocco et al. (2022) demonstrated
that algorithmic management enabled platforms to exercise control over labour while
maintaining organisational distance from employment responsibilities. Rather than
replacing management, algorithms reconfigured how managerial authority was
exercised and legitimised, embedding organisational priorities within technical
systems that appeared neutral, objective, and efficient (Dolata et al., 2022; Kellogg
et al., 2020).

Healy and Pekarek (2025) and Wu and Huang (2024) examined the implications of
algorithmic management for gig workers, documenting heightened precarity,
continuous surveillance, income instability, and constrained autonomy. Studies
further showed that algorithmic control intensified asymmetries of power by
combining pervasive monitoring with limited transparency and restricted avenues for
contestation (Duggan et al., 2023; Waldkirch et al., 2021). In developing country
contexts, these dynamics were often amplified by weak labour protections and high
worker dependence on platform income, increasing the material consequences of

algorithmic decision-making (Baiocco et al., 2022).

More recent literature extended this analysis by challenging dyadic conceptions of

platform labour relations. Rather than operating solely through platform-worker
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interactions, platform governance was increasingly conceptualised as a multi-actor
or triangular configuration involving platforms, workers, and customers (Healy et al.,
2020; Healy & Pekarek, 2025). In this configuration, customers were not merely
sources of demand but active contributors to labour governance through rating
systems, feedback mechanisms, and service evaluations that were algorithmically
translated into performance metrics (Duggan et al., 2023; Ness et al., 2022). In
ridesharing platforms, these customer-generated evaluations directly influenced
workers’ access to future work, incentive eligibility, and risk of deactivation,

embedding customers within the architecture of algorithmic control.

Despite this recognition, the literature remained uneven in its analytical focus.
Worker experiences of algorithmic management had been examined in depth, as
had platform strategies for organising labour and managing accountability (Dedema
& Rosenbaum, 2024; Kellogg et al., 2020). By contrast, customers were typically
conceptualised as passive evaluators or neutral data sources rather than as social
actors whose perceptions and interpretations shaped how evaluative power was
exercised (Healy & Pekarek, 2025; Keegan & Meijerink, 2023). Studies frequently
inferred customer influence from worker outcomes or platform design, leaving limited
insight into how customers themselves understood their role within algorithmic

management systems.

Consumer-focused research began to reveal the limitations of this approach.
Empirical studies showed that consumers often expressed ambivalence toward gig
work, simultaneously valuing convenience and affordability while expressing concern
about worker vulnerability and unfair labour practices (Healy et al., 2020; Healy &
Pekarek, 2025). However, this literature largely examined consumers’ general
attitudes toward gig work as a social issue rather than their lived experiences of
participating in labour governance through everyday platform interactions such as
rating drivers or reporting service issues. As a result, it remained unclear whether
customers recognised the managerial consequences of their evaluative actions or
how they navigated potential tensions between personal convenience, service

expectations, and ethical responsibility.

Sociotechnical systems scholarship further highlighted the need to examine
customer participation more closely. Drawing on sociotechnical systems theory,
researchers argued that algorithmic management systems were constituted through

the interaction of technical design and social behaviour rather than operating as



autonomous or deterministic technologies (Dedema & Rosenbaum, 2024; Dolata et
al., 2022; Mumford, 2006). From this perspective, customer evaluations were not
simply inputs into algorithmic systems but socially situated practices shaped by
interface design, rating prompts, informational cues, and broader normative
assumptions about service work. Yet empirical research applying sociotechnical
perspectives to customer role perception within platform labour governance

remained limited.

Overall, the literature revealed a clear theoretical and empirical gap. While it was well
established that customer evaluations were integral to algorithmic management,
there was limited understanding of how customers perceived, interpreted, and
enacted their role within these systems. Existing research tended to assume either
limited customer awareness or instrumental consumer behaviour, leaving
unanswered questions about customer role ambiguity, responsibility, and ethical

sense-making in algorithmically managed labour contexts.

This literature review therefore positioned customer role perception as a critical but
under-examined dimension of platform labour management. By focusing on
ridesharing platforms, where customer evaluations were tightly coupled with
algorithmic control mechanisms, the review sought to synthesise insights from gig
work scholarship, algorithmic management research, consumer studies, and
sociotechnical systems theory. In doing so, the chapter aimed to refine the research
problem by clarifying what was known, what remained contested, and what had been
overlooked regarding the role of customers in algorithmically governed labour

systems.
2.2. Algorithmic management as a mode of labour governance

This section examined algorithmic management as the dominant mode of labour
governance in the gig economy and analysed how its design reshaped managerial
control, worker experience, and accountability. Drawing on scholarship from
management, information systems, and labour studies, the section demonstrated
that algorithmic management functioned not merely as a coordination mechanism
but as a governance architecture that embedded customer-generated evaluations

within multi-actor systems of control.



2.2.1. Defining algorithmic management in platform work

Algorithmic management had been defined as the delegation of core managerial
functions, including task allocation, monitoring, evaluation, and discipline, to data-
driven computational systems that operated with limited human oversight (Duggan
et al.,, 2023; Kellogg et al., 2020). In platform-mediated work, these systems
coordinated labour at scale by collecting and analysing large volumes of behavioural
and performance data in real time. Studies across ridesharing and other service
platforms showed that algorithms determined not only which workers received tasks,
but also how performance was measured, rewarded, and sanctioned (Duggan et al.,
2023; Vallas & Schor, 2020).

Meijerink and Keegan (2019) and Kellogg et al. (2020) argued that algorithmic
management represented a qualitative shift in organisational control rather than a
simple automation of existing managerial practices. Authority was increasingly
exercised through technical systems rather than human supervisors, altering how
control was experienced and how responsibility was attributed. Baiocco et al. (2022)
similarly observed that algorithmic management enabled platforms to exert extensive
influence over labour processes while maintaining formal distance from employment

obligations across diverse regulatory contexts.
2.2.2. Competing conceptualisations of algorithmic control

The literature offered divergent interpretations of the implications of algorithmic
management. Wiener et al. (2023) conceptualised algorithmic management as
potentially legitimate and performance-enhancing when systems were designed to
guide worker behaviour through transparent and actionable feedback. From this
perspective, algorithmic control was not inherently coercive, but contingent on design

choices that shaped how workers interpreted and responded to performance signals.

In contrast, critical accounts conceptualised algorithmic management as a
mechanism for consolidating managerial power while displacing accountability.
Kellogg et al. (2020) described algorithmic management as a contested terrain in
which rating, ranking, and recording systems intensified control while limiting
opportunities for resistance. Duggan et al. (2023) further argued that platforms used
algorithmic management to exercise de facto employer authority while denying the

existence of an employment relationship. These authors emphasised that algorithmic
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systems obscured managerial intent by framing decisions as objective outputs of

data processing rather than discretionary organisational choices.

This conceptual tension extended to debates over whether algorithmic management
could be improved through governance and design interventions. Keegan and
Meijerink (2023) and Wiener et al. (2023) suggested that transparency, explainability,
and participatory design could mitigate legitimacy concerns. By contrast, Kellogg et
al. (2020) and Baiocco et al. (2022) cautioned that such reforms risked addressing
symptoms rather than structural features of platform business models that relied on

risk externalisation and indirect control.
2.2.3. Algorithmic management as a sociotechnical system

Sociotechnical systems scholarship provided an important corrective to
technologically deterministic accounts of algorithmic management. Mumford (2006)
argued that organisational systems emerged from the interaction of social and
technical components, and that failures often resulted from neglecting this
interdependence. Building on this, Dolata et al. (2022) conceptualised algorithmic
governance as a sociotechnical phenomenon in which fairness, legitimacy, and
accountability were co-produced through interactions between system design and

user behaviour.

Applied to platform labour, this perspective highlighted that algorithmic management
systems did not operate independently of human actors. Dedema and Rosenbaum
(2024) showed that algorithmic management embedded organisational values and
priorities within technical artefacts, shaping how work was experienced and
evaluated. Customer ratings, worker responses, and platform enforcement
mechanisms interacted dynamically, producing governance outcomes that could not

be attributed to technology alone.

This sociotechnical framing underscored that customer evaluations were not neutral
data points but socially situated judgements that acquired managerial force through
algorithmic aggregation. Dolata et al. (2022) demonstrated that algorithmic fairness
depended not only on technical accuracy but also on how social inputs were
interpreted and operationalised within systems. In ridesharing platforms, customer-
generated ratings were transformed into authoritative performance indicators,

amplifying their impact on labour outcomes.

11



2.2.4. The multi-actor architecture of algorithmic labour governance

Duggan et al. (2023) explicitly argued that algorithmic management in platform
labour operated through a multi-actor architecture rather than a simple platform-
worker relationship. In this configuration, platforms relied on data generated by
workers, customers, and third parties to govern labour processes. Healy and
Pekarek (2025) similarly described platform labour relations as triangular, with
customers playing a central role in shaping outcomes despite their ambiguous formal

status.

Empirical studies showed that customer ratings and feedback were systematically
integrated into algorithmic decision-making. Maffie (2022) and Ness et al. (2022)
demonstrated that customer evaluations influenced ride allocation, incentive
eligibility, and the likelihood of deactivation. These evaluations effectively substituted
for traditional supervisory oversight, positioning customers as indirect contributors to

managerial control.

However, Duggan et al. (2023) and Healy et al. (2020) emphasised that this
delegation of evaluative authority did not correspond to a transfer of accountability.
Platforms retained exclusive control over algorithmic thresholds, weighting
mechanisms, and enforcement rules. Customers were framed as neutral service
evaluators rather than as participants in labour governance, allowing platforms to
benefit from customer input while maintaining organisational distance from

disciplinary outcomes.
2.2.5. Consequences of algorithmic management for workers

A substantial body of research examined how algorithmic management shaped
worker experiences. Studies consistently documented heightened precarity, income
volatility, and psychological strain arising from continuous monitoring and opaque
evaluation systems (Healy & Pekarek, 2025; Wu & Huang, 2024). In developing
country contexts, these effects were often intensified by limited alternative
employment opportunities and weak regulatory protections (Adekoya et al., 2025;
Baiocco et al., 2022).

Tarafdar et al. (2023) showed that algorithmic systems performed multiple
managerial roles simultaneously, creating role ambiguity and role conflict for workers
who were required to reconcile platform directives with customer expectations.

McDaid et al. (2023) conceptualised this dynamic as a politics of demand, whereby
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customer preferences, mediated through algorithmic systems, exerted a disciplining

influence on labour.

Importantly, this literature repeatedly highlighted the centrality of customer
evaluations to worker adaptation strategies. Because customer ratings carried
immediate and cumulative consequences, workers frequently prioritised behaviours
aimed at securing favourable evaluations, even when these conflicted with platform
instructions (Duggan et al., 2023; Tarafdar et al., 2023). These findings underscored
that customer input was not peripheral but integral to how algorithmic management

functioned in practice.

2.2.6. Customer input as an under-theorised dimension of algorithmic

management

Despite acknowledging the importance of customer-generated data, the literature
largely treated customers as structural components of algorithmic systems rather
than as social actors with their own interpretations and motivations. Healy et al.
(2020) and Healy and Pekarek (2025) and Ness et al. (2022) explicitly noted that
customer participation in platform labour governance remained analytically
underdeveloped. Despite acknowledging the importance of customer-generated
data, existing scholarship largely treated customers as structural components of
algorithmic systems rather than as social actors with their own interpretations and

motivations.

Healy et al. (2020) and Maffie (2022) and Ness et al. (2022) noted that customer
participation was central to platform labour governance, yet customer behaviour was
typically inferred from worker outcomes or platform design rather than examined
directly. Importantly, Healy and Pekarek (2025) went further by explicitly arguing that
understanding consumer power in platform labour markets required empirical
investigation into how consumers themselves perceived and enacted their role. They
contended that without examining consumer sense-making, analyses of algorithmic
management risked overstating consumer influence while underestimating the
opacity and ambiguity through which this influence was exercised. This observation
highlighted a significant limitation in existing research, particularly in service
platforms such as ridesharing, where customer evaluations were tightly coupled with

algorithmic control yet customer role perception remained empirically unexplored.

13



2.3. Theoretical perspectives relevant to customer role

perception

This section developed the theoretical foundations required to examine customer
role perception in ridesharing platform labour management. While prior sections
demonstrated that customer evaluations were structurally embedded within
algorithmic management systems, they also revealed that existing scholarship
offered limited explanation of how customers interpreted and enacted this influence.
To address this limitation, this section drew on role theory and sociotechnical
systems theory as complementary perspectives for analysing how customer roles
were socially constructed, cognitively interpreted, and institutionally embedded within

algorithmically governed labour systems.

Together, these perspectives enabled analysis across interconnected levels. Role
theory illuminated how individuals understood expectations and responsibilities
associated with particular positions, while sociotechnical systems theory explained
how these expectations were shaped and constrained by technical artefacts and
organisational design. Their integration was therefore well suited to examining
customer role perception as both a subjective experience and a structural

phenomenon.
2.3.1. Role theory and the social construction of roles

Role theory examines how individual behaviour is shaped by socially defined
expectations associated with particular roles or positions within a social system.
Anglin et al. (2022) defined roles as sets of behavioural expectations tied to positions
that guided how individuals acted and how their actions were evaluated by others.
From this perspective, roles were not merely formal assignments but cognitive and

normative frameworks that structured interpretation, judgement, and responsibility.

A central distinction in role theory concerned structural-functional and symbolic-
interactionist perspectives. Structural-functional approaches conceptualised roles as
relatively stable sets of expectations imposed by social systems, emphasising
conformity, sanctioning, and behavioural regulation (Anglin et al., 2022). Symbolic-
interactionist perspectives, by contrast, focused on how individuals interpreted,
negotiated, and enacted roles through social interaction, highlighting the fluid and

contested nature of role meanings (Anglin et al., 2022).
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Key constructs within role theory included role expectations, role senders, role
ambiguity, and role conflict. Role expectations referred to shared beliefs about
appropriate behaviour, while role senders were actors or institutions that
communicated these expectations. Role ambiguity arose when expectations were
unclear or insufficiently specified, and role conflict emerged when expectations from
different role senders were incompatible. Extensive research showed that ambiguity
and conflict influenced stress, prioritisation strategies, and behavioural adaptation
(Anglin et al., 2022).

2.3.2. Role theory in gig work and algorithmic management

Within the gig economy literature, role theory had been applied primarily to
understand worker experiences under algorithmic management. Cropanzano et al.
(2023) emphasised that platform workers received expectations from multiple
sources, including algorithms, customers, and broader social norms about service
work. These expectations were often communicated implicitly through system
design, ratings, and performance metrics rather than through explicit managerial

instruction.

Tarafdar et al. (2023) demonstrated that algorithmic systems simultaneously
performed multiple managerial functions, generating role ambiguity for workers who
were required to reconcile algorithmic directives with customer preferences. Duggan
et al. (2023) further showed that customer evaluations functioned as powerful signals
that shaped worker behaviour, as ratings directly affected income stability and
continued access to the platform. From a role-theoretic perspective, customers
therefore acted as salient role senders, even though they did not occupy formal

supervisory positions.

Cropanzano et al. (2023) argued that gig workers engaged in continuous role
negotiation, adapting their behaviour in response to shifting and opaque
expectations. While this literature provided rich insight into worker sense-making, it
treated customer expectations as exogenous pressures rather than examining
customers as actors interpreting and enacting a role within the labour governance

system.
2.3.3. Extending role theory to customers in platform labour

Despite the centrality of customer evaluations to algorithmic management, role

theory had rarely been applied to customers within platform labour systems. Healy
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et al. (2020) and Healy & Pekarek (2025) noted that customers were frequently
overlooked in analyses of platform governance, even though their evaluative actions
materially shaped labour outcomes. When customers were discussed, they were
typically conceptualised as sources of data rather than as individuals navigating role

expectations and responsibilities.

From a role theory perspective, customers in ridesharing platforms occupied an
ambiguous and hybrid position. They were simultaneously framed as consumers
entitled to service quality and as evaluators whose judgements carried managerial
consequences. Platform interfaces encouraged customers to rate drivers yet rarely
communicated the implications of these ratings for workers’ livelihoods. This
configuration suggested the presence of role ambiguity, as customers were not
clearly informed of the expectations or responsibilities associated with their

evaluative role.

The literature further suggested that customers may experience role conflict. Studies
of consumer attitudes toward gig work showed tension between ethical concern for
workers and the prioritisation of convenience, speed, and price (Healy et al., 2020;
Healy & Pekarek, 2025). Applying role theory to customers therefore opened
analytical space to examine how customers prioritised competing expectations and

how they rationalised their participation in algorithmic management.
2.3.4. Sociotechnical systems theory and algorithmic governance

While role theory illuminated subjective interpretation, sociotechnical systems theory
explained how roles were embedded within technical and organisational structures.
Mumford (2006) argued that work systems consisted of interdependent social and
technical subsystems and that neglecting this interdependence produced inefficiency
and inequity. In algorithmically managed platforms, this perspective highlighted that
governance outcomes emerged from the interaction of system design, organisational

priorities, and user behaviour.

Dolata et al. (2022) conceptualised algorithmic governance as a sociotechnical
process in which fairness and legitimacy were co-produced through technical design
and social practice. Dedema and Rosenbaum (2024) similarly showed that
algorithmic management systems embedded organisational values within technical

artefacts, shaping how evaluations were generated and interpreted. From this
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perspective, customer ratings were not neutral reflections of service quality but

socially situated judgements that acquired authority through algorithmic aggregation.

Research on algorithmic fairness further demonstrated that user-generated data
could reproduce bias and inequity when embedded in opaque systems (Dolata et al.,
2022; Zhang et al., 2025). In ridesharing contexts, customer evaluations were
influenced by contextual factors such as traffic conditions, app performance, or
personal mood, yet these factors were rarely accounted for in algorithmic decision-
making. Sociotechnical systems theory therefore highlighted how customer role
enactment was shaped by technical constraints and design choices rather than

solely by individual intent.
2.3.5. Integrating role theory and sociotechnical systems theory

Role theory and sociotechnical systems theory offered complementary insights into
customer role perception. Role theory explained how customers interpreted
expectations and responsibilities associated with evaluating workers, while
sociotechnical systems theory explained how these expectations were structured
and constrained by platform design. This integration avoided both individualistic and

technologically deterministic explanations of customer behaviour.

From this integrated perspective, customer roles were neither freely chosen nor fully
imposed. Customers enacted their role within boundaries set by rating interfaces,
informational cues, and algorithmic consequences, while drawing on personal values
and social norms to interpret their actions. Existing literature had rarely examined
this intersection, leaving unanswered questions about how customers understood

their influence and how algorithmic mediation shaped ethical sense-making.

By establishing these theoretical foundations, this section provided the conceptual
basis for analysing customer role perception as a distinct phenomenon within
platform labour governance. The following section built on this foundation by
examining how existing literature conceptualised customer influence in practice, and

where inferential approaches fell short of capturing customer self-perception.
2.4. Customer influence in platform labour governance

This section examined how customers influenced labour governance within platform-
mediated work, with particular attention to ridesharing platforms where customer
evaluations were tightly coupled with algorithmic management systems. Building on

the theoretical foundations established earlier, the section synthesised how existing
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literature conceptualised customer influence, the mechanisms through which
customer power was exercised, and the limitations of approaches that inferred

customer roles without directly examining customer role perception.
2.4.1. Customers within triadic and multi-actor platform relationships

A growing body of scholarship reconceptualised platform labour as embedded within
triadic or multi-actor relationships involving platforms, workers, and customers. Healy
et al. (2020) and Healy & Pekarek (2025) argued that customers were integral to
platform governance rather than peripheral market participants, as their evaluations
and behavioural data were directly incorporated into systems that regulated labour.
Similarly, research on actor relationships within the sharing economy emphasised
that platform value creation depended on coordinated interactions among multiple

actor groups whose interests were not always aligned.

Duggan et al. (2023) and Vallas and Schor (2020) demonstrated that platforms
strategically structured these relationships to maximise flexibility and scalability while
minimising formal responsibility for labour outcomes. In ridesharing platforms,
customers provided evaluative input, workers supplied labour, and platforms
governed interactions through algorithmic systems. This configuration positioned
customers as key actors whose judgements affected worker outcomes, even though

they lacked formal authority or accountability within employment relations.

Importantly, the literature emphasised that this triadic arrangement was
asymmetrical. Platforms retained control over system design, data aggregation, and
enforcement, while workers bore the consequences of algorithmic decisions.
Customers occupied an ambiguous position, exercising influence without being
recognised as governance actors. This ambiguity underpinned many of the tensions

identified in studies of platform labour governance.
2.4.2. Rating systems as mechanisms of customer-mediated control

Rating systems emerged as the primary mechanism through which customer
influence was operationalised within platform labour governance. Research on rating
systems consistently showed that customer evaluations were central to how
algorithmic management assessed performance, allocated work, and imposed
sanctions (Duggan et al., 2023; Kellogg et al., 2020). In ridesharing platforms,

customer ratings were aggregated and translated into quantitative metrics that
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determined access to rides, incentives, and continued participation on the platform
(Maffie, 2022; Ness et al., 2022).

