


























































































































































































































Table 18: Summary of multiple regression analysis with digital insights as the DV

Variable B SE(b) Beta
Intercept 0,904 0,498

Innovation 0,369 0,089 0,089*
Leadership 0,092 0,074 0,074
OL1 - Knowledge Sharing -0,047 0,083 0,083
OL2 - Information Access -0,016 0,070 0,070
OL3 - Knowledge Management 0,065 0,057 0,057
OL4 - Culture -0,115 0,065 0,065
OLS5 - Performance 0,207 0,059 0,059*

Note. B = Under standardized regression coefficient; SE(b) = Standard error of the coefficient; Beta = standardized

coefficient. *p<0.05

predicted (Digital Insights) = 0,904 + (0,369 * Innovation) + (0,092 * Leadership) - (0,047
* Knowledge Sharing) - (0,016 * Information Access) + (0,065 * Knowledge
Management) - (0,115 * Learning Culture) + (0,207 * Performance)

5.7.3 Multiple regression results with digital organisation and culture as the
DV

A multiple regression was run to predict digital competence from leadership, innovation
and organisational learning factors. There was linearity as assessed by partial regression
plots and a plot of studentized residuals against the predicted values. There was
independence of residuals, as assessed by a Durbin-Watson statistic of 1.991 (Table
19).

Table 19: Model summary with digital organisation and culture as the dependent

variable

Model Summary®

Model R R Square Adjusted R Square Std. Error of the Estimate Durbin-Watson
1 .7882 0,620 0,599 0,40695 1,991
a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 - Knowledge Sharing, Leadership,

OL2 - Information Access, Innovation
b. Dependent Variable: DM3 - Digital Culture
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There was homoscedasticity, as assessed by visual inspection of a plot of studentized
residuals versus unstandardized predicted values. There was no evidence of
multicollinearity, as assessed by tolerance values greater than 0.1. There was one case
of studentized deleted residuals greater than =3 standard deviations, two leverage
values greater than 0.2, and no values for Cook's distance above 1. After careful

inspection, the researcher decided not to exclude any of the cases identified.

The multiple regression model statistically significantly predicted digital competence
F(7,125) = 29.159, p < 0.05, adj. R2 = .59. Only four of the seven variables added
statistically significantly to the model, p < .05. Regression coefficients and standard

errors can be found in Table 20 (below).

Table 20: Summary of multiple regression analysis with digital organisation and

culture as the DV

Variable B SE(b) Beta

Intercept 1,260 0,462

Innovation 0,349 0,083 0,083*
Leadership 0,189 0,068 0,068*
OL1 - Knowledge Sharing -0,143 0,077 0,077
OL2 - Information Access 0,044 0,065 0,065
OL3 - Knowledge Management 0,066 0,053 0,053
OL4 - Culture -0,172 0,061 0,061*
OLS5 - Performance 0,127 0,055 0,055*

Note. B = Under standardized regression coefficient; SE(b) = Standard error of the coefficient; Beta = standardized

coefficient. *p<0.05

Predicted (Digital Org and Culture) = 1,260 + (0,349 * Innovation) + (0,189 * Leadership)
- (0,143 * Knowledge Sharing) + (0,044 * Information Access) + (0,066 * Knowledge

Management) - (0,172 * Learning Culture) + (0,127 * Performance)

5.7.4 Multiple regression results with digital strategy as the DV

A multiple regression was run to predict digital competence from leadership, innovation

and organisational learning factors. There was linearity as assessed by partial regression
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plots and a plot of studentized residuals against the predicted values. There was
independence of residuals, as assessed by a Durbin-Watson statistic of 1.874 (Table
21).

Table 21: Model summary with digital strategy as the dependent variable

Model Summary®

Std. Error of the
Model R R Square Adjusted R Square Estimate Durbin-Watson
1 .3902 0,152 0,105 0,40298 1,874

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM4 - Digital Strategy

There was homoscedasticity, as assessed by visual inspection of a plot of studentized
residuals versus unstandardized predicted values. There was no evidence of
multicollinearity, as assessed by tolerance values greater than 0.1. There was one case
of studentized deleted residuals greater than =3 standard deviations, two leverage
values greater than 0.2, and no values for Cook's distance above 1. After careful

inspection, the researcher decided not to exclude any of the cases identified.

The multiple regression model statistically significantly predicted digital competence
F(7,125) = 3.206, p < 0.05, adj. R2 = .105. Not one of the seven variables added
statistically significantly to the model, p < .05. Regression coefficients and standard

errors can be found in Table 22 (below).

Table 22: Summary of multiple regression analysis with digital strategy as the DV

Variable B SE(b) Beta
Intercept 3,182 0,457

Innovation 0,132 0,082 0,082
Leadership -0,024 0,068 0,068
OL1 - Knowledge Sharing 0,136 0,076 0,076
OL2 - Information Access -0,010 0,064 0,064
OL3 - Knowledge Management -0,056 0,053 0,053
OL4 - Culture -0,098 0,060 0,060
OLS5 - Performance 0,000 0,054 0,054

Note. B = Under standardized regression coefficient; SE(b) = Standard error of the coefficient; Beta = standardized
coefficient. *p<0.05
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5.8 Summary of findings

Sub-Research question 1: What is the relationship between digital leadership and

the level of digital maturity of an organisation?

Correlation analysis results indicated a strong positive correlation between the
leadership factor and the digital competence, digital insights and digital organisation and
culture factors of the DM construct. A small positive correlation between the leadership
and digital strategy factors were indicated. These relationships were statistically
significant at p < .05. The null hypothesis can thus be rejected as there is a positive

statistically significant relationship between the leadership and digital maturity factors.

Sub-Research guestion 2: What is the relationship between innovation and the

level of digital maturity of an organisation?

Correlation analysis results indicated a strong positive correlation between the
innovation factor and the digital competence, digital insights and digital organisation and
culture factors of the DM construct. A moderate positive correlation between the

innovation and digital strategy factors were indicated.

These relationships were statistically significant at p < .05. The null hypothesis can thus
be rejected as there is a positive statistically significant relationship between the

innovation and digital maturity factors.

Sub-Research question 3: What is the relationship between organisational

learning and the level of digital maturity of an organisation?

Correlation analysis results indicated mostly positive correlations between the
organisational learning and the digital maturity factors. Negative correlations were

indicated between the Learning culture OL factor and all of the DM factors.
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Two correlation results also indicated no statistical significance at p > .05, which was
between the OL knowledge management and digital strategy factors as well as the OL
performance and digital strategy factors, and therefore the null hypothesis for these
correlation results cannot be rejected. The remainder of the correlation results were
statistically significant at p < .05. The null hypothesis can thus be rejected for these

factors as there is a positive statistically significant relationship between them.

The findings for the first three sub-research questions are summarised as per Table 23

below.

Table 23: Summary of Pearson correlation results for the first three sub-research

questions
a o c R 2 8
c = &)
. = o o o0 3
Digital 2 > s 2| 5 d + O E = .
: © o - Q.= N 8o 20 = TolN =
maturity > ] 4= @ _|§o 4= o O - =
factor c S Cog | Csg | @e8 < ©eg
s | 8 | TEd | TET | TEE | 3 ;
- = = o) o
Digital Strong + | Strong + | Small + Moderate Small + Strong - Moderate
Competence + +
Digital Strong + | Strong + Moderate | Moderate | g, Strong - | Strong +
Insights + +
Digital Org | strong + | Strong + | Small+ | “M0U€a® | g+ | Strong- | Mederate
and Culture + +
Digital Moderate | giaii+ | small + Small+ | Small += | Moderate | gy o
Strategy + 3

Note. ** There is no statistically significant correlation between these two variables, p > 0.05.

Over-arching research question: What is the overall effect organisational learning
and digital Innovation as dynamic capabilities, and digital leadership on the level

of digital maturity of the organisation?

Multivariate linear regression analysis was conducted to analyse the cumulative effect of
all seven of the factor simultaneously to predict the factors of digital maturity. Although
the models were statistically significant at p < .05, not all the factors related to
Leadership, Innovation and Organisational learning were statistically significant in

predicting the level of digital maturity as represented by the four DM factors (Table 24).
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Table 24: Summary of multiple regression covariance findings

> S >
c 2 |3 5 |8 E| = 3
Digital maturity 2 7 2 | E 23 € 3 3
S | s |25 e85 3 |9cE
factor ) o < 2 T ol ¢ ® ' O ©
= s ) T <75 < =
- - 3 3 ©“=| 0O &

(@] (@) @]
Digital Competence 0,357** | NS |-0,169** | NS NS NS 0,125**
Digital Insights 0,369** | NS NS NS NS NS 0,207**
Digital Org and Culture | 0,349** | 0,189 NS NS NS | -0,172* | 0,127**
Digital Strategy NS NS NS NS NS NS NS
Cumulative covariance | 1,075 | 0,189 | -0,169 - - -0,172 0,459

Note. ** = Significant, NS = Not significant.

Thus, the null hypothesis cannot be rejected as only two of the seven factors are

statistically significant to cumulatively determine the level of DM.
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Chapter 6: Discussion of Results

6.1 Introduction

In this chapter, the findings related to each of the research questions are discussed in
detail. Sub-research question one attempted to understand the nature of the relationship
between digital leadership and the digital maturity of an organisation. Sub-research
question two attempted to understand the nature of the relationship between innovation
and the digital maturity of an organisation. Sub-research question three attempted to
understand the nature of the relationship between organisational learning and the digital
maturity of an organisation. Finally, the overarching research question attempted to
understand the overall effect organisational learning and digital innovation as dynamic

capabilities, and digital leadership would have on the digital maturity of the organisation.

This chapter’s structure will group the specific results for each research question at the
construct level and then discuss these results in the context of the literature reviewed.

This chapter aims to expand on the current literature (Catlin et al., 2015; Chanias & Hess,
2016; Kane et al., 2015; Sebastian et al., 2017) related to digital maturity and the
relationships between digital maturity and leadership, innovation and organisational
learning. In this chapter, the simultaneous influence these constructs may have on digital

maturity will also be evaluated.

The literature reviewed indicated numerous views as to what constitutes DM (Catlin et
al., 2015; Deloitte Digital, 2015; Gottschalk, 2009; Westerman et al., 2012). What these
authors all have in common is that their perspectives and models rely on processes or
activities aligned to the principles of DC and the RBV (Eisenhardt & Martin, 2000;
Peteraf, 1993; Teece et al., 1997). These processes or activities are used to manipulate
digital resources through the execution of the DBS (Catlin et al., 2015; Kane et al., 2015;
Sebastian et al., 2017), the expected outcome of which is an increase in the DM of the
organisation. This allows organisations to effectively respond and adapt to the
exponential growth in digital technologies, the risk of disruption and other digital threats

which may be present in their external environment.
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Based on the literature reviewed, a definition for DM was proposed for this study, which
is the outcome of digital business strategy aspects concerned with the enhancement of

the digital capabilities of an organisation.

For this study, the DM construct was reduced to four sub-constructs through factor
analysis as per section 4.7.2. Both the leadership and innovation constructs were
reduced to one sub-construct each through factor analysis. The organisational learning
construct was reduced to five sub-constructs. Table 25 below provides a summary view
of the attributes identified against each of the constructs and what the attribute

represents in the context of this study.

Table 25: Overview of attributes identified

Construct Attribute name Attribute details

What digital skills and resources the

organisation has access to.

Effectiveness of planning and execution
of change programmes.

Competence Whether leadership behaviour and
actions are supportive of digital

initiatives.

Whether alignment of above exists with

the organisation's goals.

How modern architecture, tools and

Digital maturity

_ customer insights feed back into the
Insights .
DBS, measurements and design and

development activities.

How culture and structure support
Organisation and culture | collaboration, resource allocation and the

measurement thereof

All aspects which influence and supports

Strate
i the digital facets of the DBS

Leadership Leadership Representative of all attributes of

leadership.

Innovation Innovation Representative of all attributes of

innovation.
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Knowledge sharing

Identification and acquiring of talent
Use of electronic data, information
systems and tools are utilised for both
decision-making and timely

communication

Knowledge management

Measured the formal data management

processes of the organisation

How expert skills are developed and

managed

Culture

Organisational learning

Employee resistance to new ways of

working

How information disseminates both

formally and informally

Whether the organisation culture

promotes knowledge sharing

Whether the culture allows the
organisation to react quickly to

technological change

Information access

How easy is it for employees to gain

access to information?

Do employees know where to get access
to data they do not have?

How data is used to the benefit of the

company.

Performance

Measured the collection of and data on
all facets of performance within the

organisation.

Measured to what extent financial
performance and gain influenced

decisions to acquire sub-units.

