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ABSTRACT
The study draws on the multidimensional poverty index to characterize the poverty status of households in the Gauteng City

Region, South Africa. In particular, it applies multinomial logit regression and mediation analysis to determine the factors

influencing the transition of poor and vulnerable households into the multidimensionally nonpoor category. Data was obtained

from the 2020/2021 Quality of Life Survey on 13,616 households in seven Gauteng municipalities. Six factors, namely,

working hours, medical aid, education, age, indigence, and income, were significant in transcending the multidimensional

poverty classes. Other important factors were transport expenditure, public transport proximity, access to medical aid, food

support, household size, skipping a meal, and gender. Being a recipient of social grants and population group had small but

significant indirect mediator effects on transcending the multidimensional poverty classes. Sustainable social support systems,

improved access to healthcare, employment opportunities and affordability, and proximity to the transport system will help

poor households transcend multidimensional poverty classes.

1 | Introduction

Poverty is a complex and enduring issue that prompts ex-
tensive debate. Its interpretations vary, influenced by differ-
ent perspectives on its significance, scale, and effects on
individuals and society. Poverty can be measured using sev-
eral indicators, including low life expectancy, limited edu-
cational opportunities, and a decreased per‐capita real GDP
(Chakravarty and D'Ambrosio 2006). These factors contribute
to developing a multidimensional poverty index, which
reflects the various influences on socioeconomic class struc-
tures (D'Attoma and Matteucci 2023; Cummings 2017). These
categorize individuals into hierarchical groups, typically
including the affluent, middle‐class, and various lower‐class
strata, such as the chronically poor, transient poor, and vul-
nerable populations (Cummings 2017; Schotte et al. 2018).

Households in the lower class often experience financial
difficulties, leading to food scarcity and limited access to
resources. In contrast, middle‐class and affluent families
benefiting from better economic conditions are likelier to live
in areas with higher tax bases. This advantage enables their
children to attend well‐funded schools, perpetuating a cycle
where quality education is scarce in impoverished neigh-
borhoods (Troost et al. 2023).

In South Africa, the COVID‐19 pandemic has intensified
inequality and poverty, resulting in significant job losses. To
transcend poverty, low‐income households need to access the
socioeconomic support structures outlined in the National
Development Plan and various government initiatives. These
measures aim to foster equitable growth and improve the living
standards of marginalized communities (Mlaba 2020).
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In Gauteng province, the most important economically in
South Africa, poverty reduction initiatives have reached
millions, including school uniforms for one million learners
and dignity packs for seven million girls [Gauteng
Provincial Government (GPG) 2023; Gauteng Department of
Social Development (GDSD) 2023]. Despite these efforts,
poverty levels remain high, with the World Bank high-
lighting ongoing unemployment and inequality. The wealth
gap has widened, risking South Africa's economic standing
by 2028. Many households depend on government support,
with significant portions facing food insecurity, as one in
nine people lacks access to adequate food [Gauteng
City Region Observatory (GCRO) 2023; Mushayanyama
et al. 2023].

This study thus addresses the following research questions:

• How can low‐income households transcend multidimensional
poverty in the Gauteng City Region?

• What factors influence the change in multidimensional
poverty classes among low‐income households in the
Gauteng City Region?

Previous studies in South Africa have revealed the exacerbated
conditions of poverty among the public and established that
economic, social, and political factors may influence poverty.
(McGrath 1984; Woolard and Klasen 2005; Sekhampu 2013;
Schotte et al. 2018; Mdluli and Dunga 2022). The study builds
on the current literature to explore the determinants of multi-
dimensional poverty and social class in the municipalities/cities
of developing countries and how low‐income households can
escape chronic poverty.

The rest of the article is presented as follows: after the
introduction, the literature review, materials and methods,
discussion, conclusions, and policy recommendations
follow.