Studies examining how rating systems shaped user behaviour showed that ratings
were not neutral reflections of service quality. Research on rating systems in the gig
economy demonstrated that customers’ evaluative behaviour was influenced by
interface design, prompt wording, default options, and situational factors unrelated
to worker performance. When these subjective judgements were embedded in

algorithmic systems, they acquired disproportionate authority over labour outcomes.

Duggan et al. (2023) argued that rating systems functioned as substitutes for
traditional managerial evaluation while obscuring the locus of control. By framing
ratings as customer feedback rather than labour assessment, platforms positioned
customer judgements as natural market signals rather than governance instruments.
This framing allowed platforms to externalise evaluative labour while retaining control

over how ratings were weighted and enforced.
2.4.3. Customer awareness, ambivalence, and moral distance

While customer evaluations carried significant consequences, the literature
suggested that customers’ awareness of this influence was uneven and often limited.
Healy et al. (2020) found that many consumers expressed concern about gig
workers’ conditions yet lacked detailed understanding of how ratings affected
workers’ income and job security. Healy & Pekarek (2025) similarly showed that
customers frequently perceived ratings as low-stakes expressions of satisfaction

rather than as consequential labour evaluations.

This limited awareness contributed to a broader pattern of ambivalence in customer
behaviour. Studies of consumer attitudes toward gig work showed that customers
often held conflicting views, valuing convenience and affordability while
simultaneously expressing discomfort with platform labour practices (McDaid et al.,
2023; Mutengwe et al., 2024). This ambivalence was reinforced by platform design
choices that minimised opportunities for reflection, such as rapid rating prompts and
limited transparency about the consequences of feedback (Dedema & Rosenbaum,
2024; Waldkirch et al., 2021).

Research on customer behaviour within algorithmic systems suggested that this
moral distance was not accidental. Platforms structured interactions in ways that

reduced the salience of labour consequences, encouraging customers to focus on
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service outcomes rather than governance implications (Cameron & Mayberry, 2024,
McDaid et al., 2023). As a result, customer influence was exercised in routine, often

unreflective ways that nonetheless carried significant consequences for workers.
2.4.4. Accountability, power, and the displacement of responsibility

Several scholars argued that customer involvement in algorithmic management
contributed to the displacement of accountability within platform labour governance.
Rahman et al. (2024) highlighted how platforms leveraged multi-actor configurations
to diffuse responsibility for labour outcomes, making it difficult to attribute
accountability for unfair or harmful decisions. By embedding customer evaluations
within algorithmic systems, platforms could attribute negative outcomes to

aggregated user behaviour rather than organisational choice.

Dolata et al. (2022) and Dedema and Rosenbaum (2024) emphasised that this
displacement was a sociotechnical phenomenon rather than a purely organisational
strategy. Algorithmic systems transformed social judgements into technical signals,
masking the human origins of evaluative decisions. In this context, customers
exercised power without being positioned as accountable actors, while workers

experienced the consequences without clear avenues for redress.

This literature highlighted that customer power in platform labour governance was
both real and constrained. Customers influenced outcomes through ratings and
feedback, yet their influence was shaped by platform design and narratives that
framed evaluation as consumer choice rather than governance participation. As a
result, customer power was exercised within boundaries that limited awareness and

responsibility.

2.4.5. Inferring customer roles without examining customer role

perception

Despite extensive documentation of customer influence, the literature largely inferred
customer roles from structural mechanisms and worker outcomes rather than directly
examining customer role perception. Studies focused on how ratings affected
workers, how platforms designed evaluation systems, or how algorithmic
management operated at scale. Customers’ own interpretations, rationalisations,
and sense-making processes remained largely unexamined (Healy & Pekarek, 2025;
Ness et al., 2022).
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Research that did engage with consumers typically examined general attitudes
toward gig work rather than the lived experience of participating in algorithmic
management through routine evaluative actions. As a result, existing scholarship
provided limited insight into whether customers recognised themselves as exercising
managerial influence, how they interpreted their responsibility toward workers, or

how they navigated potential role ambiguity and conflict.

This gap was particularly pronounced in service contexts such as ridesharing, where
customer-worker interactions were personal and extended over time. Yet empirical
research rarely examined how these interactional dynamics shaped customer
perceptions of their evaluative role. By treating customers primarily as data sources
or moral commentators, the literature stopped short of analysing customer role

perception as a distinct and consequential phenomenon.

By synthesising these strands, this section demonstrated that customer influence
was central to platform labour governance but insufficiently theorised from the
customer’s perspective. Addressing this limitation required shifting analytical
attention toward customers as interpretive actors embedded within sociotechnical
systems of control. The following section drew these insights together and articulated

the specific research gaps that justified the present study.
2.5. Synthesis, research gaps, and justification for the study

This section synthesised the literature reviewed in the preceding sections and
articulated the theoretical, empirical, and contextual gaps that justified the present
study. The literature demonstrated that algorithmic management had become the
dominant mode of labour governance in the gig economy, that customer evaluations
were structurally embedded within this governance architecture, and that customers
nonetheless remained weakly examined as interpretive actors within platform labour

systems.

Across Sections 2, scholarship consistently showed that digital platforms governed
labour through algorithmic systems that performed core managerial functions,
including task allocation, monitoring, evaluation, and discipline (Duggan et al., 2023;
Kellogg et al., 2020). These systems enabled platforms to exercise extensive control
while distancing themselves from formal employment responsibilities, a dynamic
observed across regulatory contexts and particularly pronounced in developing

economies (Baiocco et al., 2022; Meijerink & Keegan, 2019). Rather than operating
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as neutral technologies, algorithmic management systems embedded organisational
priorities and redistributed accountability through sociotechnical arrangements that
obscured managerial intent and constrained worker contestation (Dedema &
Rosenbaum, 2024; Dolata et al., 2022).

The literature further demonstrated that platform labour governance operated
through triadic or multi-actor configurations involving platforms, workers, and
customers. Customer-generated ratings and feedback were shown to function as
central mechanisms through which algorithmic management assessed performance
and imposed sanctions, effectively substituting for traditional supervisory oversight
(Kellogg et al., 2020; Maffie, 2022; Ness et al., 2022). In ridesharing platforms,
customer evaluations directly influenced workers’ access to future work, income
stability, and continued participation, positioning customers as de facto contributors
to labour governance despite their ambiguous formal status (Duggan et al., 2023;
Healy & Pekarek, 2025).

Despite this recognition, a clear imbalance emerged in how customer influence was
conceptualised and studied. Existing research overwhelmingly prioritised worker
experiences of algorithmic management, documenting precarity, surveillance, role
strain, and legitimacy concerns (Healy & Pekarek, 2025; Tarafdar et al., 2023; Wu &
Huang, 2024). Platform strategies and system design were also examined in depth,
particularly in relation to accountability displacement and governance opacity
(Dedema & Rosenbaum, 2024; Kellogg et al., 2020). By contrast, customers were
typically treated as passive evaluators, neutral data sources, or contextual
background actors rather than as social participants whose interpretations and

decisions shaped how evaluative power was exercised.

This imbalance revealed a substantive empirical gap. While it was well established
that customer evaluations were integral to algorithmic management, there was
limited empirical evidence on how customers themselves perceived this role. Existing
studies tended to infer customer awareness and intent from worker outcomes or
platform design rather than directly examining customers’ lived experiences of
participating in algorithmic management (Healy et al., 2020; Ness et al., 2022). As a
result, the literature offered limited insight into whether customers recognised the
managerial consequences of their ratings, how they understood their responsibility
toward workers, or how they navigated potential tensions between service

expectations, convenience, and ethical concern.

22



A related theoretical gap emerged from the asymmetric application of role theory
within gig work scholarship. Role theory had been applied extensively to analyse
worker adaptation to algorithmic management, particularly in relation to role
ambiguity, role conflict, and behavioural prioritisation under competing demands
(Cropanzano et al., 2023; Tarafdar et al., 2023). However, this theoretical lens had
rarely been extended to customers, despite their function as role senders within
platform labour systems. This omission limited understanding of how customer roles
were socially constructed, how expectations were interpreted, and how customers

prioritised competing role demands within algorithmically mediated environments.

Sociotechnical systems theory further highlighted the limitations of existing
approaches. While scholars demonstrated that customer evaluations were
embedded within algorithmic architectures that transformed social judgements into
technical signals, there was limited examination of how platform design shaped
customer role perception (Dedema & Rosenbaum, 2024; Dolata et al., 2022;
Mumford, 2006). Rating interfaces, prompts, and informational cues structured how
customers evaluated workers, yet their implications for customer understanding,
reflection, and ethical sense-making remained underexplored. This represented a
gap at the intersection of social interpretation and technical design, where customer

roles were simultaneously enacted and constrained.

The literature also revealed a contextual gap. Much of the empirical research on
algorithmic management and customer influence had been conducted in Global
North settings, with comparatively limited attention to contexts characterised by high
unemployment, weak labour protections, and heightened worker dependence on
platform income (Baiocco et al., 2022; Wu & Huang, 2024). In such contexts, the
consequences of customer evaluations may be amplified, increasing the ethical and
material significance of customer behaviour. Yet customer role perception in these

settings remained largely absent from existing scholarship.

Notably, this gap had been explicitly acknowledged in recent scholarship. Healy and
Pekarek (2025) called for empirical research that examined how consumers
understood and enacted their role within platform labour systems, arguing that
debates on consumer power and labour standards could not be meaningfully
advanced without insight into consumer perceptions and reasoning. While earlier
studies documented consumer attitudes toward gig work (Healy et al., 2020), they

did not examine how consumers experienced their routine participation in algorithmic

23



management through evaluative practices such as ratings and feedback. The
present study directly responded to this articulated need by centring customer role

perception within algorithmically managed ridesharing platforms.

These gaps demonstrated the need for research that explicitly centred customers as
the unit of analysis in studies of platform labour governance. By examining how
customers perceived, interpreted, and enacted their role within algorithmically
managed ridesharing platforms, the present study sought to address a critical blind
spot in the literature. Drawing on role theory and sociotechnical systems theory, the
study aimed to provide an empirically grounded account of customer role perception
that complemented existing worker-centred analyses and contributed to a more

balanced understanding of algorithmic management.

By synthesising the literature and making these gaps explicit, this chapter
established a clear rationale for the research questions that followed. The next
chapter therefore outlined the research design and methodology adopted to

investigate customer role perception in ridesharing platform labour management.
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3. RESEARCH QUESTIONS

3.1. Purpose of the study

The purpose of this research is to examine how customers perceived and enacted
their role within algorithmically managed ridesharing platforms. Chapter 2
demonstrated that while algorithmic management and gig worker experiences had
been extensively examined, customers remained weakly theorised and under-
examined as interpretive actors within platform labour governance. Existing
scholarship established that customer evaluations were central to algorithmic
management systems, yet offered limited insight into how customers themselves
understood the consequences of their evaluative actions or their position within these
systems (Duggan et al., 2023; Healy et al., 2020; Healy & Pekarek, 2025).

Given the absence of established theory or empirical consensus regarding customer
role perception in algorithmically governed labour contexts, this study adopts an
exploratory research design. Research questions are therefore used in preference
to hypotheses, as the literature did not provide a sufficient basis for predicting
relationships or outcomes. Instead, the questions were designed to elicit rich
empirical insight into customer sense-making, role interpretation, and behaviour

within ridesharing platforms.
3.2. Development of research questions

The formulation of the research questions is directly informed by the gaps identified
in Chapter 2. First, although customers are structurally embedded within algorithmic
management systems through rating and feedback mechanisms, their subjective
understanding of this role remained under-examined. Second, role theory has been
applied extensively to workers but rarely extended to customers, despite customers
functioning as role senders within platform labour systems. Third, sociotechnical
systems scholarship suggests that platform design shaped user behaviour and
interpretation, yet little empirical research examines how design features influenced

customer role perception.

In response to these gaps, the research questions are formulated to examine
customer role perception at three interrelated levels: interpretation, enactment, and

sociotechnical mediation.
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3.3. Research questions

RQ1: How do customers perceive their role within algorithmically managed

ridesharing platforms?

This question addresses the foundational gap in existing scholarship regarding
customer role perception. While customer evaluations are recognised as central to
algorithmic management, customers are typically conceptualised as passive
evaluators or data sources rather than as actors interpreting and enacting a role
(Maffie, 2022; Ness et al., 2022). Role theory suggests that behaviour was shaped
by how individuals understood role expectations and responsibilities, yet this
framework had rarely been applied to customers in platform labour contexts (Anglin
et al., 2022).

RQ1 therefore seeks to explore how customers understand their role within
ridesharing platforms, including whether they perceived themselves primarily as
consumers, as evaluators with responsibility, or as occupying a hybrid role that

combined elements of both.

RQ2: How do customers enact their evaluative role in relation to ridesharing

workers?

The literature reviewed in Chapter 2 demonstrated that workers adapt their behaviour
in response to customer evaluations, often prioritising customer satisfaction due to
the immediate and cumulative consequences of ratings (Duggan et al., 2023;
Tarafdar et al., 2023). However, far less is known about how customers themselves

approached the act of evaluation.

RQ2 is formulated to examine how customers enacted their evaluative role in
practice, including how they make rating decisions, how they justify feedback, and
how they navigate potential tensions between service expectations, convenience,

and concern for worker outcomes.

RQ3: How does platform design influence customers’ perceptions and

enactment of their role?

Sociotechnical systems theory emphasised that user behaviour and interpretation
were shaped by the interaction between social meaning and technical design
(Dedema & Rosenbaum, 2024; Dolata et al., 2022; Mumford, 2006). Chapter 2
showed that platform interfaces structured customer behaviour through rating
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prompts, default options, and limited transparency about the consequences of
feedback, yet the implications of these design features for customer role perception

remained under-examined.

RQ3 therefore examines how platform design mediated customer understanding,
responsibility, and evaluative behaviour. This question enables analysis of customer
role perception not as isolated individual choice but as action embedded within

sociotechnical systems of algorithmic management.

Together, these three research questions are designed to address a critical blind
spot in existing scholarship by centering customers as interpretive actors within
platform labour governance. By examining customer role perception, evaluative
enactment, and the influence of platform design, the study aimed to contribute to

debates on algorithmic management, gig work, and sociotechnical systems.

The following chapter outlines the research design and methodology adopted to

investigate these research questions.
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4. RESEARCH METHODOLOGY

4.1. Choice of research design

4.1.1. Purpose of research design

The study sought to develop an in-depth understanding of how customers perceived
and enacted their role within algorithmically managed ridesharing platforms. Existing
research had predominantly examined gig work from the perspective of drivers or
platform operators, with limited attention paid to customers as active participants in
platform governance systems. In particular, little empirical work had explored how
customers understood their evaluative power through rating systems, feedback
mechanisms and tipping practices. Given this conceptual gap, an exploratory design
was considered appropriate, as it enabled the investigation of a relatively
underdeveloped phenomenon and facilitated the generation of rich, contextually

grounded insight.

The research design aimed to uncover subjective interpretations rather than test
predetermined hypotheses. The intention was not to measure behavioural outcomes
or establish causal relationships, but rather to explore how customers made sense
of their role within digitally mediated labour systems. The exploratory design allowed
for flexibility in engaging with participants’ lived experiences and for the emergence
of unanticipated themes related to responsibility, fairness, safety and algorithmic
awareness. This approach aligned with the study’s overarching objective of

understanding meaning-making processes within platform-mediated interactions.
4.1.2. Philosophy

An interpretivist research philosophy was considered most appropriate for this study,
as it enabled the prioritisation of understanding how individuals constructed meaning
through their interactions with ridesharing platforms. The study sought to explore how
customers perceived and enacted their role within algorithmically managed systems,
a phenomenon that was inherently subjective and shaped by personal experience,
social context and situational interpretation. Interpretivism recognises that reality is
socially constructed and that meaning emerges through human interaction rather
than existing as an objective, measurable entity. This orientation was therefore
aligned with the study’s objective of examining the social and cognitive processes

that shaped customer role perception.
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Customer role perception was understood as context-dependent and fluid, rather
than fixed or universal. Participants’ interpretations of their responsibilities,
evaluative practices and ethical considerations varied according to their lived
experiences, awareness of algorithmic systems and personal values. An
interpretivist philosophy supported the exploration of these nuanced and situated
perspectives, allowing for an in-depth inquiry into how individuals made sense of their
participation within platform labour governance structures. As noted by Humphrey
(1985), interpretivism is particularly suited to research that seeks to understand

subjective meaning and the complexity of social experience.

Furthermore, Adekoya et al. (2025) adopted an interpretivist philosophy in a similar
study to capture nuanced individual experiences. The present study therefore
similarly applied an interpretivist lens to explore the subtle distinctions in how
customers perceived their influence, responsibility and agency within ridesharing

platforms.
4.1.3. Approach selected

An inductive research approach was adopted for this study. Given the limited
availability of established theoretical models explaining how customers perceived
their delegated evaluative power within algorithmically managed labour systems, an
inductive approach was considered appropriate for developing conceptual insight
grounded in participants’ lived experiences. Rather than testing predetermined
hypotheses, the study sought to allow patterns, themes and theoretical

interpretations to emerge directly from the data.

Inductive reasoning enabled the researcher to move from specific observations to
broader conceptual understanding. Through the analysis of interview narratives,
recurring patterns relating to responsibility, awareness, safety, fairness and
evaluative behaviour were identified and interpreted. This approach facilitated the
development of contextually grounded insights into how customers understood and
enacted their role within platform governance structures. As noted by Saunders and
Lewis (2018), inductive research is particularly suited to exploratory studies where

theory is either underdeveloped or insufficient to explain emerging phenomena.

The adoption of an inductive approach was also consistent with recent gig economy
scholarship that prioritised empirical engagement as a means of developing new
conceptual tools. Studies by Alacovska et al. (2024) and Tarafdar et al. (2023)
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similarly employed inductive strategies to derive theoretical contributions from the
experiences of platform participants. In alignment with these studies, the present
research sought to generate insight through close engagement with customer

narratives rather than imposing pre-existing theoretical frameworks onto the data.
4.1.4. Methodological choices

This study adopted a mono-method qualitative approach. Qualitative research is
effective in capturing the nuanced and interpretive nature of human experiences. In
app-based gig platforms, algorithmic management systems shape behaviour in
subtle and often opaque ways, with customer actions like ratings, tipping, and
feedback integrated into performance and disciplinary mechanisms (Duggan et al.,
2023; Kadolkar et al., 2024). Using a mono-method qualitative design allowed the
study to examine the lived realities individual customers, uncovering layers of

perception that could not be accessed through standardised quantitative measures.

This methodological choice aligned closely with the theoretical framing of the study,
which draws from role theory to better understand how individuals construct and
interpret their roles in relation to platform cues and digital governance mechanisms
(Anglin et al., 2022; Humphrey, 1985). Duggan et al. (2023) highlighted the value of
qualitative designs in understanding the shifting nature of control in platform work,
particularly when multiple actors (i.e., platforms, customers, and algorithms) are
involved in shaping worker experiences. Others like, Adekoya et al. (2025) applied a
qualitative approach to uncover how workers in Nigeria interpret and respond to
algorithmic control in culturally specific ways, further reinforcing the need for flexible,

interpretivist research designs in similar studies.
4.1.5. Strategy

The nature of the study necessitated an understanding of a particular phenomenon
or experience which is the role customers perceive themselves to play in the context
of algorithmically managed app-based gig platforms. Existing literature focused
heavily on the platform and service provider perspective whereas this study will focus
on the essence of the customer experience. The chosen strategy allowed the study
to be participant-focused and help uncover how customers internalise, reject, or
remain unaware of their pseudo-supervisory role. Given that these interactions are

once-off and highly transactional, a phenomenological strategy permitted deep
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reflection on subtle meanings and assumptions that customers may or may not

consciously hold.
4.1.6. Time horizon

The time horizon refers to the framework within which the data collection will occur
which can be either a cross-sectional or longitudinal approach (Saunders & Lewis,
2018). A cross-sectional time horizon was deemed most appropriate for this study.

Data was gathered from customer platform users at a single point in time.
4.2. Population

The term population in research refers to a group of individuals that possess specific
characteristics relevant to the study. The target population is a subset within this
broader population group who meet additional inclusion criteria aligned to a study’s

objectives.

In order to correctly identify the study’s participants, it was important to start off by
defining the context within which the study is framed. Literature offered various
nuanced definitions of “gig work” which have become a catch-all term. Cropanzano
et al. (2023) outline the following as four key defining characteristics of gig work: (i)
contractual in nature, (ii) no limitations to work across multiple organisations, (iii) earn
as you work, and (iv) offer product or service through an intermediary. While useful

attributes, they do not cover the algorithmic component.

Tarafdar et al. (2023) offered a definition of algorithmic work as a form of labour in
which computational systems assume responsibilities typically associated with
human operational and managerial roles. They stated that algorithmic work
emphasised the interaction of humans and algorithms which was facilitated via digital
interfaces such as mobile applications. These two definitions combined give a
definition which aligns to the Duggan et al. (2023) “app-based gig work” which is
defined as platform intermediary based once-off services offered directly to
customers on a highly impersonal, exchange-based terms managed through

algorithmic control.