The competence attribute of the DM construct represented the digital skills and

resources of the organisation and the effectiveness of the planning and execution

processes driving the digital change programmes, supported by the right digital

leadership behaviours. The competence attribute of DM also represented the alignment

of the above to the organisation’s digital goals.
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The insights DM attribute represented how modern architectures, digital tools, customer
insights and lessons learned are fed back into aspects such as the DBS, measuring

success and digital design and development.

The organisation and culture DM attribute represented how the organisation structure
enables innovation, and effective communication supports collaboration, allocates

resources and how they are measured.

The strategy attribute represented all the aspects which influence and supports the digital
facets of the DBS.

6.2 Digital leadership

In this section, the correlation and regression results pertaining the digital leadership

construct is discussed within the context of the literature reviewed in Chapter 2.

Table 26 below provides a summary of the Pearson correlation analysis results for the
attribute (Table 25) pertaining to the leadership construct. The descriptive results for this
construct as per section 5.4.1 suggested that most respondents rated their organisations
to have an average level of digital leadership capabilities and that they mostly display

the digital leadership behaviours which were measured.

Table 26: Summary of the Pearson correlation results for leadership and DM

Digital maturity attribute Result
Digital Competence Strong +
Digital Insights Strong +
Digital Org and Culture Strong +
Digital Strategy Small +

Note. All the results were statistically significant, p < 0.05.

6.2.1 Leadership and the competence DM attribute

The competence attribute of the DM construct measured the digital skills and resources

of the organisation and the effectiveness of the planning and execution processes driving
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the digital change programmes, supported by the right digital leadership behaviours.
Competence also represented the alignment of the above to the organisation’s digital
goals. The results in Table 26 indicates a statistically positive strong relationship between

the leadership attribute and the competence DM attribute.

This finding is supported by the the literature reviewed in the context of digital
competence (Bryant, 2003; Davison & Ou, 2017; Fitzgerald et al., 2013; Singh, 2008;
Williams & Sullivan, 2011), as digital leaders are expected to be actively involved in
strategic planning and execution activities and in building an understanding as to how
digital technologies could be used or combined to create value for the organisation
(Davison & Ou, 2017). Digital leaders enable digital transformation through their digital
vision which, when shared with the organisation will ensure significant buy-in from
employees (Fitzgerald et al., 2013). As per Teece (2007), leadership’s role is that of
ensuring decisions are made and that goals, values and expectations are communicated
while ensuring employees are motivated. The positive nature of this finding is further
supported by Bryant (2003) who found that leadership is critical to the flow of knowledge
within the organisation through their vision, employee motivation and by ensuring
systems and structure are in place at all levels of the organisation. Digital leaders achieve
this by employing a combination of both transactional and transformational leadership
styles (Bryant, 2003; Singh, 2008; Williams & Sullivan, 2011).

The literature reviewed is hence in agreement that leadership, while not necessarily a
DC, would have a positive influence on DM through the competence attribute (Table 25)
which aligns with the findings in this section. The strong positive nature of this
relationship indicates that a focus on leadership effectiveness when executing change,
growing and developing talent, including digital leadership talent and ensuring these
activities are aligned with the overall organisation goals will lead to an increase in digital
competence and therefore the DM of the organisation. The digital leader’s role is to be

enabling, supportive and to create an environment for digital initiatives to succeed.

6.2.2 Leadership and the insights DM attribute

The digital insights DM attribute measured how modern architectures, digital tools,
customer insights and lessons learned are fed back into aspects such as the DBS,

measuring success and digital design and development. The results in Table 26
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indicates a statistically positive strong relationship between the leadership attribute and
the digital insights DM attribute (Table 25).

The literature reviewed in the context of digital insights (Bennis, 2013; Davison & Ou,
2017; ElI Sawy et al.,, 2016; Kane et al., 2016) revealed that the concept of digital
leadership focuses on the digital context when thinking of business strategy and models,
IT, talent, opportunities and other relevant digital capabilities as unique sources of value
creation (Davison & Ou, 2017; ElI Sawy et al., 2016). Digital leaders need to have an
understanding of technology (Kane et al., 2016) as without these digital perspectives
leaders are unable to effectively leverage digital capabilities, which places the
organisation at a significant disadvantage (Bennis, 2013). This role is typically fulfilled by
the chief digital officer (CDO) or chief information officer (CIO), as discussed in Chapter
2, and requires the digital leader to have both a technical background as well as an
understanding of marketing, finance and other aspects of the organisation. Through the
understanding as to how these digital capabilities should be leveraged effectively, and
subsequently formalising the execution of these insights through the DBS, the

organisation will be able to increase their DM.

The findings in this section, therefore, aligns with the literature reviewed (Bennis, 2013;
Davison & Ou, 2017; El Sawy et al., 2016; Kane et al., 2016) regarding the strong positive
nature of this relationship and indicates that digital insights are key inputs when defining
and prioritising digital transformation activities as part of the DBS, which is concerned
with defining and executing the prioritised digital agenda of the organisation. As a result,
activities within the context of the digital insights attribute should be prioritised by digital

leaders in their efforts to increase the DM of their organisations.

6.2.3 Leadership and the organisation and culture DM attribute

The organisation and culture DM attribute measured how the organisation culture and
structure enables innovation and effective communication supports collaboration,
allocates resources and how they are measured. The results in Table 26 indicates a
statistically positive strong relationship between the leadership attribute and the digital
org and culture DM attribute (Table 25).

The literature reviewed (Antonakis & House, 2014; Dinh et al., 2014; El Sawy et al., 2016;
Fitzgerald et al., 2013; Kane et al., 2016; Parris & Peachey, 2013; Vey et al., 2017) in

the context of digital organisation and culture supports the concept of a culture of change
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and innovation that is required during digital transformation (Vey et al., 2017). This digital
culture was found to be one of several factors critical for successful digital transformation
(El Sawy et al., 2016), more so than the actual digital technology choices the organisation
makes. This digital culture will enable and drive digital efforts within the organisation

(Kane et al., 2016), which in turn will positively influence the organisations DM.

Effective digital leadership enables digital transformation through the digital leader’s
transformative vision (Kane et al., 2016), which also ensures effective decision-making,
organisational buy-in and alignment on the goals and objectives set out as part of this
vision (Fitzgerald et al., 2013). The literature reviewed also found that digital leadership
would have a positive influence on both innovation and organisational learning, through
leadership styles and behaviours (Antonakis & House, 2014; Dinh et al., 2014; Parris &
Peachey, 2013) conducive to creating the organisational culture required for both
innovation and organisational learning (Bass, 1990; Bryant, 2003; Singh, 2008; von
Krogh et al., 2012; Williams & Sullivan, 2011), and as a result digital leadership would

indirectly have a positive influence on the organisations DM.

The positive and strong nature of this relationship indicates that digital leaders should
focus on behaviours, activities, embedding ways of working and creating new capabilities
aimed at enhancing the organisation’s digital culture, which would lead to an increase in
DM. Examples of the leadership behaviours and activities that would support the above
would be to encourage collaboration and generating consensus through high-quality
interpersonal relationships with a diverse set of stakeholders, managing power
relationships, encouraging the social behaviours required, fostering trust and creating
shared, dispersed or distributed leadership models to enable the conditions required for

collective learning.

6.2.4 Leadership and the strategy DM attribute

The digital strategy DM attribute measured all the aspects which influence and supports
the digital facets of the DBS. The results in Table 26 indicates a statistically positive small

relationship between the leadership factor and the digital strategy DM factor.

The literature reviewed in the context of digital strategy supports this finding and
positions the DBS as a part of the overall corporate strategy, which is delivered through
leveraging digital resources to create differentiated value (Bharadwaj et al., 2013; Hess
et al.,, 2016; Sebastian et al., 2017). The DBS would enable, through the process of
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digitisation the conversion of existing products and services to their digital equivalents
or, through the process of digital transformation redefine roles or ways of working through
the increased adoption of digital technologies (Chanias & Hess, 2016; Gassmann et al.,
2014; Parviainen et al., 2017). This increased adoption of digital capabilities would lead

to an increase of DM for the organisation.

The literature reviewed also found that the DBS for an organisation should be unigue, in
that it should be difficult for the competitors to imitate, and that the DBS would provide
direction to the digital leaders executing these digital initiatives, which also allows them
to measure and adjust as need be against these digital objectives (Sebastian et al.,
2017). The DBS, therefore, requires the development of capabilities, which include

leadership capabilities (Sia et al., 2016).

The literature reviewed agreed that the choices made as part of the DBS would have a
substantial influence on the DM of the organisation. The DBS should, therefore, be
viewed as an organisational roadmap that may lead to an increased level of DM, using
waypoints to measure progress along the way. Digital leaders should also play an active
role in defining, prioritising and executing activities defined as part of the DBS, in addition
to creating the context from a digital perspective, or digital insights as an input to the
DBS process. The findings in section 6.2.2 support this view, which found that digital
insights as an input to the DBS is a crucial driver of increased DM and would be

supported by the digital strategy activities specific to the findings in this section.

6.2.5 Conclusion: Sub-Research Question 1

This research question sought to establish the nature of the relationship between digital
leadership and the digital maturity of the organisation. The findings as discussed in
section 6.2 in the context of the literature reviewed shows this relationship to be strong

and positive at the construct level.

Leaders provide digital insights as key inputs as part of the process that defines the
digital strategy. Digital leaders also play an active role in determining, prioritising and
executing activities defined as part of the DBS, in addition to creating the context from a
digital perspective. Leaders also shape the expected behaviours and embed the ways
of working required to create the digital culture needed. Digital leaders must also ensure

that the change initiatives identified as part of the DBS are executed effectively and that
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the digital talent and leadership skills required by the organisation is developed in line

with the organisation’s objectives.

6.3 Innovation

In this section, the correlation results pertaining the innovation construct is discussed

within the context of the literature reviewed in Chapter 2.

Table 27 below provides a summary of the correlation analysis results for the attribute
pertaining to the innovation construct. The descriptive results for this construct as per
section 5.5.1 suggested that most respondents rated their organisations to have an

average level of innovation capabilities as measured.

Table 27: Summary of the Pearson correlation results for innovation and DM

Digital maturity attribute Result
Digital Competence Strong +
Digital Insights Strong +
Digital Org and Culture Strong +
Digital Strategy Moderate +

Note. All the results were statistically significant, p < 0.05.

6.3.1 Innovation and the competence DM attribute

The competence attribute of the DM construct (Table 25) measured the digital skills and
resources of the organisation and the effectiveness of the planning and execution
processes driving the digital change programmes, supported by the right leadership
behaviours. The competence DM attribute also represented the alignment of the above
to the organisation’s digital goals. The results in Table 27 indicates that a statistically
positive strong relationship exists between the innovation attribute and the digital

competence DM attribute.

This finding supports the literature reviewed in the context of digital competence, which
found that through the process of innovation, economically useful knowledge is created
and diffused (Ismail-Saville, 2017) throughout the organisation. It was found that digitally

mature organisations invest more in digital innovation related capabilities (Berghaus &
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Back, 2016; Kane et al., 2015) which in turn can be exploited as sources of business
value creation (Bharadwaj et al., 2013). Transactional leadership behaviours support

innovation by ensuring alignment and tracking against goals (Bryant, 2003).

The strong positive nature of this relationship indicates that a focus on enhanced digital
innovation related capabilities will lead to an increase in digital competence and therefore

the DM of the organisation.

6.3.2 Innovation and the insights DM attribute

The digital insights DM attribute (Table 25) measured how modern architectures, digital
tools, customer insights and lessons learned are fed back into aspects such as the DBS,
measuring success and digital design and development. The results in Table 27
indicates that a statistically positive strong relationship exists between the innovation
attribute and the digital insights DM attribute.

This finding supports the literature reviewed in the context of digital insights, which
describes digital innovation as a process which creates new value through the re-
configuration of digital artefacts into an architecture that is both layered and modular in
nature, resulting in new or enhanced digital products or services (Huang et al., 2017;
Woodard et al., 2013) by either stacking (layering) or grouping (modular) digital
functionality or capabilities in new or unique ways. The concepts of relevant digital
maturity (RDM) and relevant digital capabilities (RDC) was also proposed in this study
by building on relative ambidexterity theory (D’souza et al., 2017), through which the
organisation would be able to decide if the current mix of digital innovation activities will
create the digital capabilities required to remain competitive within, or relevant to the
organisational context and the industries and markets it decides to operate within
(Gassmann et al., 2014; Remane et al., 2017; World Economic Forum, 2016), or whether
the mix of innovation activities should be revised based on the insights provided by RDC
and RDM.

