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with the current findings that indicate a significant portion of investors opt for high-risk 

asset allocations despite potential losses. 

Dickason-Koekemoer & Ferreira (2018) examined risk tolerance in South African 

investors, linking it to behavioural biases. Their study found that low-risk tolerance 

investors exhibit loss aversion, while high-risk tolerance investors are prone to self-

control bias. The current data supports this finding, because 40% of respondents 

prefer stock market investments, indicating a willingness to embrace some form of 

volatility. Additionally, 36% of respondents accept a potential R47 000 gain with a R14 

000 loss, reinforcing the idea that risk-tolerant investors focus on potential rewards 

rather than downside risks. 

A broader framework for risk tolerance was discussed in a treasury report (Treasury, 

2021) that emphasised the importance of early warning mechanisms for adverse risk 

trends. The current findings suggest that investors actively engage in risk return trade-

offs, but the lack of structured risk assessment could expose them to unexpected 

financial downturns. The National Treasury report (2019) advocates for risk modelling 

and scenario analysis, that could help investors refine their decision-making 

strategies. 

While this current study’s findings indicate moderate to high-risk tolerance, existing 

research (Grable, 2016; Mishra & Mishra, 2014; Reddy & Mahapatra, 2017) suggests 

that investors often misjudge their ability to manage risk, leading to overconfidence 

and poor diversification. Overall, the results of this study agree with the findings of 

broader research on risk tolerance and investor decision-making (Mishra & Mishra, 

2014), reinforcing the idea that financial risk tolerance shapes investment strategies. 

However, contrasting studies suggest that investors may not always accurately assess 

their risk-return trade-offs, leading to potential financial mistakes. 

The current findings on risk tolerance align with several established theories in 

behavioural finance. Risk tolerance theory suggests that an investor’s willingness to 

take risks is influenced by both psychological and situational factors(Sudirman et al., 

2023). According to Weber & Klement (2018), risk tolerance is a stable characteristic 

or personality trait, but risk-taking behaviour can fluctuate based on external 
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circumstances, such as market conditions, age and financial experiences. The current 

findings indicate that investors exhibit varying levels of risk tolerance, with 40% 

preferring stock market investments, while 36% opt for safer options, such as bonds. 

This finding supports the idea that risk tolerance is not entirely static and can be 

influenced by external factors. 

The classical risk-return trade-off suggests that higher risks are associated with higher 

potential returns (Campbell & Viceira, 2005). Markowitz’s Modern Portfolio Theory 

(Markowitz, 1952) emphasises that investors should balance risk and return by 

diversifying their portfolios. The current findings show that 37% of investors allocate 

50% of their portfolio to high-risk investments, demonstrating an understanding of the 

risk-return trade-off. However, behavioural finance research suggests that investors 

often misjudge risk, leading to overconfidence or loss aversion (Mallik et al., 2017). 

The overconfidence bias, reflected in the data indicating that investors believe they 

can control returns (Q10_6: 3.36), contradicts rational risk-return awareness, since 

market forces largely dictate investment outcomes. 

Investor decision-making can be influenced by bounded rationality, as proposed by 

Simon (2000). The current findings suggest that investors make decisions based on 

perceived risk rather than objective calculations, aligning with prospect theory 

(Kahneman & Tversky, 1979). Prospect theory states that investors weigh potential 

losses more heavily than equivalent gains, a fact which is evident in the data that 

indicates 36% of the respondents accept a potential R47 000 gain but also a R14 000 

loss. This finding suggests that while investors acknowledge risk, they may still exhibit 

loss aversion, preferring strategies that minimise downside exposure. 

These findings further align with behavioural finance theories, particularly prospect 

theory, risk-return trade-offs and bounded rationality. However, they contrast with 

classical finance models that assume rational decision-making.  

5.3.6 Risk and return awareness 

This section discusses the findings from the data collection and analysis of risk return 

awareness, that is a representative dependent variable of investor decision-making, 
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as detailed in Chapter 4 above. The section further details how the current findings 

compare with related studies, as well as established behavioural finance theories. 

5.3.6.1 Comparison with related studies 

The findings from this study indicate that individual investors exhibit a moderate level 

of risk return awareness. There is a relatively high confidence in understanding and 

managing the risks associated with investment decisions, as well as in incorporating 

investment decisions into long‑term planning. However, the ability to accurately 

estimate expected returns appears to be less certain. This pattern of results aligns 

with classic insights from behavioural finance studies which document that investors 

often rely on heuristics and exhibit biases when evaluating complex trade-offs between 

risk and reward. 

Kahneman and Tversky’s (1979) seminal work on prospect theory highlights how 

investors’ judgments under uncertain conditions are influenced by cognitive biases, 

often leading to an overemphasis on minimising losses rather than accurately 

forecasting gains. Such a cognitive predisposition may partly explain why respondents 

in the current study reported a lower degree of certainty about expected returns. In a 

similar vein, Barberis and Thaler (2003) provide evidence that investors’ decision-

making processes are frequently subject to systematic biases, resulting in 

discrepancies between perceived and actual risk–return trade-offs. The relatively 

higher self-confidence in understanding investment risks observed among JSE 

investors resonates with these studies, suggesting that while they are aware of 

potential risks, their capability to project future returns remains more ambiguous. 

Furthermore, the importance placed on secure investments and future planning 

mirrors the principles established by modern portfolio theory (Markowitz, 1952), which 

advocates for a balance between risk mitigation and return maximisation. However, 

as Lusardi and Mitchell (2007) argue, limited financial literacy can hinder investors’ 

ability to fully comprehend complex financial instruments and their associated risks 

and rewards. The survey’s mixed results—indicating a stronger grasp of risks relative 

to anticipated returns—emphasise that despite a moderate level of overall financial 
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awareness, there is a persistent need to enhance investor education, particularly in 

the domain of return expectation analysis. 

Taken together, the current study’s outcomes underscore the dual challenge that 

individual investors face: while they may be relatively adept at acknowledging and 

managing risks, there remains a significant gap in accurately understanding and 

estimating returns (Campbell, 1996b). Addressing this gap through targeted financial 

education could help investors make more balanced decisions. 

The findings from this study align with several core tenets of risk return theory while 

simultaneously extending current understanding of investor behaviour in emerging 

markets. Established frameworks, such as Modern Portfolio Theory (Markowitz, 1952) 

and the Capital Asset Pricing Model (Sharpe, 1964), argue that investors who assume 

greater risk should expect higher returns as compensation. The survey results echo 

these theories in that investors are generally aware of the risks and incorporate risk 

assessment into their long‑term planning. However, they exhibit comparatively lower 

confidence in their ability to estimate expected returns. This divergence suggests that, 

while investors have internalised risk management principles, the more complex 

process of return forecasting may remain elusive. 

In traditional financial theory, risk and return are intricately related, with a rational 

investor supposedly capable of blending both in their decision-making process 

(Koseoglu, 2019). Behavioural finance research, notably by Kahneman and Tversky 

(1979) and later by Barberis & Thaler (2003), has shown that investors often rely on 

heuristics and are susceptible to biases that may lead to an overestimation of their 

ability to manage risk, while underestimating the challenges in predicting returns. The 

present study shows these insights by revealing that the participating individual 

investors on the JSE are more assured in their risk-identification capabilities (with 

scores consistently above neutral) than in their ability to accurately determine 

expected investment outcomes. 

While established theories often treat risk and expected return as ‘two sides of the 

same coin’, the differentiated confidence levels observed in the survey indicate that 

investors may be applying distinct cognitive processes to each. This discrepancy—in 
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which risk recognition is relatively strong but return estimation is weaker—introduces 

new empirical evidence of a potential gap in financial literacy. By isolating and 

comparing these aspects of investment awareness, the study shows the need for more 

targeted educational initiatives that focus on enhancing the quantitative understanding 

of expected returns. 

5.4 Structural equation model 

Significant standardised regression weights within the SEM provide strong evidence 

of meaningful relationships among key latent constructs including risk return 

awareness, herding behaviour and overconfidence, as well as their related observed 

indicators. These results validate theoretical expectations that psychological and 

behavioural constructs influence investor decision-making in interconnected ways. 

However, the identification of some weak or statistically non-significant paths signals 

that despite the satisfactory overall fit, targeted refinement could optimise the model. 

Such refinement might include introducing new pathways, re-specifying constructs or 

exploring moderating and mediating effects to enhance explanatory power. 

Parameter estimates reveal significant relationships within the model. Notably, both 

risk tolerance (standardised regression weight 0.229) and anchoring bias (0.236) 

positively and significantly predict risk return awareness (p < 0.001), confirming their 

influential roles in shaping investors' perceptions of risk and return. Confidence to 

outperform the market also shows a smaller yet positive contribution (0.095). 

