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Abstract
Background  Globally, artificial intelligence (AI) is expanding in healthcare and public health and AI education for students 
in these fields will be essential. It is therefore important that future public health professionals are aware of opportunities 
and challenges linked to AI.
Aim  The aim of the study was to assess the perceptions and attitudes regarding AI among one such group of future public 
health professionals – Postgraduate Diploma in Public Health students – in South Africa.
Methods  An online survey was sent to students enrolled for the Postgraduate Diploma in Public Health programme from 
13 June 2022 to 17 June 2022.
Results  Six hundred and eighteen respondents completed an online survey (81.5% response rate). Generally, respondents 
thought AI would be capable of performing various tasks that did not provide direct care to individuals. Most (69%) agreed 
that introduction of AI could reduce job availability in public health fields. Respondents agreed that AI in public health 
could raise ethical (84%), social (77%) and health equity (77%) challenges. Relatively few respondents (52%) thought they 
were being adequately trained to work alongside AI tools, and the majority (76%) felt training of AI competencies should 
begin at an undergraduate level.
Conclusion  Respondents expect AI to eventually carry out specific functions in public health and had reservations that AI 
may cause ethical challenges and increase unemployment in the country. Further exploration is needed regarding the percep-
tions about AI and its integration into the health system and the implications for undergraduate and postgraduate curricula.

Keywords  Artificial intelligence · Public health · Postgraduate · Cross sectional survey

Introduction

Artificial intelligence (AI) is the use of software technol-
ogy designed to perform multiple decision-making tasks 
(Vinuesa et al. 2020). There are different branches of AI 
that are aimed to enable computers to learn without being 
programmed, thus improving the computers’ performance 
to execute tasks (Samuel 1959; Mitchel 1997). The term 
AI was established as early as 1956 (Schmidt-Erfurth et al. 
2018), and similar concepts such as machine learning (ML) 
and deep learning (DL) were also conceptualised during that 
time (Dhande 2020).

AI is commonly used in the business and marketing sec-
tors (De Bruyn et al. 2020; Di Vaio et al. 2020; Dimitrieska 
et al. 2018; Dirican 2015; Loureiro et al. 2021), and is 
used in the health sector in a number of ways for diagnos-
tic tools, HIV research, and in clinical monitoring (Aguiar 
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et al. 2016; Go et al. 2018; Schmidt-Erfurth et al. 2018; 
Sinisi et al. 2007). In low-to-middle income countries, the 
main focus of AI interventions has been on health issues 
such as tuberculosis (Aguiar et al. 2016; Jaeger et al. 2018; 
Lopes and Valiati 2017), malaria (Andrade et al. 2010; Go 
et al. 2018), non-infectious diseases in children and infants, 
and cervical cancer (Schwalbe and Wahl 2020). Although 
research concerning AI in public health in Africa is grow-
ing, AI applications in public health and medical studies 
are more prominent in countries such as China, the United 
States of America and in Europe (Bellinger et al. 2017; 
Cisse 2018; Ferrein and Meyer 2012). The introduction of 
AI and its application in healthcare and public health have 
the potential to improve clinical decision-making and effi-
ciency in managing large clinical datasets (Oakden-Rayner 
2020; Rajkomar et al. 2019; Topol 2019).

The use of AI in South Africa is increasing, and several 
studies show the use of AI application in healthcare and 
medical studies and its potential benefits (Dlamini et al. 
2020; Kim et al. 2019; Madahana et al. 2022; Mbunge et al. 
2022; van Heerden and Young 2020). Additionally, ML has 
also been used as a prediction tool in the provision of health-
care services and placements of healthcare workers (Moyo 
et al. 2018). The extent and implementation of AI and ML 
in epidemiology, in an African context, is in the early stages 
leaving room for exploration (Liyanage et al. 2019).