2 | The Study Area

Despite being an upper‐middle‐income nation, approximately
55.5% of the population (30.3 million people) lives in poverty at
the national upper poverty line (992 rands), while 13.8 million
people (25%) are food insecure [Statistics South Africa (Stats
SA) 2022]. With each passing census, Gauteng, the country's
economic powerhouse, has become more densely populated.
The highest increase in population density occurred between
the 2011 and 2022 census estimates (18.7% increase), from 675
to 831 people per km2 (Gotz et al. 2023). Figure 1 shows the
Gauteng map reflecting the province's worst areas by poverty
headcount.

The map shows that the poverty incidence in the province
also has a geographic dimension. Most of the poorest people
live on the edges of the province, mainly on the southern and
western edges (e.g., Westonaria and Merafong City). Smaller
pockets of the poorest people are also located in the central
parts, with a high headcount ratio (Alexandra, Diepsloot,
and Tembisa).

3 | Literature Review

The geographical disparities theory highlights that poverty is
unevenly distributed due to historical, social, economic, and
environmental factors. Social networks influence resource
distribution and economic opportunities. Targeted interven-
tions are essential to address unique regional challenges and
promote inclusive development (Bradshaw 2007; Jakobsen
et al. 2022; Addae‐korankye 2019). Fuseini et al. (2024),
drawing from a scoping review of the literature from 2000 to
2022, argued the relevance of the geographical disparities
theory in influencing poverty in sub‐Saharan Africa and Asia.
He posits that the root causes of poverty in these regions stem
from the interplay between physical conditions, human
activities, and the environmental context in which communi-
ties reside, with a recommendation of tailor‐made programs to
target impoverished populations based on their geographical
locations.

This study's conceptual framework provides a multi‐layered
social‐class framework that applies to contexts characterized
by high inequality and poverty risks, such as many low‐
and middle‐income nations, including South Africa (Obi and
Tafa 2016). The conceptual framework of poverty and social
class is shown in Figure 2.

Socioeconomic classes in South Africa can be categorized
into five distinct groups: chronic poor, transient poor, vul-
nerable nonpoor, middle class, and elite. The chronically
poor earn below the poverty line of ZAR992/person/month
(US$54) and are characterized by a high probability of per-
sistent poverty. In contrast, transient poor individuals have
above‐average chances of falling into poverty. About 76% of
the population and the vulnerable nonpoor face daily poverty
risks [Statistics South Africa (Stats SA) 2022]. The middle
class, representing approximately 20% of the population, has
diminished significantly, shrinking by 55% between 2017 and
2020 (Bussitech 2023). This income polarization leads to a
concentration of low‐income earners and a limited elite class,
with only 4% of South Africans classified as affluent. Per-
sistent socioeconomic challenges disproportionately affect
the Black African population, particularly women, due to
entrenched inequalities and inadequate social policies
(Gumede 2021; Folarin 2021).

Studies on the factors affecting poverty have emerged in
micro‐, macro‐, and contextual‐level approaches. The micro‐
level approach contends that individual characteristics or
behaviors can account for poverty (D'Attoma and Matteucci
2023). The macro or structural level approach asserts that
economic, social, and political issues may contribute to
people's limited resource access. Finally, the contextual level
approach emphasizes the significance of neighborhood‐level
variables in understanding poverty (Garza‐Rodriguez
et al. 2021). D'Attoma and Matteucci 2023) highlight the
need to develop mechanisms beyond the focus on income‐
based solutions, especially as antidotes to absolute and rel-
ative poverty, which is the contribution of this study, as it
aims to identify factors influencing households to transcend
multidimensional poverty in Gauteng and reduce house-
holds' risk of chronic poverty.
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FIGURE 1 | Gauteng map showing the province's worst areas by poverty headcount. Source: Mushongera et al. (2018).

FIGURE 2 | Conceptual framework: Determinants of multidimensional poverty and social‐class status. Source: Schotte et al. (2018).

4 | Materials and Methods

This section describes the data set's source, sampling methods,
and the study's inferential techniques.