For the purposes of this study, the population was defined as anyone who uses gig
services offered through a digital labour platform as broadly defined by Wu and
Huang (2024). From this broader population, the target population for this study
consisted of customers aged 18 or older who have used an app-based ridesharing

service based in South Africa (e.g., Uber, Bolt, inDrive) within the past year. Hennink
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& Kaiser (2022) found that studies with relatively homogenous populations reach

saturation within nine to 17 interviews. For this study, 17 participants were selected.
4.3. Unit of analysis

The unit of analysis refers to the primary entity the study seeks to understand and
interpret in relation to the study’s research questions. In this study, the unit of analysis
was the individual user of an app-based gig platform. Positioning the individual
customer as the unit of analysis allowed for a detailed understanding of how role,
responsibility, and influence are perceived within these algorithmic management

systems.

According to Saunders and Lewis (2018), the individual is often the most appropriate
unit of analysis in studies concerned with understanding subjective meaning and
lived experience, especially where personal interpretations, attitudes, and
behaviours are central to the study. Borrowing from Anglin et al. (2022) and
Humphrey (1985) perspectives on role theory, individuals interpret and construct
their roles based on interactional cues. The decision to centre the customer as a unit
of analysis therefore enabled an original contribution to the literature by shifting focus

away from workers to the underexplored user-side of algorithmic governance.
4.4. Sampling method and size

A purposive sampling strategy was used to identify the study's participants. This non-
probability method is appropriate for qualitative research that seeks to get deep
insights over generalised findings and ensures that participants have first-hand,

relevant experience with the systems being explored (Tarafdar et al., 2023).

Variation in the study’s participants was sought across several dimensions to ensure
that the study captures a wide spectrum of customer experiences. Usage patterns
were considered, including both frequent and infrequent riders, as well as those who

are loyal to a single platform compared to customers who use multiple services.

Geographic context was also varied to incorporate perspectives from different parts
of South Africa, recognising that service conditions and interactions may differ across
these locations. Finally, the study sought a balance between customers who
regularly provide feedback in the form of ratings, tips, or written comments and those
who rarely engage with these evaluative features, in order to explore how differing

levels of engagement influence perceptions and behaviours.
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4.4.1. Recruitment process

To ensure that participants met the inclusion criteria and could provide data relevant
to the study’s aims, a brief screening process was conducted via a short online form

(Google Forms) — see Appendix 2: Screening criteria — prior to scheduling interviews.

Screening confirmed that participants were aged 18 years or older, had used a
ridesharing service within the past 12 months and were resident in South Africa
during the same period. Additional screening questions were used to ensure
variation in usage frequency, platform preference, demographic profile, and level of
engagement with feedback features. This approach improved the richness and
diversity of perspectives while maintaining alignment with the study’s interpretivist,

exploratory design and ensuring that limited interview slots were used effectively.

A total of 33 individuals accessed the screening questionnaire. Of the 33 who
accessed the survey, 28 respondents met the qualifying criteria and indicated
willingness to participate in an interview. In terms of age distribution, 60.7 percent
respondents were between 35 and 44 years old, 28.6 percent fell within the 25 to 34
age group, 7.1 percent were between 45 and 54 years old, and 3.6 percent fell within

the 18 to 24 age group category. No respondents were aged 55 or older.

Figure 1: Age distribution of eligible respondents

45 and 54 18 to 24 years,
years, 7.10% 3.60%

251t0 34
years,
28.60%
Series 1 Point "35 to 44 years"

Value: 60.70% (61%)

35 to 44 years,
60.70%

Of the 28 eligible respondents, 23 provided contact information. Five eligible
respondents did not provide contact details and could therefore not be contacted for

follow up. Interviews were scheduled with participants based on availability and
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responsiveness. As the study employed a qualitative exploratory design and did not
seek statistical representativeness, participants were interviewed on a first-response
basis within the pool of eligible and willing respondents. Data collection continued
until sufficient depth and thematic saturation were achieved, resulting in a final

sample of 17 participants.

Figure 2: Participant recruitment process

28 eligible 23 provided 17 selected

contact for
details interview

33 respondents participants

4.4.2. Suitability of the sample

The suitability of the interview sample was supported by three primary
considerations. First, all participants had direct and recent experience, within the
preceding 12 months of using ridesharing platforms in South Africa. Each participant
had engaged with platform features such as rating systems, feedback mechanisms
or tipping practices. This ensured that their responses were grounded in lived
interaction rather than abstract opinion or retrospective generalisation. The data
therefore reflected experiential knowledge derived from active participation within

algorithmically mediated service environments.

Second, variation in frequency of platform use strengthened the analytical depth of
the sample. Participants ranged from occasional users to those who relied on
ridesharing services more regularly — see Figure 3 below. This variation enabled the
exploration of how repeated engagement with platform systems influenced
evaluative reasoning, perceptions of responsibility and awareness of potential
consequences. Differences in usage intensity allowed the study to examine whether
familiarity with platform mechanics shaped the extent to which customers reflected

upon their role within the broader labour governance structure.
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Figure 3: Respondents usage frequency
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This distribution indicates that the majority of respondents engage at least
occasionally with rating and feedback systems. This was a crucial criterion, as the

study examines evaluative behaviour within algorithmic management systems.

The high proportion of respondents who either always or sometimes provide
feedback ensured that the interview sample included individuals who actively
participate in rating processes. Engagement with platform feedback mechanisms

was distributed as follows seen in the figure below.

Figure 4: Respondents in-app feedback frequency
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Third, the South African socio-economic context provided important contextual
relevance to the study. South Africa is characterised by high unemployment levels
and significant economic precarity, particularly within informal and platform-based
labour sectors. Within such an environment, customer ratings and feedback may
carry material consequences for drivers whose income and continued platform
access are contingent upon performance metrics. The inclusion of participants
operating within this context enhanced the substantive significance of the research,
as customer evaluations were situated within a labour market where algorithmic

assessments could meaningfully affect livelihoods.
4.5. Measurement instrument

The study used semi-structured interviews as the main measurement instrument to
yield rich, narrative data. This was found to be common amongst studies that explore
the human-algorithm interaction as used by Tarafdar et al. (2023), Adekoya et
al.(2025), Duggan et al. (2023). Semi-structured interviews were useful because they

provided the opportunity for participants to share their perceptions.

The interview questions were developed directly from the study’s research aim,
theoretical framing, and methodological orientation to ensure strong alignment
between the data collected and the study’s objectives. The semi-structured interview

guide has been included in Appendix 3: Interview guide.

Each question was designed to elicit insights relevant to the three core research
questions: whether customers recognise their role in ridesharing platform labour
management, how they interpret and enact this role when providing ratings or
feedback, and what values, assumptions, or biases underpin their evaluative
behaviour. The content and structure of the guide was informed by role theory, which
emphasises constructs such as role identity, role salience, and role ambiguity, and
sociotechnical systems theory, which highlights the embedding of customer
feedback within algorithmic governance systems. Consequently, the guide included
questions that probe both participants’ personal sense-making around their role and
their perceptions of the fairness, transparency, and influence of platform rating

systems.

The flow of the interview followed a phenomenological strategy. It began with broad,
descriptive questions to establish rapport and contextual background, then moved

towards deeper reflection on responsibility, bias, and ethics, and concluded with
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opportunities for participants to reflect on their perceptions. Questions were phrased
in accessible, non-leading language to encourage openness and avoid
presuppositions, with open-ended formats allowing for emergent insights consistent

with the study’s inductive, exploratory, and interpretivist design.
4.6. Data gathering process

Data was collected through individual one-on-one interviews, via Google Meet.
Interviews were audio-recorded with participants' consent and transcribed for
analysis using Otter.ai. The one-on-one semi-structured interview style encouraged
depth of reflection, enabling participants to discuss their experiences in ways that

may not emerge in group settings. Interviews lasted between 15 and 62 minutes.
4.7. Data analysis approach

The recorded interviews were transcribed for the purposes of coding. Atlas.ti was
used to do the coding and theme development. The analysis involved looking for key
words or phrases in the interviews to identify, organise, and interpret patterns within
textual data. The focus was on understanding the meanings participants assign to
their role within the algorithmic management systems leaning on role theory,
sociotechnical systems theory, and algorithmic management literature to interpret

the emerging themes.

The analysis followed an interpretivist qualitative methodology informed by elements
of thematic analysis. While the study was theoretically sensitised by role theory and
sociotechnical systems theory, coding was conducted inductively in the first instance
to allow participants’ accounts to shape the conceptual structure of the findings. This
approach ensured that themes emerged from lived experiences rather than being

imposed deductively from existing frameworks.

Atlas.ti was used to support systematic organisation of the data. All interview
transcripts were uploaded and coded individually. Coding proceeded iteratively,
moving between transcripts in order to compare, refine and consolidate emerging
categories. The coding process unfolded in three broad phases: open coding, code

grouping, and thematic consolidation.

Data saturation was monitored throughout the interview process. After approximately
twelve interviews, key patterns began to recur consistently. Themes such as fairness

narratives, responsibility displacement, transactional closure framing and limited
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awareness of rating consequences appeared across multiple participants. By the
fifteenth interview, no substantively new thematic categories were emerging. The

final two interviews reinforced existing patterns rather than introducing novel insights.
4.8. Quality controls

There were certain quality controls that needed to be imposed to ensure the study’s
findings are based on credible, valid, and authentic data that is transferable, i.e. can
be replicated by another researcher. Credibility relates to how believable the study’s
findings are. To ensure the data collected is credible, the study’s participants were
selected subjectively based on the key criteria stated in section 4.4.1Recruitment
process. The study did not aim to generalise the findings across all app-based gig
platform customers and therefore care was taken to ensure the findings were not

purported to do so to maintain transferability.
4.9. Limitations

This study had a few key methodological limitations. First, the small, purposively
selected sample limits generalisability. The findings are not intended to represent all
app-based gig platform customers in South Africa but instead to offer depth and
insight into their role perceptions. Second, as an interpretivist study, the results were
shaped by subjective meanings and contextual understandings, which may vary

across different users.

Third, the study captured customer perceptions at a single point in time (cross-
sectional study), meaning it cannot account for how perceptions might shift with
external influences such as platform design changes. The findings were intended
rather to offer practical insight into customer role perception within algorithmically

managed app-based gig platforms, and not general outcomes.

Fourth, the reliance on self-reported data may have introduced bias around
perceived influence or ethical reflection. While measures were taken to make sure
question phrasing is neutral to avoid the aforementioned, the findings must be

understood within these limitations.

Lastly, while the sample is female-dominant, the study does not aim to conduct
gender-based comparative analysis. Rather, it seeks to explore customer role
perception and evaluative practices across users of ridesharing platforms. Gender

was therefore not treated as a primary analytical variable. Instead, variation in usage
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frequency and engagement with feedback systems was prioritised during participant
selection. The inclusion of both frequent and infrequent users enabled comparison
of how repeated exposure to platform governance mechanisms shapes role
perception.

These limitations do not undermine the contribution of the study but rather
contextualise its scope and clarify the boundaries within which the findings should

be interpreted.
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5. RESULTS

5.1. Introduction

This chapter presents the empirical findings of the study examining how customers
perceive and enact their role within algorithmically managed ridesharing platforms.
Drawing on 17 semi-structured interviews with platform users of varying usage
frequency and evaluation engagement, the analysis identifies patterned
interpretations, threshold-based evaluative practices, and perceptions of platform

design that shape customer participation in rating systems.

The analysis generated 259 initial descriptive codes, which were iteratively refined
into higher-order categories and ultimately synthesised into themes aligned with the
three research questions. Coding retained distinctions between behavioural
enactment, moral reasoning, perceived responsibility, and interpretations of platform
architecture. Themes were retained where patterns recurred across participants or

where meaningful divergence clarified boundary conditions.

The chapter proceeds by first outlining the participant profile and analytic
development process. It then presents findings structured by research question
before concluding with an integrative synthesis of the central construct emerging

from the data.
5.2. Overview of participants

The study sample reflects a predominantly female user base (13 female and 4 male),
with representation across high (daily use or a few of times a week), medium (few
times a month), and low (less than once a month) frequency platform usage
categories. While gender representation was not a selection criterion, this distribution
mirrors patterns observed in the recruitment pool. No substantive thematic
divergence was observed along gender lines; however, this distribution should be

considered when assessing transferability.

All participants were urban-based residents of South Africa with Uber as their primary
ridesharing platform. The focus was on their experience using ridesharing services
in South Africa, however, there was some comparisons given from experiential
usage in other markets. The exclusive dominance of Uber within the sample provides

analytic coherence in examining a single rating architecture and governance
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structure but limits direct comparison across platform systems. References to Bolt

were secondary and comparative rather than experiential anchors.

Interview lengths ranged from 15 to 62 minutes, with the majority exceeding 40
minutes. The shorter interview (Participant 5) focused narrowly on rating criteria and
service expectations and did not introduce novel thematic content. Data from this
interview were retained where consistent with broader patterns but did not materially
shape theme development. The consistency of thematic patterns across longer

interviews supports confidence in analytic stability.

The sample was intentionally heterogeneous with respect to usage and provision of
feedback, rating, or tipping frequency, allowing examination of how familiarity with
platform systems may shape role perception. At the same time, homogeneity was
maintained at the level of platform (Uber), geographic context (urban South Africa),
and platform type (ridesharing). This balance enabled cross-case comparison while

preserving analytic focus.

These contextual characteristics inform interpretation of findings. In particular, socio-
economic sensitivity to livelihood vulnerability, references to safety concerns within
metropolitan settings, and relational norms described by participants reflect the local
environment in which platform interactions occur. While the findings may hold
conceptual relevance beyond this setting, transferability should be assessed in
relation to platform regulation, labour market precarity, and cultural norms in other

contexts.

Table 1 below summarises the study’s participants.
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Table 1: Summary of study participants and their platform usage patterns

Interview Interview Usage
Participant Gender Interview Date Length (in Method F g Platform Usage Pattern
minutes) etho requency
Participant 1 Female Thu, Jan 08 2026 56 Google Meet Medium Uber (primary)
Participant 2 Female Wed, Jan 07, 2026 45 Google Meet Low Uber (primary)
Participant 3 Female Fri, Jan 09, 2026 62 Google Meet Medium Uber (primary)
Participant 4 Male Tue, Jan 13, 2026 50 Google Meet Medium Uber (primary)
Participant 5 Female Fri, Jan 16, 2026 15 Google Meet Low Uber (primary)
Participant 6 Male Mon, Jan 12, 2026 45 Google Meet Medium | Joer (primary),
occasional Bolt trial
Participant 7 Female Mon, Jan 12, 2026 44 Google Meet Low Uber (primary)
Participant 8 Female Mon, Jan 12, 2026 55 Google Meet High Uber (primary)
Uber (primary),
Participant 9 Female Tue, Jan 13, 2026 50 Google Meet Low comparative reference to
Bolt
Participant 10 Female Tue, Jan 13, 2026 42 Google Meet Medium Uber (primary)
Participant 11 Female Wed, Jan 14, 2026 36 Google Meet High Uber (primary)
Participant 12 Female Wed, Jan 14, 2026 48 Google Meet Medium Uber (primary)
Uber (primary),
Participant 13 Male Thu, Jan 15, 2026 44 Google Meet High comparative Bolt
reference
Participant 14 Female Wed, Jan 14, 2026 62 Google Meet High Uber (primary)
Participant 15 Female Fri, Jan 16, 2026 47 Google Meet Medium Uber (primary)
Participant 16 Female Fri, Jan 16, 2026 44 Google Meet High Uber (primary)
Participant 17 Male Fri, Jan 30, 2026 46 Google Meet High Uber (primary)
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5.3. Overview of coding and thematic development

5.3.1. Initial coding

Interview transcripts were transcribed using Otter.Al and analysed in Atlas.ti. Each
transcript was read multiple times to ensure familiarity with participants’ language,

narrative structure, and contextual references.

Meaningful segments of text were identified and coded to capture participants’
descriptions of platform use, rating practices, perceived responsibilities, and
interpretations of evaluative influence. Codes were grounded in participants’ own
wording wherever possible. Both observable behaviours (e.g., rating patterns,
withholding feedback, threshold-based scoring) and expressed reasoning (e.g.,

fairness considerations, empathy, uncertainty about consequences) were coded.

The initial coding phase generated 259 unique descriptive codes. Coding at this
stage was intentionally expansive. This expansive coding strategy ensured that role
perception was not prematurely reduced to singular dimensions such as awareness
or morality, but retained its cognitive, behavioural, and affective components for later
theoretical integration. Similar statements were not collapsed prematurely, and
distinctions were preserved where participants framed experiences differently. For
example, dissatisfaction directed toward driver conduct was coded separately from
dissatisfaction directed toward the platform interface. This ensured that interpersonal

evaluations and system-level perceptions remained analytically distinct.
Codes captured patterns in:

e How participants applied ratings.
¢ How they justified evaluative decisions.
¢ How they interpreted the potential consequences of feedback.

e How they described the platform interface and rating architecture.

Some codes reflected behavioural regularities, including default five-star ratings,
selective activation of low ratings, post-trip disengagement, and context-dependent
calibration. Others reflected evaluative reasoning, including references to fairness,
responsibility, economic awareness, and reluctance to cause harm. Additional codes

captured perceptions of algorithmic processing, including uncertainty regarding
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thresholds, assumptions about deactivation, and opacity surrounding feedback

mechanisms.
5.3.2. Development of code categories

Following initial coding, related codes were grouped into higher-order categories
through iterative comparison across transcripts. Codes were clustered based on

conceptual similarity rather than theoretical pre-classification.
The following higher-order categories were developed:

e Passenger moral identity — included references to fairness, decency,
empathy, and awareness of drivers’ economic vulnerability

e Moral reasoning in evaluation — included references to responsibility
attribution, harm avoidance, and ethical hesitation

¢ Rating behaviour patterns — included references to default affirmation, binary
scoring, threshold activation, and selective intervention

¢ Interaction-level moderators — included references to mood, communication
dynamics, perceived effort, and situational context

o Safety and risk perception — included references to personal safety
considerations and driving competence

e Platform and system design — included references to interface structure,
rating mechanisms, reciprocity, and perceived opacity

e Market and platform positioning — included references to brand expectations,

comparative references to Bolt, and perceived service differentiation

These categories enabled structured comparison across participants while retaining
distinctions in emphasis and interpretation. Collectively, these categories reflected
three analytical tensions: consumer identity versus evaluative authority; moral
reasoning versus procedural scoring; and structured interface design versus

perceived agency. These tensions guided subsequent theme development.
5.3.3. Emergence of themes

Themes were developed from these higher-order categories through cross-case
comparison. A theme was retained where patterns recurred across multiple

participants, or clear divergence or instability in interpretation was evident.
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Themes were organised in alignment with the three research questions. Each theme
draws from one or more code categories and represents patterned interpretations or

practices identified across the dataset.

Table 2 below summarises the relationship between the research questions, final

themes, contributing code categories, and illustrative codes.
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Table 2: Relationship between research questions, themes and contributing code categories

customers enact
their evaluative
role?

contextual rating

Patterns

influencing rating

Research Chapter 5 Theme | Contributing Code Codes (from interview Rationale for Alignment
Question Categories analysis)
RQ1: How do Consumer-first ¢ Rating Behaviour e Bounded transaction Captures how participants anchor role
customers understanding of | Patterns  Be a decent customer perception in being a “good” or “decent
perceive their the passenger  Passenger Moral Identity |e Mutual respect as passenger within a transactional
role within role e Market & Platform passenger role service encounter, shaped by how
algorithmically Positioning e Uber has first mover platforms are positioned and
managed advantage understood.
ridesharing Variation in e Passenger Moral Identity |e Awareness of driver Reflects differences in perceived
platforms? perceived e Moral Reasoning in livelihood responsibility, including moral concern
responsibility Evaluation e Moral accountability for livelihood impacts, uncertainty
within the rating |« Platform & System e Accountability transfer about how the system works, and
system Design « Limited understanding of | shifting responsibility onto the
rating algorithm platform.
RQ2: How do Strategic and » Rating Behaviour e Car cleanliness Describes how evaluation is enacted

through patterned heuristics (e.g.,

practices e Platform & System e Binary rating behaviour | cleanliness; binary judgements; tipping

Design e Tip as direct reward as reward), enabled/encouraged by

e Perceived ease of rating | how the interface makes rating easy
and simplified.

Moral and e Interaction-Level e Communication reduces | Shows how emotions, interactional
Affective Moderators penalty tone, and empathy shape whether
mediation of e Passenger Moral Identity | ¢ Mood-dependent customers penalise drivers, soften
judgement e Moral Reasoning in engagement ratings, or avoid harm even when

Evaluation

e Empathy toward novice
workers
e Avoidance of harm

service is imperfect.
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RQ3: How does
platform design
influence
perception and
enactment?

Interface- Platform & System e Limited expressive Captures how the platform structures
structured Design agency participation through constrained
participation Rating Behaviour e Feedback loop opacity | feedback options and unclear system
Patterns e Perceived ease of rating | responses, while still positioning
e Feedback as feedback as part of the user journey.
improvement mechanism
Algorithmic Platform & System e Platform opacity Reflects how opaque algorithmic
opacity and Design e Limited understanding of | governance shapes perceived limits of
constrained Moral Reasoning in rating algorithm influence, uncertainty about outcomes,
agency Evaluation e Accountability transfer and reliance on the platform to act on

Feedback loop opacity

issues raised.
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5.3.4. Ensuring analytical rigour and data verification
Several strategies were employed to enhance analytical credibility.