Conversely, investor herding and confidence to invest exhibit small negative 

influences (-0.051 and -0.100 respectively), while availability bias shows a negligible 

effect (0.033).  

Covariance analysis further highlights a significant positive covariance (0.295,  

p < 0.001) between confidence to invest and confidence to outperform, indicating 

these two confidence constructs are strongly related yet distinct. Other covariances 

involving investor herding are weak and not statistically significant. 

SEM, as detailed in Chapter 4 and other sections of this dissertation, directly address 

the research objectives, outlined in Chapter 1 above, as follows: 

 
 
 

 

©©  UUnniivveerrssiittyy  ooff  PPrreettoorriiaa  

 



 

153 

 

5.4.1 Testing hypotheses on risk-return awareness and behavioural 

biases 

The model tests the relationships between risk return awareness and specific 

behavioural biases: overconfidence (measured by confidence to invest and 

confidence to outperform), herding bias, anchoring bias and availability bias. The 

significant positive regression weights for anchoring bias (.236, p < 0.001) and the 

smaller but positive effect of confidence to outperform (.095) confirm support for 

hypotheses linking these biases to risk return awareness. In contrast, herding bias and 

availability bias show weak or non-significant relationships (−.051 and .033 

respectively), partially validating those hypotheses and suggesting these biases have 

less influence in this context. 

5.4.2 Testing hypotheses on risk-return awareness and risk tolerance 

The significant positive standardised regression weight for risk tolerance (.229,  

p < 0.001) demonstrates a strong relationship between investors’ risk tolerance and 

their awareness of risk return awareness in investment decision-making. This result 

confirms the hypothesis that risk tolerance is an important predictor of risk return 

awareness in decision-making. 

5.4.3 Identifying strongest behavioural predictors of risk-return 

awareness 

Among the behavioural factors examined, anchoring bias and risk tolerance are shown 

to be the strongest positive predictors of risk return awareness, with similar 

standardised loadings (~.23). Confidence to outperform the market contributes 

positively but more modestly; while herding and availability biases are weaker or 

nonsignificant predictors. This hierarchy of predictive strength helps identify anchoring 

bias and risk tolerance as the most influential behavioural factors shaping investors’ 

awareness of risk and return. 
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5.4.4 Comparison with other studies 

A comparison of the current study’s results with established behavioural finance 

theories, indicated that the findings align well with the view that psychological factors 

such as risk tolerance and cognitive biases (anchoring) are essential in investment 

decision-making processes (Barberis & Thaler, 2003; Kahneman & Tversky, 1979). 

This result supports prior research emphasising heuristics and biases in financial 

behaviour indicating that anchoring especially influences risk perception and 

awareness (Tversky & Kahneman, 1974). The minimal influence of availability bias 

contrasts with some studies that present it as being more prominent, possibly 

reflecting contextual or sample-specific characteristics here (Shiller, 2000). The 

negative effect of herding on risk return awareness also corresponds to theories 

suggesting herd behaviour may undermine individual risk assessment (Banerjee, 

1992). 

In relation to other empirical studies, these findings reinforce the integrated roles of 

investor confidence, cognitive biases and risk tolerance in shaping investment 

attitudes, echoing patterns observed in contemporary behavioural finance literature 

(Statman, 2008). The model’s strong fit and significant path estimates provide robust 

evidence consistent with these theoretical frameworks, while details such as the weak 

effect of availability bias highlight areas for further investigation. 

Overall, the SEM analysis confirms a coherent and theoretically meaningful structure 

explaining how psychological and behavioural factors influence investors’ risk-return 

awareness, contributing valuable insights into the psychological underpinnings of 

investment behaviour (see Appendix 8 below for full model fit indices). 

5.4.5 Contribution to the body of knowledge 

This study contributes to theory from a South African perspective by quantifying the 

joint relationship between risk tolerance, behavioural biases and investor risk return 

awareness within a holistic SEM structure. By doing so, it goes beyond simpler 

bivariate or regression-based approaches, allowing a detailed dissection of latent 
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variable interplay and providing insights into the relative magnitude of behavioural 

factors. 

Furthermore, employing current fit criteria strengthens confidence in the empirical 

model’s relevance for real-world investor behaviour. The findings, particularly the near 

parity in influence between risk tolerance and anchoring on risk return awareness, 

enrich theory by illustrating how behavioural factors shape investor risk return 

awareness, advancing some form of clarity in investor psychology. 

Practically, these findings from the SEM inform targeted interventions such as investor 

education programmes emphasising the importance of managing personal risk 

tolerance and attitudes and awareness of behavioural biases. Financial advisors and 

policymakers can leverage these insights to design bespoke decision support tools 

that address behavioural complexities shown here. 

5.5 CHAID decision tree analysis 

Results from the study show that anchoring and availability play the most significant 

role in splitting the South African individual investor population in relation to risk return 

awareness. The CHAID analysis findings address the research objective of exploring 

the behavioural factors that drive variation among investors in their investment 

decision-making. The study reveals that investors with varying levels of anchoring and 

availability biases form distinct behavioural ‘nodes’, highlighting investor heterogeneity 

in decision-making processes. Specifically, the identification of groups with high 

anchoring and availability biases exhibiting the highest risk return awareness, 

contrasted with groups low in both biases showing the lowest awareness, 

demonstrates that these behavioural factors significantly drive differences in how the 

participating investors perceive investment risks and returns.  

Overall, the results provide evidence that anchoring and availability biases—especially 

in combination—are key behavioural drivers explaining variation among investors in 

their investment decision-making. This finding contributes to a more granular 

behavioural segmentation, enabling better-targeted interventions and advancing 

theoretical models that account for investor cognitive complexity. 

 
 
 

 

©©  UUnniivveerrssiittyy  ooff  PPrreettoorriiaa  

 



 

156 

 

5.5.1  Comparison with other studies and theories 

The observation that the participating investors exhibiting high anchoring and 

availability biases have the highest risk return awareness aligns with the foundational 

heuristic theories by Tversky and Kahneman (1974), which propose that cognitive 

shortcuts—while sometimes leading to bias—can also enhance decision efficiency. 

Previous empirical research (e.g., Barberis & Shleifer, (2003) documents how 

investors’ heuristic-driven attention to salient information supports heightened 

awareness and quicker decision processes. The finding that investors with high 

anchoring but low availability also have elevated risk awareness suggests anchoring’s 

strong anchoring influence, consistent with reviewed literature indicating investor 

fixation on reference points (Bouteska & Regaieg, 2019). 

Contrastingly, several studies (Mardiana et al., 2025; Sumantri et al., 2023) suggest 

anchoring may sometimes affect decision quality, especially in volatile markets, 

signalling complex contextual effects. The dual impact—whereby simultaneously high 

anchoring and availability bias augment risk return awareness—reveals how 

combined heuristics interplay to affect investor cognition beyond simple isolated 

effects. 

The groups with low anchoring and low availability showing the lowest risk return 

awareness parallel previous research findings highlighting that limited heuristic 

engagement may reduce information processing depth (Rahim et al., 2022). This 

pattern supports the view that cognitive shortcuts can sometimes serve adaptive 

functions by compensating for limited data or expertise (Gigerenzer & Sturm, 2007). 

5.5.2 Contributions to the body of knowledge 

The findings of this study align with several South African behavioural‑finance studies. 

For example, the significant role of overconfidence echoes Dickason and Ferreira 

(2018), who found that confidence‑related traits influence risk‑taking among South 

African investors. Similarly, the moderate levels of risk tolerance observed in this study 

correspond with the lifecycle patterns identified by Van den Bergh et al. (2019). 

However, unlike Lawrenson (2020), who found strong demographic effects among 
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female investors, this study found no significant moderating effects of gender, income 

or education. 

This study extends what is currently known in behavioural finance by empirically 

demonstrating the interactive effect of anchoring and availability biases on risk return 

awareness, moving beyond traditional single-bias analyses common in the reviewed 

literature. The identification of investor ‘nodes’ based on bias combinations enables a 

more granular behavioural segmentation that acknowledges investor heterogeneity 

and cognitive complexity (Biais et al., 2005). 

By documenting that certain bias profiles correspond to heightened risk return 

awareness, the current study challenges the dominant presumption that cognitive 

biases invariably detract from investment understanding. Instead, it supports a more 

detailed and complex theory suggesting biased heuristics can be both facilitators and 

impediments depending on the contextual interaction of multiple biases. 