The strong positive nature of this relationship indicates that a focus on increased digital
innovation related capabilities will lead to an increase in digital insights and therefore the

DM of the organisation.
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6.3.3 Innovation and the organisation and culture DM attribute

The organisation and culture DM attribute (Table 25) measured how the organisation
culture and structure enables innovation and effective communication, supports
collaboration, allocates resources and how they are measured. The results in Table 27
indicates that a statistically positive strong relationship exists between the innovation
attribute and the digital org and culture DM attribute.

This finding supports the literature reviewed in the context of digital org and culture,
which defines digital innovation in terms of product, process or business model changes
enabled by IT (Fichman et al., 2014), and in line with Teece, defines business model
innovation as a new means of generating and capturing value enabled by IT. Innovation
is also influenced positively by a transformational leadership style, which enables a
culture where experimentation and creativity are encouraged (Ismail-Saville, 2017;
Jansen et al., 2009; Jung et al., 2003; von Krogh et al., 2012).

Innovation ambidexterity refers to how the organisation simultaneously balances
resources and for both exploitative and explorative innovation activities, as both are seen
as critical (Chen et al., 2017; Guttel et al., 2015; O’'Reilly & Tushman, 2007; Sinha, 2016;
Stettner & Lavie, 2014; Zacher & Rosing, 2015) for enabling both long and short-term
sustainability (O’Reilly & Tushman, 2007; Zacher & Rosing, 2015). From an
organisational structure, resource allocation and process perspective, ambidexterity is
achieved through the alignment and coordination of strategy, resources, organisational
structure and capabilities (Guttel et al., 2015; Jurksiene & Pundziene, 2016; Parida et
al., 2016). The literature reviewed found that a mix of explorative and exploitative
innovation activities will lead to enhanced digital capabilities and therefore an increase

in the DM for the organisation.

The strong positive nature of this relationship indicates that a focus on increased digital
innovation related capabilities will lead to an increase in digital org and culture

capabilities and therefore an increase in the overall DM of an organisation.

6.3.4 Innovation and the strategy DM attribute

The strategy DM attribute measured all the aspects which influence and supports the

digital facets of the DBS. The results in Table 27 indicates that a statistically positive
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moderate relationship exists between the innovation attribute and the strategy DM

attribute.

This finding supports the literature reviewed in the context of digital strategy, which found
that organisations who do not continually create value through digital innovation (Piccoli
& Ives, 2005) will not be able to maintain their competitive advantage. High
environmental dynamism (Dess & Beard, 1984) driven by characteristics such as rapid
changes in technology (Schilke, 2014) requires the organisation to have the ability to
detect and respond to changes in the external environment (Guttel et al., 2015) through
activities defined in the DBS, which will through the process of digital transformation lead
to an increase in the DM for the organisation. Managing the balance between
exploitation and exploration related activities as part of the DBS will ensure that the
organisation remains relevant in the future should current value offerings become
obsolete due to factors such as markets, technology or changing customer needs (World
Economic Forum, 2016). Ambidexterity will also allow the organisation to stay relevant
in the present by ensuring key resources are focused on serving the customer needs of
today (Sinha, 2016).

D’Souza et al. (2017) found that the organisation has to reflect on their relative
ambidexterity as part of the planning and execution activities related to the DBS, which
represents the ambidexterity capabilities they currently have relevant to the explorative
and exploitive capabilities of a typical organisation in their relevant referent group. Having
this insight will allow several alternative competitive positions to be proposed and once
a way forward is selected, will guide the planning and execution activities for the DBS.
The selection process will also be influenced by the insights provided through the
understanding of the organisation’s relevant digital capabilities and relevant digital
maturity, which are concepts proposed by this study and represents the current level of
DM of the organisation that can be leveraged to create the next iteration of digital

capabilities, and an increased level of DM.

The moderate positive nature of this relationship indicates that a focus on increased
digital innovation related capabilities will lead to an increase in the maturity of digital

strategy capabilities and therefore an increase in the overall DM of the organisation.
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6.3.5 Conclusion: Sub-Research Question 2

This research question sought to establish the nature of the relationship between
innovation and the digital maturity of the organisation. The findings as discussed in
section 6.3 in the context of the literature reviewed shows that this relationship to be

predominantly strong and positive at the construct level.

A focus on innovation initiatives that would create enhanced digital capabilities for the
organisation has been found to be a key driver for DM. Through the process of
implementing and leveraging these enhanced capabilities, the organisation gains more
digital insights, which can be used for decision making or to influence and improve the
DBS. The changes required within the organisation to adopt these new digital
capabilities, whether through skills, structure, process or ways of working, to enhance

the organisation and culture aspects of DM.

6.4 Organisational learning

In this section, the correlation results pertaining the organisational learning construct is

discussed within the context of the literature reviewed in Chapter 2.

Table 28 below provides a summary of the correlation results for the factors pertaining
to the organisational learning construct. The descriptive results for this construct as per
section 5.6.1 suggested that most respondents rated their organisations as having an
average level of organisational learning capabilities as measured across these

constructs.
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Table 28: Summary of the correlation results for the organisational learning and
DM attributes

Digital OL1- OL2 - OL3 -

maturity Knowledge | Information | Knowledge C?Jhﬁl’-e Perfg:_ria-mce

attribute Sharing Access Management
Digital Small + Moderate Small + Strong - Moderate +
Competence +
Digital Moderate Moderate
Insights + + Small + Strong - Strong +
Digital  Org Small + Moderate Small + Strong - Moderate +
and Culture +
Digital Small + Small + Small +** | Moderate - Small +**
Strategy

Note. ** There is no statistically significant correlation between these two variables, p > 0.05.

The OL construct was reduced to five attributes through factor analysis as per section
4.7.2. 1t is, therefore, necessary to clarify which aspects of OL these attributes
represented as measured in this study, which is explained in detail in the sections to

follow.

6.4.1 Knowledge sharing and DM

In the context of this study, the knowledge sharing OL attribute (Table 25) measured how
the organisation identifies and acquire talent, and how electronic data, information

systems and tools are utilised for both decision-making and timely communication.

The descriptive results as per Table 9 in Chapter 5 suggested that most respondents
rated their organisations to have an above average level of knowledge sharing
capabilities. The summarised correlation analysis results in Table 28 indicates that a
statistically positive, predominantly small relationship exists between the knowledge
sharing attribute and the attributes representing the DM construct. Although this result
shows a weaker relationship compared to most of the other OL attributes that were tested

in the study, the relationship is still statistically significant.

The findings align with the views of the literature reviewed (Eisenhardt & Martin, 2000;
Ismail-Saville, 2017; Layman et al., 2006; Younger, 2016) in the context of knowledge
sharing, which supports the positive nature. Tools and ways of working such as rapid

experimentation or prototyping (Ismail-Saville, 2017) are utilised to create and share
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knowledge through experimentation, gathering customer feedback and other pertinent
insights. This enables accelerated learning through frequent small failures. Real-time
feedback will then inform subsequent decisions made (Eisenhardt & Martin, 2000). Rapid
learning approaches also allow people to learn how to become more efficient, effective
and to adapt to new ways of work (Layman et al., 2006; Younger, 2016). The findings is
also consistent with the notion that it is crucial to identify and develop both management
capabilities and combinations of technological, organisational and functional skills that
are not readily copied (Teece et al., 1997), which is expected to have a positive influence
on the DM of the organisation through the creation of new digital capabilities. The
findings indicate that activities aimed at enhancing knowledge sharing capabilities within

the organisation will, therefore, lead to an increase in the DM of the organisation.

6.4.2 Knowledge management and DM

In the context of this study, the knowledge management OL attribute (Table 25)
measured the formal data management processes of the organisation, as well as how

the required mix of expert skill sets are managed and developed internally.

The descriptive results as per Table 9 in Chapter 5 suggested that most respondents
rated their organisations to have an average level of knowledge management
capabilities. The summarised correlation analysis results in Table 28 indicates a
statistically positive, small relationship between the knowledge management attribute
and all attributes representing the DM construct except for the relationship with the digital

strategy construct, which was not statistically significant.

The literature reviewed (Chiva et al., 2014; Lin & Wu, 2014; Meihami & Meihami, 2014,
Tsou & Hsu, 2015) found OL was the outcome of knowledge management, and
describes OL as the processes the organisation would leverage to adapt thought
processes, rules, internal procedures or data in the pursuit to preserve or increase
organisational performance through improved behaviours and practices (Chiva et al.,
2014; Meihami & Meihami, 2014). The literature reviewed also highlighted the
importance of organisational learning capability, which are the processes that creates
unigue competitive advantage for the organisation in the form of capabilities that can be
leveraged as part of the organisation’s strategy, or in the digital context, the DBS
(Eisenhardt & Martin, 2000; Lin & Wu, 2014). The literature also suggested that through

organisational learning, the reach and richness of existing digital capabilities are
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enhanced as a platform to build new digital capabilities (Tsou & Hsu, 2015), thereby

increasing the DM of an organisation.

While the findings in this section support the literature reviewed as to the expected
positive nature of the relationship between knowledge management and DM, it also
indicates that the influence knowledge management capabilities would have on the
digital maturity of the organisation is of a predominantly weak nature. This suggests that
knowledge management is an enabler or a platform to support those activities and
capabilities aimed at enhancing DM. As the organisation improves its knowledge
management capabilities the quality, efficiency and effectiveness of DM outcomes are

improved through these enhanced knowledge management capabilities.

6.4.3 Culture and Information access attributes and DM

In the context of this study, the access to information OL attribute (Table 25) measured
how easily employees have access to current and archived data for decision making; if
they know where and how to get access to data if they do not have it and how this data
can be used to the benefit of the company. The learning culture OL attribute (Table 25)
measured the extent of employee resistance when adopting new ways of working, how
information regarding recent developments disseminates through the organisation in a
formal or informal manner, whether the organisation culture motivates information to be
shared openly or whether it is privately held, and whether the organisation can react to

technological change quickly or not due to their culture.

The descriptive results as per Table 9 in Chapter 5 suggested that most respondents
rated their organisations to have a slightly higher than average level of access to
information, and a below average level of organisational learning culture as measured
by the attributes. The summarised correlation analysis results in Table 28 indicates a
statistically significant moderate and positive relationship between the information
access attribute and all attributes representing the DM construct. The results in Table 28
also indicates a statistically strong negative relationship between the culture OL attribute

and all attributes representing the DM construct.

The literature reviewed regarding the access to information and culture OL attributes
(Catlin et al., 2015; Kane et al., 2015, 2016; Tsou & Hsu, 2015; Vey et al., 2017) found

that increasingly organisations are moving towards open systems models which promote
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a culture of exchanging and sharing of information both internally and externally in the
context of a bigger ecosystem (Tsou & Hsu, 2015). Insufficient or a lack of sharing of
knowledge has also been found to be a typical barrier in the implementation of a strong
culture of learning as an enabler for innovation and other DC’s (Vey et al., 2017). Various
authors (Catlin et al., 2015; Kane et al., 2015; Vey et al., 2017) has argued that a culture
of change and innovation is required in times of digital transformation as a more
traditional organisation culture could pose barriers to the agility and flexibility needed to
support the transformation process. Learning culture will, therefore, be supportive of

and drive the various stages of DM within the organisation (Kane et al., 2016).

The strong and negative relationship between the culture OL attribute and DM does not
support the literature reviewed above. When considering the learning culture OL
descriptive results reported earlier in this section, which reported a below average rating
for learning culture from most respondents, the findings suggest most organisations
assessed as part of this study may not have the learning culture required to support
digital transformation activities. Within this context, the findings in this section may
consequently align with that of current literature, where learning culture has been found
as an enabler or platform for activities concerned with enhancing DM. The strong nature
of the relationship between learning culture and DM indicates there needs to be a focus
on activities which would enhance the learning culture of the organisation. These could
include initiatives to promote and encourage the sharing of knowledge and conscious
effort to remove structural, process and behavioural barriers to new ways of working

which would enable the organisation to react quickly to technological change.

The average descriptive result for the access to information attribute also suggests that
the organisations sampled as part of this study may not have adequate access to
information measures in place, which may provide further insights to the finding
regarding the nature of the relationship between DM and the culture OL attribute. The
moderate and positive relationship found between the access to information OL attribute
and DM is however supportive of the literature reviewed. The moderate and positive
nature of the relationship also suggests that DM will benefit from a culture where the
sharing of information is encouraged and promoted, which will result in more people
having access to, or knowing where to get access to information pertinent to their

function and subsequently utilising this information to the benefit of the organisation.
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6.4.4 Performance and DM

In the context of this study, the performance OL attribute (Table 25) measured the
collection of and data on all facets of performance within the organisation and to which
extend financial gain or performance plays a role in the organisation’s decisions in

acquiring subunits.