In the post-coronavirus era there has been an increased 
interest in the use of AI to derive meaningful information 
from the large amount of health information that is pro-
duced (Manteghinejad and Javanmard 2021). As useful as 
the applications of AI in healthcare and public health are, 
little is known regarding the preparedness of those who will 
be expected to use these applications. Few studies have been 
done to assess the attitudes and perceptions of those who 
are studying to work in public health regarding the use of 
AI in their work (Emmert-Streib et al. 2020; Liyanage et al. 
2019; Mehta et al. 2021). Generally, there are certain mis-
perceptions and attitudes around AI and its general potential 
(Albarrán Lozano et al. 2021; Emmert-Streib et al. 2020). 
In South Africa, these perceptions of AI in public health 
have not been explored. Therefore, the aim of this study 
was to assess the perceptions and attitudes regarding AI in 
public health among one of the largest programmes in South 
Africa, i.e. students registered for the online Postgraduate 
Diploma in Public Health at the University of Pretoria.

Methods

A cross-sectional survey was conducted. The data collec-
tion was done over five days from 13 June 2022 to 17 June 
2022. The questionnaire was adapted from a Canadian study 

that explored the same topic among medical students (Mehta 
et al. 2021).

The questionnaire was created in Qualtrics before an 
online invitation was sent to students who were attending 
an online module. Consent from the students was obtained 
through the first page of the survey.

The questionnaire had three designated sections: (A) 
demographics of the respondents that included the gender, 
age, residence, the interaction with computer science and AI; 
(B) basic knowledge of AI terminology, including AI, ML, 
DL, neural networks (NN) and an algorithm; and (C) percep-
tions of AI in public health. This last section was separated 
into four subsections, namely the perceptions of AI and task 
performance at individual primary care, health systems and 
population, perceptions of AI and impact on public health 
careers, perceptions of AI and ethics and perceptions of AI 
and public health education.

The data from Qualtrics was exported to a Microsoft Excel 
spreadsheet before being imported to STATA 15, where all 
demographic and statistical analysis were performed.

The scaled questions regarding perceptions and attitudes 
are reported in percentages. Content analysis was used to 
analyse the open-ended responses obtained from the ques-
tionnaires. Chi-square tests were applied to assess the cor-
relations between sections B and C and the demographic 
information captured in section A.

Results

Demographics

There were 758 responses received, and 618 questionnaires 
were completed in full with no missing values (81.5% 
response rate). Most of the respondents (82%) were female, 
17.9% were male, and less than 1% chose not to indicate 
their gender (Table 1). The majority of the respondents were 
younger than 40 years old. Most of the respondents (83.5%) 
did not have any computer science background. Less than 
15% of respondents had attended or viewed AI related talks 
or lectures.

Knowledge of AI terminology

Respondents’ understanding of general terminology var-
ied among the different terms. The majority (77.9%) of the 
respondents at least agreed that they understood what arti-
ficial intelligence is and 51.4% similarly agreed that they 
understood machine learning. Other terms such as neural 
networks, deep learning and algorithms that are associated 
with/related to deeper knowledge of artificial intelligence, 
were unknown to most of the respondents (Supplementary 
Table 1).
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Perceptions of AI and task performance

Table 2 shows how likely respondents thought AI could 
perform tasks at an individual patient care level. Respond-
ents thought it at least likely that AI could perform admin-
istrative, diagnostic and prognostic task, e.g. the vast 

majority thought AI would be likely to read and interpret 
diagnostic imaging (89.1%). However, respondents did not 
think it likely the AI would be able to perform tasks that 
involved direct care to patients. Only 28% of respondents 
thought AI could provide empathetic care and only 26% 
felt that it could perform psychiatric/personal counselling.