Practically, these results offer actionable insights for financial advisors and educators 

aimed at tailoring communication and intervention strategies specific to investors' 

cognitive bias profiles. This approach supports the development of bias-aware training 

that leverages beneficial heuristics while mitigating detrimental ones. 

The study’s findings support the argument for an integrative behavioural model 

encompassing interactions among multiple biases, supporting recent calls within 

behavioural finance to model investor psychology more holistically (Shi, 2025). The 

results further illustrate the importance of considering bias interplay in shaping 

financial risk perceptions and rationality judgments, advancing both theory and 

empirical methods. 

To summarise the findings of the CHAID decision tree analysis, this study deepens 

the understanding of how cognitive biases combine to influence risk return awareness. 

It bridges foundational behavioural theory with contemporary empirical findings, 

refines investor behaviour understanding and further suggests ways for improving 

decision quality in the investment domain, with a special reference to the emerging 

market context. 
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5.6 Moderating impact 

The moderation analyses examining the interaction effects of age with risk tolerance 

and anchoring provide insightful contrasts and extensions to existing reviewed 

literature on investor behaviour and demographic influences. The discussion on 

moderation impact further addresses the research objective by demonstrating that age 

does not significantly moderate the relationships between risk return awareness and 

anchoring bias and risk tolerance. This finding indicates that the relationship of these 

factors with risk return awareness is generally consistent across different age groups. 

However, subtle trends suggest that anchoring bias may diminish in impact with age, 

similar to risk tolerance, reflecting potential developmental effects on the part of the 

investor. Overall, the analysis confirms that while age is not a strong moderator, its 

subtle role might need to be considered. 

5.6.1 Comparison with existing literature on age and risk tolerance 

The non-significant moderating effect of age on the relationship between risk tolerance 

and risk return awareness is consistent with studies that have found mixed or non-

linear links between age and financial risk tolerance. For instance, Hallahan et al. 

(2003) and Jianakoplos & Bernasek (2006) ) suggest a complex relationship 

influenced by other variables such as wealth or experience, rather than a simple linear 

moderation by age. Similarly, Grable & Joo (1999) found no significant moderation of 

age in some investment risk and behaviour relationships, thus, aligning with the 

current study's findings. 

The slight increase in the effect of risk tolerance on risk return awareness across age 

levels—though not statistically significant as a moderation—hints at a potential 

developmental trend by which older investors may increasingly integrate their risk 

tolerance into awareness, perhaps due to experience accumulation or shifts in 

investment goals. This nuanced insight adds to research showing that while younger 

investors often exhibit higher risk-taking propensity (Dash, 2010), the impact of risk 

tolerance on decision awareness can evolve with age. 
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5.6.2 Comparison with literature on anchoring bias and age 

The finding that age does not significantly moderate how anchoring bias relates to risk 

return awareness aligns with reviewed literature that suggests cognitive biases persist 

across the lifespan in financial contexts (Biais et al., 2005). However, the observed 

dampening trend in anchoring’s influence as age increases complements findings from 

some cognitive aging studies showing reduced reliance on heuristics such as  

anchoring in older adults (Berg & Moss, 2022), although this reliance may remain 

significant. 

The above finding suggests that while anchoring remains a relevant bias showing a 

broad relationship with investor risk return awareness, its strength may diminish with 

age—possibly due to increased experience. Importantly, the lack of statistical 

significance confirms the complexity and variability of bias-age interactions 

documented in behavioural finance research. 

5.6.3 Contributions to the body of knowledge 

Together, the result of these moderation analyses highlight the complexities 

underlying demographic influences on behavioural finance constructs, particularly 

emphasising that age may not be a strong moderator but can subtly influence how 

biases shape risk return awareness. This finding challenges simplistic demographic 

assumptions and encourages more refined models incorporating experience, 

cognitive function and contextual factors beyond age alone. 

By demonstrating these interaction patterns, the current study moves beyond binary 

or main-effect models common in reviewed literature and, instead, offers richer 

insights into investor heterogeneity. The incorporation of conditional effects at different 

age levels adds depth, showing how the impact of cognitive biases can vary across 

the life span even if moderation is not statistically significant. Practically, these findings 

caution against overgeneralising age effects in financial risk return education or 

advice, highlighting the importance of individualised approaches considering cognitive 

biases and their subtle developmental trajectories. 
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5.7 Chapter conclusion 

Chapter 5 of this study discussed the results obtained from the survey and the 

subsequent data analysis. The chapter explored the constructs of the study, that 

included five independent variables and one dependent variable. Each independent 

variable was discussed based on how the findings aligned with related reviewed 

studies and relevant behavioural finance theories. The chapter studied the SEM and 

discussed the results of the model pertaining to the relationships between the 

independent and dependent variables. The CHAID decision tree analysis was further 

discussed and compared to relevant literature and theories, as well as the moderating 

variables in the study.  

The SEM results showed that anchoring and financial risk tolerance had the most 

positive relationship with risk return awareness, while the CHAID analysis results 

showed that anchoring and availability biases had the most significant splitting impact 

on the participants in relation to risk return awareness. 

The next chapter will provide conclusions on the literature review, research findings 

and study implications. It will also present an overview of the research limitations and 

directions for future research. It will conclude with a discussion of the study's 

contributions to the body of knowledge on behavioural finance, particularly from a 

South African perspective. 
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6. Chapter 6: Conclusion 

6.1 Introduction 

This chapter aims to conclude the research arguments and address the research 

questions initially posed in Chapter 1 of this study. It details conclusions drawn from 

the literature review, with a particular focus on the decision-making processes of 

individual investors from a South African perspective. While numerous global studies 

have been conducted, there is a lack of research specific to South Africa, thereby 

supporting the importance of this study's findings in enhancing the understanding of 

individual investor decision-making processes.  

This study examines the relationship between behavioural factors and individual 

investor decision-making among South African investors. The chapter also concludes 

the research findings, emphasising the key constructs of the study, including the 

dependent and independent variables and the structural framework developed in the 

previous chapter. The final section of this concluding chapter outlines directions for 

future research and summarises the key aspects of this study that address the 

research objectives. 

6.2 Conclusion on literature review 

The conducted literature review aimed to explore the studies conducted on individual 

investors and the factors influencing their investment decisions. This practice 

necessitated a comprehensive understanding of various aspects, beginning with the 

fundamentals of finance, including traditional finance and the evolution of financial 

systems and mechanisms, such as the efficient market hypothesis, ultimately leading 

to the emergence of behavioural finance due to identified limitations within the 

traditional finance framework. The review further explored the foundations of 

behavioural finance by examining the evolution of decision-making theories and 

investigating behavioural biases deemed crucial for understanding investors' financial 

risk-return awareness, not only from a South African perspective but also within an 

African and global context. The literature review also delved into the identification and 

justification of specific biases relevant to this study, namely overconfidence, herding 
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bias, anchoring bias, availability bias and financial risk tolerance. These five 

independent variables were analysed to understand how different scholars have 

addressed the concept of bias, its impact on financial risk-return awareness and, 

ultimately, the individual investor decision-making process. The reviewed authors 

indicated that overconfidence has a significant relationship with individual investor 

decision-making and financial risk-return awareness, particularly in regions such as 

Asia, Europe and North and South America. However, studies from a developing 

nation perspective, particularly South Africa, remain limited. Consequently, 

understanding the relationship between overconfidence and risk-return awareness of 

individual investors on the JSE was a key focus of this study.  

The second behavioural factor examined was herding bias, that concentrated on 

exploring the relationship between an investors' financial decisions and the decisions 

of other investors. To comprehend this relationship, several studies were reviewed. 

These studies predominantly adopted a global perspective, with the majority 

originating from Asian, European and North American contexts, while contributions 

from a South African perspective were minimal. This gap necessitated an investigation 

into the relationship between herding bias and financial risk return awareness. The 

identified gaps related to herding bias indicated a significant need for further research 

to understand how individuals make financial decisions in light of the choices made by 

other investors, particularly from an African perspective.  

The third bias examined in the literature review was anchoring bias. Initially, anchoring 

bias was defined and its evolution was detailed in the literature review, accompanied 

by a comprehensive analysis of studies on anchoring bias and its relationship with 

individual investor decision-making. Several studies, including both qualitative and 

quantitative analyses, were reviewed to gain a better understanding of this 

relationship. Due to limited research on this relationship in Africa, this study aimed to 

provide a South African perspective on how anchoring and risk return awareness are 

related.  