The descriptive results as per Table 9 in Chapter 5 suggested that most respondents
rated their organisations as having an average level of performance related capabilities.
The summarised correlation analysis results in Table 28 indicates a statistically
significant, positive moderate to strong relationship between the OL performance access
attribute and all attributes representing the DM construct, apart from the digital strategy

DM attribute for which the findings were still positive but not statistically significant.

The literature reviewed (Catlin et al., 2015; Chanias & Hess, 2016; Eris & Ozmen, 2012;
Gottschalk, 2009; Sebastian et al., 2017) also found a positive relationship, as
organisational learning increases both the organisations capacity to innovate and overall
performance (Eris & Ozmen, 2012). The organisation’s digital strategy provides direction
to executives leading digital initiatives but also enables them to measure progress and
adjust as need be (Sebastian et al., 2017). Culture and leadership, for example, are key
digital benchmark variables which should be measured as part of the strategy
(Gottschalk, 2009). Catlin et al. (2015) also highlight the importance of the alignment of
the organisation’s DBS with key performance indicators, organisation culture and

structures, strategies for developing talent and the allocation of funding.

The findings for the performance attribute thus align with those of the literature reviewed.
The overall moderate to strong positive nature of the relationship indicates there needs
to be a strong focus on capabilities that will ensure the measurement of performance
related to digital objectives within the DBS, which will lead to increased DM for the
organisation. The literature reviewed above also suggests that performance is an output
of the DBS planning process where performance measures, such as KPI’s, are planned
for and aligned to the expected digital transformation outcomes identified such as digital
capabilities, culture, structural changes and talent required, during the formulation of the
DBS. Performance as an output of strategy would explain the small and statistically
insignificant nature of the relationship between the performance OL attribute and the

digital strategy DM attribute.
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6.4.5 Conclusion: Sub-Research Question 3

This research question sought to establish the nature of the relationship between
organisational learning and the digital maturity of the organisation. The findings as
discussed in section 6.4 in the context of the literature reviewed shows that this
relationship to be predominantly moderate and positive at the construct level on the
condition that the organisational learning culture which exists within the organisation is
supportive of digital transformation activities, in the absence of which the culture OL

attribute would have a strong and negative influence on DM.

DM will benefit from a culture where the sharing of information is encouraged and
promoted, which will result in more people having access to, or knowing where to get
access to information pertinent to their function and subsequently utilising this
information to the benefit of the organisation. As the organisation improves its
knowledge management capabilities the quality, efficiency and effectiveness of DM
outcomes are expected to be improved through these enhanced knowledge
management capabilities. From a learning perspective, it is also crucial for the
organisation to identify and develop both management capabilities and combinations of
technological, organisational and functional skills that are not readily copied, which is
expected to have a positive influence on the DM of the organisation through the creation

of new digital capabilities.

6.5 What is the cumulative effect of all the components on the

digital maturity of the organisation?

The overarching research question aimed to understand the simultaneous influence of
innovation, leadership and organisational learning on the organisation’s digital maturity.
The results in Table 29 below shows that not all the attributes tested for innovation,
leadership and organisational learning had a statistically significant influence on the DM

attributes.
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Table 29: Summary of the regression results for all attributes

() c [} !
L . B g B — [} )
Digital maturity c E‘ § £ § é E %
attributes = ® ¥ o | E 4, |¥ 8| 3 =
(] 1 = ' [7p) ' ' =
S | % |zE|lx8|as| 3 |93
= g % |0<|0=]| 0O o a
Digital Competence Sig.+ NS Sig.- NS NS NS Sig.+
Digital Insights Sig.+ NS NS NS NS NS Sig.+
Digital Org and Culture | Sig.+ | Sig.+ NS NS NS Sig.- | Sig.+
Digital Strategy NS NS NS NS NS NS NS

Note: Sig. = Significant, NS = Not significant, + = Positive covariance, — = Negative covariance.

Both the innovation and performance OL attributes are statistically significant and
positively influencing across all the DM attributes, except for the digital strategy DM
attribute where the results were not significant. The leadership attribute only has a
significant and positive influence over the digital organisation and culture DM attribute.
The knowledge sharing OL attribute showed a statistically negative influence on the
digital competence DM attribute. The learning culture OL attribute only has a statistically
significant and negative influence on the digital org and culture DM attribute, in
congruence with the results found and discussed in section 6.4.3. The knowledge
sharing OL attribute showed a statistically significant and negative influence on the digital
competence DM attribute, which diverges from the results found and literature reviewed
in section 6.4.1, where the relationship was found to be significant and small but positive.
Both the access to information and knowledge management OL attributes has no

statistically significant influence over any of the DM attributes.

The results from the sub research questions as discussed earlier in this chapter (sections
6.2, 6.3 and 6.4) established the existence of mostly positive and statistically significant
relationships between the attributes of innovation, leadership, organisational learning
and those of the DM construct. The results in this section however indicates that when
the effect of these attributes are considered simultaneously in relation to DM only the
innovation, leadership, OL performance, OL culture and OL knowledge sharing attributes
(as defined in the context of this study) are the key attributes that should be considered

and leveraged to maximise the resulting influence on an organisation’s DM. The five
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attributes identified are therefore found to be significant predictors of DM. The
insignificant findings against remaining attributes may be contributed to the indirect but
supportive role that these attributes contribute perform within the ecosystem that enables

enhanced DM, as discussed throughout this chapter.
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Chapter 7: Conclusion

This chapter consolidates the findings of this study and contextualises the result in terms
of the aim of the study identified. Chapter 1 introduced the value of this study in both
business and academic contexts, and this chapter makes recommendations to

management in addition to identifying key areas for future research.

7.1 Principal findings

The objectives of this study were to understand the influence leadership in the digital

age, digital innovation and organisational learning had on the DM of the organisation.

Through the sub research questions, the individual relationships between the attributes
of the various constructs and DM were understood. The cumulative influence, as per the
overarching research question was also established. The results obtained in chapter 5
of this study indicate that the researcher was able to meet the objectives as set forth for

this study, thereby contributing to the insights concerning DM through empirical research.

7.1.1 The nature of the relationship between digital leadership and digital

maturity of an organisation

Leadership was found to have a strong and positive influence on DM in this study.

Leadership styles, specifically a combination of transactional and transformational
leadership styles (Bryant, 2003; Williams & Sullivan, 2011), behaviours and digital
leadership development related activities drives enhanced digital competencies
(Davison & Ou, 2017; Fitzgerald et al., 2013) within the organisation which positively
influences DM. Digital competencies are concerned with both the development of digital
skills (El Sawy et al., 2016) and effectiveness of planning and execution. Leaders who
have an understanding of technology and keep up to date with digital trends would
enhance the digital insights aspects of DM within the organisation (Kane et al., 2016) by
feeding this knowledge and awareness back into aspects such as the DBS and digital
design and development activities. This also allows digital capabilities to be leveraged

effectively within the organisation. Choices made as part of the DBS is expected to have
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a substantial influence on an organisation’s DM outcomes (Bharadwaj et al., 2013;
Sebastian et al., 2017), and the role of leadership within this strategy process is to ensure
tangible strategic measures are derived and that transformation management takes
place, examples of which are distributed roles and responsibilities and the availability

and regular assessment of KPI's (Chanias & Hess, 2016).

Leadership is also critical to creating the digital organisational culture aspects required
for enhanced DM, requiring digital leaders to focus on behaviours, activities and
embedding ways of working and the digital skills required to create and maintain this
digital culture (Antonakis & House, 2014; Parris & Peachey, 2013; Vey et al., 2017).
Fostering collaboration, trust and encouraging the social behaviours required as part of
embedding the ways of working to create the culture aspired to are some ways digital
leaders can achieve this. Creating this digital culture also speaks to digital leaders
consciously changing the ‘organisational mindset’ regarding digital change, which
implies organisations are constantly and iteratively re-inventing themselves and the roles
people play, thereby reducing the fear and potential resistance associated with change
(Kane et al., 2015).

7.1.2 The nature of the relationship between digital innovation and the
digital maturity of an organisation

Innovation was also found to have a strong and positive influence on DM as part of this

study.

Piccoli and Ives (2005) found that organisations who do not continually create value
through digital innovation will struggle to maintain their competitive advantage and limit
their ability to detect and respond to changes in the external environment (Guttel et al.,
2015; Schilke, 2014). Investment in digital innovation related capabilities enhance the
digital competence DM aspects of the organisation. These digital capabilities can then
be further exploited as new sources of value creation. The learnings through the process
of gaining these new digital capabilities would also enhance the digital insights DM
aspects, allowing for the reconfiguration of digital artefacts in new and unique ways. An
understanding of the organisation's relevant digital maturity and relevant digital
capabilities as proposed in this study would further enhance the digital insights aspects
of DM, which would subsequently be leveraged as part of the DBS (D’souza et al., 2017).

Managing the balance between explorative and exploitative innovation, or organisational
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ambidexterity, as part of the DBS is seen as critical and would ensure the organisation
stays relevant in the present as well as the future (World Economic Forum, 2016; Zacher
& Rosing, 2015). Achieving innovation ambidexterity will also influence the digital
organisation and culture factor of DM through the alignment and coordination of
resources, organisational structures, ways of working, behaviours and capabilities
needed to enable the required mix of ambidexterity required (Fichman et al., 2014;
Jurksiene & Pundziene, 2016; Parida et al., 2016).

7.1.3 The nature of the relationship between organisational learning and the

digital maturity of an organisation

The findings regarding the relationship between organisational learning and DM yielded

mixed results as part of this study.

Within the context of OL, the learning culture factor as defined and measured was found
to have a strong negative influence on all factors of DM. This finding contradicted the
literature reviewed, which found this relationship to be positive (Catlin et al., 2015; Kane
et al., 2015; Vey et al.,, 2017), and which also suggested that a more traditional
organisation culture would be a barrier to the agility and flexibility needed to support the
transformation process. Most respondents in this study rated their learning culture to be
below average (Table 9 Chapter 5) which suggests the majority of the organisations
assessed as part of this study did not have the organisational learning culture required
to support digital transformation activities. Within this context, it was argued that the
findings in this study regarding learning culture, in fact, support existing literature, as a
collaborative and flexible learning culture is expected to enhance DM and a more
traditional and inflexible organisation learning culture is expected to have a negative

influence on DM.

Performance and access to information in the context of OL was also found to have a
significant and positive influence on DM. Performance objectives or KPI’s defined within
the DBS allows the organisation to track, measure and adjust (Sebastian et al., 2017)
against the progress of digital initiatives. Existing digital performance data would also be
used as a digital insight or input to the DBS review and decision-making processes.
Culture and leadership are seen as two vital digital benchmarks which need to be

measured as part of the organisation’s digital strategy (Gottschalk, 2009).
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Vey et al. (2017) found that access to information is critical, as insufficient sharing of
knowledge is a typical barrier in establishing a strong learning culture, which also enables
innovation. More organisations are also adopting an open systems models where
information is shared both internally and externally within a greater ecosystem (Tsou &
Hsu, 2015) which would, in the digital context lead to enhanced digital competencies and

insights and therefore DM.

Both knowledge management and knowledge sharing aspects in the context of OL was
found to have a positive albeit small influence on DM. Knowledge is created and shared
through experimentation and gathering feedback from customers and other relevant
insights, by leveraging tools and ways of working such as rapid experimentation (Ismail-
Saville, 2017). This feedback allows people to learn how to become more efficient and
effective and how to adapt to new ways of working (Younger, 2016). Through knowledge
management, the organisation creates organisational learning capability which are the
processes that creates unique competitive advantage for the organisation in the form of
capabilities that can be leveraged as part of the organisation’s strategy, or in the digital
context, the DBS (Eisenhardt & Martin, 2000; Lin & Wu, 2014). The weak nature of these
relationships may be attributed to the indirect manner in which the literature reviewed

suggest these two factors influence DM.

7.1.4 The cumulative effect of organisational learning, digital innovation

and digital leadership on the DM of the organisation

While initial findings as per the sub research questions indicated most of the factors
identified within the constructs of innovation, leadership and organisational learning
influenced DM in some manner, when considered cumulatively only five factors were
found to influence DM significantly. The innovation, leadership, OL performance, OL
culture and OL knowledge sharing factors (as defined in the context of this study) were

found to be the primary factors influencing DM.

Innovation and OL performance positively influenced all aspects of DM except digital
strategy. Leadership was found to positively, and OL culture was found to negatively
influence the digital organisational and culture aspect of DM. The knowledge sharing OL

factor was found to influence the digital competence aspect of DM negatively.
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7.2 Implications and recommendations for management

Several implications and recommendations for management have been identified
through this research.