4.1 | Data

The study employed primary data from the GCRO QoL survey
obtained in 2020 and 2021 as a sample frame for the household
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heads. The Gauteng City‐Region Observatory (GCRO) (2023/
2021) is a publicly available data set derived from a household‐
based survey of randomly selected individuals (18+). All
respondents were interviewed at their dwellings. The study
permitted a random sample of 13,616 respondents from 529
wards in the Gauteng City Region (i.e., City of Ekurhuleni; City
of Johannesburg; City of Tshwane; Emfuleni; Lesedi; Merafong;
Midvaal and Mogale). All data from the QoL surveys is publicly
available under a CC BY‐SA 4.0 licence. The study is mostly
focused on providing an overview of what happened during the
pandemic by giving a deeper insight into the effect of the
COVID‐19 pandemic in Gauteng, South Africa. The data set is
appropriate to map existing socioeconomic challenges in
Gauteng, which were prevalent even before the COVID‐19
pandemic.

4.2 | Multidimensional Poverty Classification

A multidimensional poverty approach was adopted to classify
households, using various dimensions and indicators of poverty
to assess the extent of deprivation and associated poverty levels.
The approach adopted follows steps applied in constructing the
global Multidimensional Poverty Index (MPI) and the South
African Multidimensional Poverty Index (SAMPI). For more
details on calculating the MPI, see Alkire et al. (2015) and
the United Nations Development Programme (UNDP) (2019).
The dimensions, indicators, and weights used in this study are
shown in Table 1.

It is necessary to highlight that a complete MPI could not be
calculated due to data limitations. However, the available
dimensions and indications were used to calculate the depri-
vation score, then to classify households into three levels: not
poor, moderate poverty (vulnerable), and severe poverty
(chronically poor). According to Statistics South Africa (2022), a
household was classified as multidimensionally poor if the

deprivation score was equal to or above 33.3%. The poor
households were then classified as having moderate poverty if
their deprivation score was between 1/5 and 1/3 and severe
poverty if the deprivation score was 1/2 or greater (Oxford
Poverty and Human Development Initiative OPHI 2018).

4.2.1 | Empirical Model

A multinomial logit model was applied to evaluate the de-
terminants of poverty. This statistical approach emphasizes the
global and regional factors of poverty. The dependent variable Y
consists of more than two nominal categories that lack an ordinal
structure. One group is selected as the reference category for the
other groups (Liao 1994; Karakara and Dasmani 2019).

The statistical model of the study is thus:

Yi β β X β X β X β X β X ε= + 1 1 + 2 2 + 3 3 + 4 4 + 5 5 +0

(1)

where Yi is the Poverty status of households in the Gauteng City
Region; β0 is the intercept of the model; X1–X5 are coefficients
of explanatory variables; and ε is an i.i.d. error term.

4.2.2 | Mediation Analysis

After conducting the multinomial logit regression analysis, two
independent variables, namely, social grants and population group,
were statistically insignificantly different from zero. This necessi-
tated further analysis of these variables to understand their un-
derlying relationships with other variables (Rudolph et al. 2019).

There are various theoretical approaches to guide mediation
analysis. Baron and Kenny's approach is commonly used,

TABLE 1 | Dimensions, indicators, and weights used in the calculation of the poverty index.

Dimension MPI indicator Deprived if Weights

Health (1/3) Nutrition If household is food insecure 1/3

Child mortality If any child under the age of 5 has died in the past 12 months No data

Education () Years of schooling If no household member aged 15 or older has completed five years
of schooling

No data

School attendance If any school‐aged child (aged 7 to 15) is out of school No data

Living Standards
(1/3)

Fuel for cooking If household is using paraffin/wood/coal/dung/other/none 1/18

Fuel for lighting If household is using paraffin/candles/nothing/other 1/18

Fuel for heating If household is using paraffin/wood/coal/dung/other/none No data

Sanitation If not a flush toilet 1/18

Drinking water If no piped water in dwelling or on stand 1/18

Housing If an informal shack/traditional dwelling/caravan/tent/other 1/18

Assets If household does not own more than one of radio, television,
telephone or refrigerator and does not own a car

1/18

Economic activity
(1/3)

Unemployment If all adults (aged 15 to 64) in the household are unemployed 1/3

Source: Statistics South Africa (2022).
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but other approaches include targeted minimum loss‐based
estimation (TMLE) (see Baron and Kenny 1986; Rudolph
et al. 2019; Jung 2021). This study adopted the Baron and
Kenny approach, which involves setting two regressions (see
Rudolph et al. 2019). Several computations are done to give
direct effects (which do not occur through the mediator)
and indirect effects (which occur through the mediator)
(Rudolph et al. 2019; Goss‐Sampson 2020).