Additionally, the study examines availability bias, that manifests itself through 

prompting individuals to rely on readily accessible examples when assessing the 

probability of an event. This analysis of availability bias is conducted from a global 
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perspective, narrowing down to a South African context. Previous studies exploring 

the relationship between availability bias and financial risk return awareness have 

indicated that other variables, such as risk tolerance and heuristic availability bias, 

may mediate its effects on investor decision-making. However, these studies have not 

addressed the role of demographic variables in the impact of availability bias on 

individual investors. Furthermore, from a South African perspective, there is a lack of 

research on how availability bias is related to investor decision-making. 

 The last independent variable examined in the literature review is risk tolerance. The 

study draws on existing research, notably the Grable and Lytton (1999) study, that 

provides a foundational set of questions for assessing risk tolerance of investors. 

These questions were incorporated into the current study's questionnaire, utilising 

seven questions instead of the original 13. 

The study concludes that while understanding how to counter biases is crucial for 

making informed financial investment decisions, it is even more important to identify 

the specific biases to which individuals are most susceptible. This conclusion informed 

the selection of the relevant biases and financial risk tolerance for analysis in this 

study, because these were identified as the predominant biases that are related to 

investor decision-making. This selection also addressed the first objective of the study, 

that was to identify pertinent behavioural factors that could have a relationship with 

investor decision-making.  

The literature review facilitated an understanding of various analytical aspects and 

tools applicable to quantitative research, leading to the identification of a Likert-type 

scale used in the questionnaire distributed to study participants. An important finding 

from the literature review was the low number of studies examining the role of 

demographic factors in moderating the impact of behavioural biases and financial risk 

tolerance on individual investor decision-making. This finding highlights a clear gap in 

the existing literature that needs to be addressed to identify the key demographic 

variables influencing financial risk-return awareness among individual investors in 

South Africa. This study aims to fill this gap. 
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6.3 Conclusion of research findings 

To effectively conclude the research findings of this study, it is essential to revisit the 

study's aims and objectives. By understanding these biases, one can gain insight into 

the relationship between the stated independent variables and decision-making of 

these investors.  

The primary research question posed was: ‘What behavioural factors are associated 

with the decision-making of individual investors in South Africa?’. These behavioural 

factors constituted the five independent variables of this study: overconfidence, 

herding, anchoring bias, availability bias and financial risk tolerance. These variables 

were tested against the dependent variable, risk return awareness, to further address 

the research questions.  

The study comprised six objectives, that in their totality explored the relationships 

between behavioural factors and investor decision-making. The first objective aimed 

to review the literature and formulate hypotheses on the relationships between 

demographic variables, behavioural factors and risk return awareness. Although 

African based studies were sparse and, in certain circumstances lacking, the general 

findings indicated that overconfidence, herding, availability and anchoring biases 

might have the highest impact on investor decision-making, while financial risk 

tolerance also had an impact on the same dependent variable, although not a 

behavioural bias. 

The second objective was to test and validate the hypotheses on the relationship 

between risk-return awareness in investor decision-making and behavioural biases, 

namely overconfidence, herding bias, anchoring bias and availability bias. The 

hypotheses developed were that overconfidence, herding bias, anchoring and 

availability bias all had a relationship with investor decision-making. Through the use 

of the SEM, the results showed that anchoring had the most significant positive 

relationship with risk return awareness in investor decision-making, while the other 

behavioural biases did not have a significant (positive or negative) relationship with 

the dependent variable. 
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The third objective was to test and validate the hypothesis concerning the relationship 

between risk return awareness in investor decision-making and risk tolerance. The 

hypothesis developed stated that the financial risk tolerance had a relationship with 

investor decision-making. The SEM results showed that financial risk tolerance indeed 

had a significant positive relationship with risk return awareness. This finding indicates 

that investors on the JSE are more risk tolerant. 

The fourth objective was to identify factors that are the strongest predictors of risk 

return awareness in investor decision-making, with the SEM showing that anchoring 

and financial risk tolerance are the strongest predictors of risk return awareness in 

investor decision-making. 

The fifth objective of the study was to explore the behavioural factors that drive 

variation amongst investors in their investment decision-making. CHAID decision tree 

analysis showed that anchoring and availability biases were the major variability 

drivers amongst the population when making investment decisions. The results, 

therefore, show that investors prone to anchoring and availability bias have the highest 

risk return awareness followed by those investors with high anchoring and low 

availability bias.  

The sixth and final research objective was to determine moderating variables on the 

relationship between risk return awareness and behavioural factors and risk tolerance. 

The moderating effects analysis conducted showed that there was no significant 

variable that had a moderating effect on the relationship between both risk return 

awareness and anchoring, as well as risk return awareness and risk tolerance. Age is 

the only demographic variable that seemed to have an insignificant intrinsic effect on 

the two relationship streams.  

6.4 Conclusion on study implications 

This study explored behavioural factors related to individual investor decision-making. 

The findings indicate that the two factors that have a significant relationship with risk 

return awareness among individual investors are anchoring bias and financial risk 

tolerance. Consequently, this study contributes a significant dimension to the 
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understanding of behavioural factors that play a role in investor decision-making from 

a South African perspective, because these two biases had not previously been 

identified as having a significant relationship with investor decision-making. 

For investors, understanding that anchoring and financial risk tolerance are related to 

risk–return awareness can help investors recognise when their decisions are driven 

by heuristics rather than objective analysis. This awareness may improve portfolio 

discipline, reduce emotional investing and enhance long‑term investment outcomes. 

Advisors can also use these findings to design interventions that counteract anchoring 

and financial risk tolerance, such as reframing purchase‑price anchoring, providing 

structured information, and guiding clients through risk‑assessment processes that 

reduce reliance on easily recalled but incomplete information. 

Portfolio managers can incorporate behavioural diagnostics into client onboarding, 

enabling more accurate risk‑profiling and reducing behavioural‑driven misalignment 

between client expectations and portfolio outcomes 

Under policy implementation, investor‑education programmes by the JSE, ASISA and 

financial‑sector regulators should incorporate behavioural‑finance modules that 

explicitly address anchoring and financial risk tolerance, as these biases significantly 

shape investor behaviour in South Africa.” 

The novelty of this study lies in that the study is the first in South Africa to integrate 

multiple behavioural biases and financial risk tolerance into a single SEM model to 

predict risk–return awareness. It also combines SEM with CHAID, offering a 

mixed‑analytics approach that identifies both causal pathways and behavioural 

segmentation patterns 

6.5 Research limitations 

The study involved 301 respondents; however, this sample size does not imply that 

the findings can be universally applied on all South African individual investors. 

Consequently, there are limitations regarding the explanatory power of the study's 
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findings. The extent to which these findings can be generalised to the broader South 

African investor community is limited, given the sample size of 301 participants.  

Additionally, from a risk tolerance perspective, the study utilised a scale consisting of 

seven questions developed by Grable and Lytton (1999), rather than the original 13 

questions. This modification may impact the accuracy of the results, as detailed in the 

report's discussion provided in Chapter 5. The risk tolerance questionnaire's internal 

consistency and reliability, measured by Cronbach's alpha, was below the acceptable 

threshold of .6, potentially affecting result accuracy. Furthermore, lower Cronbach's 

alpha values, just below .6, observed in sections on anchoring bias, may also impact 

the study's replicability and applicability. Additionally, potential errors in data analysis, 

as evidenced in the study's SEM structural model, led to the elimination of several 

question items in the fitness assessment. For instance, the anchoring bias test was 

reduced to a single question, while the risk return awareness, the dependent variable, 

was narrowed from nine to two questions to improve internal consistency, that may 

also affect result accuracy. 

6.6 Directions for future research 

Future research should address the limitations identified in this study. Initially, it is 

recommended that future investigations focus on attaining a comprehensive 

understanding of the relationship between individual behavioural factors and investor 

decision-making. Rather than integrating five behavioural factors and financial risk 

tolerance into a single study, that may restrict the number of questions applicable to 

testing specific biases, a more focused approach is suggested. For instance, a study 

concentrating solely on financial risk tolerance could employ the complete set of 13 

questions from the Grable and Lytton (1999) scale to thoroughly examine how risk 

tolerance is related to the risk return awareness of individual investors in South Africa, 

and also help researchers understand if the results would be any different from the 7-

set questionnaire used in this study. This approach would allow for a detailed 

exploration of financial risk tolerance by utilising Grable and Lytton’s (1999) entire 

questionnaire, as opposed to the seven questions used in the current study.  
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Additionally, future research should further investigate the demographic variable of 

age and its moderating impact on the relationship between risk return awareness and 

anchoring bias. A key finding of this study was that age has a somewhat insignificant 

moderating impact on the relationship between anchoring bias and financial risk-return 

awareness. Further exploration of the dynamics between age and anchoring bias in 

the decision-making processes of individual investors in South Africa, thus, is 

warranted, with a larger participant pool size to adequately determine the true 

moderating impact of age on the stated relationship.  