Firstly, the identification of the factors of innovation, leadership and organisational
learning which cumulatively and significantly influence DM is of particular importance, as
Kane et al. (2016) found that while organisations are anticipating disruption of their
industries by digital trends, few were preparing for and responding to it. Responding to
digital trends requires organisations to develop integrated digital strategies to create
digital capabilities where structure, people, culture and activities are aligned to goals.
Understanding how to best leverage the factors of innovation, leadership and
organisational learning to influence DM enables business leaders to focus and prioritise

potentially scarce resources against activities that would deliver the best results.

Secondly, innovation and innovation ambidexterity remain a key priority for organisations
to pursue to both compete and stay relevant in the present and the future. Managers
should focus on digital innovation as a means to significantly influence DM, as digital

innovation was found to be a key driver for enhanced DM.

Thirdly, the importance of leadership and organisational learning culture was validated
in this study, which is seen as enablers for the digital culture required for DM. Managers
should encourage both internal and external collaboration, the sharing of knowledge and
drive the behaviours needed to create the culture and ways of working required.
Managers should also remain cognizant of how existing organisational culture, structures
and processes may be a barrier to the digital organisation and culture aspects of DM,
and address the remediation of these challenges through activities defined as part of the
DBS.

Finally, the findings confirmed how crucial it is for managers to create and regularly
review performance metrics as part of the DBS. Performance metrics provides managers
with information on how initiatives are tracking against expected outcomes and allows
them to adjust where necessary. It also provides real-time insights and learning which
managers can use as inputs to the DBS to influence decisions to enhance or pivot

activities based on the current information in hand.
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7.3 Limitations of the research

7.3.1 Sampling bias

A combination of purposive and snowball sampling was used due to the unknown size
of the population, as suggested by Sanders and Lewis (2012). A disadvantage of
snowball sampling is that bias may be introduced into the study as there is a high
probability that referrer would suggest someone with similar views (Zikmund et al., 2009).
This is also highlighted by the results in section 5.3, as there appears to be minimal
variance in the data describing the DM construct, which implies most respondents tended
to have very similar views. The findings in section 6.4.3 also suggest that most of the
organisations measured as part of this study may have had similar organisational
learning cultures which were not supportive of the digital culture required for enhanced
DM.

7.3.2 Research design

The sample was predominantly represented by two broad industry categories
constituting 92 percent of respondents. Finance and financial services represented 69
percent of the sample and telecommunications, technology, internet & electronics 23
percent of the sample. This suggests the industry categories used in the online
guestionnaire administered may have been too broad and could have been broken down
into smaller industries providing for better insights at an industry level. This issue was

not evident when the results of the pilot questionnaire were assessed.

7.3.3 Research experience

The experience of the researcher plays a significant role in conducting non-probability
sampling. To this extent, the researcher may not have had an adequate level of

experience required in this field.
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7.3.4 Research theory

The research only focuses on the three constructs identified from theory and the nature

of their relationships with DM. Other constructs may exist.

7.4 Suggestions for future research

Through this study, the researcher identified five factors which cumulatively and
significantly influences DM. To this extent, further research can elaborate by including
additional factors that were not identified as part of this study and considering them
cumulatively with the factors of this study to create further insights as to how DM can be

influenced.

The design of this study was cross-sectional in nature, meaning that it measured digital
maturity at a particular point in time. A longitudinal study could be performed to consider
how digital maturity changes over time as interventions aligned to the factors identified

is implemented, such as performance measures and KPI’s.

This study considered several measurement instruments for the digital maturity
construct. Further research can utilise other DM instruments to replicate the results of
this study which could provide further insights in how innovation, leadership and

organisational learning influences digital maturity.

The concepts of relevant digital maturity and relevant digital capabilities were proposed
in this study. Further research could expand on these concepts and include them into

existing or new digital maturity models or framewaorks.
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Appendices

Appendix 1: Research Questionnaire

Questionnaire

Please provide some background w.r.t your organisation and your role:
Gender

[Male] [Female]

What is the primary industry or line of business of your organisation?
Advertising & Marketing

Agriculture

Airlines & Aerospace (including Defense)

Automotive

Business Support & Logistics

Construction, Machinery, and Homes

Education

Entertainment & Leisure

Finance & Financial Services

Food & Beverages

Government

Healthcare & Pharmaceuticals

Insurance

Manufacturing

Nonprofit

Retail & Consumer Durables

Real Estate

Telecommunications, Technology, Internet & Electronics
Transportation & Delivery

Utilities, Energy, and Extraction

| am currently not employed

What is the approximate total number of employees within your organisation?
[1-49]-1
[50 —999] - 2
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[1,000 - 4,999] - 3
[5,000 or more] - 4
[Don't know] - 0

How long have you been at the organisation (in years)?
[0-5]- 0

[5-10]- 1

[10-15] - 2

[15+] - 3

Seniority on terms of role.
[Junior Management] - O
[Middle Management] - 1
[Senior Management] - 2

[Executive Management] - 3

[Qualifying question]

Does your organisation currently utilise and evolve digital capabilities as part of its
operations, or as a platform to deliver and enhance products and services to your end
customers?

[Yes] — Move to section A.

[No] — Skip to end.

Section A: Digital Maturity

Instructions: The following questions pertain to your company’s digital maturity. Please
respond to each question using the following scale:

[Completely agree] [Somewhat agree] [Somewhat disagree] [Completely disagree]
3 2 1 0

Culture

We believe that our competitive strategy depends on digital

Our board and our C-level executives back our digital strategy

We have the right leaders to execute on our digital strategy day-to-day

We invest in targeted digital education and training at all levels of our organization
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We clearly communicate our digital vision both internally and externally
We take measured risks in order to enable innovation

We prioritize overall customer experience over the performance of any individual channel

Organisation

Our organization structure prioritizes customer journeys over functional silos

We dedicate appropriate resources to digital strategy, governance, and execution
The staff supporting our critical digital functions are best in class

We have digital skills embedded throughout our organization

Our organization model encourages cross-functional collaboration

We have defined and repeatable processes for managing digital programs

Our vendor partners deliver value that enhances our digital competencies

Technology
Our technology budget is fluid to allow for shifting priorities

Our marketing and technology resources work together to co-create our digital
technology road map

We have a flexible, iterative, and collaborative approach to technology development
We leverage modern architectures (APls, cloud, etc.) to promote speed and flexibility
We measure our technology teams by business outcomes not just system up-time

We use customer experience assets, like personas and journey maps, to steer our
technology design

We use digital tools to promote employee innovation, collaboration, and mobility

Insights
We have clear and quantifiable goals for measuring the success of our digital strategy
Every employee understands how her performances ties to corporate digital goals

We use customer-centric metrics like Net Promoter Score or lifetime value to measure
success

We measure how channels work together to accomplish a desired outcome
Customer insight actively steers our digital strategy
Customer insights inform digital design and development

We feed lessons learned from digital programs back into our strategy

Section B: Innovation
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Instructions: The following questions pertain to innovation within your company. Please
respond to each question.

Our organisation has a high rate of new service/product introductions
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
How does the number of new products introduced compare to that of your competitors?
[A lot less than] [less than] [the same] [more than] [many more than]
1 2 3 4 5
Our organisation has increased the number of services offered during the past two years
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
Our organisation is primarily influenced by the potential of untapped opportunity
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1

Customers are invited and encouraged to provide feedback to the organisation in order
to get new ideas for products and services

[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1

In our organisation, there is a strong relationship between the number of new ideas and
the number of new ideas implemented

[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
Our organisation is continually pursuing new opportunities
[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1
Our organisation places strong emphasis on new and innovative products and services
[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1
Employee are continually being encouraged to do things in new and different ways.
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1

Our organisation places a strong emphasis on continuous improvements in product or
service delivery
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[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1

Section C: Leadership

Instructions: The following questions pertain to leadership in your company. Please
respond to each question.

Our leader takes calculated risks with regard to exploring and seizing growth
opportunities.

[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1
Our leader can be described as charismatic
[Definitely] [Perhaps] [Sometimes] [Not really] [Never]
5 4 3 2 1
Our senior executives solve problems by brainstorming together.
[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1
Our leader continually examines potential new market opportunities
[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1
Our leader never appears to tire or lose enthusiasm for the organisation
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
Our leader has a great ability to persuade others to achieve a certain goal.
[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
Our leader DOES NOT encourage open discussion with all employees
[Always] [Often] [Sometimes] [Seldomly] [Never]
1 2 3 4 5

Our leader has instilled an entrepreneurial philosophy in all employees in the
organisation

[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1

Our leader can be described as visionary and flexible.
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[Strongly agree] [Agree] [Unsure] [Disagree] [Strongly disagree]
5 4 3 2 1
Our leader's enthusiasm rubs off on all employees within the organisation
[Always] [Often] [Sometimes] [Seldomly] [Never]
5 4 3 2 1

Section D: Organisational Learning

Instructions: The following questions pertain to your company’s local operations and
employees. Please respond to each question using the following scale:

[Strongly disagree] [Disagree] [Neither agree nor disagree] [Agree] [Strongly agree]
1 2 3 4 5

The following questions relate to your company’s local operations:
The company develops experts from within

The company stores detailed information for guiding operations

There is a formal data management function in the company

The company is slow to react to technological change

The company maintains a certain mix of skills among its pool of employees
The company hires highly specialized or knowledgeable personnel

The company makes extensive use of electronic storage (such as, databases, data
warehousing, scanned documents)

The company collects data on all facets of performance

The company acquires sub-units (such as, organizations, functions, departments) based
on short-term financial gain

When internal capabilities are deficient, we acquire them from the outside

The following questions relate to your company’s local employees:
Employees use electronic means to communicate

Employees have a large variety of communications tools (telephone, e-mail, Internet,
and so on) from which to choose

Our employees resist changing to new ways of doing things

Employees learn about the company’s recent developments through informal means
(such as news stories and gossip)

Employees retrieve archived information when making decisions

Employees make extensive use of IS to support their work
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Employees are keenly aware of where their knowledge can serve the company

Employees keep information (such as, numbers, plans, ideas) away from other

employees

When employees need specific information, they know who will have it

Employees are encouraged to communicate clearly

Appendix 2: Coding

The code book from SPPS as exported is as per below:

Variable

Q1

Q2

Q3

Q4

Q5

Q6
Q7_Recoded
Q8 _Recoded
Q9_Recoded
Q10_Recoded
Q11 _Recoded
Q12_Recoded
Q13 _Recoded
Q14 _Recoded
Q15_Recoded
Q16 _Recoded
Q17_Recoded
Q18 _Recoded
Q19 _Recoded
Q20_Recoded
Q21 _Recoded
Q22 _Recoded
Q23 _Recoded
Q24_Recoded
Q25_Recoded
Q26 _Recoded
Q27 _Recoded
Q28_Recoded
Q29 Recoded
Q30_Recoded
Q31 Recoded
Q32 _Recoded
Q33_Recoded
Q34_Recoded
Q35_Recoded
Q36
Q37_Recoded
Q38_Recoded
Q39_Recoded
Q40_Recoded

Variable Information

Position
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Label
Q1
Q2
Q3
Q4
Q5
Q6
Q7_Recoded
Q8_Recoded
Q9_Recoded
Q10_Recoded
Q11 Recoded
Q12 Recoded
Q13 Recoded
Q14_Recoded
Q15_Recoded
Q16 Recoded
Q17 Recoded
Q18 Recoded
Q19 _Recoded
Q20_Recoded
Q21 Recoded
Q22 Recoded
Q23 Recoded
Q24_Recoded
Q25_Recoded
Q26 _Recoded
Q27 _Recoded
Q28 Recoded
Q29 _Recoded
Q30_Recoded
Q31 Recoded
Q32 Recoded
Q33_Recoded
Q34_Recoded
Q35_Recoded
Q36
Q37 _Recoded
Q38_Recoded
Q39_Recoded
Q40_Recoded

Measurement
Level

Nominal
Nominal
Ordinal
Ordinal
Ordinal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
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Q41_Recoded
Q42_Recoded
Q43_Recoded
Q44_Recoded
Q45_Recoded
Q46_Recoded
Q47_Recoded
Q48_Recoded
Q49 _Recoded
Q50_Recoded
Q51
Q52_Recoded
Q53_Recoded
Q54 _Recoded
Q55
Q56
Q57
Q58
Q59
Q60
Q61
Q62
Q63
Q64
Q65
Q66
Q67
Q68
Q69
Q70
Q71
Q72
Q73
Q74

DM1_DigitalCompetence

DM2_Insights

DM3_DigitalCulture
DM4_DigitalStrategy

Innovation
Leadership

OL1_KnowledgeSharing

OL2_InformationAccess
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41
42
43
44
45
46
47
48
49
50
51
52
53
54
55
56
57
58
59
60
61
62
63
64
65
66
67
68
69
70
71
72
73
74
75