To start, transcription accuracy was verified prior to coding. Although transcripts were
initially transcribed using Otter.ai, each transcript was manually reviewed in Otter.ai
against the audio recording to correct transcription errors and ensure accuracy of
phrasing, tone, and emphasis. Particular attention was paid to sections containing
evaluative reasoning or references to rating consequences with care taken not to

change meaning. An inductive coding approach was then applied.

Data triangulation was achieved through systematic cross-case comparison across
participants with varying usage frequencies and evaluative practices. Transcripts
were compared with previously coded material to identify convergence and
divergence. This helped prevent early themes from unduly shaping later

interpretation.

Negative or contradictory cases were not ignored. For example, while many
participants expressed awareness of rating consequences, a small number
described evaluation as inconsequential or purely procedural. These accounts were

retained and integrated into thematic analysis to avoid overgeneralisation.

The researcher wrote rough notes documenting assumptions and interpretive shifts.
Given the normative debates surrounding gig work and algorithmic management,
reflexivity was essential to ensure that participants’ meanings were not subsumed

under pre-existing critical narratives.

Finally, data saturation was assessed in conjunction with thematic consolidation. By
around the fourteenth interview, additional transcripts reinforced existing thematic
categories rather than generating substantively new ones. This supported

confidence in the stability of the thematic structure.
5.4. Reflexivity and analytic positioning

The researcher entered the study with expectations shaped by the literature on
algorithmic management, particularly the assumption that customers would show a
fairly clear awareness of their evaluative influence within platform labour systems.
Early analytic notes reflected this expectation, focusing on identifying explicit
recognition of how ratings affect drivers and the sense of power customers believed
they held.

48



However, as interviews progressed and transcripts were revisited, this assumption
had to be reconsidered. While some participants acknowledged that ratings could
affect drivers’ continued access to work, their awareness was often partial,
conditional, or marked by uncertainty about how the platform actually processes
evaluations. Rather than consistently internalising their evaluative authority,
participants often shifted between a consumer-focused perspective and a more
situational recognition of their influence. This led to a refinement of early descriptive
codes (e.g., “rating affects livelihood”) into more interpretive categories (e.g.,

“conditional acknowledgement of evaluative authority” and “algorithmic opacity”).

Another shift in the analysis concerned emotion. Although participants often
described their rating behaviour in rational or principled terms, comparing cases
showed that emotions — particularly those linked to safety, empathy, or frustration —
influenced whether they decided to rate negatively or positively. Moments of
inconsistency or “flip-flopping” within interviews prompted closer attention to these

tensions and supported the inclusion of affect as a central analytical dimension.

Throughout the process, reflexive memos were kept to document shifts in
interpretation and to avoid imposing assumptions drawn from the literature onto
participants’ accounts. Themes were retained only when patterns continued to

appear across interviews after repeated comparison and re-coding.
5.5. Consideration of alternative interpretations

During analysis, alternative explanations for observed patterns were actively

considered.

First, the prevalence of default five-star ratings was examined as potentially
attributable to interface friction, time scarcity, or low-effort engagement rather than
moral restraint. Several participants described the rating prompt as easy to bypass
and indicated reluctance to provide extended feedback when additional input was
required. However, in nine interviews participants articulated moral calibration,
livelihood awareness, or proportional sanction when explaining restraint. The co-
occurrence of expressed moral reasoning alongside conservative scoring suggests

that rating behaviour cannot be reduced solely to convenience or inattention.

Second, disengagement from extended reporting was examined as possible apathy
rather than scepticism about system efficacy. Yet participants who described

reduced engagement also frequently referenced prior experiences of limited
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institutional response or uncertainty regarding algorithmic consequence. This
indicates that perceived inefficacy, rather than indifference, shaped withdrawal from

deeper evaluative participation.

Third, instances of interpersonal correction without formal downgrading were
analysed as potential inconsistency. In these cases, participants expressed belief
that improvement could occur through direct verbal feedback while maintaining
positive ratings within the platform. Rather than contradicting emerging themes, such
cases reinforced the finding that evaluation is threshold-activated and morally

mediated, with formal sanction reserved for perceived serious breach.

By explicitly examining these alternative interpretations, the final analytic structure
reflects patterns that persisted across cases and interpretive checks rather than

reliance on singular explanatory logic.
5.6. Contextual boundaries

The moral calibration observed in this study appears shaped by socio-economic and
cultural conditions specific to the South African context, including livelihood
sensitivity and relational norms. Threshold-Based Moralised Evaluation may
therefore operate differently in highly regulated markets or contexts where economic
vulnerability is less salient. These conditions inform the interpretation and delimit

transferability.

5.7. Empirical findings on customer role perception in

algorithmically managed ridesharing platforms

5.7.1. Introduction

The interviews reveal that customers do not describe a single, stable understanding
of their role within ridesharing platforms. Instead, participants move between
consumer-centred interpretations, conditional acknowledgement of evaluative

influence, and uncertainty about how their ratings affect drivers.

Across accounts, ratings are described both as routine closure and as potentially
consequential intervention. Some participants frame evaluation as part of being a
responsible user. Others treat it as optional, situational, or secondary to the core task
of transportation. Awareness of possible livelihood consequences appears in some
interviews, yet this awareness often coexists with limited understanding of how the

platform processes ratings.
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Platform design also features in participant accounts. The rating interface is
described as easy to use yet limited in expressive range. Several participants
express uncertainty about what happens after a rating is submitted, and this

uncertainty shapes how they engage with the evaluative process.

The sections that follow present these patterns in detail, beginning with how

participants interpret their role within the platform system.

Research Question 1: How do passengers perceive their role within

ridesharing platform labour management systems?

5.7.2. RQ1 - Theme 1: Consumer-first framing and role delimitation

Participants most frequently described their role in transactional terms. They spoke
about getting from one place to another, receiving a service, and expecting basic
standards. Across the interviews, role interpretation clustered within code categories
associated with bounded exchange, relational conduct, and limited evaluative
responsibility. The prominence of codes within ‘rating behaviour patterns’ and
‘passenger moral identity’ code groups reflects this role framing through interactional

conduct and transactional completion rather than supervisory oversight.
5.7.21. Transactional consumer framing

The dominant starting point across interviews was explicitly transactional. In 11 out
of 17 interviews, participants described the ride as a bounded exchange defined by
transport from origin to destination. The passenger’s role was framed narrowly: to
request transport, cooperate during the journey, and arrive safely. The interaction
was understood to conclude upon arrival and payment, signalling a clear temporal

and functional boundary.
Participant 8 (female, high usage) stated succinctly:
“l think it is very transactional.”
Participant 13 (male, high usage) reduced the role to its core function:

“My priority is for these guys to move me from point A to my point of

destination. That’s all I'm looking for.”

Which was echoed by Participant 14 (female, high usage):
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‘the service that I'm paying for, like, get me from point A to point B”

The passenger's expectations are confined to safe and efficient transport, with

limited to no extension into supervisory or managerial oversight.
Participant 11 (female, high usage) articulated this boundary explicitly:
“My role ends once | leave the car.”

Here, the conclusion of the physical journey marks the termination of the passenger’s
perceived role. Any evaluative function available within the platform architecture is

positioned outside the central experience of the ride.

Participant 7 (female, low usage) similarly framed herself in conventional market

terms:
“I'm a recipient of a service. I'm the client.”

Her self-description locates her identity firmly within a customer-service dyad.

However, she also noted:
“l suppose I've never really thought about it now that you’re asking me.”

This indicates that her role conceptualisation was not previously explicit or reflexively

considered. The transactional framing appears habitual rather than deliberated.
A similar pattern emerged for Participant 9 (female, low usage), who stated:
“I think | have a role, | just don’t know what that is.”

While she senses some form of involvement, she cannot articulate its boundaries
beyond the immediate exchange. The passenger role is acknowledged in abstract

terms but remains undefined outside the service encounter.

Across these accounts, the passenger identity is constructed primarily as that of a
consumer engaged in a discrete market transaction. Responsibility is delimited to
cooperation and appropriate conduct within the ride, with the endpoint clearly marked
by arrival and payment. Evaluative authority is not foregrounded as a core feature of

the role; when it surfaces, it does so hesitantly and often only upon prompting.

The findings indicate that the passenger’s primary self-understanding is anchored in
transactional closure, with any broader platform-level influence remaining secondary,

conditional, and weakly integrated into their dominant role conception.
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5.7.2.2. Service entitlement within the transaction

Although the ride was framed as transactional, it was not morally neutral. Within this
transactional framing, participants articulated clear standards against which drivers
could be judged. For example, cleanliness was mentioned explicitly in 13 out of 17

interviews, often as a decisive criterion for judgement.

Participant 2 (female, low usage) linked cleanliness directly to comfort and safety:
“So first, the car's not clean. You're not clean.”

Participant 4 (male, medium usage) prioritised it explicitly:
“Number one, and the most important, is cleanliness.”

Participant 5 (female, low usage) connected cleanliness to rating behaviour:

“If the driver arrived on time, if the car was clean, if the drive was safe... |

rate them a five.”

Safety, punctuality, route competence, and interpersonal acknowledgement were
also raised as core expectations. In these accounts, the consumer frame includes

evaluative criteria. The right to assess derives from the right to expect.

Interpersonal acknowledgement also featured in several interviews. Participant 3

(female, medium usage) emphasised greeting and recognition:
“First thing is greeting. Did you greet me? Did you acknowledge me?”

These standards were not peripheral complaints. They were described as what the
customer is legitimately entitled to receive. Even when describing themselves as
customers, participants referred to standards that shaped how they would assess

the driver.
5.7.2.3. Self-regulation and the moral framing of the passenger role

It has been found that participants articulated clear expectations of drivers, these
interviews also reveal that responsibility was frequently redirected inward. Rather
than positioning themselves as supervisors of driver performance, participants

framed their role in terms of regulating their own conduct within the ride.

However, evaluative influence was not denied. Instead, it was reframed as part of

being a “good” or “decent” customer, a theme present in nine out of 17 interviews.

53



Participant 1 (female, medium usage) and Participant 11 (female, high usage)

(respectively) stated:
‘because I'm also getting rated, I try to be a good customer”

“l would say it's being a good rider, maintaining my own rating is what my
biggest responsibility is”

Participant 6 (male, medium) stated:

“To be a decent passenger...So it's really just not to be a nuisance”
Participant 7 (female, low usage) foregrounded decency:

‘I guess mine is just to be a passenger, a decent passenger.”

In these accounts, responsibility is inward-facing. Participants emphasised
cooperation, politeness, and maintaining their own rating. The passenger role was
constructed primarily in terms of appropriate conduct within the interaction rather

than authority over drivers.

This inward moral framing was not limited to maintaining one’s own rating. Participant
8 (female, high usage) described actively managing discomfort within the interaction

while refraining from overtly exercising customer authority. She reflected:

“I've had instances where, like, the whole trip, the driver's just on the phone
with someone. It's, it's almost like they forget that this is work, if that makes
sense...not that they should also ask me as well....I think in moment it's like,
you need to make the customer happy. And maybe I'm also playing power

dynamics.”

This account illustrates that customers are aware of their positional authority within
the ride, even when they do not explicitly enact it. The participant recognises
moments of discomfort yet hesitates to externalise these concerns. Rather than
asserting entitlement or escalating dissatisfaction, she navigates the interaction
internally, reflecting on the asymmetry embedded in the service relationship. The
explicit acknowledgement of “playing power dynamics” signals that the customer role

contains latent evaluative authority, even when it is moderated or withheld.

Such accounts suggest that authority is not absent from the passenger role; it is
present but self-requlated. Customers appear conscious that the interaction is
structured around their satisfaction, yet many refrain from fully inhabiting a

supervisory stance. This reinforces the finding that evaluative authority is layered
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onto a consumer identity and mediated by relational and moral considerations rather

than automatically enacted.
5.7.2.4. Conditional extension of role beyond the trip

The extension of role beyond the physical journey was not uniform. It often appeared

conditionally, triggered by strong positive or negative experiences.
Participant 3 (female, medium usage) reflected on the consequences of silence:

“If I didn’t rate them and they were a great driver, I'm denying them... that

acknowledgement...”

In this account, inaction becomes withholding. Yet the harm imagined is symbolic

rather than explicitly algorithmic.

By contrast, Participant 6 (male, medium usage) maintained a firm transactional

boundary:
“The core task... getting from A to B... that's where the main trip ends.”

The repetition of “ends” reinforces closure. Rating may occur, but it does not redefine

the passenger’s identity.

Evaluation did not replace the consumer framing but appeared intermittently across

accounts.

5.7.3. RQ1 Theme 2: Variation in perceived responsibility within the rating

system

While Theme 1 demonstrated that passengers primarily describe themselves as
customers, Theme 2 examines how they perceive their responsibility within the rating
system. The interview analysis shows clear variation in how strongly passengers

believe their ratings influence drivers’ opportunities.

This theme was retained because codes relating to rating impact, driver removal,
uncertainty about consequences, and perceived lack of influence appeared in 12 out
of 17 interviews. Within those accounts, participants differed substantially in how they

interpreted their position in relation to labour management outcomes.
The findings indicate three distinct patterns:

e Explicit recognition of potential livelihood consequences
e Uncertainty about how ratings operate

¢ Doubt about the effectiveness of passenger influence
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These patterns collectively demonstrate uneven understanding of responsibility

within the platform system.
5.7.3.1. Explicit recognition of livelihood impact

In 4 out of 17 interviews, participants explicitly stated that ratings could affect a

driver’s ability to continue working on the platform.
Participant 12 (female, medium usage) stated:

“l feel like | have to now... make sure that if | do get a dodgy driver that |

review it accordingly so they’re no longer able to drive.”

The phrase “no longer able to drive” directly links rating to exclusion from the
platform. The expression ‘| feel like | have to now” suggests that this awareness

developed over time rather than being present from the outset.

Participant 13 (male, high usage) expressed similar awareness, although framed

cautiously:
“I feel like if | reported on the platform, they might take him out of service.”

Here again, rating is perceived as potentially affecting access to work. The use of

“might” signals uncertainty about thresholds, but the perceived consequence is clear.
Participant 1 (female, medium usage) also demonstrated livelihood awareness:

“I wouldn't say I'm very knowledgeable about how these platforms work and
how drivers may be penalised or not.... So I try to not have anything bad

happen that could adversely affect their ability to work”

In this case, Participant 1 recognises that her rating could influence employment,

even though she admits limited understanding of how the system operates.

Across these accounts, passengers perceive that ratings may influence drivers’
continued participation in the platform. Responsibility is framed in terms of potential

economic consequence rather than abstract feedback.
5.7.3.2.  Uncertainty about how ratings function

The code “limited understanding of rating consequences” appeared in 10 out of 17
interviews. This code was assigned where participants explicitly stated that they did

not know how ratings affect drivers or described the system as unclear.

Participant 14 (female, high usage) captures this uncertainty with the statement:
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‘But now | don't know if, like, if | rate like a five star, if it does have any effect.”
Participant 9 (female, low usage) stated:
“l have no idea how it impacts drivers, and that might change behaviours”

The phrase “no idea” indicates absence of system-level understanding, while “that

could go either way” reflects uncertainty about outcomes.
Participant 1 (female, medium usage) also acknowledged limited knowledge:
“I'm not very knowledgeable about how these platforms work.”

In these interviews, passengers recognise that ratings matter in some way, yet lack
clarity about thresholds, aggregation processes, or algorithmic weighting. The role is

therefore perceived as consequential but poorly defined.

This recurring pattern across 10 interviews indicates that uncertainty about

mechanism is a prominent feature of role perception.
5.7.3.3. Doubt about personal influence

In at least three out of 17 interviews, participants expressed scepticism about

whether their individual ratings make a meaningful difference.
Participant 11 (female, high usage) reflected:

“I'm not even too sure if my ratings, or yeah, if my ratings have any effect.”
Participant 16 (female, high usage) stated:

“Seeing the decline in the quality of vehicles... has made me believe that

actually, it doesn’t make a difference.”

This account links perceived platform decline to reduced belief in passenger

influence.
Participant 9 (female, low usage) similarly noted:
“‘Would it change much of what I’'m doing, probably not.”
Even where potential impact is acknowledged, behavioural adjustment is minimal.

These accounts suggest that some passengers perceive the rating system as larger
than their individual contribution. Responsibility is acknowledged at a general level,

but personal efficacy is questioned.
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5.7.3.4. Tension between consequence and uncertainty

In 3 out of the 4 interviews where participants explicitly linked ratings to potential
removal from the platform, this awareness coexisted with expressed uncertainty

about how the system operates.

For example, Participant 13 (male, high usage) recognised that reporting could lead

to exclusion:

“I rather tell him... you need to up your game... because | feel like if |

reported on the platform, they might take him out of service.”

Although removal is acknowledged as a possible outcome, the use of “might”
indicates uncertainty about how or when this would occur. His decision to provide
interpersonal feedback rather than formal reporting reflects caution in the face of

perceived but unclear consequences.

Similarly, Participant 12 (female, medium usage) associated negative review with

removal:

“I feel like | have to now... review it accordingly so they’re no longer able to

drive.”

Here, rating is framed as corrective and potentially exclusionary. However, she did

not describe how the system determines removal or how ratings are aggregated.

These interviews show that recognition of potential harm does not necessarily
correspond with clarity about mechanism. Participants who perceived ratings as
consequential often lacked detailed understanding of how those consequences are

operationalised within the platform.
5.7.4. RQ1 Findings summary

RQ1: How do passengers perceive their role within ridesharing platform labour

management systems?

The findings under RQ1 demonstrate that customers do not internalise a stable
supervisory identity within ridesharing platforms. Instead, role perception is anchored
in a consumer-first orientation, within which evaluative authority is layered rather than
primary.

For most participants, the ride is understood as a bounded service exchange defined

by safe transport, punctuality, and reciprocal civility. Expectations of drivers are
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clearly articulated, yet authority over drivers is not explicitly claimed. Evaluation is
acknowledged as part of platform participation but is not central to how customers

define their role.

Awareness of potential labour consequences varies across participants. A minority
explicitly recognised that ratings may influence drivers’ continued access to work. A
larger group expressed uncertainty regarding how ratings are processed,
aggregated, or acted upon. Importantly, recognition of consequence did not
consistently translate into an internalised evaluative identity. Customers frequently
shifted between describing themselves as consumers completing a transaction and

acknowledging that their feedback may carry implications beyond the ride.

Two patterns are particularly significant. First, evaluative authority is conditional
rather than embedded. Second, algorithmic opacity shapes how clearly that authority
is perceived. Customers appear to occupy a latent evaluative position that is

activated situationally rather than continuously enacted.

RQ1 therefore establishes the identity foundation upon which subsequent enactment
patterns operate: customers approach the platform primarily as consumers, with

evaluative responsibility emerging intermittently and unevenly.

Research Question 2: How do customers enact their evaluative role in

relation to ridesharing workers?

While RQ1 established that evaluative authority is layered onto a consumer-first
identity, RQ2 examines how that authority is enacted in practice. The findings
indicate that evaluation does not operate as continuous numerical calibration.
Instead, rating behaviour functions through threshold activation, with sanction

applied primarily when perceived breach exceeds a defined boundary.

Across interviews, participants described default affirmation, selective penalisation,
and context-sensitive judgement. Evaluation therefore appears episodic rather than
incremental, triggered under specific conditions rather than routinely exercised

across every ride.
5.7.5. RQ2 - Theme 3: Strategic and contextual rating practices

Theme 3 examines how participants operationalise ratings in practice. Across the
interviews, participants described a default five-star approach, with downgrading

occurring only when a clear threshold was crossed. Ratings were therefore not
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applied uniformly across rides. Instead, participants identified specific conditions,
most notably safety breaches, serious service failures, or cumulative issues, under

which they would activate penalisation or withhold sanction.
5.7.5.1. Default affirmation and threshold activation

In 11 of the 17 interviews, participants described five stars as their default response
unless a clear problem occurred. The five-point scale is structurally available;
however, several participants explicitly stated that they primarily use the highest

rating unless a serious issue arises.
Participant 1 (female, medium usage) explained:

‘my default is all five stars, unless something really bad happens... my

default and my tolerance level is quite high...”
Similarly, Participant 4 (male, medium usage) stated:

‘it’s either a five or one... | just don’t know why | do that.”
Participant 11 (female, high usage) reinforced this binary enactment:

“I typically always rate a five. So what | can say is that my rating is usually a

one or a five. | typically don't do a two, three or four...”

Across these 11 interviews, downgrading was described as reactive rather than
routine. Intermediate ratings were available but rarely used. Evaluation was triggered

by disruption rather than applied incrementally.

In contrast, three participants indicated that cumulative minor issues could justify a

rating of four rather than five. Participant 8 (female, high usage) explained:
“If there were a few things that just weren’t right, then | would drop it to four.”

This minority approach reflects more differentiated scoring, though even here ratings

were framed in terms of overall experience rather than granular calibration.

Across the various participants, the five-point rating scale was not used as a gradient
instrument. Instead, it functioned as a threshold mechanism. Five stars operated as
routine closure and affirmation, while one star signalled serious breach. Intermediate
scores (two, three, or four) were rarely mobilised. This asymmetry reinforces default
affirmation unless a sufficiently negative experience justifies the additional cognitive

and procedural investment.
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5.7.5.2. Safety as the primary evaluative boundary

Across the 17 interviews, safety emerged as the most consistently prioritised criterion
in rating decisions. 15 out of 17 participants mentioned safe driving, speeding,
reckless behaviour, or general feelings of safety when describing how they decide

on a rating. No participant suggested that unsafe driving would be tolerated.
Participant 5 (female, low usage) identified safe driving as decisive:
“If the driver drives safely, didn’t speed.”