Future research could also explore the development of more robust multi‑item scales 

for availability and anchoring biases, given the measurement limitations identified in 

this study. Longitudinal designs may also provide deeper insight into how behavioural 

biases evolve as investors gain experience. Additionally, qualitative studies could 

complement these findings by examining how investors interpret and justify their 

decisions in real‑time market conditions. 

Lastly, future research could benefit from incorporating a larger sample size, 

exceeding the current 301 respondents, while focusing on a reduced number of 

biases. This approach may yield different results from the present study, since it allows 

for a more concentrated examination of fewer variables and a larger sample size, 

potentially refining findings that were marginal, such as the identified insignificant 

moderating impact of age on the relationship between anchoring and risk tolerance on 

risk return awareness 
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6.7 Thesis conclusion 

This study aimed to investigate the behavioural factors influencing individual investor 

decision-making on the JSE. The behavioural factors examined included 

overconfidence, herding, anchoring, availability. Financial risk tolerance was also 

investigated in the study, and its relationship with investor risk return awareness. The 

dependent variable in this study was risk return awareness in individual investor 

decision-making.  

The SEM sought to explore the relationship between the five independent variables 

and the dependent variable through regression analysis, thereby gaining insights from 

a developing nation and South African perspective on the relationship between 

behavioural factors, risk tolerance and individual investor decision-making.  The SEM 

results demonstrated that anchoring and financial risk tolerance are predictors of risk–

return awareness among South African individual investors. The model achieved 

acceptable fit indices, such as SRMR, RMSEA, and CFI, confirming that the theoretical 

relationships proposed are statistically supported. 

 Through CHAID decision tree analysis, it was identified that investors susceptible to 

both anchoring and availability bias demonstrated the highest risk return awareness. 

This research, therefore, sheds light on the complexities of the investor decision-

making process from a South African perspective, a topic not previously explored in 

this context. The researcher hopes that this study contributes to the body of knowledge 

regarding the complex and multi-dimensional relationship between behavioural 

factors, financial risk tolerance, and individual investor decision-making in South 

Africa. 
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8. Appendices 

8.1 Appendix 1: Overconfidence 

Q10_

1 

I am confident that the knowledge I possess can help me choose a 

good investment 
  

Frequency Percen

t 

Weigh

t 

Score 

 
Strongly disagree 23 8% 1 23 

 
Somewhat disagree 80 27% 2 160 

 
Neither agree nor disagree 80 27% 3 240 

 
Somewhat agree 89 30% 4 356 

 
Strongly agree 29 10% 5 145 

 
Average 

   
3,06976

7 
      

Q10_

2 

I am confident that my choice of investments aligns with my investment 

plans 
  

Frequency Percen

t 

Weigh

t 

Score 

 
Strongly disagree 24 8% 1 24 

 
Somewhat disagree 75 25% 2 150 

 
Neither agree nor disagree 76 25% 3 228 

 
Somewhat agree 96 32% 4 384 

 
Strongly agree 30 10% 5 150 

 
Average 

   
3,10963

5 
      

Q10_

3 

I am confident in my ability to choose a good investment 

  
Frequency Percen

t 

Weigh

t 

Score 
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Strongly disagree 37 12% 1 37 

 
Somewhat disagree 57 19% 2 114 

 
Neither agree nor disagree 76 25% 3 228 

 
Somewhat agree 91 30% 4 364 

 
Strongly agree 40 13% 5 200 

 
Average 

   
3,13289 

Q10_

4 

I believe that my skills and knowledge of the stock market can help me to 

outperform the market 
  

Frequency Percen

t 

Weigh

t 

Score 

      

 
Strongly disagree 43 14% 1 43 

 
Somewhat disagree 52 17% 2 104 

 
Neither agree nor disagree 96 32% 3 288 

 
Somewhat agree 84 28% 4 336 

 
Strongly agree 26 9% 5 130 

 
Average 

   
2,99335

5 

Q10_

5 

I am confident in my past investment successes 

  
Frequency Percen

t 

Weigh

t 

Score 

      

 
Strongly disagree 25 8% 1 25 

 
Somewhat disagree 58 19% 2 116 

 
Neither agree nor disagree 78 26% 3 234 

 
Somewhat agree 89 30% 4 356 

 
Strongly agree 51 17% 5 255 

      

 
Average 

   
3,27574

8 

Q10_

6 

I can control the returns on my investments 
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Frequency Percen

t 

Weigh

t 

Score 

 
Strongly disagree 26 9% 1 26 

 
Somewhat disagree 50 17% 2 100 

 
Neither agree nor disagree 76 25% 3 228 

 
Somewhat agree 88 29% 4 352 

 
Strongly agree 61 20% 5 305 

 
Average 

   
3,35880

4 
      

 
Means Value 

   

 
Q1 3,06976744

2 

   

 
Q2 3,10963455

1 

   

 
Q3 3,13289036

5 

   

 
Q4 2,99335548

2 

   

 
Q5 3,27574750

8 

   

 
Q6 3,35880398

7 

   

 
    

   

 
Average 3,15669988

9 
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8.2 Appendix 2 : Risk tolerance 

Q11 
    

  
Frequency Weight Percent 

 
a) Deposit it in a bank account or money market 

account 

72 1 24% 

 
b) Invest it in safe high-quality bonds or bond 

mutual funds 

109 2 36% 

 
c) Invest it in shares on the stock market 120 3 40% 

 
Total 301 

  

Q12 
    

  
Frequency Weight Percent 

     

 
a) Not at all comfortable 73 1 24% 

 
b) Somewhat comfortable 116 2 39% 

 
c) Very comfortable 112 3 37% 

 
Total 301 

  

Q13 
    

  
Frequency Weight Percent 

     

 
a. Sell the house 72 1 24% 

 
b. Rent the house as is 87 2 29% 

 
c. Remodel and update the house, and then rent it 142 3 47% 

 
Total 301 

  

Q14 
    

  
Frequency Weight Percent 

     

 
a. Hold the bonds 60 1 20% 

 
b. Sell the bonds, put half the proceeds into money 

market accounts, and the other half into hard 

assets 

114 2 38% 

 
c. Sell the bonds and put the total proceeds into 

hard assets 

63 3 21% 
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d. Sell the bonds, put all the money into hard 

assets, and borrow additional money to buy more 

64 4 21% 

 
Total 301 

  

     

Q15 
    

  
Frequency Weight Percent 

     

 
a. A savings account or money market unit trust 

fund 

61 1 20% 

 
b. A unit trust fund that owns shares and bonds 89 2 30% 

 
c. A portfolio of 15 ordinary shares 86 3 29% 

 
d. Commodities like gold, silver, and oil 65 4 22% 

 
Total 301 

  

Q16 
    

  
Frequency Weight Percent 

     

 
a. 60% in low-risk investments 30% in medium-risk 

investments 10% in high-risk investments 

79 1 26% 

 
b. 30% in low-risk investments 40% in medium-risk 

investments 30% in high-risk investments 

110 2 37% 

 
c. 10% in low-risk investments 40% in medium-risk 

investments 50% in high-risk investments 

112 3 37% 

 
Total 301 

  

     

Q17 
    

  
Frequency Weight Percent 

     

 
a. R3 500 gain best case; R0 loss worst case 51 1 17% 

 
b. R14 000 gain best case; R3 500 loss worst case 73 2 24% 

 
c. R47 000 gain best case; R14 000 loss worst 

case 

108 3 36% 

 
d. R84 000 gain best case; R47 000 loss worst 

case 

69 4 23% 
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Total 301 
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8.3 Appendix 3 : Herding 

Q18_1 I make a decision on the length of time to keep shares based on 

other investors perspectives 

   
Frequency Percent Weight Score 

 
Strongly disagree 35 12% 1 35 

 
Somewhat disagree 56 19% 2 112 

 
Neither agree nor 

disagree 

61 20% 3 183 

 
Somewhat agree 93 31% 4 372 

 
Agree 56 19% 5 280 

 
Totals 301 

  
3,262458 

Q18_2 I typically imitate the changes in decisions made by other 

investors 

   
Frequency Percent Weight Score 

 
Strongly disagree 32 11% 1 32 

 
Somewhat disagree 67 22% 2 134 

 
Neither agree nor 

disagree 

80 27% 3 240 

 
Somewhat agree 84 28% 4 336 

 
Agree 38 13% 5 190 

 
Average 301 

  
3,096346 

Q18_3 I feel the majority of opinions on the profits made on the JSE are 

often correct 

   
Frequency Percent Weight Score 

 
Strongly disagree 40 13% 1 40 

 
Somewhat disagree 78 26% 2 156 

 
Neither agree nor 

disagree 

78 26% 3 234 

 
Somewhat agree 71 24% 4 284 
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Agree 34 11% 5 170 