76
77
78
79
80
81

82

OL3_KnowledgeManagement 83

OL4_Culture

OL5_Performance

Value

Q1
Q2

O~NOUOPRWNEDNER

84
85

Variable Values

Male

Female

Advertising & Marketing
Agriculture

Q41_Recoded
Q42_Recoded
Q43_Recoded
Q44_Recoded
Q45_Recoded
Q46_Recoded
Q47_Recoded
Q48_Recoded
Q49 _Recoded
Q50_Recoded
Q51
Q52_Recoded
Q53_Recoded
Q54_Recoded
Q55

Q56

Q57

Q58

Q59

Q60

Q61

Q62

Q63

Q64

Q65

Q66

Q67

Q68

Q69

Q70

Q71

Q72

Q73

Q74

DM1 - Digital
Competence
DM2 - Insights
DM3 - Digital Culture
DM4 - Digital Strategy
Innovation
Leadership

OL1 - Knowledge
Sharing

OL2 - Information
Acces

OL3 - Knowledge
Management
OL4 - Culture
OL5 - Performance

Label

Airlines & Aerospace (including Defense)

Automotive
Business Support & Logistics

Construction, Machinery, and Homes

Education
Entertainment & Leisure
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Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Nominal
Scale

Scale
Scale
Scale
Scale
Scale
Scale

Scale

Scale

Scale
Scale
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Q3

Q4

Q5

Q6

Q7_Recoded

Q8 _Recoded

Q9 Recoded

Q10_Recoded

Q11_Recoded

Q12_Recoded

Q13_Recoded

Q14 _Recoded

Q15_Recoded
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Finance & Financial Services
Food & Beverages
Government

Healthcare & Pharmaceuticals
Insurance

Manufacturing

Nonprofit

Retail & Consumer Durables
Real Estate

Telecommunications, Technology, Internet & Electronics

Transportation & Delivery
Utilities, Energy, and Extraction
I am currently not employed
1-49

50 — 999

1,000 - 4,999

5,000 or more

Don't know

0-5

5-10

10-15

15+

Junior Management
Middle Management
Senior Management
Executive Management
Yes

No

Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
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Q16_Recoded

Q17_Recoded

Q18_Recoded

Q19 _Recoded

Q20_Recoded

Q21_Recoded

Q22_Recoded

Q23_Recoded

Q24 _Recoded

Q25 Recoded

Q26 _Recoded

Q27_Recoded

Q28_Recoded

Q29 _Recoded

Q30_Recoded

Q31_Recoded
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Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
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Q32_Recoded

Q33_Recoded

Q34_Recoded

Q35_Recoded

Q36

Q37_Recoded

Q38_Recoded

Q39 _Recoded

Q40_Recoded

Q41_Recoded

Q42_Recoded

Q43_Recoded

Q44_Recoded

Q45_Recoded
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Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Completely disagree
Somewhat disagree
Somewhat agree
Completely agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree

A lot less than
Less than

The same

More than

Many more than
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Never

Seldomly
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Q46_Recoded

Q47_Recoded

Q48_Recoded

Q49 _Recoded

Q50_Recoded

Q51

Q52_Recoded

Q53_Recoded

Q54_Recoded

Q55

Q56

Q57

Q58
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Sometimes

Often

Always

Never

Not really
Sometimes
Perhaps
Definitely

Never

Seldomly
Sometimes

Often

Always

Never

Seldomly
Sometimes

Often

Always

Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Always

Often

Sometimes
Seldomly

Never

Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Strongly disagree
Disagree

Unsure

Agree

Strongly agree
Never

Seldomly
Sometimes

Often

Always

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree
Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree
Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree
Strongly disagree
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Q59

Q60

Q61

Q62

Q63

Q64

Q65

Q66

Q67

Q68

Q69

Q70
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Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree

Strongly disagree
Disagree

Neither agree nor disagree
Agree

Strongly agree
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Q71 1
2
3
4
5
Q72 1
2
3
4
5
Q73 1
2
3
4
5
Q74 1
2
3
4
5
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Strongly disagree

Disagree

Neither agree nor disagree

Agree

Strongly agree
Strongly disagree

Disagree

Neither agree nor disagree

Agree

Strongly agree
Strongly disagree

Disagree

Neither agree nor disagree

Agree

Strongly agree
Strongly disagree

Disagree

Neither agree nor disagree

Agree

Strongly agree

Appendix 3: Cronbach’s Alpha results at the construct level

Digital Maturity:

Reliability Statistics

Cronbach's Alpha Based on

Cronbach's Alpha Standardized ltems N of ltems
0,958 0,958 28
Innovation:
Reliability Statistics
Cronbach's Alpha Based on
Cronbach's Alpha Standardized Items N of Items
0,895 0,897 10
Leadership:
Reliability Statistics
Cronbach's Alpha Based on
Cronbach's Alpha Standardized Items N of ltems
0,921 0,923 10
Organisational Learning:
| Reliability Statistics
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Cronbach's Alpha Based on

Cronbach's Alpha Standardized Items N of ltems
0,730 0,753 20
Appendix 4. KMO and Bartlett’s Test of Sphericity results
Digital Maturity:
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 0,937
Bartlett's Test of Sphericity Approx. Chi-Square 2481,066
df 378
Sig. 0,000
Innovation:
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 0,891
Bartlett's Test of Sphericity Approx. Chi-Square 629,456
df 45
Sig. 0,000
Leadership:
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 0,911
Bartlett's Test of Sphericity Approx. Chi-Square 843,239
df 45
Sig. 0,000
Organisational Learning:
KMO and Bartlett's Test
Kaiser-Meyer-Olkin Measure of Sampling Adequacy. 0,808
Bartlett's Test of Sphericity Approx. Chi-Square 973,872
df 190
Sig. 0,000

Appendix 5: Factor analysis results
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5.1 Digital maturity factor analysis results

Factor analysis yielded four components

Rotated Component Matrix?
Component
1 2 3 4
Q7_Recoded 0,003 0,138 0,141 0,669
Q8 _Recoded 0,279 0,072 0,080 0,749
Q9 Recoded 0,598 0,174 0,176 0,448
Q10 _Recoded 0,687 0,084 0,219 0,236
Q11 Recoded 0,368 0,273 0,508 0,386
Q12 _Recoded 0,292 0,125 0,646 0,172
Q13 _Recoded -0,023 0,267 0,635 0,347
Q14 Recoded 0,277 0,341 0,590 0,264
Q15 Recoded 0,372 0,163 0,597 0,320
Q16_Recoded 0,686 0,271 0,270 0,199
Q17_Recoded 0,747 0,205 0,262 0,019
Q18 Recoded 0,411 0,261 0,686 -0,180
Q19 Recoded 0,652 0,358 0,273 0,050
Q20 Recoded 0,595 0,335 0,176 0,120
Q21 Recoded 0,415 0,134 0,519 -0,055
Q22 _Recoded 0,274 0,395 0,550 0,269
Q23 _Recoded 0,577 0,246 0,455 0,248
Q24 Recoded 0,350 0,632 0,010 0,396
Q25 Recoded 0,439 0,364 0,546 0,020
Q26 Recoded 0,237 0,695 0,245 0,142
Q27_Recoded 0,471 0,553 0,357 -0,080
Q28 Recoded 0,378 0,527 0,412 0,097
Q29 Recoded 0,613 0,461 0,353 0,110
Q30 _Recoded 0,269 0,659 0,056 -0,012
Q31 _Recoded 0,340 0,543 0,591 -0,024
Q32_Recoded 0,099 0,770 0,360 0,198
Q33_Recoded 0,113 0,753 0,328 0,241
Q34_Recoded 0,263 0,610 0,468 0,127
Extraction Method: Principal Component Analysis.
Rotation Method: Varimax with Kaiser Normalization.
a. Rotation converged in 7 iterations.
These items were grouped and labelled as new variables as per below:
Factor Question | Question Text Percentage
# of
Construct
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Digital 9 We have the right leaders to execute on our | 29%
competence digital strategy day-to-day
10 We invest in targeted digital education and
training at all levels of our organization
16 The staff supporting our critical digital functions
are best in class
17 We have digital skills embedded throughout our
organization
19 We have defined and repeatable processes for
managing digital programs
20 Our vendor partners deliver value that
enhances our digital competencies
23 We have a flexible, iterative, and collaborative
approach to technology development
29 Every employee understands how his or her
performances ties to corporate digital goals
Insights 24 We leverage modern architectures (APIs, cloud, | 29%
machine learning, big data etc.) to promote
speed and flexibility
26 We use customer experience assets, like
personas and journey maps, to steer our
technology design
27 We use digital tools to promote employee
innovation, collaboration, and mobility
28 We have clear and quantifiable goals for
measuring the success of our digital strategy
30 We use customer-centric metrics like Net
Promoter Score or lifetime value to measure
success
32 Customer insight actively steers our digital
strategy
33 Customer insights inform digital design and
development
34 We feed lessons learned from digital programs
back into our strategy
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Organisation | 11 We clearly communicate our digital vision both | 36%
and Culture internally and externally
12 We take measured risks in order to enable
innovation
13 We prioritize overall customer experience over
the performance of any individual channel
14 Our organization structure prioritizes customer
journeys over functional silos
15 We dedicate appropriate resources to digital
strategy, governance, and execution
18 Our organization model encourages Ccross-
functional collaboration
21 Our technology budget is fluid to allow for
shifting priorities
22 Our marketing and technology resources work
together to co-create our digital technology road
map
25 We measure our technology teams by business
outcomes not just system up-time
31 We measure how channels work together to
accomplish a desired outcome
Digital 7 We believe that our competitive strategy | 7%
strategy depends on digital
8 Our board and our C-level executives back our
digital strategy
5.2 Innovation factor analysis results
Factor analysis yielded one component.
Component Matrix®
Component
1
Q35_Recoded 0,751
Q36 0,682
Q37_Recoded 0,659
Q38_Recoded 0,707
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Q39_Recoded 0,628
Q40_Recoded 0,768
Q41_Recoded 0,792
Q42_Recoded 0,823
Q43_Recoded 0,627
Q44_Recoded 0,769

Extraction Method: Principal Component Analysis.
a. 1 components extracted.

Total Variance Explained
Initial Eigenvalues Extraction Sums of Squared Loadings
% of % of Cumulative
Component Total | Variance | Cumulative % Total Variance %
1 5,238 52,376 52,376 5,238 52,376 52,376
2 0,881 8,815 61,191
3 0,784 7,844 69,035
4 0,626 6,261 75,296
5 0,590 5,903 81,198
6 0,567 5,675 86,873
7 0,429 4,290 91,163
8 0,363 3,626 94,789
9 0,299 2,993 97,782
10 0,222 2,218 100,000

Extraction Method: Principal Component Analysis.

These items were combined in to a single variable and labelled Innovation.

5.3 Leadership factor analysis results

Factor analysis yielded one component.

Component Matrix?
Component
1

Q35 Recoded 0,751
Q36 0,682
Q37 Recoded 0,659
Q38 Recoded 0,707
Q39 Recoded 0,628
Q40 Recoded 0,768
Q41 Recoded 0,792
Q42 _Recoded

0,823
Q43 Recoded 0,627
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0,769

Extraction Method: Principal Component Analysis.
a. 1 components extracted.

Total Variance Explained
Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % of Variance Cumulative % Total % of Variance Cumulative %
1 5,967 59,671 59,671 | 5,967 59,671 59,671
2 0,786 7,856 67,528
3 0,684 6,844 74,372
4 0,631 6,313 80,685
5 0,503 5,031 85,716
6 0,414 4,138 89,854
7 0,323 3,231 93,085
8 0,292 2,918 96,003
9 0,244 2,438 98,441
10 0,156 1,559 100,000

These items were combined in to a single variable and labelled Leadership.

5.4 Organisational learning factor analysis results

Factor analysis yielded 5 components

Rotated Component Matrix?
Component
1 2 3 4 5
Q55 0,056 0,268 0,700 0,011 -0,154
Q56 0,039 0,054 0,826 -0,192 0,269
Q57 0,263 -0,036 0,792 0,056 0,182
Q58 -0,288 -0,446 -0,102 0,451 -0,031
Q59 0,043 0,429 0,573 -0,101 -0,007
Q60 0,501 0,381 0,214 -0,208 -0,040
Q61 0,586 -0,069 0,132 0,343 0,227
Q62 0,436 0,327 0,273 -0,220 0,477
Q63 0,144 0,170 0,045 0,055 0,754
Q64 0,577 0,272 0,139 0,229 -0,275
Q65 0,808 -0,022 0,035 -0,074 0,033
Q66 0,702 0,254 -0,007 -0,049 0,183
Q67 0,019 -0,382 -0,072 0,724 0,111
Q68 0,052 0,064 -0,005 0,783 -0,214
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Q69 0,015 0,525 0,217 -0,097 0,487
Q70 0,564 0,169 0,151 -0,213 0,373
Q71 0,095 0,754 0,024 -0,105 0,368
Q72 -0,065 -0,237 -0,083 0,724 0,032
Q73 0,170 0,691 0,208 -0,188 0,056
Q74 0,353 0,582 0,173 -0,288 0,145
Extraction Method: Principal Component Analysis.