Table 1   Summary study 
demographics (n = 618)

N-total number of respondents, n-number of respondents per group

Survey
n(%)

Survey
n (%)

Survey
n(%)

Gender Residence Highest qualification
   Male 108(17.5) Eastern Cape 54(8.7) Bachelors 501(81.1)
   Female 507(82) Free State 16(2.6) Masters 29(4.7)
Rather not say 3(0.5) Gauteng 252(40.8) Doctorate 5(0.8)
Age Kwa-Zulu Natal 83(13.4) Other 72(11.7)
   20–24 12(1.9) Limpopo 38(6.2) Rather not say 11(1.8)
   25–30 210(34) Mpumalanga 48(7.8) Background in comp science
   31–34 125(20.2) Northern Cape 12(1.9) Yes 81(13.1)
   35–40 134(21.7) North-West 35(5.7) No 516(83.5)
   41–45 67(10.8) Western Cape 28(4.5) Rather not say 21(3.4)
   46–50 42(6.8) Outside SA 45(7.3) Attended AI talks/lectures
   51–55 17(2.8) Rather not say 7(1.1) Yes 92(14.9)
   56–60 3(0.5) No 508(82.2)
Rather not say 8(1.3) Rather not say 18(2.9)

Received training computer programming/
coding

Yes 39(6.3)
No 571(92.4)
Rather not say 8(1.3)

Table 2   The perceived ability of AI to eventually perform a specific task at the individual health level

Extremely unlikely Unlikely Likely Extremely likely Unsure

Provide patients with preventative health recom-
mendations (e.g. exercise, diet, wellness)

3.6% (22/618) 11.5% (71/618) 54.1% (334/618) 29.8% (184/618) 1.1% (7/618)

Analyse patient information to reach a diagnosis 5.2% (32/618) 11.3% (70/618) 49.8% (308/618) 30.7% (190/618) 2.9% (18/618)
Analyse patient information to establish possible 

prognosis
3.6% (22/618) 12.1% (75/618) 56.8% (351/618) 23.8% (147/618) 3.7% (23/618)

Read and interpret diagnostic imaging (such as 
X-rays)

1.5% (9/618) 6.2% (38/618) 44.8% (277/618) 44.3% (274/618) 3.2% (20/618)

Evaluate when to refer patients to other health 
professionals

5.2% (32/618) 17.5% (108/618) 52.8% (326/618) 20.1% (124/618) 4.5% (28/618)

Formulate personalised treatment plans for 
patients

5.2% (32/618) 18.1% (112/618) 51% (315/618) 21.5% (133/618) 4.2% (26/618)

Formulate personalised medication prescriptions 
for patients

4.5% (28/618) 19.3% (119/618) 49.2% (304/618) 22.2% (137/618) 4.9% (588/618)

Provide empathetic care to patients 33.5% (207/618) 33.3% (206/618) 19.6% (121/618) 8.4% (52/618) 5.2% (32/618)
Monitor patient compliance to prescribed medica-

tions, exercise and dietary recommendations
10.5% (65/618) 19.26% (119/618) 46.4% (287/618) 19.6% (121/618) 4.2% (26/618)

Provide psychiatric/personal counselling 31.9% (197/618) 35.8% (221/618) 18.5% (114/618) 8.7% (54/618) 5.2% (32/618)
Perform surgery (e.g. robotic surgery) 13.8% (85/618) 17.2% (106/618) 38.8% (240/618) 25.9% (160/618) 4.4% (27/618)
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Respondents who thought it likely for AI to provide pre-
ventative health recommendations (31.1%) and read and 
interpret diagnostic imaging (29.7%), felt that this would 
be possible in the next 5 to 10 years. Overall, respondents 
thought AI performance of other tasks would be possible 
within 11 to 25 years. Details of expected time respond-
ents perceived AI to eventually perform a specific task at 
an individual health level can be found in Supplementary 
Table 2.

The majority of respondents thought it possible for 
AI to perform tasks at a health systems level (Table 3). 
Among those who thought it likely, approximately 29% 
responded that AI could be able to perform most of 
these tasks within the next 5 to 10 years (Supplementary 
Table 3).

Table 3 also shows that respondents also thought it 
likely that AI could perform tasks at a population health 
level, with 61.9% thinking it likely that AI could conduct 
population health surveillance and outbreak prevention. 
However, of the respondents who thought it likely for AI 
to perform tasks at a population level, approximately 30% 
thought that this could occur within 11 to 25 years (Sup-
plementary Table 3).