 
Average 301 

  
2,936877 

Q18_4 Other investors' decisions on the shares that they buy impacts my 

investment decisions 

   
Frequency Percent Weight Score 

 
Strongly disagree 37 12% 1 37 

 
Somewhat disagree 62 21% 2 124 

 
Neither agree nor 

disagree 

82 27% 3 246 

 
Somewhat agree 88 29% 4 352 

 
Agree 32 11% 5 160 

 
Average 301 

  
3,053156 

Q18_5 Other investors’ buying and selling decisions have an impact on 

my investment decisions 

   
Frequency Percent Weight Score 

 
Strongly disagree 27 9% 1 27 

 
Somewhat disagree 63 21% 2 126 

 
Neither agree nor 

disagree 

78 26% 3 234 

 
Somewhat agree 90 30% 4 360 

 
Agree 43 14% 5 215 

 
Average 301 

  
3,196013 

      

  
18_1 3,262458 

  

  
18_2 3,096346 

  

  
18_3 2,936877 

  

  
18_4 3,053156 

  

  
18_5 3,196013 

  

      

 
Average 

 
3,10897 
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8.4 Appendix 4 : Availability bias 

Q19_1 I make decisions based on existing information 

   
Frequency Percent Weight Result 

 
Strongly disagree 35 12% 1 35 

 
Somewhat disagree 56 19% 2 112 

 
Neither agree nor 

disagree 

71 24% 3 213 

 
Somewhat agree 92 31% 4 368 

 
Strongly agree 47 16% 5 235 

 
Average 301 

  
3,199336 

Q19_2 If I want to buy shares, I will rely on information gathered from 

colleagues  

   
Frequency Percent Weight Result 

 
Strongly disagree 17 6% 1 17 

 
Somewhat disagree 57 19% 2 114 

 
Neither agree nor 

disagree 

68 23% 3 204 

 
Somewhat agree 93 31% 4 372 

 
Strongly agree 66 22% 5 330 

 
Average 301 

  
3,445183 

Q19_3 I prefer local securities over foreign securities because they have 

readily available information 
  

Frequency Percent Weight Result 
 

Strongly disagree 29 10% 1 29 
 

Somewhat disagree 63 21% 2 126 
 

Neither agree nor 

disagree 

76 25% 3 228 

 
Somewhat agree 87 29% 4 348 

 
Strongly agree 46 15% 5 230 
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Average 301 

  
3,192691 

Q19_4 When buying shares, I rely on information from stock market 

experts 

   
Frequency Percent Weight Result 

 
Strongly disagree 28 9% 1 28 

 
Somewhat disagree 67 22% 2 134 

 
Neither agree nor 

disagree 

58 19% 3 174 

 
Somewhat agree 95 32% 4 380 

 
Strongly agree 53 18% 5 265 

 
Average 301 

  
3,259136 

Q19_5 When buying shares, I rely on information that is already 

available 

   
Frequency Percent Weight Result 

 
Strongly disagree 24 8% 1 24 

 
Somewhat disagree 42 14% 2 84 

 
Neither agree nor 

disagree 

82 27% 3 246 

 
Somewhat agree 87 29% 4 348 

 
Strongly agree 66 22% 5 330 

 
Average 301 

  
3,428571 

      

 
19_1 3,19933555 

   

 
19_2 3,44518272 

   

 
19_3 3,19269103 

   

 
19_4 3,25913621 

   

 
19_5 3,42857143 

   

      

 
Average 3,30498339 
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8.5 Appendix 5 : Anchoring Bias 

Q20_1 I use the purchase price of a share as a benchmark for a sell decision 

   
Frequency Percent Weight Score 

      

 
Strongly disagree 16 5% 1 16 

 
Somewhat disagree 47 16% 2 94 

 
Neither agree nor 

disagree 

80 27% 3 240 

 
Somewhat agree 108 36% 4 432 

 
Strongly agree 50 17% 5 250 

 
Average 301 

  
3,428571 

Q20_2 I am influenced by share performance in the past when choosing 

shares to invest in 
  

Frequency Percent Weight Score 

Valid 
     

 
Strongly disagree 17 6% 1 17 

 
Somewhat disagree 57 19% 2 114 

 
Neither agree nor 

disagree 

94 31% 3 282 

 
Somewhat agree 98 33% 4 392 

 
Strongly agree 35 12% 5 175 

 
Average 301 

  
3,255814 

Q20_3 I set price targets before buying or selling shares 
  

Frequency Percent Weight Score 

Valid 
     

 
Strongly disagree 29 10% 1 29 

 
Somewhat disagree 65 22% 2 130 

 
Neither agree nor 

disagree 

95 32% 3 285 

 
Somewhat agree 69 23% 4 276 
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Strongly agree 43 14% 5 215 

 
Average 301 

  
3,106312 

Q20_4 The views of well-known analysts regarding shares do not change 

my investment views if they conflict with my own opinions 
  

Frequency Percent Weight Score 

Valid 
     

 
Strongly disagree 30 10% 1 30 

 
Somewhat disagree 59 20% 2 118 

 
Neither agree nor 

disagree 

74 25% 3 222 

 
Somewhat agree 92 31% 4 368 

 
Strongly agree 46 15% 5 230 

 
Total 301 

  
3,215947 

Q20_5 When making investment decisions, I stick to what I know, and 

ignore new information 
  

Frequency Percent Weight Score 

Valid 
     

 
Strongly disagree 45 15% 1 45 

 
Somewhat disagree 60 20% 2 120 

 
Neither agree nor 

disagree 

58 19% 3 174 

 
Somewhat agree 89 30% 4 356 

 
Strongly agree 49 16% 5 245 

 
Total 301 

  
3,122924 

      

 
20_1 3,4285714 

   

 
20_2 3,255814 

   

 
20_3 3,1063123 

   

 
20_4 3,2159468 

   

 
20_5 3,1229236 

   

      

 
Average 3,2259136 
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8.6 Appendix 6A: Risk return awareness 

Q21_1 I know the expected rate of return on my investments 
  

Frequency Percent Weight Score 
 

Strongly disagree 44 15% 1 44 
 

Somewhat disagree 71 24% 2 142 
 

Neither agree nor 

disagree 

63 21% 3 189 

 
Somewhat agree 89 30% 4 356 

 
Strongly agree 34 11% 5 170 

 
Average 301 

  
2,993355 

Q21_2 I know the risks I face when I make an investment decision 
  

Frequency Percent Weight Score 

Valid 
     

 
Strongly disagree 22 7% 1 22 

 
Somewhat disagree 39 13% 2 78 

 
Neither agree nor 

disagree 

80 27% 3 240 

 
Somewhat agree 102 34% 4 408 

 
Strongly agree 58 19% 5 290 

 
Average 301 

  
3,448505 

Q21_3 I am able to determine my investment time frame before I invest 
  

Frequency Percent Weight Score 
 

Strongly disagree 26 9% 1 26 
 

Somewhat disagree 53 18% 2 106 
 

Neither agree nor 

disagree 

64 21% 3 192 

 
Somewhat agree 107 36% 4 428 

 
Strongly agree 51 17% 5 255 

 
Total 301 

  
3,345515 

Q21_4 Having a secure investment is a big part of my investment 

strategy 
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Frequency Percent Weight Score 

 
Strongly disagree 30 10% 1 30 

 
Somewhat disagree 59 20% 2 118 

 
Neither agree nor 

disagree 

74 25% 3 222 

 
Somewhat agree 92 31% 4 368 

 
Strongly agree 46 15% 5 230 

 
Average 301 

  
3,215947 

Q21_5 Making investment decisions is an important part of my future 

planning   
  

Frequency Percent Weight Score 
 

Strongly disagree 13 4% 1 13 
 

Somewhat disagree 35 12% 2 70 
 

Neither agree nor 

disagree 

71 24% 3 213 

 
Somewhat agree 97 32% 4 388 

 
Strongly agree 85 28% 5 425 

 
Average 301 

  
3,684385 

Q21_6 When making investment decisions, I consider all relevant 

factors (e.g. risk, expected investment period, financial 

statements of company) 
  

Frequency Percent Weight Score 
 

Strongly disagree 20 7% 1 20 
 

Somewhat disagree 47 16% 2 94 
 

Neither agree nor 

disagree 

91 30% 3 273 

 
Somewhat agree 83 28% 4 332 

 
Strongly agree 60 20% 5 300 

 
Average 301 

  
3,385382 

Q21_7 I understand the risks that are involved in making investment 

decisions 
  

Frequency Percent Weight Score 
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Strongly disagree 13 4% 1 13 