1. Outcome variable as the dependent variable:

Y β β X β X β X β X β X

β XM ε

= + 1 1 + 2 2 + 3 3 + 4 4 + 5 5

+ 6 +

0 (2)

2. Mediator as the dependent variable:

M β β X β X β X β X β X ε= + 1 1 + 2 2 + 3 3 + 4 4 + 5 5 +0

(3)

where the variables are defined as in model (1) above.

The dependent variable is the poverty status represented by the
MPI variable having four categories: nonpoor, vulnerable non-
poor, moderate (transient) poverty, and severe (chronic)
poverty. Two mediators, namely, social grants and population‐
group variables, were analyzed. Various independent variables
were included as covariates.

The JAMM package in R (version 4.4.0) and the Medmod
module in Jamovi computer software (Jamovi project 2022)
were used to assess the potential mediation effects. The
jammGLM' function from the JAMM package is designed to
fit generalized linear models and can handle complex medi-
ation analysis. This analysis computed bootstrap confidence
intervals using the bias‐corrected and accelerated (BCa)
method, which ensures robust and reliable interval estimates.
(Gallucci 2024). The maximum likelihood (ml) method was
applied for handling missing data.

5 | Results

This section presents the study's results: descriptive statistics,
diagnostic tests, and the multinomial logit regression model
findings.

5.1 | Descriptive Analysis

Table 2 shows the determinants of poverty as determined by the
Quality‐of‐Life Survey in the Gauteng City Region of South
Africa.

About 32% of households had matriculated, while 25% were
holders of a tertiary education. 43% had failed to progress
beyond the secondary level (grade 11).

Most respondents were in the 30–34 and 35–39 age categories,
each accounting for 13% of the sample, while the smallest
proportion (3%) was in the 18–19 age range.

Approximately 13% of households earned below R800, indicat-
ing extreme poverty, while 25% earned below R3200, which
reflects moderate poverty. Another 25% earned between R3201
and R12800, a range most common among the lower middle
class. Among these households, 30% worked full‐time, 11% part‐
time, and 33% were unemployed.

In terms of medical aid, 77% of households were not covered by
any form of medical insurance and relied on public health
facilities. Additionally, 36% of households (classified as indi-
gent) were enrolled with the municipality for rate rebates or
other subsidized services, such as electricity, refuse collection,
and water.

A significant percentage (18%) spent between R501 and R1000
on transport, while 10% did not incur any transport costs.
Furthermore, 77% of respondents reported spending about
10 min walking to access public transport. Approximately 24.2%
of households reported skipping a meal in the 12 days leading
up to the survey.

About 11% of households reported poor health, 2% described
their health as very poor, while 54% reported good health.

Regarding food support, around 13% of households received food
parcels from the government or other nongovernmental organi-
zations. Approximately 54% of households had an average size of
1–3 members, and 25% had 4–5 members. About 75.8% reported
skipping a meal in the 12 days before the interview.

Females headed half of the households, while the other half
were male‐headed. Additionally, 48% of respondents reported
receiving support grants from government or other non-
governmental organizations. Specifically, 48% of households
received national government support grants, such as old age,
child support, and disability.

Most respondents (80%) identified as black African, with whites
making up 13% of the population. Coloreds and Indians each
represented 3%, while other races accounted for 0.2%.