Perceptions of AI and impact on public health 
careers

Respondents thought that AI would not only reduce job 
availability to them (77%) but the number of jobs in public 
health in general (69.4%). This reality did seem to influence 
the consideration of the specialty as the majority (53.8%) 
were unsure or at least agreed that this would be the case 
(Supplementary Table 4).

Perceptions of AI and ethics

Respondents strongly agreed or agreed that AI in public 
health would introduce new ethical (84.9%), social (77.4%) 
and health equity (77.2%) challenges. When asked if 
respondents thought the South African healthcare system 
was currently well prepared to deal with challenges related 
to AI, 78.6% disagreed or strongly disagreed (Table 4).

Perceptions of AI and public health education

A small majority (52.9%) of respondents agreed that their 
current public health education was adequately preparing 
them to work alongside AI and there was very strong support 

Table 3   The perceived ability of AI to eventually perform specific tasks at health systems and population health levels

Extremely unlikely Unlikely Likely Extremely likely Unsure

Health Systems
Provide documentation (e.g., update medical 

records) about patients
3.1% (19/618) 7% (43/618) 46.1% (285/618) 41.1% (254/618) 2.8% (17/618)

Assist hospitals in capacity planning and human 
resource management

6.2% (38/618) 19.6% (121/618) 47.6% (294/618) 22.6% (140/618) 4.1% (25/618)

Provide recommendations for quality improvement 
in practices/hospitals

6% (37/618) 20.6% (127/618) 50% (309/618) 19.4% (120/618) 4.1% (25/618)

Population health
Conduct population health surveillance and out-

break prevention
8.9% (53/618) 24.1% (149/618) 41.8% (258/618) 20.1% (124/618) 5.5% (34/618)

Select the best population health interventions 7.1% (44/618) 27% (167/618) 47.4% (293/618) 13.1% (81/618) 5.3% (33/618)

Table 4   Perceived ethical challenges from AI

Strongly agree Agree Disagree Strongly disagree Unsure

AI in public health will raise new ethical challenges 42.2% (261/168) 42.7% (264/618) 6.2% (38/618) 3.6% (22/618) 5.3% (33/618)
AI in public health will raise new social challenges 35% (216/618) 42.4% (262/618) 10% (62/618) 4.2% (26/216) 5.2% (8.4/618)
AI in public health will raise new challenges around 

health equity
36.4% (225/618) 40.8% (252/618) 9.6% (59/618) 3.6% (22/618) 9.7% (60/618)

The South African healthcare system is currently 
well prepared to deal with challenges related to AI

3.1% (19/618) 6.3% (39/618) 28.6% (177/618) 50% (309/618) 12% (74/618)
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(91.4%) for the inclusion of AI in public health training 
(Supplementary Table 5). This inclusion could start at an 
undergraduate level (76 %).

An analysis of the open-ended responses was done. These 
responses were non-compulsory open-ended questions on 
whether they had any comments or concerns about AI in 
public health.

There were 327 free text responses to the question 
‘Do you have any comments on the topic of AI in public 
health?’ Examples of some of the responses are highlighted 
in Table 5.

Respondents were also asked to give a general reflection 
on AI within their department in the next five years. There 
were 418 responses. Some examples of the responses are 
highlighted in supplementary Table 6.

Chi-square of independence tests were performed to 
assess whether gender, age group, highest qualification 
obtained, background in computer science and attendance 
of AI talks or lectures had any effect on the perceptions on 
AI in public health. The female respondents showed better 
understanding of terms such as ML (p = 0.0003), NN (p = 
0.01) and an algorithm (p = 0.01) than the male respondents. 
Respondents who had a background in computer sciences 
showed better understanding of ML (p = 0.0003), NN (p = 
0.01), DL (p = 0.001) and an algorithm (p = 0.01). Respond-
ents who had not attended AI talks or lectures showed less 
understanding of all AI terminology (p < 0.05). Generally, 
demographic factors such as age, gender and highest qualifi-
cation did not significantly influence respondents perception 
on whether AI could eventually perform a specific task at 
an individual level (p > 0.05). However, in some instances, 
respondents who had a background in computer science and 

attended AI talks/lectures thought AI was more likely to 
perform some individual tasks. Demographic factors did 
not significantly influence the respondents’ perceptions on 
whether AI could eventually perform a specific task at health 
systems or population health levels (p > 0.05).