Participant 11 (female, high usage) described unsafe driving as justification for

penalty:

“If it’s something serious, like dangerous driving, then | would rate lower.”
Participant 13 (male, high usage) echoed this threshold:

“If they were driving recklessly, then | would definitely drop the rating.”

These responses indicate that safety breaches functioned as the clearest trigger for
penalisation. In contrast, issues such as limited conversation, music preference, or
minor service shortcomings were rarely described as sufficient grounds for lowering

a rating.

Safety was also monitored during the ride. Participant 1 (female, medium usage)

stated:

“l usually sit back left, so that | can see their phone and see like if the route
they're following is what | see on my app. | look at the speed the

speedometer as well.”
Participant 8 (female, high usage) similarly noted:
“I'm watching the map to make sure they’re not going somewhere strange.”

These accounts demonstrate real-time assessment rather than retrospective
judgement. For these participants, evaluation begins during the journey and informs

post-ride rating decisions.

Despite 15 participants emphasising safety, only 8 out of 17 reported having given a
rating below five stars in the past year. This discrepancy indicates that while safety

is closely monitored, actual penalisation remains selective.
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Participant 12 (female, medium usage) clarified this restraint:
“l would only rate low if | genuinely felt unsafe.”
Participant 10 (female, medium usage) similarly stated:
“It would have to be something quite serious for me to drop it.”

For most participants, safety constituted a non-negotiable boundary. Other service
factors influenced satisfaction but did not carry equivalent weight in determining

rating outcomes.
5.7.5.3. Contextual recalibration of standards

Participants also described adjusting expectations according to contextual variables,

including service class and geographic location.
Participant 12 (female, medium usage) differentiated between price tiers:

“if I'm taking Uber Black... I'm expecting that you're going to put AC...

whereas in Uber X... it’s fine.”
Here, the same omission would be penalised in one tier but tolerated in another.
Participant 14 (female, high usage) described geographic benchmarking:

‘I do think the quality of service, like, when | compare it, for example,
between Johannesburg and Cape Town, I'm generalising, but for the most
part, there is a bit of a slight difference. | do think the quality of service in
Johannesburg, Pretoria, Gauteng, it's a little bit better in comparison to the

Western Cape”

In these accounts, ratings were not applied against fixed standards but against
situational expectations. Context shaped what participants considered proportionate

scoring.
5.7.6. RQ2 — Theme 4: Moral and affective mediation of evaluation

While threshold activation helps explain when customers lower a rating, the findings
also show that these decisions are shaped by moral and emotional considerations.
Participants did not describe rating as a purely technical step. Instead, they often
weighed issues such as fairness, empathy, proportionality, and the potential impact

on drivers’ livelihoods before deciding whether to downgrade.
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Negative ratings were frequently viewed as punitive rather than neutral feedback. As
a result, minor inconveniences were often tolerated, interpersonal feedback was
sometimes preferred, and formal downgrading was reserved for experiences

perceived as serious or unsafe.
5.7.6.1. Moral calibration and selective escalation

In nine of the 17 interviews, participants described consciously moderating or
withholding negative feedback despite identifying aspects of the ride they considered
unsatisfactory. Rather than automatically translating dissatisfaction into penalisation,
participants articulated proportional judgement shaped by perceived consequence,

personal norms, and contextual severity.
Participant 13 (male, high usage) provided a detailed account of this restraint:

“I don't know if | will say it's in my nature or in my culture... it's not my strong
point to give feedback, especially when it's negative... because I feel like if
| reported on the platform, they might take him out of service. So I'm
sympathetic... Do | think it would help if | was doing it on an app, so that

there's accountability? Yes, | think so. But | don't do that.”

Although he acknowledged the potential accountability value of reporting, he opted
for interpersonal correction rather than platform escalation. Awareness of removal

consequences raised the threshold for formal sanction.
Participant 11 (female, high usage) similarly noted:
“You have to be careful how you rate because it can actually affect them.”

Here, rating is framed as consequential and therefore requiring caution. Negative

scoring is treated as potentially punitive rather than neutral feedback.

For some participants, restraint was grounded in broader interpersonal norms rather

than explicit livelihood awareness. Participant 2 (female, low usage) explained:

“you know that whole saying, if you don't have nothing... good to say, don't

say anything at all.”
Silence, in this instance, reflects upbringing and politeness rather than platform logic.
Proportionality also shaped decisions. Participant 14 (female, high usage) stated:

“If it’'s something small, I'll just leave it.”
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She further reflected:
“You can'’t punish someone for something small.”

Participant 7 (female, low usage) provided evidence of moral filtering before

sanctioning:

“And so sometimes it is done with that like it's not because | don't want you

to get paid... but you need to also pick up yourself...”
She added:

“But if you are also intentional about doing better, here's a rating for you.”
This demonstrates conditional escalation and behavioural correction.

The language of punishment indicates that low ratings were conceptualised as
sanction. Minor inconveniences were not considered sufficient justification for

imposing potential consequences.

In contrast, four of the 17 participants described immediate reporting where safety

was compromised. Participant 3 (female, medium usage) stated:

“If it was unsafe, | would report it because the next person might not be

okay.”

In these cases, responsibility extended beyond personal dissatisfaction. Perceived
risk to future passengers lowered the threshold for escalation. Safety concerns

overrode reluctance about harming the driver’s livelihood.

Across these interviews, evaluation was enacted through proportional assessment.
Participants distinguished between minor inconvenience, serious breach, and risk to
others. Sanction, silence, or interpersonal correction were selected according to

perceived severity and consequence.
5.7.6.2. Perceived inefficacy and disengagement

In two of the 17 interviews, participants expressed scepticism about whether ratings

and feedback produce meaningful change.
Participant 16 (female, high usage) stated:

“Funny enough, a lot of the time when I'm doing it [rating], | feel like I'm
wasting my own time. | feel like I'm complaining about the dirtiness of the

vehicle inside, but | also know that this guy's gonna get 100 other rides after
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this, so | do not believe that my complaints actually carry any form of weight

for there to be consequences”
Participant 9 (female, low usage) reflected:

“At least in my experience, you don't have so many cancellations coming
from the driver side in South Africa relative to my experiences in Nairobi, for
me, it feels like my ratings in Nairobi did not matter at all, like it makes no

difference whatsoever.”

In these interviews, disengagement was linked to uncertainty about impact. Ratings
were described as carrying weight in principle, yet their effectiveness was

questioned. This reduced deliberate engagement with the evaluative process.
5.7.7. RQ2 Findings summary

Research Question 2: How customers enact their evaluative role in relation to

ridesharing workers

The findings under RQ2 demonstrate that customers enact evaluation through
threshold-based rather than incremental scoring. Five stars operate as default
affirmation, with downgrading activated primarily in response to serious breach.

Ratings therefore function episodically rather than as routine calibration.

Safety emerges as the clearest boundary condition for threshold activation. 15
participants identified unsafe driving as grounds for penalisation, and no participant
indicated tolerance for reckless behaviour. However, actual downgrading remained

selective, indicating that monitoring does not automatically translate into sanction.

Moral identity and proportional reasoning elevate the activation threshold. Empathy,
livelihood awareness, and concern for fairness frequently moderated decisions to
penalise. Negative ratings were often framed as punitive and therefore requiring

justification.

The binary structure of the rating system and minor interface barriers discourage the
use of moderate scores, leading customers to default to positive ratings unless a
clear service failure justifies the effort of giving a lower score. At the same time,
limited transparency about how ratings are used (algorithmic opacity) and doubts
about whether they lead to meaningful outcomes, shape whether customers rate
cautiously, formally escalate issues, or disengage from the evaluative process

altogether.
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RQ2 therefore demonstrates that evaluative participation operates through
conditional, morally mediated threshold activation rather than continuous supervisory

oversight.

Research Question 3: How Platform Design Influences Customers’

Perceptions and Enactment of Their Role

RQ3 examines how the design of ridesharing platforms shapes how customers
interpret their evaluative role and how they participate in rating and feedback
processes. In the interviews, participants did not only describe what they do after a
ride. They also described what the interface makes easy, what it makes optional,
what it renders unclear, and what it makes effortful. These design conditions shaped
whether evaluation was treated as routine closure, moral responsibility, or a low-

value administrative step.

Three interrelated design influences are presented below: (1) frictionless star
submission and interface optionality, (2) opacity of consequence and weak feedback
loops, and (3) design friction and responsibility attribution ambiguity in escalated

reporting.
5.7.8. RQ3 - Theme 5: Interface-structured participation
5.7.8.1.  Frictionless star submission and interface optionality

Almost all 17 participants described the star-rating interaction as simple to complete.
The end-of-trip rating prompt was commonly described as fast and easy to navigate,
reinforcing that evaluation is positioned as a standard post-ride action rather than a

deliberative process.

Participant 6 (male, medium usage) described the rating prompt as a straightforward

interaction triggered at trip completion:

“veah, | think, | think the five star actual rating is easy, because it'll typically
be a modal window that pops up at the end of your round, not always

immediately. But | think actually logging the rating is easy.”

Participant 15 (female, medium usage) explained the interface as a standardised
sequence where rating and tipping appear as the immediate next step after trip

completion:
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‘once the trip ends, it will obviously say the trip has ended, and then it gives
you a kind of pop up thing on the screen that shows you kind of the rating

thing and the option to add a tip...”

However, participants’ descriptions also show that the interface does not only enable
rating, but also makes it easy to bypass. Participant 15 explicitly described the design
as enabling users to opt out without friction, positioning feedback as an optional add-

on rather than a required system action.

“if you're using Uber more often than not, it's very easy for you to just close
that kind of pop up that says, add feedback, right? So it's an add on. It's not
a requirement before you then book the next trip... There was, historically,
it was actually a requirement. You had to provide feedback before being able

to then book the next trip. But | think that's now been removed...”

This account indicates that design can shift participation norms over time. Where
feedback is non-mandatory, evaluation becomes dependent on user willingness and
situational attention. The interface, in this sense, does not only capture judgement.

It governs the ease with which judgement can be deferred or bypassed.
5.7.9. RQ3 - Theme 6: Algorithmic opacity and constrained agency
5.7.9.1. Opacity of consequences and weak feedback loops

A second design influence concerns what the interface does not show. In five of the
17 interviews, participants explicitly stated uncertainty about how ratings and
feedback are processed or what consequences follow. The design was described as
providing limited visibility into how evaluation is used, creating a gap between

submission and outcome.
Participant 1 (female, medium usage) linked her uncertainty to algorithmic invisibility:

‘because | know how precarious it [gig work] is, and | don't know how the
algorithm is working in the background. | don't know if I'm one drop in 1,000
customers or one in like 50, either way, | just think my rating could have a
big impact... So | feel like, because of these uncertainties and how things
work in the background in the algorithm, | would rather just..you are innocent

until proven guilty kind of thing.”

The participant describes acting cautiously because the system does not disclose

thresholds, aggregation logic, or how much weight a single evaluation carries.
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Participant 12 (female, medium usage) similarly described acting without clarity

about platform mechanisms:

“I feel like | have to now, you know, make sure that if | do get a dodgy driver

that | that | review it accordingly so they're no longer able to drive.”

Other participants described the opposite outcome: opacity weakened belief that
evaluation produces action. Participant 11 (female, high usage) connected this
scepticism to an experience of reporting a serious issue and receiving limited
institutional response and linked that experience to reduced confidence in the overall

rating system:

“‘So after my experience when my when my laptop was stolen, | think |
believe less in how these ratings, | mean, affect anything... But they didn't
seem to care to do anything. So if | feel like there are no repercussions when

we're talking theft. In my head, the stars don't matter either.”

Participant 16 (female, high usage) similarly described withdrawing effort because

the system does not appear responsive:

‘now | actually don't put any effort or thought into it, because | actually do
not believe it makes a difference, right? Genuinely, | do not believe it makes

a difference...”

In these accounts, the interface is experienced as a one-way submission
mechanism. Where the platform does not communicate outcomes, participants
interpret evaluation either as risky (and therefore requiring caution) or as ineffective
(and therefore not worth effort). The design influence is not behavioural in itself. It is

the interface’s silence about consequence and follow-up.

Participant 17 (male, high usage) described the absence of feedback loop in direct

terms:

“No follow up. It was a generic message. It said, Thank you for your

feedback. We'll take this into consideration. And that was it. End of the road.”

This quote captures the design experience of evaluation without visible institutional
response, reinforcing why some participants interpret reporting as procedurally

complete but substantively inconsequential.
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5.7.9.2. Design friction and responsibility attribution ambiguity in escalated
reporting

Although the star prompt was consistently described as easy, more detailed reporting
was described as more effortful and less immediate. Participants described
escalation as requiring additional navigation, time, and engagement beyond the

default post-trip prompt.

Participant 6 (male, medium usage) explicitly contrasted the ease of rating with the

effort required for additional actions:

“if you wanted to have a comment... anything beyond that that becomes
more and more complex... the rating component definitely easier. | think

beyond that, starts to get ... more complex, or there is more friction”

Participant 17 (male, high usage) similarly described extended reporting as

structured through automated questioning:

“vou'll find there's something within these large platforms where they've
moved away from human interaction... if you complain or you send feedback
that doesn't actually go to a human. It gets in to an Al model that evaluates

what your complaint is, and then you get a generic response.”

This experience of mediated escalation shaped perceptions of fairness and
responsibility allocation. Participants did not always interpret feedback options as
clearly targeted at the driver as an individual, particularly when categories appeared

platform-oriented.
Participant 17 continued by describing this attribution ambiguity explicitly:
‘most of the feedback looks like it's geared more towards the platform”

In this framing, the interface does not simply gather evaluation. It also structures who
the evaluation is perceived to be about. Where the feedback architecture appears
platform-facing, responsibility becomes harder to locate. This creates conditions
under which passengers may hesitate to escalate or interpret the rating process as
a general service-quality input rather than a direct mechanism for worker-level

accountability.

A related form of friction concerns the time demand of extended feedback. Participant

14 (female, high usage) linked the design of rating to time scarcity, suggesting that
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lengthy post-trip engagement is structurally misaligned with how users typically

interact with the app:

“given the time, like there's no one who has time to be clicking different

things after a ride. That's just the unfortunate thing about it.”

This quote does not describe enactment patterns as such. It describes how design,
time, and interface structure jointly constrain what kinds of evaluation are realistically

expected from users.
5.7.10. RQ3 Findings summary

Research Question 3: How platform design influences customers’ perceptions

and enactment of their role

RQ3 shows that platform design shapes role perception by structuring (1) how
evaluation is embedded as routine closure, (2) how visible or invisible consequences
appear after feedback submission, and (3) how effortful or ambiguous escalated
reporting becomes. All 17 participants described star rating as easy to complete,
indicating that the interface positions evaluation as a low-effort, default step. At the
same time, five participants explicitly stated uncertainty about how ratings and
complaints translate into outcomes, demonstrating that design opacity prompts
inference, caution, or scepticism. Where follow-up is limited or automated, some
participants interpret feedback as weakly consequential or procedurally
inconsequential. Finally, participants described escalation as requiring additional
navigation and time, and some perceived feedback categories as oriented toward
the platform rather than the driver, complicating how responsibility and fairness are

interpreted within the interface.
5.8. Results conclusion

This chapter presented the findings on how customers perceive and enact their role
within algorithmically managed ridesharing platforms, and how platform design
shapes that participation. Overall, customers largely framed their role in consumer-
first and transactional terms, with evaluative responsibility emerging unevenly and
often alongside uncertainty about how ratings translate into consequences.
Enactment of evaluation was typically threshold-based: five stars functioned as
default affirmation, while downgrading was activated mainly in response to serious
breach, particularly safety concerns, and was frequently moderated by moral and

affective considerations. Platform design reinforced these patterns by making star
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submission easy, extended feedback optional and effortful, and by limiting visibility
into outcomes, which shaped whether customers rated cautiously, disengaged, or

escalated concerns.

These findings provide the basis for the discussion in Chapter 6.
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6. DISCUSSION OF RESULTS

6.1. RQ1: How do customers perceive their role within

algorithmically managed ridesharing platforms?

Research Question 1 examined how customers interpret and define their position
within algorithmically managed ridesharing platforms. Existing scholarship
demonstrates that customer ratings are structurally central to platform labour
governance, shaping visibility, incentives and, potentially, deactivation (Duggan et
al., 2023; Tarafdar et al., 2023). However, customers themselves have rarely been
theorised as interpretive role actors within this governance system. They are more
commonly framed either as passive consumers or as decentralised data inputs that
feed algorithmic control (Maffie, 2022; Ness et al., 2022)

The findings both confirm and refine this dominant framing. Customers do not
internalise a stable managerial identity. They do not routinely perceive themselves
as supervisors, co-managers or labour governors. Yet their accounts reveal
intermittent recognition of evaluative authority, moral negotiation regarding its use,
and situational awareness of potential consequences. Customer role perception is
therefore neither purely consumerist nor fully governance-oriented. It is hybrid,

layered and contextually mediated.

Drawing on role theory (Anglin et al., 2022), which emphasises that behaviour is
shaped by how individuals interpret role expectations, responsibilities and
consequences, this section analyses how customers construct their identity within
the platform-worker-customer triad. Crucially, this interpretation does not occur in
isolation from technical design. The star rating interface, the absence of qualitative
descriptors and the opacity surrounding deactivation thresholds operate as structural
role senders that shape how customers interpret what is expected of them. The
analysis therefore integrates role theory with sociotechnical systems theory by
demonstrating that the architecture of algorithmic governance actively constructs the

conditions under which customers perceive and negotiate their role.
6.1.1. The persistence of the consumer identity

A dominant pattern in the findings, particularly in section 5.7.2.1, was the persistence

of a consumer-first identity. Participants overwhelmingly described their role in
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transactional terms: requesting transport, arriving safely and completing payment.

The ride was framed as a bounded exchange with a clear beginning and end.

This confirms prevailing assumptions in platform scholarship that position customers
primarily as service recipients rather than governance actors. Although customers
are structurally central within algorithmic management systems, structural centrality
does not automatically translate into perceived centrality. Occupying a position within

system architecture is not equivalent to identifying with that role.

However, the consumer identity described by participants was not purely
instrumental or economically rational. As shown in section 5.7.2.3, many accounts
emphasised courtesy, reciprocity and being a “decent’ passenger. Participants
described greeting drivers, respecting vehicles and maintaining polite conduct.

These behaviours reflect internalised social norms rather than managerial oversight.

From a role theory perspective, participants appear to internalise the role of the
“decent rider” rather than that of an evaluative supervisor. Yet this consumer identity
is shaped within a sociotechnical environment in which the interface implicitly signals
that evaluation is expected at the end of each ride. The frictionless star prompt
functions as a subtle role sender, reminding passengers that their role extends
beyond consumption to include evaluation. Even when customers foreground a
consumer identity, the architecture of the platform continually reintroduces evaluative

expectations.

The consumer identity therefore establishes the baseline upon which evaluative
participation is layered. Evaluation is not constitutive of the primary role identity, but
it is structurally embedded within it. This layered configuration becomes central to

understanding how and when evaluative authority is activated.
6.1.2. Emergence of the evaluative identity

While participants primarily framed themselves as consumers, the data revealed
intermittent recognition of evaluative authority. Customers were aware that they rated
drivers and that these ratings “went somewhere”, yet their understanding of how this

authority operated was uneven and frequently uncertain.

This finding refines dominant depictions of customers in the algorithmic management
literature. Prior research often conceptualises customers as passive evaluators or
neutral data sources whose influence is inferred from worker outcomes rather than

from customers’ own interpretations (Healy & Pekarek, 2025; Keegan & Meijerink,

73



2023). The present findings demonstrate that customers occupy an intermediate
position. They are neither wholly passive nor consistently governance-conscious.

Rather, they operate within conditions of role ambiguity.

Role ambiguity, in this context, stems from the sociotechnical design of the rating
system. The star interface provides no rubric explaining what constitutes four stars
as opposed to five. Nor does the platform communicate how ratings are weighted,
aggregated or linked to deactivation thresholds. As a result, customers are asked to
perform an evaluative role without being given a clear description of its expectations
or consequences. The interface therefore operates as a role sender that

simultaneously demands evaluation and withholds clarity.

Several participants explicitly questioned whether their ratings had any meaningful
impact. Others compared different national contexts and perceived variation in
consequence. This divergence highlights a distinction between structural
consequence and perceived consequence. While algorithmic systems may amplify
customer feedback in ways that shape labour precarity (De Keyser et al., 2024,

Duggan et al., 2023) customers do not uniformly internalise this structural reality.