Rotation Method: Varimax with Kaiser Normalization.
a. Rotation converged in 6 iterations.

Total Variance Explained

Extraction Sums of Squared Rotation Sums of Squared
Initial Eigenvalues Loadings Loadings
% of Cumulative % of Cumulative % of Cumulative
Component | Total | Variance % Total | Variance % Total | Variance %
1 5,930 29,648 29,648 | 5,930 29,648 29,648 | 2,931 14,654 14,654
2 2,343 11,713 41,361 | 2,343 11,713 41,361 | 2,778 13,892 28,546
3 1,677 8,386 49,747 | 1,677 8,386 49,747 | 2,455 12,277 40,823
4 1,251 6,253 56,000 | 1,251 6,253 56,000 | 2,372 11,860 52,683
5 1,021 5,106 61,105 | 1,021 5,106 61,105 | 1,684 8,422 61,105
6 0,980 4,900 66,006
7 0,837 4,184 70,190
8 0,742 3,711 73,901
9 0,699 3,495 77,396
10 0,662 3,310 80,706
11 0,582 2,912 83,618
12 0,539 2,696 86,314
13 0,520 2,599 88,912
14 0,455 2,277 91,190
15 0,373 1,865 93,054
16 0,347 1,734 94,789
17 0,308 1,541 96,329
18 0,293 1,466 97,795
19 0,233 1,167 98,962
20 0,208 1,038 100,000

Extraction Method: Principal Component Analysis.

These items were grouped and labelled in to new variables as per below:

Factor Ques | Question Text

tion #
Knowledge 60 The company hires highly specialized or knowledgeable
Sharing personnel
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61 The company makes extensive use of electronic storage (such
as, databases, data warehousing, scanned documents)
64 When internal capabilities are deficient, we acquire them from
the outside
65 Employees use electronic means to communicate
66 Employees have a large variety of communications tools
(telephone, e-mail, Internet, and so on) from which to choose
70 Employees make extensive use of Information Systems to
support their work
74 Employees are encouraged to communicate clearly
Access to | 69 Employees retrieve archived information when making
information decisions
71 Employees are keenly aware of where their knowledge can
serve the company
73 When employees need specific information, they know who
will have it
Knowledge | 55 The company develops experts from within
Management | 56 The company stores detailed information for guiding
operations
57 There is a formal data management function in the company
59 The company maintains a certain mix of skills among its pool
of employees
Learning 58 The company is slow to react to technological change
Culture 67 Our employees resist changing to new ways of doing things
68 Employees learn about the company’s recent developments
through informal means (such as news stories and gossip)
72 Employees keep information (such as, numbers, plans, ideas)
away from other employees
Performance | 62 The company collects data on all facets of performance
63 The company acquires sub-units (such as, organizations,

functions, departments) based on short-term financial gain

Appendix 6: Sub Research Question 1 - Normality and

Correlation results
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Normality results:
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Tests of Normality
Kolmogorov-Smirnov? Shapiro-Wilk
Statistic | df Sig. Statistic | df Sig. <0.05
Leadership 0,063 135 .200 0,982 135 0,074 FALSE
DM1 - Digital Competence 0,077 135 0,047 0,981 135 0,057
FALSE
DM2 - Insights 0,074 135 0,070 0,969 135 0,004 TRUE
DMS - Digital Culture 0,068 | 135 .200" 0,977 | 135 | 0,022
TRUE
DM4 - Digital Strategy 0,272 | 135| 0,000 0,799 | 135 | 0,000
TRUE
Correlation Results
Correlations
Leadership DM3 - DM4 -
DML1 - Digital DM2 - Digital Digital
Competence Insights | Culture | Strategy
Leadership Pearson 557" 570" .661" 212"
Correlation 1
Sig. (2- 0,000 0,000 0,000 0,014
tailed)
N 135 135 135 135 135
DM1 - Digital | Pearson o 1 738" .802" .396"
Competence Correlation 557
Sig. (2- 0,000 0,000 0,000
tailed) i
N 135 136 136 136 136
DM2 - Insights Pearson o .738" 1 785" .370"
Correlation 570
Sig. (2- 0,000 0,000 0,000
tailed) i
N 135 136 136 136 136
DMS - Digital Culture | Pearson o .802™ .785" 1 402"
Correlation 661
Sig. (2- 0,000 0,000 0,000
tailed) i
N 135 136 136 136 136
DM4 - Digital | Pearson . .396" .370" 402" 1
Strategy Correlation 212
Sl_g. (2- 0,014 0,000 0,000 0,000
tailed)
N 135 136 136 136 136
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Appendix 7: Sub Research Question 2 - Normality and
Correlation results
Normality results
Tests of Normality
Kolmogorov-Smirnov? Shapiro-Wilk
Statistic df Sig. Statistic df Sig. <0.05
Innovation 0,063 136 .200 0,983 136 0,091 FALSE
DM1 - Digital 0,077 136 0,045 0,981 136 0,055
Competence FALSE
DM2 - Insights 0,072 136 0,080 0,971 136 0,006 TRUE
DM3 - Digital 0,067 136 .200" 0,977 136 0,019
Culture TRUE
DM4 - Digital 0,270 136 0,000 0,801 136 0,000
Strategy TRUE
Correlation results
Correlations
DML1 - DM3 - DM4 -
Digital DM2 - Digital Digital
Innovation Competence | Insights | Culture | Strategy
Innovation Pearson 1 .648™ 671" 715" .343"
Correlation
Sig. (2- 0,000 0,000 0,000 0,000
tailed)
N 136 136 136 136 136
DM1 - Digital | Pearson .648™ 1 738" .802" .396"
Competence Correlation
Sig. (2- 0,000 0,000 0,000 0,000
tailed)
N 136 136 136 136 136
DM2 - Insights Pearson 671" .738" 1 .785" .370"
Correlation
Sig. (2- 0,000 0,000 0,000 0,000
tailed)
N 136 136 136 136 136
DMS - Digital Culture Pearson .715” .802" .785" 1 402"
Correlation
Sig. (2- 0,000 0,000 0,000 0,000
tailed)
N 136 136 136 136 136
DM4 - Digital Strategy Pearson .343" .396" 370" 402" 1
Correlation
Sig. (2- 0,000 0,000 0,000 0,000
tailed)
N 136 136 136 136 136
**_Correlation is significant at the 0.01 level (2-tailed).
132

© University of Pretoria



Appendix 8: Sub Research Question

Correlation results

Normality results:
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3 - Normality and

Tests of Normality
Kolmogorov-Smirnov® Shapiro-Wilk
Statistic df Sig. Statistic df Sig. <0.05
OoL1 - 0,131 133 0,000 0,901 133 0,000
Knowledge
Sharing TRUE
OoL2 - 0,149 133 0,000 0,954 133 0,000
Information
Access TRUE
oL3 - 0,148 133 0,000 0,954 133 0,000
Knowledge
Management TRUE
OL4 - Culture 0,102 133 0,002 0,973 133 0,009 | tRrUE
OL5 - 0,158 133 0,000 0,954 133 0,000
Performance TRUE
DM1 - Digital 0,075 133 0,063 0,981 133 0,059
Competence FALSE
DM2 - Insights 0,072 133 0,088 0,969 133 0,004 | tRrUE
DM3 - Digital 0,069 133 .200" 0,977 133 0,022
Culture TRUE
DM4 - Digital 0,275 133 0,000 0,794 133 0,000
Strategy TRUE
Correlation results:
Correlations
o c o5 Q 8
D o o (2] , — £ . @ - L=
Z8E 5% 88 <8 | nE | 4S8 4E | 0S5y <28
d38 JEg I8 5 | 259 =28 =3 | =25 =z2oF
ng o5& 08% o3 O‘*G:) OO0 g Ooc 00Q| 0ogE
¥ £ ¥ s o 8
pearson | 5og' | 409" | 235" | -531" | 403" | 1 | .738" | .802" | .396"
o Correlation
DM1 - Digital Sig. (2-
Competence ta?léd) 0,016 | 0,000 | 0,006 | 0,000 | 0,000 0,000 | 0,000 | 0,000
N 133 133 133 133 133 136 136 136 136
Pearson | gage | 424" | 208" | -524" | 519" | 738" | 1 | .785" | 370"
Correlation
ol Sig. (-
Insights tailéd) 0,000 | 0,000 | 0,000 | 0,000 | 0,000 | 0,000 0,000 | 0,000
N 133 133 133 133 133 136 136 136 136
Pearson . - - - e - e e
DM3 - Digital | Correlation 2717 | 4617 | 295" | -.615™ | .449™ | .802" | .785 1 402
Culture Sig. (2-
: 0,002 | 0,000 | 0,001 | 0,000 | 0,000 | 0,000 | 0,000 0,000
tailed)
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N 133 133 133 133 133 136 136 136 136
Pearson - . o - - -
. Correlation | 246" | -177" | 0,029 | -304" | 0,170 | .396™ | .370" | .402 1
DM4 - Digital Sig. (2-
Strategy tagi]lé d) 0,004 | 0,041 | 0,737 | 0,000 | 0,050 | 0,000 | 0,000 | 0,000
N 133 133 133 133 133 136 136 136 136

**_Correlation is significant at the 0.01 level (2-tailed).
*. Correlation is significant at the 0.05 level (2-tailed).

Appendix 9: Regression Results

9.1 Digital competence regression results

There was independence of residuals, as assessed by a Durbin-Watson statistic of
2,216.

Model Summary®

Std. Error
Adjusted of the
Model R R Square | R Square | Estimate Durbin-Watson
1 .6972 0,486 0,457 0,44533 2,216

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management,
OL1 - Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM1 - Digital Competence

The relationship between the dependent variable and independent variables are linear.
There was homoscedasticity, as assessed by visual inspection of a plot of studentized

residuals versus unstandardized predicted values.
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The Tolerance values are greater than 0.1 which implies that there is no problem with

collinearity in this particular data set.
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Coefficients?
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S © ° £ T = o £ g
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35 © 2] - 2 = o
0
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= = T = T
= © o ) 5 O © + =
@ | Y8 z2/ 22| 88| 5| & |5 |8
g @ Jm| ODm | N o o o %
Model @ =
1| (Constant) | 159 | 0,50 3,14 | 0,00 | 059 | 2,59
0 6 5 2 0 1
Innovation
0,35 0,09 0,39 3,94 0,00 0,17 0,53 0,63 0,33 0,25 0,41 2,39
7 1 1 1 0 8 7 7 2 3 7 9
Leadership )
0,09 0,07 0,12 1,29 0,19 0.05 0,24 0,55 0,11 0,08 0,46 | 2,17
7 5 2 6 7 '1 5 4 5 3 0 3
OoL1 -
Knowledge
Sharin - - - - - - -
g 016 | %% | 016 | 202 | %% | 033 | 000 | %Z° | 017 | 03 | O | 120
9 2 3 5 4 8 0
oL2 - ]
Information 0,05 0,07 0,07 0,82 0,41 0.08 0,19 0,40 0,07 0,05 0,55 | 1,79
Access 8 1 1 4 1 ’2 8 9 4 3 8 1
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oL3 .
Knowledge
Manageme | 0,04 | 005 | 005 | 071 | 047 | (- | 015 | 023 | 006 | 004 | 074 | 133
nt 2 8 3 7 5 P 7 5 4 6 8 7
oL4 -
Culture - - - - - - -
0,13 0'26 016 | 1,95 0'25 0,26 o,go 053 | 017 | 012 0’;34 1’882
0 9 3 1 1 2 5
oL5 -
Performan | 0,12 | 0,06 | 017 | 209 | 003 | 0,00 | 024 | 040 | 018 | 013 | 058 | 1.71
ce 5 0 6 9 8 7 4 3 4 5 2 7

Studentized deleted residuals showed one case with a value of -3.7. There were two

leverage point cases with values >0.2 and no influential points (no Cooks values >1).

Normal P-P Plot of Regression Standardized Residual

Dependent Variable: DM1 - Digital Competence
1.0

7

0.8
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0.4+

Expected Cum Prob

0.0 T T T T
00 02 04 06 08 1.0
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Points are close enough to indicate that the residuals are close enough to normal for the
analysis to proceed. As multiple regression analysis is fairly robust against deviations
from normality, this result was accepted as meaning that no transformations of data is

required.