Similarly, the demographic factors did not significantly 
influence the way respondents’ perceived AI impact on pub-
lic health careers or ethical challenges from AI (p > 0.05). 
There was one exception from the latter where all demo-
graphic factors showed to influence respondents perceptions 
on whether ‘The South African healthcare system is cur-
rently well prepared to deal with challenges related to AI (p 
< 0.05)’. Respondents who had a background in computer 
science (p = 0.04) and attended AI talk/lectures (p = 0.01) 
felt that their public health education was not adequately 
preparing them for working alongside AI tools. However, 
these demographic factors did not significantly influence the 
perceptions of other questions asked in this section.

Discussion

The aim of this study was to assess the perceptions and atti-
tudes regarding AI in public health among postgraduate pub-
lic health students at one university in South Africa.

The survey respondents were mainly female, which is a 
reflection of the demographic profile of the student popula-
tion. In some health studies, there is often a slightly larger 
female population involved (Stai et al. 2020; Tiyuri et al. 
2018) unless the study is male specific (Dada et al. 2020); 
otherwise, the gender balance is often dependent on the 
country and career of interest in which the study is taking 

Table 5   Themes of comments or concerns about AI in public health from respondents

Theme N (%) Example

Positive comments 120 (36.7) ‘AI in public health can assist in data management which plays a huge role in public health’.
‘In terms of waiting times in healthcare institutions, it will help to reduce and intervene on the current staff 

shortages’.
Positive comments 

with some reserva-
tions

54 (16.5) ‘AI is a very controversial topic but I believe that it could be beneficial to some aspects of public health such 
as surveillance’. 

‘Al may be beneficial to reduce workload in the healthcare system, for example, reduce queues for medica-
tion; the bad side of it is that it will reduce job opportunities and people will end up unemployed which 
will cripple the economy of the country’.

Negative comments 128 (39.1) ‘Already there is a problem of huge unemployment is South Africa and the economy is getting worse daily 
and artificial intelligence will require money to be well introduced and to deal with the challenges it will 
come with. Our government healthcare facilities are poorly functional to a point where they cannot even 
feed their own patients, so educating their staff members is gonna be a real problem as it is now’.

‘My concern is the security gaps that comes with the use of AI. There needs to be competent IT specialists 
and security expects who work in the public health space to provide competency for healthcare workers. 
The AI will help the public health facilities to move from the paper system to the digital system that is 
easily accessible’.

Neutral 25 (7.7) ‘AI is somehow around and in utilisation in several sectors and already has an impact. I can only say its 
influence is increasing in our daily lives and professions.’

‘I am yet to read on AI as it is a new concept to me’.
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place (Yüzbaşıoğlu 2021). The majority of the respond-
ents in this study were in the 25 to 40-year-old age group, 
which is a common age group of online postgraduate stu-
dents (Dada et al. 2020; Fernandez et al. 2014; Tiyuri et al. 
2018). Similar to the Mehta et al. (2021) study, the majority 
of the respondents in this study did not have any background 
in computers or had been exposed to AI lectures or talks. 
The respondents’ lack of exposure to AI lectures or talks is 
evident in their responses regarding familiarity with AI ter-
minology. Their lack of familiarity with terms such as deep 
learning and neural networks is similar to what was reported 
in a Canadian cohort (Mehta et al. 2021).