From a role theory perspective, the evaluative identity emerges situationally rather
than as a stable self-concept. It is activated in moments of heightened awareness,
such as when considering safety concerns or reflecting on possible livelihood impact.
At other times, it recedes beneath the dominant consumer script. The findings
therefore confirm that evaluative authority is delegated to customers without
transferring accountability (Duggan et al., 2020; Healy & Pekarek, 2025), but they
extend this argument by demonstrating that delegation does not guarantee
conscious role identification. Authority is structurally present, yet subjectively

uneven.
6.1.3. The hybrid role: consumer and moral actor

The coexistence of consumer entitlement and evaluative awareness produces a
hybrid role identity. Participants expected safe driving, punctuality and cleanliness,
yet expressed reluctance to penalise drivers harshly for minor shortcomings. This

dual orientation reflects role conflict.

Role conflict arises where multiple normative expectations converge within a single
interactional context (Anglin et al., 2022). In this setting, customers are

simultaneously positioned as service recipients entitled to quality and as informal
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evaluators whose judgements may carry material consequences. The platform’s
rating architecture constructs this dual expectation. By embedding evaluative
authority within a consumer transaction, the system generates a structural clash

between consumption and supervision.

Participants’ accounts of hesitation, sympathy and restraint can therefore be
theorised as manifestations of role conflict rather than merely as moral moderation.
Customers are effectively asked to act as unpaid supervisors within a labour
governance system, yet they continue to understand themselves primarily as
passengers. This internal tension reflects the sociotechnical co-production of

governance, in which technical design generates social role strain.

This has important implications for algorithmic management theory. Platforms rely
on the assumption that rating scales generate granular differentiation, enabling
precise sorting and discipline (Kellogg et al., 2020; Meijerink & Keegan, 2019).
However, the findings indicate that customers frequently filter their evaluations
through ethical reasoning. Low ratings are often reserved for serious safety
breaches, while minor deficiencies are overlooked to avoid harming drivers. This
compresses evaluative variance and softens the disciplinary potential embedded

within the rating architecture.

From a sociotechnical perspective (Dolata et al., 2022; Mumford, 2006), governance
outcomes emerge from interaction between technical artefacts and human
interpretation. The star rating system embeds organisational priorities, but its
practical effect depends on how customers interpret their role. Customer ethics
mediate, reshape and sometimes constrain algorithmic control. Governance is
therefore not simply implemented through customers; it is co-produced and morally

negotiated.
6.1.4. Perceived limits of responsibility

Despite evidence of evaluative awareness, many participants articulated clear
boundaries around their perceived responsibility. For some, their role concluded
upon safe arrival and payment. For others, responsibility extended only to reporting
overt safety violations. Broader reflections on employment precarity or algorithmic

thresholds were largely absent.

This pattern aligns with research on algorithmic opacity (Dedema & Rosenbaum,

2024). Limited transparency regarding how ratings are processed constrains
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customers’ understanding of consequence. Where deactivation thresholds and
weighting mechanisms remain invisible, customers struggle to conceptualise

themselves as governance actors. Role ambiguity narrows perceived responsibility.

However, the findings also complicate deterministic accounts of opacity. Some
participants responded to uncertainty not with disengagement but with precaution. In
the absence of clear guidance, they defaulted to high ratings to avoid unintended
harm. Opacity therefore generates heterogeneous responses. For some, it weakens

governance identification. For others, it intensifies moral restraint.

This divergence reinforces sociotechnical systems theory by demonstrating that
technical opacity does not produce uniform behavioural outcomes. Instead, it creates
conditions within which individual ethics, contextual awareness and perceived risk
shape interpretation. From a role theory perspective, responsibility is situationally
bounded. Where consequences are invisible, governance identity weakens. Where
potential harm is imagined, moral restraint strengthens. Responsibility is negotiated

rather than automatically internalised.
6.1.5. Contextual influences in the South African setting

The South African context significantly shaped customer role perception. Safety
concerns were prominent in participant accounts, particularly in section 5.7.5.2.
Customers described monitoring routes and assessing driver demeanour as core
responsibilities. In these accounts, the primary role was self-protection rather than

governance participation.

This introduces an important refinement to algorithmic management theory, which
typically centres worker precarity and platform control (Duggan et al., 2020; Vallas &
Schor, 2020). In high-crime contexts, the salience of the self-protective role may
override the evaluative role. The customer is not only an empowered rater but also

a potentially vulnerable passenger.

At the same time, macroeconomic awareness shaped evaluative restraint. Several
participants referred to unemployment and economic hardship as reasons for
avoiding punitive ratings. This heightened sensitivity to livelihood consequences
intensified moral reflection. The South African setting therefore amplifies both
perceived vulnerability and ethical concern, producing a dual asymmetry in which

customers feel simultaneously empowered and exposed.
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From a role theory perspective, contextual conditions determine which role
expectations become salient. From a sociotechnical perspective, the meaning
attached to the rating interface is mediated by local realities. The same star system
may be interpreted differently in contexts marked by high crime and economic

precarity. Governance participation is embedded within lived experience.
6.1.6. Structural centrality versus perceived centrality

Structurally, customers are central to algorithmic labour governance. Their ratings
feed into performance metrics, visibility algorithms and potential deactivation
thresholds (Duggan et al., 2023; Tarafdar et al., 2023). Within system design,

customer input is integral.

Yet the findings reveal a persistent gap between structural centrality and perceived
centrality. Many participants framed their role in transactional terms and did not
consistently perceive themselves as governance actors. Even when acknowledging

potential consequences, they did not uniformly identify with a supervisory role.

This distinction reinforces the argument that delegation of evaluative authority does
not equate to transfer of accountability (Duggan et al., 2023; Healy et al., 2020).
Platforms retain control over thresholds and enforcement rules, while customers
operate within ambiguous expectations. From a role theory perspective, occupying
a structural position does not guarantee identification with that role. From a
sociotechnical perspective, governance may be distributed in design yet unevenly

recognised in practice.

The gap between structural and perceived centrality refines existing accounts of
algorithmic management. Governance influence may be architecturally embedded,
but its social meaning is negotiated. Analysing platform labour governance therefore
requires attention not only to system architecture but also to how users interpret, limit

or expand their own role within that architecture.
6.2. Conclusion to RQ1

RQ1 asked how passengers perceive their role within ridesharing platform labour

management systems.

The findings confirm that customers primarily perceive themselves as consumers
engaged in bounded service exchanges. The consumer script remains dominant and

shapes much of their behaviour.
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However, the study extends existing scholarship by demonstrating that evaluative
authority is recognised intermittently and negotiated morally. Customers are not
merely passive data inputs. They are interpretive actors operating under conditions
of role ambiguity constructed by opaque rating architectures. The platform functions
as a role sender that demands evaluation while withholding clear criteria and

consequences.

The findings further reveal the presence of role conflict between consumer
entitlement and concern for driver livelihood. Customers navigate tension between
service expectations and ethical restraint. This hybrid role identity illustrates how
governance expectations become embedded within everyday consumption

practices.

Algorithmic opacity produces varied responses. Some customers narrow their
perceived responsibility due to uncertainty. Others respond with precautionary
moderation. Structural centrality therefore does not consistently translate into

perceived centrality.

Finally, the South African context demonstrates that role perception is embedded
within broader socio-economic and security conditions. Safety concerns and
macroeconomic awareness shape how evaluative authority is interpreted and

enacted.

Overall, RQ1 demonstrates that customer role perception within algorithmically
managed ridesharing platforms is hybrid, situational and co-constructed through
interaction between technical design and social interpretation. Governance
outcomes are not determined solely by algorithmic architecture. They are mediated
by how customers understand, negotiate and sometimes limit their own role within

structurally ambiguous systems.

6.3. RQ2: How do customers enact their evaluative role in

relation to ridesharing workers?

Research Question 2 moves from perception to practice. While RQ1 examined how
customers understood their role within algorithmically managed platforms, RQ2
focuses on how that role is enacted through concrete evaluative behaviours. It
examines how customers make rating decisions, justify feedback, decide whether to
tip, and manage tensions between personal expectations, convenience, and concern

for worker outcomes.
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The literature reviewed in Chapter 2 established that customer evaluations are
central to algorithmic management. Workers adapt behaviour in anticipation of
ratings, recognising their cumulative and often opaque consequences (Duggan et
al., 2023; Tarafdar et al., 2023). Less attention has been paid to how customers
operationalise evaluative authority and what logics guide their decisions. The present
findings address this gap by showing that customers enact evaluation in ways that
both confirm the disciplinary potential of rating systems and refine theoretical
assumptions about how that discipline is produced in practice. In particular, customer
enactment is morally mediated, contextually calibrated, and shaped by the perceived

opacity and efficacy of the platform’s feedback mechanisms.
6.3.1. Rating as default routine versus moral decision

A striking pattern in the findings (section 5.7.5.1) was the dual character of rating
behaviour. For some participants, rating was routine and procedural. It was
completed quickly after the trip, with five stars as the default unless an exceptional
issue occurred. This aligns with accounts of ratings as standardised mechanisms
that transform subjective experience into quantifiable performance indicators within
algorithmic governance (Duggan et al., 2023). The findings confirm that customers

participate in this standardisation through habitual, low-friction evaluative routines.

At the same time, the findings demonstrate that rating is not merely an automatic
closure task. For many participants, rating decisions became moral decisions.
Customers described reflecting on possible consequences and deliberately choosing
not to penalise drivers for minor shortcomings. This indicates that evaluative
enactment is interpretive rather than mechanical. Ratings do not operate as a simple
transmission channel through which dissatisfaction becomes disciplinary
consequence. Instead, customers filter evaluations through empathy, contextual

awareness, and perceived fairness.

This distinction strengthens the consistency framework in two ways. First, it supports
the argument that rating systems function as mechanisms of labour discipline, but
that discipline is not always enacted continuously or uniformly. Second, it provides
clear evidence of sociotechnical co-production. The platform’s frictionless rating
prompt encourages routine evaluation, yet the social meaning of that evaluation is
shaped by customer interpretation and ethics. The same interface can therefore

produce routine affirmation in some cases and morally deliberated restraint in others.
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6.3.2. Thresholds of punishment and the ethics of severity

The findings in section 5.7.5 demonstrate that customers establish implicit thresholds
for punitive evaluation. Minor inconveniences were rarely seen as sufficient grounds
for low ratings. In contrast, serious safety violations were consistently described as
warranting punitive ratings. This indicates that customers interpret the rating system
as morally tiered, with sanction reserved for severe infractions rather than applied

across the full range of service variation.

This supports sociotechnical systems theory, which emphasises that technical
systems do not determine outcomes independently of user meaning-making (Dolata
et al., 2022; Mumford, 2006). Customers do not simply use the rating scale as a
granular quality instrument. They enact it as a threshold-based disciplinary tool. This
introduces a key refinement to algorithmic management theory. While platforms
design rating systems to enable fine differentiation, customers frequently collapse

that granularity into a binary logic of acceptable versus unacceptable conduct.

This does not contradict prior scholarship on algorithmic discipline. Rather, it reveals
an important limitation and tension. The effectiveness of algorithmic governance
depends on differentiated inputs, yet customers often provide compressed signals.
Where ratings are predominantly five stars and sanctions are triggered only by
severe violations, the platform’s disciplinary architecture becomes less sensitive to
mid-range performance variation. In practice, the rating system may operate as a

blunt instrument rather than a finely tuned performance management mechanism.
6.3.3. Safety as primary evaluative lens

Safety emerged as the dominant evaluative criterion. Participants consistently
anchored rating decisions in driving behaviour and perceived personal security. Safe
arrival often overrode other service considerations. This finding aligns with the idea
that ratings influence labour outcomes, but it refines how evaluative criteria are

prioritised in this setting.

Much of the platform labour literature emphasises affective labour and customer
satisfaction performance as key drivers of rating pressure (Duggan et al., 2023). The
present findings suggest that, in this context, safety outweighs friendliness or
relational engagement. This is especially significant in the South African setting
where safety concerns are salient. Customers’ evaluative enactment is shaped by

risk mitigation. What counts as “good performance” is contextually defined. In
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practical terms, customers enact discipline most strongly when the ride violates a

safety boundary, rather than when it falls short of softer service expectations.

This extends existing scholarship by demonstrating that evaluative enactment is not
universal. Algorithmic management systems may standardise evaluation interfaces,
but customer enactment is structured by local security conditions. The rating system
functions as a governance tool, yet the standards guiding its use are socially and

geographically embedded.
6.3.4. Reluctance to confront and the use of platform mediation

Another dimension of enactment concerns how customers respond to dissatisfaction.
Participants were reluctant to confront drivers directly, particularly in cases involving
safety concerns or suspected misconduct. Instead, they relied on the platform
interface to report issues post-trip. This aligns with the argument that digital
interfaces mediate and channel behaviour (Dedema & Rosenbaum, 2024).
Customers enact evaluation through platform mediation rather than face-to-face
feedback.

However, the findings show that this mediation is asymmetrical. Customers submit
ratings and reports without visibility into how these are processed or what
consequences follow. This produces a weak feedback loop for customers. As a
result, evaluation is enacted as a one-way transmission rather than as a reciprocal
process. This connects directly to the consistency framework’s legitimacy element.
When customers cannot see whether feedback produces action, they may limit
escalation to only the most severe cases. Opaque processing therefore shapes
enactment by narrowing what is worth reporting and by encouraging reliance on

threshold-based judgement.

This refines the literature’s framing of ratings as straightforward disciplinary tools.
From the customer perspective, discipline is enacted without transparency and
without confirmation of effect. Customers participate in governance, but they do so

under constrained informational conditions.
6.3.5. Generosity, empathy and evaluative moderation

A recurring theme was evaluative generosity. Participants described giving drivers
the benefit of the doubt and avoiding punitive ratings in situations shaped by
contextual factors such as traffic, fatigue, or socio-economic hardship. Some

explicitly referenced unemployment and economic strain as reasons for restraint.
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This introduces a significant refinement to scholarship that conceptualises customers
primarily as sources of performance pressure (Duggan et al., 2023; Tarafdar et al.,

2023). In this study, customers sometimes moderated that pressure.

This does not eliminate discipline. Severe infractions still triggered sanctions, and
customers sometimes framed ratings as corrective. However, for routine
dissatisfaction, customers frequently enacted restraint. This suggests that the
disciplinary potential of the rating system is morally mediated. Customers operate as
evaluators, but their enactment is shaped by ethical considerations and relational

awareness of worker vulnerability.

From a role theory perspective, this enactment can be understood as role conflict in
practice. Customers navigate competing expectations: entitlement as paying
passengers and concern for the consequences of evaluation. Their ratings reflect
negotiation rather than automatic enforcement. The findings therefore support the
argument that customer participation introduces variability into systems designed for

automated precision.
6.3.6. Tipping as extension of evaluation

Although tipping was less consistently discussed than ratings, it provides further
insight into how customers enact evaluation. Tipping was framed as contingent on
exceptional service, late-night safety, assistance with luggage, or perceived
additional effort. This reflects a discretionary logic. Customers used tipping to signal

appreciation rather than as routine practice.

Tipping introduces a material dimension to evaluation that ratings do not. Whereas
ratings feed into algorithmic governance, tipping operates as direct financial transfer.
This finding refines the assumption that customer influence is fully mediated through
platform algorithms. Some evaluative enactment occurs outside algorithmic
processing. Customers therefore enact evaluation both through platform-mediated

scoring and through direct economic reinforcement.
6.3.7. Convenience versus fairness tensions

Participants described tensions between convenience and fairness, for example
when minor dissatisfaction was weighed against awareness of driver effort. In many
instances, customers resolved this tension in favour of fairness. This confirms

literature that identifies evaluation as a site of behavioural pressure, but it extends
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that work by showing moral ambivalence and restraint rather than automatic punitive

enforcement.

Role theory explains this negotiation. Individuals enact roles in ways consistent with
their values and self-concept. Where fairness and empathy are salient, evaluative
enactment becomes moderated rather than disciplinary. In governance terms, this
means customer evaluations do not simply reproduce platform control. They can

soften, reshape, or limit it.
6.4. Conclusion to RQ2

RQ2 asked how customers enact their evaluative role in relation to ridesharing

workers.

The findings show that customers enact evaluation through a combination of routine
participation, moral deliberation, contextual calibration, and platform-mediated
reporting. Consistent with algorithmic management scholarship, customer ratings
operate as a central governance mechanism, and customers actively engage with
evaluative structures embedded in platform interfaces. However, enactment diverges
from the assumption that ratings function as neutral, granular performance

instruments.

Customers frequently enacted a threshold-based logic, reserving punitive ratings
primarily for serious safety concerns and absorbing minor dissatisfaction through
generous scoring. This refines understandings of algorithmic discipline by
demonstrating that customer evaluations can reduce granularity and compress
evaluative variance. The platform may be designed for continuous differentiation, but
customer enactment often produces binary signalling. As a result, the disciplinary
architecture is morally mediated and selectively activated rather than mechanically

applied.

The findings further extend the literature by showing the interpretive and ethical
filtering that precedes rating decisions. Customers do not uniformly exercise punitive
authority. Their evaluative enactment is shaped by empathy, perceived worker
vulnerability, and contextual factors, particularly within the South African setting
where safety and inequality are salient. Importantly, opacity and weak feedback
loops also shape enactment. Where customers cannot see consequences, some

limit escalation to severe cases or disengage from detailed feedback.

83



Overall, RQ2 indicates that algorithmic governance does not operate as a direct
transmission of customer dissatisfaction into disciplinary consequence. It is co-
produced through the interaction of platform design and customer interpretation.
Understanding platform labour governance therefore requires attention not only to
structural design and worker vulnerability, but also to the socially embedded

enactment of evaluative authority by customers.

6.5. RQ3: How does platform design influence customers’

perceptions and enactment of their role?

Research Question 3 examines the extent to which platform design shapes both how
customers perceive their role and how they enact that role in practice. While RQ1
focused on subjective role interpretation and RQ2 analysed evaluative behaviour,
RQ3 situates both within the sociotechnical architecture of ridesharing platforms.
This question is grounded in sociotechnical systems theory, which emphasises that
behaviour and meaning are co-produced through interaction between social
interpretation and technical design (Dolata et al., 2022; Mumford, 2006). In the
context of algorithmic management, platform interfaces are not neutral conduits.
They structure interaction, channel feedback, and embed governance mechanisms
within routine user behaviour (Dedema & Rosenbaum, 2024).The findings therefore
support a critical assessment of how design features such as rating prompts,
interface simplicity, limited transparency, and safety tools influence customer role

perception and enactment.

Crucially, the design features discussed in this section do more than facilitate
evaluation. They function as role senders and boundary setters, shaping what
customers understand their responsibilities to be, how they interpret consequences,
and when they enact evaluative authority. In this sense, platform design actively
constructs the conditions of role ambiguity and role conflict identified under RQ1, and

it shapes the moral and threshold-based enactment patterns identified under RQ2.
6.5.1. Interface prompts and the normalisation of evaluation

One of the most visible design features shaping customer behaviour is the post-trip
rating prompt. Participants consistently described the rating process as automatic
and routine, triggered immediately upon trip completion (section 5.7.8.1). This design

embeds evaluation into the standard flow of platform interaction.
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This aligns with accounts of algorithmic management as decentralised and
embedded within digital workflows (Duggan et al., 2023). By prompting customers to
rate immediately after each ride, the platform ensures continuous generation of

performance data. Evaluation becomes normalised rather than exceptional.

From a sociotechnical perspective, the prompt functions as a design-mediated
expectation that reinforces evaluation as part of the customer role (Mumford, 2006).
Customers do not independently decide whether evaluation is required. The interface
prescribes evaluation as a routine completion step, thereby positioning the customer
as an evaluator even when customers primarily identify as consumers. This supports
the argument that customers are structurally embedded contributors to labour
governance, while also clarifying why customers may not subjectively identify with a
governance role. The interface normalises evaluation as habit, not as reflective

governance participation.

However, the same design that secures participation also limits deliberation. The
low-friction prompt frames evaluation as a quick, almost administrative action. This
supports Dolata et al. (2022) argument that platform infrastructures streamline
participation in ways that mask complexity. Evaluation becomes frequent and
effortless, yet this ease does not cultivate awareness of consequence. The result is
a sociotechnical separation between the action of evaluating and the understanding

of what evaluation does within the governance system.
6.5.2. Limited transparency and constrained awareness

A central theme emerging from the findings is limited customer awareness of how
ratings translate into algorithmic consequences. Participants expressed uncertainty
about deactivation thresholds, the weighting of complaints, and whether ratings
meaningfully affected drivers. This opacity is not merely an informational gap. It is a

design feature that shapes role perception and enactment.

Dedema and Rosenbaum (2024) argue that platform interfaces selectively disclose
information, shaping what users can know about governance processes. While
transparency deficits are widely documented in relation to workers (Duggan et al.,
2023), these findings demonstrate that opacity also constrains customers. When
customers do not know what a three-star rating does relative to a four-star rating,
they are positioned as evaluators without the information needed to enact evaluation

with confidence.
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This matters for two of the key constructs in the consistency framework. First, it
reinforces the argument that platforms delegate evaluative authority without
transferring accountability (Duggan et al., 2023; Healy et al., 2020). Customers
supply evaluative input, yet the platform retains control over thresholds, enforcement
rules, and how ratings are operationalised. Second, it directly supports the claim that
algorithmic legitimacy is contingent on transparency (Wiener et al., 2023). Where
customers cannot see whether feedback produces consequences, some express

doubt about the efficacy of ratings, weakening trust and belief in the feedback loop.