 
Somewhat disagree 41 14% 2 82 

 
Neither agree nor 

disagree 

62 21% 3 186 

 
Somewhat agree 96 32% 4 384 

 
Strongly agree 89 30% 5 445 

 
Total 301 

  
3,687708 

Q21_8 I do not mind investing in shares because I know they can 

provide higher returns despite higher risk 
  

Frequency Percent Weight Score 
 

Strongly disagree 19 6% 1 19 
 

Somewhat disagree 32 11% 2 64 
 

Neither agree nor 

disagree 

65 22% 3 195 

 
Somewhat agree 102 34% 4 408 

 
Strongly agree 83 28% 5 415 

 
Average 301 

  
3,657807 

Q21_9 I do not mind investing in savings and deposits because they 

are secure forms of investing 
  

Frequency Percent Weight Score 
 

Strongly disagree 28 9% 1 28 
 

Somewhat disagree 33 11% 2 66 
 

Neither agree nor 

disagree 

64 21% 3 192 

 
Somewhat agree 95 32% 4 380 

 
Strongly agree 81 27% 5 405 

 
Average 301 

  
3,55814 

      

      

 
21_1 2,9933555 

   

 
21_2 3,448505 

   

 
21_3 3,345515 
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21_4 3,2159468 

   

 
21_5 3,6843854 

   

 
21_6 3,3853821 

   

 
21_7 3,6877076 

   

 
21_8 3,6578073 

   

 
21_9 3,5581395 

   

      

 
Average 3,4273256 
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8.7 Appendix 6B : Updated risk return awareness 

Reliability       

        

Notes   

Output Created 08-APR-2025 16:04:25   

Comments     

Input Data C:\Users\User\Documents\2023 

UP\Tafadzwa\Tafadzwa raw data 8 

april 2025.sav   

Active 

Dataset 

DataSet1 

  

Filter <none>   

Weight <none>   

Split File <none>   

N of Rows 

in Working 

Data File 

301 

  

Matrix Input     

Missing Value Handling Definition 

of Missing 

User-defined missing values are 

treated as missing.   

Cases 

Used 

Statistics are based on all cases 

with valid data for all variables in the 

procedure.   

Syntax RELIABILITY 

  /VARIABLES=Q21_1 Q21_2 

Q21_3 Q21_5 Q21_6 Q21_7 

Q21_8 

  /SCALE('ALL VARIABLES') ALL 

  /MODEL=ALPHA.   

Resources Processor 

Time 

00:00:00,02 
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Elapsed 

Time 

00:00:00,01 

  

        

        

Scale: ALL VARIABLES       

        

Case Processing Summary 

  N % 

Cases Valid 301 100,0 

Excludeda 0 0,0 

Total 301 100,0 

a. Listwise deletion based on all variables in the procedure. 

        

Reliability Statistics     

Cronbach's Alpha N of Items     

0,656 7     
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8.8 Appendix 7 : Questionnaire 

Demographic questionnaire  

1. Gender: Which gender do you identify with? 

o Male 

o Female 

o Non-binary / Third gender 

o Other 

o Prefer not to say 

2. Age: What is your age range? 

o 18–30 

o 31–40 

o 41–50 

o Over 50 

3. Marital Status: What is your current marital status? 

o Single / Never married 

o Married 

o Divorced / Separated 

o Living with a partner 

o Widowed 

4. Education: What is your highest level of qualification? 

o Doctoral degree 

o Master’s degree 

o Honours degree / Postgraduate diploma 

o Bachelor’s degree / Advanced diploma 

o Diploma 

o Matric certificate 

o High school (but not matric) 

o Primary school 

5. Employment: What is your current employment status? 

o Full-time employed (40 hrs or more per week) 

o Part-time employed (less than 40 hrs per week) 
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o Self-employed 

o Unemployed 

o Homemaker / Housewife 

o Student 

o Retired 

6. Income: What is your current monthly household income? (Include all sources) 

o No income 

o R1 – R9 999 

o R10 000 – R20 000 

o R20 001 – R30 000 

o R30 001 – R40 000 

o R40 001 – R50 000 

o Above R50 000 

7. Dependants: How many members of your household are children below the 

age of 18? 

o 0 

o 1 

o 2 

o 3 

o More than 3 

8. Investment Budget: How much do you invest annually? 

o I don’t invest 

o R1 – R50 000 

o R50 001 – R100 000 

o More than R100 000 

 

Question 10 : Over confidence questionnaire  

• I am confident that the knowledge I possess can help me choose a good 

investment 

• I am confident that my choice of investments aligns with my investment plans 
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• I am confident in my ability to choose a good investment 

• I believe that my skills and knowledge of the stock market can help me to 

outperform the market 

• I am confident in my past investment successes 

• I can control the returns on my investments 

Risk tolerance questionnaire (Grable and Lytton)  

11. If you unexpectedly received R35 000 to invest, what would you do? 

a. Deposit it in a bank account, money market account, 

b. Invest it in safe high-quality bonds or bond mutual funds.  

c. Invest it in stocks 

12. In terms of experience, how comfortable are you investing in stocks or 

stock mutual funds? 

 a. Not at all comfortable   

b. Somewhat comfortable  

c. Very comfortable 

13. You inherit a mortgage-free house worth R1 405 000. The house is in a 

nice neighbourhood, and you believe that it should increase in value 

faster than inflation. Unfortunately, the house needs repairs. If rented out 

today, the house would bring in R10 500 monthly, but if updates and 

repairs were made, the house would bring in/ be rented out for R14 050 

per month. To finance the repairs, you’ll need to take out a mortgage on 

the property. You would: 

a. Sell the house 

b. Rent the house as is 
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c. Remodel and update the house, and then rent it 

14. Some experts are predicting prices of hard assets (such as gold, jewels, 

collectibles, and real estate) to increase in value but bond prices may 

fall. However, experts tend to agree that government bonds are relatively 

safe. Most of your investment assets are now in high interest 

government bonds. What would you do? 

a. Hold the bonds 

b. Sell the bonds, put half the proceeds into money market accounts, and the other 

half into hard 

assets 

c. Sell the bonds and put the total proceeds into hard assets 

d. Sell the bonds, put all the money into hard assets, and borrow additional money to 

buy more 

15. Suppose a relative left you an inheritance of R1 760 000, stipulating in 

the will that you invest ALL the money in ONE of the following choices. 

Which one would you select? 

a. A savings account or money market mutual fund 

b. A mutual fund that owns stocks and bonds 

c. A portfolio of 15 common stocks 

d. Commodities like gold, silver, and oil 

16. If you had to invest R1 760 000, which of the following investment 

choices would you find most appealing? 

a. 60% in low-risk investments 30% in medium-risk investments 10% in high-risk 

investments 
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b. 30% in low-risk investments 40% in medium-risk investments 30% in high-risk 

investments 

c. 10% in low-risk investments 40% in medium-risk investments 50% in high-risk 

investments 

17. Given the best and worst case returns of the four investment choices 

below, which would you prefer? 

a. R3 512 gain best case; R0 gain/loss worst case 

b. R14 050 gain best case; R46 600 loss worst case 

c. R46 6004,800 gain best case; R42 150 loss worst case 

 

Question 18 : Herding questionnaire  

• I make a decision on the length of time to keep shares based on other investors 

perspectives 

• I typically imitate the changes in decisions made by other investors 

• I feel the majority of opinions on the profits made on the JSE are often correct 

• Other investors' decisions on the shares that they buy impacts my investment 

decisions 

• Other investors’ buying and selling decisions have an impact on my investment 

decisions 

Question 19: Availability questionnaire  

• I make decisions based on existing information 

• If I want to buy shares, I will rely on information gathered from colleagues  

• I prefer local securities over foreign securities because they have readily available 

information 

• When buying shares, I rely on information from stock market experts 
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• When buying shares, I rely on information that is already available 

Question 20: Anchoring questionnaire 

• I use the purchase price of a share as a benchmark for a sell decision 

• I am influenced by stock performance in the past when choosing stocks to invest 

in  

• I set price targets before buying or selling stocks 

• The views of well-known analysts regarding stocks do not change my investment 

views if they conflict with my own opinions 

• When making investment decisions, I stick to what I know, and ignore new 

information 

Question 21: Investment decision making  

Indicate your level of agreement with the following statements where 1 = strongly 

disagree and 5 = strongly agree 

• I know the expected rate of return on my investments 

• I know the risks I face when I make an investment decision  

• I am able to determine my investment time frame before I invest 

• Having a secure investment is a big part of my investment strategy 

• Making investment decisions is an important part of my future planning   

• When making investment decisions, I consider all relevant factors (e.g. risk, 

expected investment period, financial statements of company) 