Respondents were confident that AI would be able to 
carry out many tasks at different levels of public health. 
These identified tasks were tasks that could not provide 
direct care to patients, such as empathetic care or counsel-
ling. Respondents felt that administrative, diagnostic and 
prognosis tasks were better suited for AI advancements 
in public health. Mehta et al. (2021) also found that their 
participants were more confident the AI would be able to 
perform ‘objective’ tasks such as diagnosis, prognosis, inter-
preting imaging and formulating prescriptions as compared 
to tasks requiring more person-centred skills, personal coun-
selling and providing empathetic care. Gender, age, level 
of qualification, a background in computer science and the 
attendance of AI talks or lectures did not show to have a 
significant impact on the perceptions made by respondents. 
However, Stai et al. (2020) found that age made a significant 
difference in participants’ perception of AI’s ability to per-
form certain tasks such as surgery. A meta-analysis done by 
Hauk et al. (2018) found it was a misconception that younger 
generations would be more likely to engage in advancing 
technology, but rather technology is better taken up by how 
easy it is to use rather than the age of the individual. The 
findings of this study seems to echo the latter sentiment as 
age did not impact the respondents’ perceptions of AI’s abil-
ity to perform certain tasks in public health.

Some issues were raised about AI affecting job availabil-
ity at an individual and general level in public health. The 
general perception was that AI would increase unemploy-
ment. In similar studies conducted in Canada, Spain and 
Turkey, the perception that the use of AI would reduce the 
number of jobs was also recorded as a concern (Albarrán 
Lozano et al. 2021; Mehta et al. 2021; Yüzbaşıoğlu 2021). 
Unemployment in South Africa is a general concern as the 
current unemployment rate is close to 30% (Marire 2022; 
Mazorodze and Nsiah 2020). This high unemployment rate 
could be the reason why respondents focused on this aspect. 
The concern about job availability after the introduction of 
AI in public health could also be a result of fear of possible 
redundancy of certain jobs in public health. Because AI can 
run certain repetitive tasks and leave the more challenging 
tasks for healthcare professionals, there is a concern that this 

would then change or reduce their roles in the workplace 
(Chen et al. 2021; Tursunbayeva and Renkema 2022). In 
spite of the positive benefits AI in healthcare and public 
health may promote, the concern of job replacement and job 
loss is a prominent issue. Another reason why perceptions 
of AI may be taken negatively, could revert back to the mis-
conceptions around the topic. AI can be thought to be a type 
of technology that allows computers to think, but that is not 
the case (Emmert-Streib et al. 2020; Liu and Bressler 2020). 
While AI is a part of computer science, the findings showed 
that having a background in computer science or attending 
AI talks or lectures did not influence the perceptions of the 
effects of AI in public health careers.

A rise in ethical challenges was also highlighted as an 
issue that could result from introducing AI into public 
health. Respondents perceived that the introduction of AI 
would raise ethical, social and health equity issues. Con-
cerns about hacking of private information was also raised. 
Patient and hospital information is a very sensitive matter 
in health and there is already difficulty in acquiring such 
data (Reisman 2017). There is therefore a legitimate con-
cern about data being shared and liability should patient 
information be wrongfully accessed (Petersson et al. 2022; 
Reisman 2017). Although this was not highlighted in the 
study findings, it is an interesting factor to consider when 
assessing possible ethical issues around AI in public health.

Health equity was another concern highlighted by the 
respondents, specifically concerning how AI implementation 
could increase the gap between lower- and upper-income 
groups. This concern is valid due to the current, severe 
socio-economic disparities in South Africa (Gordon et al. 
2020; Mutyambizi et al. 2019; Rispel 2016; Wilson 2011). 
In contrast to this concern, some research has found that the 
use of AI technologies is optimistic and could be a means for 
developing nations’ abilities to address their health dispari-
ties (Akpanudo 2022; Marcus et al. 2020; Owoyemi et al. 
2020; Vinuesa et al. 2020). Respondents overwhelmingly 
agreed that the South African healthcare system was cur-
rently not prepared to handle AI-related challenges. The 
health department has been reported to have mismanaged 
funds and experiences a shortage of healthcare facilities and 
staff to meet the demand of the population (Aikman 2019). 
These shortcomings were highlighted during the recent 
Covid-19 pandemic that further strained the healthcare sys-
tem (Mokhele et al. 2022; Taylor et al. 2021). The manner 
in which the pandemic was handled could be a reason why 
a large proportion of respondents do not feel confident that 
AI-related challenges would be dealt with by the current 
healthcare system.