R? for the overall model was 48,6% with an adjusted R? of 45,7%, a large size effect
according to Cohen (1988).

Model Summary®
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Model R R Adjusted | Std. Error | Durbin-Watson
Square R Square | of the
Estimate
1 .6972 0,486 0,457 0,44533 2,216

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge

Management, OL1 - Knowledge Sharing, Leadership, OL2 - Information Access,

Innovation

b. Dependent Variable: DM1 - Digital Competence

F(7,125) = 16.884, p < 0.0005.

ANOVA?
Sum of Mean
Model Squares df Square F Sig.
1 | Regression 23,439 7 3,348 16,884 .000"
Residual 24,790 125 0,198
Total 48,229 132

a. Dependent Variable: DM1 - Digital Competence

b. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation

predicted (Digital Competence) = 1,590 + (0,357 * Innovation) + (0,097 * Leadership) -
(0,169 * Knowledge Sharing) + (0,058 * Information Access) + (0,042 * Knowledge

Management) - (0,13 * Learning Culture) + (0,125 * Performance).

9.2 Digital insights regression results

There was independence of residuals, as assessed by a Durbin-Watson statistic of

1,941.
Model Summary®
Adjusted R Std. Error of the
Model R R Square Square Estimate Durbin-Watson
1 .7362 0,541 0,516 0,43908 1,941

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM2 - Insights

© University of Pretoria
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The relationship between the dependent variable and independent variables are linear.
There was homoscedasticity, as assessed by visual inspection of a plot of studentized

residuals versus unstandardized predicted values.
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The Tolerance values are greater than 0.1 which implies that there is no problem with

collinearity in this particular data set.
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- w | 0| § S| 85| s | g | 5| 8|4
B pe @ 33| 5@ S a o 2
= @ N -
1 | (Constant) | 495 | 049 181 | 007 | o5 | 189
4 8 3 2 ’ 3 0
Innovation 0,36 | 0,08 0,38 4,12 | 0,00 0,19 | 0,54 0,66 0,34 0,25 | 0,41 | 2,39
9 9 7 5 0 2 6 0 6 0 7 9
Leadership }
0,09 | 0,07 0,11 1,24 | 0,21 0.05 0,23 0,57 0,11 0,07 | 0,46 | 2,17
2 4 1 2 7 ! 2 8 2 0 5 0 3
OoL1 - ) } } R ) )
Knovyledge 0.04 0,08 0.04 056 0,57 021 0,11 0,33 0,05 0,03 0,63 | 1,56
Sharing 7 3 3 7 1 0 7 8 1 4 9 4
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oL2 -

Information

Access h h A N - b
0,01 O’OZ) 0,01 | 0,22 0’82 0,15 0'12 0'4‘21 0,02 | 0,01 0'52 1’72
6 8 4 4 0 4

OoL3 -

Knowledge

Manageme 0,06 | 0,05 | 0,07 | 1,13 | 0,25 00‘; 0,17 | 0,29 | 0,10 | 0,06 | 0,74 | 1,33

nt 5 7 9 4 9 g 8 8 1 9 8 7

oL4 - ) } } R ) ) }

Culture 011 0,02 0.14 1,76 0,03 0.24 0,0‘11 0,52 0,15 0.10 0,5471 1,8§
5 4 2 5 4 6 7

OoL5 -

Performan 0,20 | 0,05 0,27 3,52 | 0,00 0,09 | 0,32 0,51 0,30 0,21 | 0,58 | 1,71

ce 7 9 9 1 1 1 4 9 0 3 2 7

a. Dependent Variable: DM2 - Insights

Studentized deleted residuals showed no cases with a value of +/-3. There were two

leverage point cases with values >0.2 and no influential points (no Cooks values >1).

Normal P-P Plot of Regression Standardized Residual
Dependent Variable: DM2 - Insights
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Points are close enough to indicate that the residuals are close enough to normal for the
analysis to proceed. As multiple regression analysis is fairly robust against deviations
from normality, this result was accepted as meaning that no transformations of data is

required.

R? for the overall model was 54.1% with an adjusted R? of 51.6%, a large size effect
according to Cohen (1988).
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Model Summary®

Adjusted
R R Std. Error of Durbin-
Model R Square Square the Estimate Watson
1 .7362 0,541 0,516 0,43908 1,941

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM2 - Insights

F(7,125) = 21,064, p < 0.005.

ANOVA?
Sum of

Model Squares df Mean Square F Sig.
1 | Regression 28,428 7 4,061 21,064 .000P

Residual 24,099 125 0,193

Total 52,527 132
a. Dependent Variable: DM2 - Insights
b. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation

predicted (Digital Insights) = 0,904 + (0,369 * Innovation) + (0,092 * Leadership) - (0,047
* Knowledge Sharing) - (0,016 * Information Access) + (0,065 * Knowledge

Management) - (0,115 * Learning Culture) + (0,207 * Performance).

9.3 Digital org and culture regression results

There was independence of residuals, as assessed by a Durbin-Watson statistic of
1,991.

Model Summary®

Adjusted R Std. Error of | Durbin-
Model R R Square Square the Estimate | Watson
1 .7882 0,620 0,599 0,40695 1,991

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM3 - Digital Culture
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The relationship between the dependent variable and independent variables are linear.
There was homoscedasticity, as assessed by visual inspection of a plot of studentized

residuals versus unstandardized predicted values.
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The Tolerance values are greater than 0.1 which implies that there is no problem with

collinearity in this particular data set.

Coefficients?
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5 £ O = O = = 2 n
S g % 5 S L 2 c S
S & 50 ST @ s g2
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- n
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o [ e] - T ©
5| s 2SS/ &S| 5| €| 5| & | &
_ o0 o 23| &3 o s | & | 8| >
9 b m Jon| Om 5 o o
§ 0 N =
1 | (Constant) 1,26 | 0,46 2,72 | 0,00 | 0,34 | 217
0 2 8 7 6 5
Innovation 034 | 008 | 035| 420| 000| 018 | 051 | 070 | 035 | 0,23 | 0,41 | 2,39
9 3 9 8 0 5 3 7 2 2 7 9
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Leadership | 018 | 0,06 | 022 | 2,75 | 0,00 | 005| 032 | 066 | 024 | 015| 0,46 | 2,17
9 8 4 9 7 3 4 4 0 2 0 3

oL1 - ) ) ] ] ] ]

gﬂg‘r’;’%dge 0,14 0'0; 012 | 1,86 o,og 0,29 o,og 0’21 0,16 | 0,10 0’63 1’52
3 8 2 4 4 3

oL2 - ]

Information | 0,04 | 0,06 | 005 | 068 | 049 | o | 017 | 046 | 006 | 003 | 0,55 | 1,79

Access 4 5 0 4 5 ! 4 2 1 1 8 8 1

oL3 -

Knowledge

Manageme | 0,06 | 0,05 | 007 | 1,23 | 021 | oo | 017 | 029 | 011 | 006 | 0,74 | 1,33

nt 6 3 9 6 9 e 1 5 0 8 8 7

oL4 - - - N N } - } -

Culture 0,17 0'0‘13 021 | 2,84 o,og 029 | 005| 061]| 024 015 0’5‘7‘ 1’8§
2 2 5 2 2 5 7 7

oL5 -

Performan | 012 | 0,05 | 0,16 | 231 | 0,02 | 001 | 023 | 044| 020| 012 | 058 | 1,72

ce 7 5 8 9 2 9 5 9 3 8 2 7

Studentized deleted residuals showed one case with a value of +/-3. There were two

leverage point cases with values >0.2 and no influential points (no Cooks values >1).

MNormal P-P Plot of Regression Standardized Residual
Dependent Variable: DM3 - Digital Culture
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Points are close enough to indicate that the residuals are close enough to normal for the
analysis to proceed. As multiple regression analysis is fairly robust against deviations
from normality, this result was accepted as meaning that no transformations of data is

required.
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R? for the overall model was 62.0% with an adjusted R? of 59.9%, a large size effect
according to Cohen (1988).

Model Summary®

Adjusted R Std. Error of | Durbin-
Model R R Square Square the Estimate | Watson
1 .7882 0,620 0,599 0,40695 1,991

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM3 - Digital Culture

F(7,125) = 29.159, p < 0.005.

ANOVA®
Model Sum of Squares df Mean Square F Sig.
1 | Regression 33,802 7 4,829 | 29,159 .000°
Residual 20,701 125 0,166
Total 54,503 132

a. Dependent Variable: DM3 - Digital Culture

b. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation

predicted (Digital Org and Culture) = 1,260 + (0,349 * Innovation) + (0,189 * Leadership)
- (0,143 * Knowledge Sharing) + (0,044 * Information Access) + (0,066 * Knowledge
Management) - (0,172 * Learning Culture) + (0,127 * Performance).

9.4 Digital strategy regression results

There was independence of residuals, as assessed by a Durbin-Watson statistic of
1,874.

Model Summary®
Std.
Adjusted | Error of
R R the Durbin-
Model R Square Square | Estimate | Watson
1 .3902 0,152 0,105 | 0,40298 1,874

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM4 - Digital Strategy

143

© University of Pretoria



UNIVERSITY OF PRETORIA
YUNIBESITHI YA PRETORIA

4
&

“ UNIVERSITEIT VAN PRETORIA

A 4

The relationship between the dependent variable and independent variables are linear.

There was homoscedasticity, as assessed by visual inspection of a plot of studentized

residuals versus unstandardized predicted values.
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Unstandardized Predicted Value

The Tolerance values are greater than 0.1 which implies that there is no problem with

collinearity in this particular data set.

Studentized deleted residuals showed one case with a value of +/-3. There were two

leverage point cases with values >0.2 and no influential points (no Cooks values >1).
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Mormal P-P Plot of Regression Standardized Residual
Dependent Variable: DM4 - Digital Strategy
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Points are close enough to indicate that the residuals are close enough to normal for the
analysis to proceed. As multiple regression analysis is fairly robust against deviations
from normality, this result was accepted as meaning that no transformations of data is

required.

R? for the overall model was 15.2% with an adjusted R? of 10.5%, a medium size effect
according to Cohen (1988).

Coefficients?
° o o
N 2 o 2 @ & >
—_ O — =2 0
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20 7O . Oc o O
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is ° @ S&a| 58| 2 a o 2
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1| (Constant) | 318 | 045 6,95 | 0,00 | 227 | 4,08
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innovation | 913 | 0,08 | 020 | 161|011 | . 2| 020 | 032 | 014 | 013 | 041 | 2339
2 2 6 1 U R 5 7 3 3 7 9
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oL1 -
Knowledge | 0,13 | 0,07 | 0,18 | 1,79 | 0,07 001’ 028 | 024 | 015| 0,14 | 063 | 1,56
Sharing 6 6 5 4 5 " 6 6 8 8 9 4
oL2 - . . . _ . .
'Iorjformatlon 0,01 O,O?1 0,01 0.16 0,8; 013 O,lé 0,1; 0,01 0,01 0,52 1,72
ceess 0 8 1 7 4 3
oL3 -
Knowledge
Manageme - - A R - -
ke 005 | 9| o010 | 106 | %% | 016 | %% | %21 009 | 008 | O7%| 1%
6 1 5 0 5 8
OL4 ) | 0,06 R - | 0,10 ~ | 0,02 . . - | 054 | 1,82
Culture 0,09 "o | 018 | 163 5| 021 1| 080 014 013 = "8
8 2 1 7 4 4 4
OoL5 - )
Performan 0,00 | 0,05| 000 | 000|099 | ,,0| 010 017 | 000 | 000 | 058 | 171
ce 0 4 1 9 3 " 7 0 1 1 2 7
a. Dependent Variable: DM4 - Digital Strategy
Model Summary®
Std.
Adjusted | Error of
R R the Durbin-
Model R Square Square | Estimate | Watson
1 .3902 0,152 0,105 | 0,40298 1,874

a. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation
b. Dependent Variable: DM4 - Digital Strategy

F(7,125) = 3.206, p < 0.005.

ANOVA?
Sum of Mean
Model Squares df Square F Sig.
1 | Regression 3,644 7 0,521 3,206 .004°
Residual 20,299 125 0,162
Total 23,944 132

a. Dependent Variable: DM4 - Digital Strategy

b. Predictors: (Constant), OL5 - Performance, OL4 - Culture, OL3 - Knowledge Management, OL1 -
Knowledge Sharing, Leadership, OL2 - Information Access, Innovation

predicted (Digital Strategy) = 3.182 + (0,132 * Innovation) - (0,024 * Leadership) + (0,136
* Knowledge Sharing) - (0,010 * Information Access) - (0,056 * Knowledge Management)

- (0,098 * Learning Culture) + (0 * Performance).
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