From a sociotechnical perspective, this demonstrates how design decisions shape
meaning construction (Mumford, 2006). By withholding consequence thresholds and
limiting feedback visibility, platforms constrain the customer’s ability to internalise
their governance role. Structural centrality therefore does not reliably translate into
perceived responsibility. Design mediates awareness, and awareness mediates

enactment.
6.5.3. Rating scale design and behavioural compression

The five-point rating scale is intended to provide granular differentiation. However,
as shown in the findings, customers frequently compress this granularity into
simplified rating patterns. This behavioural compression cannot be explained by

customer generosity alone. It is also a function of design.

The interface offers a numerical scale but provides little guidance regarding
qualitative distinctions between rating levels. Customers are therefore required to
interpret what constitutes four stars versus five without a rubric. This design
ambiguity increases role ambiguity in evaluative enactment. Where the criteria are

unclear, customers rely on personal moral frameworks and situational judgement.

Dolata et al. (2022) emphasises that platforms structure interaction through technical
affordances that enable certain behaviours while constraining others. The rating
scale affords gradation, but the interface does not scaffold its use. The outcome is a
gap between design intention and enacted practice. The technical affordance of

granularity does not guarantee granular behavioural use.

This refines the literature’s view of rating systems as objective performance tools.
Even where algorithmic management depends on fine differentiation to produce
precision (Kellogg et al., 2020; Meijerink & Keegan, 2019), customer enactment may

generate compressed signals. The system therefore depends on socially produced
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inputs that may not match its assumptions of resolution and calibration. This is a
direct instance of sociotechnical co-production: governance outcomes emerge not

from rating systems alone, but from how those systems are interpreted and used.
6.5.4. Safety features and role perception

Participants frequently referenced safety-related design features, including GPS
tracking, driver identification displays, in-app emergency functions, and trip-sharing.

These features shaped how customers perceived their role.

Rather than interpreting themselves primarily as labour governance actors, many
participants described their role in terms of self-protection and monitoring. The
interface signals that vigilance and risk mitigation are part of the user experience.
This supports Mumford (2006) argument that system design shapes expectations

and behavioural norms.

The prominence of safety tools also helps explain the enactment patterns identified
under RQ2. Safety concerns were the dominant trigger for punitive ratings. The
platform’s design emphasis on safety therefore contributes to the formation of a
safety boundary in evaluative practice, in which discipline is enacted primarily in
response to severe breaches rather than routine variation. This connects directly to
the consistency framework’s distinction between threshold-based discipline and
performance correction. Design does not merely enable evaluation. It shapes which

criteria become salient and which thresholds trigger sanction.
6.5.5. Interface mediation of complaint and escalation

The findings show that customers rely on platform-mediated reporting mechanisms
rather than direct confrontation. This reflects design affordances that provide
structured channels for complaint submission. As Dedema and Rosenbaumm (2024)
note, interfaces shape how feedback is articulated by constraining it into predefined
categories and workflows. The interface becomes the site through which

dissatisfaction is enacted.

This aligns with the literature’s depiction of algorithmic management as replacing
direct managerial oversight with digital workflows (Duggan et al., 2023). However, it
also introduces an important tension. While the platform structures complaint
submission, it offers limited transparency regarding what happens afterwards.

Customers submit reports without follow-up confirmation or visibility into outcomes.
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This design choice shapes enactment by discouraging minor complaints and
reserving escalation for serious issues. It also reinforces legitimacy concerns. Where
customers do not perceive a feedback loop, some doubt the efficacy of reporting.
This supports the argument that weak feedback loops contribute to disengagement
and to reliance on simplified heuristics. In governance terms, the platform gains

routinised data input but may lose meaningful calibration and trust.
6.5.6. Design and the perception of disposability

An additional dimension of design influence concerns the ease of switching between
rides and drivers. The interface allows cancellation, rebooking, and alternative driver
selection with minimal friction. This encourages a sense of interchangeability that
may reinforce a consumer-first orientation, framing drivers as replaceable service

providers.

Dolata et al. (2022) argues that platforms create fluid interaction environments that
can encourage detachment. In this sense, the architecture may constrain deeper
recognition of individual worker precarity by presenting labour as a readily

substitutable service layer.

However, the findings also indicate limits to this design effect. Despite interface cues
that enable transactional detachment, many customers still expressed awareness of
driver vulnerability and acted with restraint. This introduces a clear sociotechnical
insight. Design shapes behaviour and cues meaning, but it does not fully determine
interpretation. Customers interpret design signals through moral frameworks and
contextual conditions. The findings therefore support sociotechnical systems theory
by demonstrating that the same architectural features can produce varied meanings

and behaviours depending on user interpretation.
6.5.7. Contextual embedding of design influence

The influence of platform design cannot be understood independently of context. In
the South African setting, safety features are particularly salient and are actively used
as protective strategies. These practices show how design interacts with socio-

economic and security conditions.

This contextual embedding extends literature that treats platform design as
universally applied. Although the technical architecture may be similar across
markets, its behavioural meaning is locally mediated. Sociotechnical systems theory

predicts such variation (Dolata et al., 2022), and the findings confirm that
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interpretation is contextually grounded. Platform design operates within social
environments that shape what customers prioritise, fear, and consider morally

consequential.
6.6. Conclusion to RQ3

RQ3 asked how platform design influences customers’ perceptions and enactment

of their role.

The findings confirm that platform design plays a decisive role in shaping both
customer role perception and evaluative enactment. Interface prompts embed
evaluation into routine interaction, safety features reinforce self-protective
monitoring, and reporting tools channel dissatisfaction through platform-mediated
workflows. These patterns align with sociotechnical systems theory (Dolata et al.,
2022; Mumford, 2006), which posits that behaviour emerges from the interaction of
technical structures and social meaning rather than from technological prescription

alone.

The findings also refine and extend the literature in several ways. First, while
algorithmic management research emphasises opacity as a mechanism of worker
control (Duggan et al., 2023), this study demonstrates that opacity also shapes
customers by generating role ambiguity and limiting awareness of consequence.
Second, the absence of transparent feedback loops contributes to doubts about
efficacy, supporting arguments that algorithmic legitimacy depends on transparent,
actionable feedback (Wiener et al., 2023). Third, the technical affordance of granular
rating does not guarantee granular enactment. Scale ambiguity and interface
simplicity contribute to behavioural compression, producing a gap between design

intention and user practice.

Finally, the findings challenge deterministic interpretations of platform influence.
Design structures interaction and cues particular understandings of responsibility,
yet customers interpret and sometimes moderate the implications of those cues.
Platform architecture is therefore an active participant in constructing customer roles
within platform labour governance. Understanding customer participation requires
analysing not only perception and behaviour, but also the technical architectures that
shape role expectations, constrain accountability, and mediate the feedback loops

through which algorithmic governance operates.
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6.7. Discussion conclusion

This chapter discussed the findings across the three research questions and situated
them within the literature on algorithmic management, role theory, and sociotechnical
systems theory. Overall, the findings show that customer participation in ridesharing

governance is structurally central but subjectively uneven and socially mediated.

Across RQ1, customers primarily perceived themselves as consumers rather than
governance actors. Although they recognised that ratings could have consequences,
this awareness was inconsistent and often shaped by uncertainty about how the
system functions. This reinforces the argument that platforms delegate evaluative
authority without transferring accountability. Structural centrality does not

automatically translate into perceived responsibility.

RQ2 demonstrated that customers enact evaluation through threshold-based logic
rather than granular performance calibration. Five stars functioned as default
affirmation, while punitive ratings were largely reserved for serious breaches,
especially safety concerns. Minor dissatisfaction was frequently moderated through
empathy and proportional judgement. This refines algorithmic management theory
by showing that discipline is morally filtered and selectively applied rather than

mechanically transmitted through rating systems.

RQ3 highlighted the role of platform design in shaping both perception and
enactment. Interface prompts normalise evaluation as routine, while limited
transparency constrains awareness of consequence and weakens feedback
visibility. Design therefore shapes how customers interpret and exercise their
evaluative authority. Governance outcomes emerge from interaction between

technical architecture and social interpretation.

Overall, the findings demonstrate that algorithmic governance does not operate as a
straightforward translation of customer dissatisfaction into worker discipline. Instead,
it is co-produced through delegated authority, role negotiation, and platform design.
Customers are neither passive data inputs nor consistent enforcers of control. Their

evaluative power is situational, morally mediated, and shaped by structural opacity.

These insights provide the foundation for the final chapter's synthesis of

contributions, limitations, and implications.
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7. CONCLUSIONS AND RECOMMENDATIONS

7.1. Introduction

This study examined how customers perceive and enact their role within
algorithmically managed ridesharing platforms in South Africa. While algorithmic
management has been extensively analysed from the perspective of platforms and
gig workers, customers have largely been treated as passive consumers or abstract
data inputs (Duggan et al., 2023; Maffie, 2022; Ness et al., 2022). Yet customer
ratings are structurally embedded within labour governance systems and materially
influence driver visibility, incentives, and continued access to work. This dissertation
addressed that gap by positioning customers as interpretive actors within

algorithmically governed labour arrangements.

The study makes two central contributions. First, it advances algorithmic
management scholarship by examining how delegated evaluative authority is
subjectively understood. Rather than assuming customers function as
straightforward conduits of platform control, the findings show that customers
interpret, negotiate, and sometimes limit the authority embedded in rating systems.
Second, by integrating role theory with sociotechnical systems theory, the study
demonstrates that governance outcomes are co-produced through interaction

between technical design and social interpretation.

In the South African ridesharing context, where economic precarity heightens the
stakes of evaluation and safety concerns shape everyday interaction, customer role
perception emerged as hybrid and conditional. Participants primarily framed
themselves as consumers yet intermittently recognised their evaluative influence.
Their enactment followed a threshold-based logic in which serious safety breaches
triggered sanction, while minor dissatisfaction was often moderated through empathy
and proportional judgement. Platform design further shaped these patterns by
normalising evaluation as routine while limiting transparency regarding

consequence.

This chapter synthesises the study’s core insights, clarifies its theoretical
contributions, and outlines implications for platform governance, regulatory debates,
and future research. It concludes by reflecting on what customer participation reveals

about the nature and limits of algorithmic labour governance in platform economies.
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7.2. Research findings

The findings across RQ1, RQ2, and RQ3 reveal a consistent organising logic

underlying customer participation in platform-based labour governance.

First, customers primarily perceive themselves as consumers engaged in a bounded
service exchange. Although rating systems position them as contributors to
governance, evaluative authority is secondary to their consumer identity. Customers
do not enact continuous supervision. Instead, evaluation exists as a latent capacity

that becomes relevant only under particular conditions.

Second, evaluative enactment is episodic rather than incremental. Customers do not
routinely use the full rating spectrum as a finely calibrated performance tool. Five-
star ratings operate as default affirmation, signalling acceptable completion of the
transaction. Punitive ratings are typically reserved for serious breaches, especially
safety-related violations. Minor dissatisfaction is frequently absorbed rather than

formally sanctioned.

Third, moral and contextual considerations shape rating decisions. Empathy,
awareness of driver livelihood dependence, proportional reasoning, and situational
judgement often moderate sanction. Customers weigh dissatisfaction against

perceived consequences before applying punitive ratings.

Fourth, platform design conditions both perception and enactment. Interface prompts
normalise evaluation as routine behaviour. Limited transparency regarding
thresholds and consequences constrains awareness of impact. Binary rating
architecture and interface simplicity influence how customers apply the scale.
Perceived feedback efficacy affects whether customers continue to participate

actively in evaluation or disengage from the system.

Together, these findings show that customer participation in algorithmic labour
governance is structured, conditional, and socially mediated. It is neither continuous
oversight nor purely technical enforcement, but a contextually activated and morally

filtered form of evaluative engagement.
7.3. Theoretical contributions

This study makes three interconnected theoretical contributions to the literature on

algorithmic management, role theory, and sociotechnical systems.
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7.3.1. Refining algorithmic management: from continuous discipline to

threshold-based moralised evaluation

Algorithmic management scholarship has established that rating systems function as
decentralised mechanisms of labour control (Duggan et al., 2023; Kellogg et al.,
2020). Customers are structurally embedded within governance systems, and their

evaluations shape worker precarity and platform access.

This study refines that account by demonstrating that customer discipline is not
enacted as continuous, granular supervision. Instead, customer evaluation follows a
threshold-based logic. Evaluation is activated when perceived conduct crosses a
boundary, most notably in relation to safety. Routine service variation does not

necessarily trigger sanction.

Furthermore, sanction decisions are morally mediated. Customers filter
dissatisfaction through empathy and proportional reasoning before applying punitive
ratings. This introduces variability into systems designed for automated precision.
Algorithmic governance therefore depends not only on technical architecture and

worker adaptation, but also on the ethical interpretation of customers.

The study thus advances the concept of threshold-based moralised evaluation.
Discipline is episodic, conditional, and socially negotiated rather than mechanically

transmitted through rating interfaces.
7.3.2. Extending role theory into algorithmic labour governance

Role theory emphasises that behaviour is shaped by how individuals interpret
expectations, responsibilities, and consequences (Anglin et al., 2022). This study
extends role theory into digitally mediated labour governance by examining how

customers interpret delegated evaluative authority.

The findings show that customers experience role layering and role tension. A
dominant consumer identity coexists with an intermittent evaluative role. Customers
are positioned as evaluators by platform design, yet they do not consistently
internalise a governance identity. This produces role ambiguity, particularly in

contexts of limited transparency regarding rating consequences.

Role conflict also emerges between entitlement as paying passengers and concern

for worker livelihood. Customers navigate this tension through moral calibration,
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often elevating the threshold for sanction. In this sense, evaluative enactment reflects

identity negotiation rather than automatic compliance with platform expectations.

The study therefore extends role theory by demonstrating how digital interfaces
operate as role senders and how algorithmic opacity shapes role ambiguity within

platform labour systems.

7.3.3. Advancing sociotechnical systems theory: co-production of

governance inputs

Sociotechnical systems theory posits that organisational outcomes emerge from
interaction between technical artefacts and social interpretation (Dolata et al., 2022;
Mumford, 2006). This study empirically demonstrates that principle within algorithmic

management.

Platform design embeds governance mechanisms within rating prompts, binary
scales, safety features, and mediated reporting tools. These design features
structure how evaluation occurs. However, the meaning and use of these features
are socially mediated. Customers compress rating scales, moderate sanctions, and

sometimes disengage when feedback efficacy is doubted.

The conceptual model (Figure 5 below) developed in this study integrates these

elements.

A consumer-first identity forms the foundation of role perception. Evaluation is
activated only when a perceived breach crosses a defined threshold, with safety
acting as a primary boundary condition. Moral and contextual moderators shape
whether activation occurs. Structural platform conditions influence perceived efficacy
and, ultimately, enactment outcomes. These outcomes range from routine five-star
affirmation, to binary punitive rating, to disengagement from the evaluative system

altogether.

This model illustrates that governance inputs themselves are co-produced.
Algorithmic systems assume granular and continuous evaluative signals. In practice,
those signals are socially filtered, threshold-driven, and variably engaged. The study
therefore moves beyond viewing sociotechnical interaction as affecting outcomes
alone. It shows that sociotechnical dynamics reshape the very inputs upon which

algorithmic governance depends.
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Figure 5: Conceptual model framework of findings

Consumer-First Identity

Evaluation is secondary to the primary identity of
the passenger as a service recipient.

Safety as a
Boundary Condition
Safety violations act as

a non-negotiable
primary trigger for
evaluation activation,

Threshold Activation

Evaluation triggers only when
a perceived breach crosses a
defined boundary.

Moral and Contextual Moderators

Empathy and livelihood awareness can raise the threshold,
preventing a negative rating.

Structural Conditioning
Binary rating architectures and interface friction influence the final
feedback efficacy.

Engagement
Perceived Efficacy
Disengagement
Enactment Outcomes
Default 5-Star Binary 1-Star Total
Affirmation Penalisation Disengagement
Positive Negative Refusal to
reinforcement or feedback for participate in the
passive crossing the rating system.
acceptance. threshold.
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7.4. Implications for business

This study demonstrates that customer participation in platform labour governance
is structured but not mechanically enacted. Evaluation is activated through threshold
logic, moderated by moral reasoning, and shaped by design-mediated perceptions
of consequence. These dynamics have direct implications for rating architecture,

transparency design, institutional accountability, and regulatory oversight.

Rather than treating customers as neutral feedback providers, platforms must

recognise that governance inputs are socially filtered and contextually activated.
7.4.1. Designing for informed evaluative participation

The study does not simply confirm that rating systems are opaque. It demonstrates
how opacity shapes customer behaviour. Limited visibility of rating consequences
produces patterned responses: some customers elevate sanction thresholds to avoid
unintended harm, while others disengage due to perceived inefficacy. Governance

inputs are therefore conditioned by uncertainty.

While prior research has documented algorithmic opacity primarily from the worker
perspective, this study shows its customer-side effects. Ratings are not transmitted

as raw dissatisfaction signals. They are filtered through perceptions of consequence.

Uber already provides guidance to drivers on how ratings function and how
performance is evaluated (Uber, n.d.). Comparable clarity is rarely extended to
customers. This asymmetry reinforces delegated authority without clear

accountability.

Platforms should consider calibrated transparency measures that clarify the meaning
of rating categories and the general implications of sustained low ratings. The aim is
not full algorithmic disclosure but informed participation. Where customers better
understand the consequences of evaluation, threshold inflation and disengagement

may reduce.
7.4.2. Addressing threshold-based rating behaviour

The findings show that customers do not enact ratings as granular performance
instruments. Instead, they apply threshold-based logic: five stars as affirmation, one

star as sanction for serious breach.
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This behavioural compression is not merely generosity. It reflects interaction
between moral moderation and scale ambiguity. Where rating levels lack clear

differentiation, customers default to binary judgement.

Platforms may therefore need to reconsider rating architecture. Attaching qualitative
descriptors to each level, separating safety incidents from service satisfaction, or
introducing structured feedback categories could improve calibration. Without
architectural refinement, platforms risk relying on evaluative data that reflect moral

caution rather than performance variation.
7.4.3. Safety as a structural boundary condition

Safety functions as a non-negotiable activation threshold within customer evaluation.
This suggests that safety is not one performance dimension among many but a

structural boundary condition for sanction.

This has regulatory resonance. The National Land Transport Amendment Act
formalises ridesharing services and introduces licensing, compliance, and panic
button requirements to enhance safety and accountability (Transport Gazettes
National Land Transport Amendment Act and Regulations on E-Hailing Services |
South African Government, 2025). These regulatory developments reflect the same

boundary logic observed in customer enactment: safety triggers intervention.

Platforms operating in high-risk contexts should therefore align governance systems
with this behavioural reality. Safety-related complaints require differentiated handling
and visible responsiveness. Treating safety breaches as equivalent to minor service

dissatisfaction may misrepresent how customers interpret severity.
7.4.4. Rebalancing delegated accountability

The study demonstrates that customers often internalise moral responsibility when
rating drivers. Concern for livelihood leads to sanction restraint. This indicates that
delegated evaluative authority is exercised without corresponding institutional

support.

Heavy reliance on customer discipline shifts accountability outward. Where
customers moderate ratings to avoid harm, governance signals weaken. Where they

apply sanction without contextual review, fairness risks increase.

Platforms should strengthen internal oversight mechanisms, structured appeal

processes, and contextual review before sanctions are imposed. Customer ratings
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should inform governance decisions but not singularly determine them. A rebalanced

model would reduce moral burden while improving procedural legitimacy.
7.4.5. Sustaining perceived efficacy

Perceived inefficacy undermines engagement. Where customers believe that

complaints or ratings do not produce meaningful review, participation declines.

This study shows that disengagement is not apathy but a response to perceived non-
responsiveness. Visible feedback loops, even at a procedural level, strengthen
legitimacy. Communicating that issues are reviewed, without disclosing operational

detail, may sustain engagement and trust.
7.4.6. Regulatory oversight of rating-based discipline

The formal recognition of e-hailing services within South African transport regulation
signals growing oversight of platform operations (Department of Transport, 2025).
However, rating-based discipline remains largely governed by platform policy rather

than statutory clarity.

Given the livelihood impact of ratings, regulators may consider minimum standards
for transparency in deactivation criteria, structured grievance processes, and

safeguards against disproportionate sanction arising from opaque algorithms.

Platform labour governance operates at the intersection of consumer behaviour,
technological infrastructure, and public regulation. Sustainable models require

alignment across these domains.
7.5. Limitations to the research study

The findings of this study should be interpreted within clearly defined boundaries.

The research was based on a small, purposively selected sample within a qualitative,
interpretivist design. The intention was to generate depth of insight into customer role
perception rather than statistical generalisation. The conclusions therefore reflect
analytically grounded interpretations of participant experiences and are not intended

to represent all ridesharing customers in South Africa.

The study also captures customer perceptions at a single point in time. Platform
design, transparency practices, and public discourse surrounding gig work continue
to evolve. As a result, the analysis does not account for how customer role perception

or evaluative behaviour may shift in response to structural or regulatory change.
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The reliance on self-reported accounts introduces the possibility of retrospective
rationalisation or social desirability bias. Although neutral questioning and reflexive
analysis were employed, participants’ descriptions of their rating practices may not

fully align with their actual behaviour.

In addition, the sample was female-dominant, and gender was not treated as a
primary analytical variable. The study prioritised variation in usage frequency and
engagement with feedback systems rather than demographic comparison. Potential
gender-based differences in role perception were therefore not systematically

examined.