• I understand the risks that are involved in making investment decisions 

• I do not mind investing in shares because I know they can provide higher returns 

despite higher risk 

• I do not mind investing in savings and deposits because they are secure forms of 

investing 
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8.9 Appendix 8: SEM fit indices 

Model Fit Summary 

CMIN 

Model NPAR CMIN DF P CMIN/DF 

Default model 34 118,772 71 ,000 1,673 

Saturated model 105 ,000 0   

Independence model 14 747,019 91 ,000 8,209 

RMR, GFI 

Model RMR GFI AGFI PGFI 

Default model ,372 ,946 ,920 ,640 

Saturated model ,000 1,000   

Independence model ,474 ,677 ,627 ,587 

Baseline Comparisons 

Model 
NFI 

Delta1 

RFI 

rho1 

IFI 

Delta2 

TLI 

rho2 
CFI 

Default model ,841 ,796 ,929 ,907 ,927 

Saturated model 1,000  1,000  1,000 

Independence model ,000 ,000 ,000 ,000 ,000 

Parsimony-Adjusted Measures 

Model PRATIO PNFI PCFI 

Default model ,780 ,656 ,723 

Saturated model ,000 ,000 ,000 

Independence model 1,000 ,000 ,000 
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NCP 

Model NCP LO 90 HI 90 

Default model 47,772 21,627 81,804 

Saturated model ,000 ,000 ,000 

Independence model 656,019 572,581 746,921 

FMIN 

Model FMIN F0 LO 90 HI 90 

Default model ,396 ,159 ,072 ,273 

Saturated model ,000 ,000 ,000 ,000 

Independence model 2,490 2,187 1,909 2,490 

RMSEA 

Model RMSEA LO 90 HI 90 PCLOSE 

Default model ,047 ,032 ,062 ,598 

Independence model ,155 ,145 ,165 ,000 

AIC 

Model AIC BCC BIC CAIC 

Default model 186,772 190,351 312,814 346,814 

Saturated model 210,000 221,053 599,247 704,247 

Independence model 775,019 776,493 826,918 840,918 

ECVI 

Model ECVI LO 90 HI 90 MECVI 

Default model ,623 ,535 ,736 ,635 

Saturated model ,700 ,700 ,700 ,737 
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Model ECVI LO 90 HI 90 MECVI 

Independence model 2,583 2,305 2,886 2,588 

HOELTER 

Model 
HOELTER 

,05 

HOELTER 

,01 

Default model 232 257 

Independence model 46 51 

Scalar Estimates (Group number 1 - Default model) 

Maximum Likelihood Estimates 

Regression Weights: (Group number 1 - Default model) 

   
Estimat

e 
S.E. C.R. P Label 

RiskRetAwar

e 

<--

- 
InvHerdingL -,074 

,13

0 
-,568 

,57

0 
par_8 

RiskRetAwar

e 

<--

- 
ConfInvL -,170 

,24

3 
-,698 

,48

5 
par_9 

RiskRetAwar

e 

<--

- 
ConfOutperfL ,149 

,22

5 
,660 

,50

9 

par_1

0 

RiskRetAwar

e 

<--

- 
q19_4rec ,069 

,13

5 
,512 

,60

9 

par_1

4 

RiskRetAwar

e 

<--

- 

RiskTolerance_scalea

dj 
,037 

,01

0 

3,51

6 
*** 

par_1

5 

RiskRetAwar

e 

<--

- 
q20_1rec ,495 

,13

7 

3,60

9 
*** 

par_1

6 

Q18_5 
<--

- 
InvHerdingL ,945 

,17

5 

5,40

0 
*** par_1 
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Estimat

e 
S.E. C.R. P Label 

Q18_4 
<--

- 
InvHerdingL ,951 

,17

6 

5,39

9 
*** par_2 

Q18_3 
<--

- 
InvHerdingL 1,000     

Q21_2 
<--

- 
RiskRetAware ,596 

,17

3 

3,44

5 
*** par_3 

Q21_1 
<--

- 
RiskRetAware 1,000     

Q10_3 
<--

- 
ConfInvL 1,480 

,18

9 

7,81

8 
*** par_4 

Q10_2 
<--

- 
ConfInvL 1,255 

,16

4 

7,66

0 
*** par_5 

Q10_1 
<--

- 
ConfInvL 1,000     

Q10_6 
<--

- 
ConfOutperfL 1,283 

,15

9 

8,05

0 
*** par_6 

Q10_5 
<--

- 
ConfOutperfL 1,306 

,16

0 

8,13

7 
*** par_7 

Q10_4 
<--

- 
ConfOutperfL 1,000     

Standardized Regression Weights: (Group number 1 - Default model) 

   Estimate 

RiskRetAware <--- InvHerdingL -,051 

RiskRetAware <--- ConfInvL -,100 

RiskRetAware <--- ConfOutperfL ,095 

RiskRetAware <--- q19_4rec ,033 

RiskRetAware <--- RiskTolerance_scaleadj ,229 
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   Estimate 

RiskRetAware <--- q20_1rec ,236 

Q18_5 <--- InvHerdingL ,584 

Q18_4 <--- InvHerdingL ,585 

Q18_3 <--- InvHerdingL ,602 

Q21_2 <--- RiskRetAware ,542 

Q21_1 <--- RiskRetAware ,839 

Q10_3 <--- ConfInvL ,748 

Q10_2 <--- ConfInvL ,687 

Q10_1 <--- ConfInvL ,554 

Q10_6 <--- ConfOutperfL ,709 

Q10_5 <--- ConfOutperfL ,737 

Q10_4 <--- ConfOutperfL ,574 

Covariances: (Group number 1 - Default model) 

   Estimate S.E. C.R. P Label 

ConfInvL <--> ConfOutperfL ,295 ,054 5,451 *** par_11 

InvHerdingL <--> ConfOutperfL ,071 ,044 1,616 ,106 par_12 

InvHerdingL <--> ConfInvL -,032 ,039 -,817 ,414 par_13 

Correlations: (Group number 1 - Default model) 

   Estimate 

ConfInvL <--> ConfOutperfL ,708 

InvHerdingL <--> ConfOutperfL ,143 

InvHerdingL <--> ConfInvL -,071 

Squared Multiple Correlations: (Group number 1 - Default model) 
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   Estimate 

q19_4rec   ,000 

RiskTolerance_scaleadj   ,000 

q20_1rec   ,000 

RiskRetAware   ,115 

Q10_4   ,330 

Q10_6   ,502 

Q10_5   ,544 

Q10_3   ,559 

Q10_1   ,306 

Q10_2   ,473 

Q21_2   ,294 

Q21_1   ,704 

Q18_3   ,363 

Q18_4   ,343 

Q18_5   ,341 
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8.10 Appendix 9: Letter of Consent  

 

 

   

 

Faculty of Economic and 

Management Sciences 

 

Informed consent for participation in an academic 

research study 

 

Dept. of Finance and Investment 

 

BEHAVIOURAL FACTORS RELATED TO INDIVIDUAL INVESTOR DECISION MAKING IN SOUTH AFRICA 

 

Research conducted by: 

Mr. T. Raiva (20773693) 

Cell: 0745325400 

 

Dear Respondent 

 

You are invited to participate in an academic research study conducted by Tafadzwa Raiva, a Masters student 

from the Department of Financial Management at the University of Pretoria. 

 

The purpose of the study is to establish behavioural factors related to individual investor decision making in 

South Africa 

 

Please note the following: 

▪ This study involves an anonymous survey. Your name will not appear on the questionnaire and the 

answers you give will be treated as strictly confidential. You cannot be identified in person based on 

the answers you give. 

▪ Participation is voluntary and there will be no penalty or loss of benefit if you decide not to take part. 

▪ This survey must only be completed by individuals who are at least 18 years of age. 
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▪ You have the right to withdraw from the research at any time without having to explain why. 

▪ You have the opportunity to ask questions about the proposed study before proceeding. 

▪ The results of the study will be used for academic purposes only and may be published in an academic 

journal. We will provide you with a summary of our findings on request. 

Please contact my supervisors, Prof Henco Van Schalkwyk (henco.vs@up.ac.za) and Ms Dhlembeu 

(Nyasha.dhlembeu@up.ac.za)  if you have any questions or comments regarding the study.  

 

By continuing with the survey, you acknowledge that: 

▪ You have read and understand the information provided above. 

▪ You give your consent to participate in the study on a voluntary basis. 
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