Gender, age, having a background in computer science 
and attending an AI talk or lecture showed a significant 
association with the ethical challenges of AI and the coun-
try’s readiness to address these challenges that may arise. 
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Similar studies did not look at the associations of the demo-
graphics and AI and ethics (Mehta et al. 2021; Yüzbaşıoğlu 
2021; Stai et al. 2020). However some did find that in gen-
eral, female respondents had more positive perceptions 
towards AI in dentistry (Yüzbaşıoğlu 2021) and the pub-
lics’ opinion of AI in surgery (Stai et al. 2020). Although 
these findings were similar to this, the distribution of 
female to male respondents was quite disproportional.

The majority of respondents agreed that being introduced 
to AI competencies should be done early in undergraduate 
training. Due to the ‘newness’ of the topic of AI, people 
may be very unsure about it but may be willing to learn 
more (Mehta et al. 2021; Yüzbaşıoğlu 2021). Although with 
current misconceptions, people may have no interest at all 
to learn more on the topic (Albarrán Lozano et al. 2021). A 
lot of effort needs to be done to restructure the misconcep-
tions on AI, reducing the popularity and marketing definition 
of AI and inform its useful scientific capabilities (Emmert-
Streib et al. 2020; Cukurova et al. 2020). Whilst AI may be 
perceived as a complex concept, curricular content for AI in 
public health and medicine can be structured around basic 
understanding of AI concepts, limitations, and relevant ethi-
cal and legal implications (Davenport and Kalakota 2019; 
Kolachalama and Garg 2018; McCoy et al. 2020; Mehta 
et al. 2021). This educational strategy could better prepare 
public health students to accept and understand AI.

The main strength to the study is that it is the first study 
conducted at a South Africa university to address the subject 
of AI in public health. The study addressed one of the nine 
strategic interventions of the National Digital Health Strategy 
for South Africa (2019–2024), namely ‘to develop enhanced 
digital health technical capacity and skilled workforce for digi-
tal technology support and implementation’ (Department of 
health 2019). The findings of this study provide baseline infor-
mation as a foundation for similar studies to be done at other 
South African tertiary institutions. A study limitation is that 
this study explored the topic among one group of students at 
one university and therefore the findings are not generalisable.

The study provides an argument for an introductory AI 
course in undergraduate and/or postgraduate health profes-
sions and public health. This introduction can encourage fur-
ther AI research by public health professionals in the country 
as there are no current courses offered within public health 
curricula that offer AI and ML. However, the introduction 
of AI in public health education is limited by the lack of 
expertise on the subject. Although AI in computer science 
is more available, constructing a more ‘user friendly’ cur-
riculum for public health students will still need more time 
to implement and need a balanced contribution from both 
computer science and public health to make it fit for purpose. 
It is therefore recommended that this is an area for future 
joint curriculum development and research collaboration that 
needs exploration.

Conclusion

In conclusion, this survey brought out a variety of views shared 
among future public health professionals. There was a general 
assumption about AI entering public health and performing 
particular tasks at different health levels. However, there was 
a general consensus that AI had the potential to increase unem-
ployment and ethical challenges in the field. These concerns 
could be attributed to existing high unemployment rates and 
mistrust in the government in South Africa. Overall, this study 
does create a baseline for more extensive in-depth studies to be 
done within an African context. It is recommended that further 
studies be done that include participants from more and dif-
ferent programmes within health faculties in different settings. 
This could lead to a better educational strategy that integrates 
the understanding and application of AI into the health system 
and the implications for undergraduate and postgraduate cur-
ricula. This could result in an increase in the use of AI in South 
African public health research.
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