These limitations define the scope of the study and clarify the conditions under which
its findings should be understood. They situate the contribution as a contextually
grounded exploration of customer participation in algorithmic labour governance

rather than a universal account of platform user behaviour.

The following section outlines recommendations for future research building on these

limitations and theoretical insights.
7.6. Suggestions for future research

This study contributes to understanding customer participation in algorithmic labour
governance by conceptualising customers as interpretive governance actors rather

than solely as consumers. However, several avenues for further research emerge.

First, future work should more clearly distinguish between consumer behaviour
research and governance-focused inquiry. Prior studies, particularly within marketing
and service management disciplines, have examined customer perceptions of
working conditions, service quality, and ethical consumption in gig platforms (e.g.,
Belanche et al., 2021). Such research provides valuable insight into usage intention
and recommendation behaviour. However, less attention has been paid to customers
as participants in labour governance through rating systems and algorithmic
discipline. Further studies could explicity compare consumer-oriented frameworks
with governance-oriented frameworks to clarify how evaluative authority operates

beyond satisfaction and loyalty outcomes.

Second, comparative research across Global North and Global South contexts would
refine understanding of contextual amplification. This study demonstrates that in a
South African setting characterised by high unemployment and safety risk, evaluative

enactment is strongly shaped by livelihood awareness and security concerns. Cross-
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contextual studies could examine whether threshold-based activation, moral
moderation, and safety prioritisation are intensified in high-precarity environments or
whether similar patterns emerge in more economically secure contexts. Such
comparisons would clarify the boundary conditions of threshold-based moralised

evaluation.

Third, longitudinal research would illuminate how customer role perception evolves
in response to institutional and design change. Platform rating systems, transparency
practices, and regulatory frameworks are dynamic. Examining customer enactment
before and after rating redesigns, transparency interventions, or regulatory reforms
would reveal whether evaluative authority becomes more internalised, more
calibrated, or more disengaged over time. This would advance understanding of how

delegated authority stabilises or shifts within algorithmic governance systems.

Fourth, methodological expansion is warranted. Integrating behavioural data or
platform-level rating distributions with qualitative interviews would allow comparison
between reported reasoning and observed scoring patterns. Mixed-method
approaches could assess the extent to which threshold-based enactment and moral
moderation are reflected in aggregate performance metrics. Experimental designs
testing transparency prompts or rating descriptors could further isolate the

behavioural effects of design interventions.

Fifth, sectoral extension would test the broader applicability of the conceptual
framework developed in this study. Ridesharing involves sustained interpersonal
interaction and heightened safety salience. Lower-contact services such as food
delivery, grocery platforms, or domestic task services may generate different
evaluative thresholds and moral calibrations. Comparative sectoral analysis would
clarify whether conditional activation and moderation are specific to high-contact

environments or generalisable across platform labour sectors.

Finally, future research should examine customer disengagement more directly.
Where perceived inefficacy or opacity weakens participation, governance systems
may experience declining evaluative input or distorted signalling. Investigating the
predictors and consequences of disengagement would contribute to broader debates

on algorithmic legitimacy and sustainability.

These research directions reinforce the importance of conceptualising customers as
active contributors to labour governance within platform economies. Continued

theoretical refinement and methodological diversification will be essential for
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advancing scholarship on the co-production of algorithmic control across diverse

socio-economic contexts.
7.7. Conclusion

This research study set out to examine how customers perceive and enact their role
within algorithmically managed ridesharing platforms in South Africa. While
algorithmic management scholarship has extensively analysed platform control
mechanisms and worker adaptation, customers have largely been positioned as
passive consumers or abstract data inputs. This study reframed customers as

interpretive governance actors embedded within labour management systems.

The findings demonstrate a fundamental tension between structural centrality and
subjective interpretation. Although customer ratings materially shape driver visibility,
incentives, and continued access to work, customers do not consistently internalise
a managerial identity. Instead, evaluative authority is layered onto a dominant
consumer identity and activated conditionally. Rating enactment follows threshold-
based logic, with safety functioning as a boundary condition and moral reasoning
shaping whether dissatisfaction translates into sanction. Platform design normalises
participation while simultaneously limiting transparency, producing uncertainty that

conditions engagement, moderation, and occasional disengagement.

By integrating role theory and sociotechnical systems theory, this study
reconceptualises customer participation in algorithmic governance as threshold-
based, morally mediated, and design-conditioned. Algorithmic management does not
operate as a linear transmission of customer dissatisfaction into worker discipline.
Governance inputs themselves are socially filtered. Computational systems rely on
human interpretation, and the precision assumed by rating architectures is reshaped

through customer judgement.

Situated in the South African context, where economic precarity and safety concerns
intensify the stakes of evaluation, the research further demonstrates that platform
governance cannot be understood independently of socio-economic conditions.
Delegated authority operates differently in environments marked by vulnerability and
inequality. Platform labour governance is therefore not only algorithmic. It is

relational, contextual, and co-produced.

This study contributes a conceptual framework of threshold-based moralised

evaluation that advances understanding of how delegated authority functions within
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platform economies. More broadly, it affirms that analysing algorithmic governance
requires attention to all actors who generate and interpret its inputs. Customers are
not peripheral to platform labour systems. They are integral to their operation,

legitimacy, and limits.

By foregrounding customer interpretation within algorithmic management, this study
offers a more balanced and contextually grounded account of governance in digitally
mediated labour systems and underscores the need to examine multi-actor

participation in shaping the future of platform work.
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APPENDICES

Appendix 1: Consistency matrix

management as
intensive control
with
organisational

distance

(2019); Baiocco et al.
(2022); Kellogg et al.
(2020); Duggan et al.
(2023)

review it accordingly so they’re no
longer able to drive.”
P13: “l feel like if | reported on the

platform, they might take him out of
service.”

gﬁigtl;ljgtretlcal Key Literature Key Findings + Demonstrative Discussion — Contribution, Refinement,
Sources — Citations | Quotes (Chapter 5) Tension, Partial Challenge
Algorithmic Meijerink and Keegan | P12: “| feel like | have to now... Confirms: Ratings are understood as potentially

removing drivers from the platform, supporting

claims of indirect disciplinary control.

Refines: Control is recognised by customers
episodically (in serious cases), rather than

experienced as continuous managerial oversight.

Tension: Structural intensity of algorithmic
control may be greater than customers’ perceived

day-to-day supervisory role.

Customers as
active
contributors to
labour

governance

Duggan et al. (2023);
Ness et al. (2022);
Healy and Pekarek

P1: “l don’t know if I'm one drop in

1,000 customers or one in 50.”

P10: “So I'm hoping that the owner
would get that feedback.”

Confirms: Customers recognise their ratings

feed into broader governance structures.

Refines: Customers perceive influence but not

clear positional authority.
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Key Theoretical
Construct

Key Literature

Sources - Citations

Key Findings + Demonstrative
Quotes (Chapter 5)

Discussion — Contribution, Refinement,

Tension, Partial Challenge

(beyond dyadic

(2025); Keegan and

Partial Challenge: Customers are neither fully

models) Meijerink (2023) passive nor fully governance-conscious — they
occupy an ambiguous intermediary position.

Delegated Duggan et al. (2023); | P11: “You have to be careful how Confirms: Evaluative authority is delegated to

evaluative Healy et al. (2020) you rate because it can actually customers.

authority without affect them.”

transfer of

accountability

P1: “l don't know how the algorithm
is working in the background.”

Refines: Authority is exercised under opacity;
customers lack clarity about thresholds and

enforcement mechanisms.

Tension: Customers internalise moral weight of
decisions without possessing formal

accountability or system control.

Rating systems as
mechanisms of
labour discipline
(performance

correction)

Kellogg et al. (2020);
Duggan et al. (2023);
Ness et al. (2022);
Maffie (2022)

P4: “l think it's valid... it would help

them improve for future.”

P7: “seeing the consequence of
saying something and giving
feedback...”

Confirms: Ratings are used intentionally as

corrective and disciplinary signals.

Extends: Customers adopt quasi-supervisory
language (improvement, consequences,

correction).

111




Key Theoretical
Construct

Key Literature

Sources - Citations

Key Findings + Demonstrative
Quotes (Chapter 5)

Discussion — Contribution, Refinement,

Tension, Partial Challenge

P7: “you need to also pick up

yourself...”

P12: “| want the consequences to
be followed through...”

Refines: Discipline is morally mediated and

selectively activated, not mechanically applied.

Rating systems as
threshold-based
discipline (safety
boundary)

Kellogg et al. (2020);
Duggan et al. (2023)

P5: “If the driver drives safely,
didn’t speed.”
P13: “If they were driving

recklessly, then | would definitely
drop the rating.”

Confirms: Ratings function as sanctioning tools.

Refines: Discipline is primarily triggered by safety
violations rather than routine performance

variance.

Tension: Algorithmic systems assume granular
differentiation, but customers enact threshold-

based sanctioning.

Role ambiguity

(customer-side)

Healy et al. (2020);
Healy and Pekarek

(2025); Tarafdar et al.

(2023)

P9: “| have no idea how it impacts

drivers.”

P14: “l don't know if... if | rate like a
five star, if it does have any effect.”

Confirms: Uneven awareness of rating

consequences.

Extends: Demonstrates role ambiguity among

customers, not only workers.
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Key Theoretical

Construct Key Literature Key Findings + Demonstrative Discussion — Contribution, Refinement,
Sources — Citations | Quotes (Chapter 5) Tension, Partial Challenge

Clarifies: Ambiguity concerns unclear
expectations and consequences, not behavioural
enactment itself.

Role conflict Healy et al. (2020); P14: “You can’t punish someone Confirms: Consumer ambivalence between

(ethical concern Healy & Pekarek for something small.” ethical concern and entitlement.

Vs consumer (2025)

P13: “I'm sympathetic.” Extends: Conflict directly shapes rating

entitiement) enactment through moral filtering.

Refines: Ethical concern moderates disciplinary

impulses.
Algorithmic Wiener et al. (2023) P11: “I'm not even too sure if my Tension: Wiener et al. argue legitimacy depends
legitimacy ratings... have any effect.” on transparent, actionable feedback.
contingent on P11: “l believe less in how these Findings suggest perceived opacity weakens trust
transparency ratings... affect anything.” and belief in efficacy.
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Key Theoretical
Construct

Key Literature

Sources - Citations

Key Findings + Demonstrative
Quotes (Chapter 5)

Discussion — Contribution, Refinement,

Tension, Partial Challenge

P16: “I honestly believe it doesn't
make a difference.”
P16: “| never thought... there

would be actual people looking at
the algorithm.”

Partial Challenge: Where customers do not
perceive visible consequences, algorithmic
governance risks appearing performative rather

than legitimate.

Sociotechnical co-
production of
governance

outcomes

Mumford (2006);
Dolata et al. (2022);
Dedema and
Rosenbaum (2024);
Dolata et al. (2022)

P4: “it's either a five or one... | just

don’t know why | do that.”

P11: “l typically don't do a two,
three or four.”

Confirms: Governance outcomes emerge from

interaction of design and user behaviour.

Extends: Moral calibration compresses

evaluative variance.

Partial Challenge: Binary enactment may reduce
the granularity assumed by algorithmic
performance systems, demonstrating

sociotechnical reshaping of governance inputs.
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Appendix 2: Screening criteria

MBA Dissertation: Customer role perception in e-hailing platform labour management

This form represents a first screening step in the research process. The short questions below are designed to help determine whether you meet the study’s inclusion criteria and whether you may be a suitable candidate for a
follow-up interview. ing this screening should take no more than 2 minutes.

Your participation in this screening is completely voluntary.

If you meet the study criteria and are interested in taking part in an interview, you will be given the option to voluntarily provide your preferred contact details (such as a WhatsApp number or email address) at the end of this
form. Providing contact details is optional

Any contact information you choose to share will be used only for the purposes of this research, specifically to:

« Contact you regarding your eligibility, and
« Arrange a convenient time and platform for the interview (e.g., WhatsApp call, phone call, or online meeting), or
« Conduct the interview itself if you prefer a WhatsApp voice or video call,

Only participants who consent to follow-up contact will be approached. You may withdraw your consent and discontinue participation at any time.

Study Context

Every time we book a ride, rate a driver, or tap “submit feedback” it might feel routine or even somewhat passive. But research increasingly suggests that these small actions can quietly shape people’s livelihoods - often in
ways we rarely see or think about

Despite extensive research on platforms and workers, there is still limited understanding of how users of ride-hailing platforms (i.e. passengers) experience these systems and interpret their own role within them.

My study aims to unpack:
How customers understand their role when using ride-hailing platforms
How they make rating and feedback decisions in practice
Whether they see themselves as neutral users, evaluators, or something else entirely

Your perspective is highly appreciated!

* Indicates required question

1.  Would you be willing to il inan about your using e-hailing services? *
Mark only one oval.
Yes, | am interested

No, | am notinterested  Skip to section 6 (Thank you for completing the screening form!)

2. Country of residence *
Mark only one oval.
South Africa
Elsewhere Skip to section 6 (Thank you for completing the screening form!)

3. Have you used an e-hailing service (e.g., Uber, Bolt, inDriver) in South Africa in the past 12 months? *

Mark only one oval.
Yes

No Skip to section 6 (Thank you for completing the screening form!)

4. Age*
Mark only one oval.

18 years of age or older Skip to question 5

Under 18 years of age  Skip to section 6 (Thank you for completing the screening form{)

| appreciate your time and interest in this study. No further action is required, and your information will not be used for any follow-up contact

Wishing you all the best, and thank you again for taking part in this stage of the research.

5. Which age group do you belong to? *
Mark only one oval.
18-24
25-34
35-44
45-54

55 or older

6. Gender *
Mark only one oval.
Female
Male
Non-binary / Prefer to self-describe

Prefer not to say
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7. Which e-hailing services have you used most frequently? (Select all that apply) *

Bolt
In-Drive
Uber

Other:

8. How often do you typically use e-hailing services? *
Mark only one oval.
Daily
A few times per week
A few times per month

Rarely (less than once a month)

9. How would you describe your engagement with in-app feedback features (e.g., tipping, rating drivers, leaving comments, reporting issues)? *
Mark only one oval.
| always provide feedback
| sometimes provide feedback
| rarely provide feedback

| never provide feedback

10. | understand that my contact details will be used only 1o arrange or conduct the research interview, and that | may withdraw consent or stop communication at any time. *
Mark only one oval.

Yes

11. Please provide your email address or WhatsApp number so | can reach out to schedule an interview *

This content is neither created nor endorsed by Google.

Google Forms
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Appendix 3: Interview guide

Thank you for agreeing to take part in this interview that forms part of my MBA

research study at the Gordon Institute of Business Sciences. The purpose of this

study is to explore how customers perceive their role in ridesharing platform labour

management. Your responses will remain confidential and there are therefore no

right or wrong answers. | am interested in your honest experiences and views.

The interview will take approximately 45 minutes. With your permission, | will audio

record our conversation to ensure accuracy.

Section 1: Background and Platform Use

1.

Can you tell me about your experience using ridesharing services such as
Uber, Bolt, or inDrive?

How often do you typically use these services, and what would lead you to
using the services?

Which platform or platforms do you use most often, and what influences that

choice?

Section 2: Role Perception

4.

When you use an ridesharing service, how do you generally think about your
role during the trip?

What do you see as your main responsibilities, if any, as a customer on
these platforms?

Do you think your role ends once the trip is complete, or does it extend
beyond that in any way?

Has your understanding of your role changed over time? If so, what

influenced that change?

Section 3: Evaluative Practices and Enactment

8.

11.

Can you walk me through how you usually decide on the rating you give a
driver?

What factors tend to matter most to you when evaluating a ride?

. Can you describe a recent situation where you gave a particularly high or

low rating? What influenced that decision?
Are there situations where you choose not to leave a rating or feedback?
Why?
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12.

How do you decide whether to leave written comments or tips, if at all?

Section 4: Awareness and Consequences

13.

14.

15.

16.

What do you understand about how your ratings or feedback are used by
the platform?

At what point, if ever, did you become aware that ratings could affect drivers’
access to work or income?

How certain or uncertain do you feel about the consequences of your
feedback?

Does this understanding influence how you rate drivers? In what way?

Section 5: Platform Design and Sociotechnical Mediation

17.
18.

19.

20.

How would you describe the process of rating a driver on the app?

What aspects of the app make it easier or harder to think carefully about
your feedback?

Do you feel the platform gives you enough information about what happens
after you rate a driver?

Have you ever felt rushed, guided, or constrained by the design of the rating

system? Can you explain?

Section 6: Responsibility, Fairness, and Ethical Reflection

21.

22.
23.

Are there situations where you feel conflicted when deciding how to rate a
driver?

Do you think the current rating system is fair to drivers? Why or why not?
What, if anything, could platforms do differently to support fairer or clearer

evaluation?

Section 7: Reflection and Closure

24,

25.

26.
27.

Has this conversation changed how you think about your role as a customer
on ridesharing platforms?

Is there anything you would want platforms, customers, or drivers to
understand better about feedback and ratings?

Is there anything else you would like to share that we have not discussed?

We have come to the end of the interview. Thank you for your time and
valuable insights. Your input will help build a better understanding of
customer roles in ridesharing labour management and may contribute to

fairer platform practices.
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Appendix 4: Informed consent letter

Gordon Institqte
of Business Science
University of Pretoria

Informed consent letter

| am currently a student at the University of Pretoria's Gordon Institute of Business Science
and completing my research in partial fulfilment of an MBA. | am conducting research how
customers perceive their role in e-hailing platform labour management. Our interview is
expected to last about 45 minutes to an hour. Your participation is voluntary, and you can
withdraw at any time without penalty. All data will be reported without identifiers. If you have
any concerns, please contact my supervisor or me. Qur details are provided below.

Researcher name: Research Supervisor Name: Dr. Renjini

Joseph
Email: 24145697 @mygibs.c.za Email: josephr@gibs.co.za

Phone: Phone:

Signature of participant:

Date:

Signature of researcher:

Date:
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Appendix 5: Code book

RQ1: How do customers perceive their role within algorithmically managed
ridesharing platforms?

Theme 1: Consumer-First Understanding of the Passenger Role

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Rating Default 5-star rating; Bounded | Ratings framed as routine

Behaviour transaction service evaluation behaviour

Patterns within a transactional
encounter.

Passenger Be a decent customer; Mutual | Self-concept as a “good” or

Moral Identity

respect as passenger role

respectful passenger guiding
role perception.

Market & Uber has first mover Perception of role shaped by
Platform advantage; Explicit cost— how the platform is
Positioning benefit reasoning positioned in the market.

Theme 2: Variat

ion in Perceived Responsibility

within the Rating System

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Passenger
Moral Identity

Moral accountability;
Awareness of driver livelihood

Perceived ethical
responsibility for rating
consequences.

Moral Accountability transfer; Shifting or moderating
Reasoning in Avoidance of harm responsibility when
Evaluation evaluating drivers.
Platform & Limited understanding of rating | Perceived limits of

System Design

algorithm; Platform opacity

knowledge about how the
system works.

RQ2: How do customers enact their evaluative role?

Theme 3: Strategic and Contextual Rating Practices

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Rating Binary rating behaviour; Car Heuristic-based judgement
Behaviour cleanliness influencing rating patterns when assigning
Patterns ratings.

Platform & Perceived ease of rating; Tip Evaluation enabled and

System Design

as direct reward

simplified through interface
design.

Theme 4: Affective Mediation of Judgement

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Interaction- Communication reduces Emotions and interaction
Level penalty; Mood-dependent tone shaping evaluation
Moderators engagement outcomes.

Passenger Empathy toward novice Moral self-perception

Moral Identity

workers

influencing judgement.

Moral
Reasoning in

Avoidance of harm

Evaluation

Efforts to soften evaluation
due to concern about

consequences.
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RQ3: How does platform design influence perception and enactment?

Theme 5: Interface-Structured Participation

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Platform &
System Design

Limited expressive agency;
Perceived ease of rating

Constrained feedback
options shaping how
participation occurs.

Rating
Behaviour
Patterns

Feedback as improvement
mechanism

Rating embedded into the
user journey as structured
participation.

Theme 6: Algorithmic Opacity and Constrained Agency

Second-Order
Code

First-Order Codes (Examples
from interview data)

Definition

Platform &
System Design

Platform opacity; Feedback
loop opacity

Lack of visibility into
algorithmic processes.

Moral
Reasoning in
Evaluation

Accountability transfer

Perceived limits of influence
leading to reliance on the
platform to act.

Platform &
System Design

Limited understanding of rating
algorithm

Uncertainty about how
outcomes are determined.
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Appendix 6: Ethical clearance

Ethical Clearance Approved (Estemal Inbox S

Masters Research <MastersResearch@gibs.co.za> @ 21 0ct 2025, 08:49 ® «
to me, Masters

Gordon Institute Ethical Clearan
bbbt st e thical Clearance
University of Pretoria Appl’DVBd

Dear

Please be advised that your application for Ethical Clearance has been approved.
You are therefore allowed to continue collecting your data.

We wish you everything of the best for the rest of the project.

Ethical Clearance Form

Kind Regards

This email has been sent from an unmonitored email account. If you have any comments or concemns, please contact the GIBS

Research Admin team.
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