5.2 | Multidimensional Poverty Deprivation

About 51% of the households were not multidimensionally poor,
with about 49.5% in the nonpoor category, while 1.6% were in the
nonpoor but vulnerable category. The multidimensionally poor
was 46%, with 31% having moderate poverty and 15% having
severe poverty. The deprivation in the poverty indicators is
shown in Figure 3 In general, the least deprivations were
observed in living‐standard indicators, which were all below 20%.
The food security deprivation was 26%, and economic activity
(employment) deprivation was 31%.

5.3 | Diagnostic Test

The overall fit of the multinomial logit regression model entails
assessing how well the model explains the data. Several metrics
and tests can be applied. The likelihood ratio test for the
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multinomial logit regression model gave a chi‐square statistic of
5825, with 45 degrees of freedom and a p‐value of < 0.001. This
implies that the model with the predictors better fits the data
than the null model. McFadden's R² is 0.3873, the Cox and Snell
R² is 0.1976, and the Nagelkerke R² is 0.4558, which indicates a
good fit for a multinomial logit regression model.

5.4 | Multinomial Logit Regression Analysis

The study was conducted during the COVID‐19 era when many
urban households faced job losses, and various family structures
were impacted by illness and death. This had implications for
how these households could transcend multidimensional pov-
erty classes. Variables most likely to mirror the effects of
COVID‐19 are working time, income, and welfare support
programs.

The dependent variable had four categories based on poverty
levels: severe poverty (chronic poor), moderate poverty
(transient poor), vulnerable nonpoor, and the nonpoor. The
nonpoor category was the reference category. Several socio-
economic factors were considered, and the results are presented
in Table 3.

Based on Table 3 above, the significant variables influencing
severe poverty, moderate poverty, and vulnerable nonpoor
categories are interpreted in terms of their odds ratios
(likelihood) and statistical significance (p‐values). Thirteen out
of the fifteen independent variables were significant for the
severe poverty category. Ten variables were significant for the
moderate poverty category, and the vulnerable nonpoor cate-
gory had seven significant variables. Six independent variables,

TABLE 2 | Descriptive statistics.

Variable Frequency %

Education None 265 2

Primary 1261 9

Secondary
(Grade 11)

4288 32

Matric 4311 32

Tertiary 3388 25

Age 18–19 452 3

20–34 4628 34

35–49 4313 13

50–64 2749 20

65+ 1474 11

Income No income 161 1

R1–R800 1568 12

R801–R3200 3594 26

R3201–R12800 2703 20

R12801–R25600 839 6

R25601–51200 621 5

R51201+ 346 3

Working time Full‐time 4064 30

Part‐time 1552 11

Not working 4482 33

Medical aid Yes 3147 23

No 10,413 77

Indigency Yes 4873 36

No 8743 64

Transport
expenditure
(monthly)

R0 1360 10

R1–R50 870 6

R51–R100 1622 12

R101–R250 1678 12

R251–R500 1875 14

R501–R1000 2378 18

R1001–R2000 1774 13

R2001+ 866 6

Public
transport
proximity

0–10min 10,485 77

11–20min 2081 15

21–30min 536 4

31–40min 46 0.3

40min and
above

133 1

Health status Excellent 4525 33

Good 7409 54

Poor 1456 11

Very poor 226 2

(Continues)

TABLE 2 | (Continued)

Variable Frequency %

Food support Yes 1717 13

No 11,899 87

Household
size

1–3 members 7713 57

4–5 members 3851 28

6+ members 2052 15

Skipped
a meal

Yes 3296 24.2

No 10,320 75.8

Gender Male 6800 50

Female 6816 50

Grant
recipient

Yes 6547 48

No 7069 52

Population
group

Black African 10,933 80.3

Colored 378 2.8

Indian/Asian 210 1.5

White 2078 15.3

Other 17 0.1

Source: Authors.
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namely, working hours, medical aid, education, age, indigence,
and income, were significant for all three categories. Six addi-
tional significant variables for severe poverty were transport
expenditure, public transport proximity, health status, food
parcel, household size, and skipping a meal (number). For
moderate poverty, three additional variables were significant,
namely, gender, food parcel, and skipping a meal. One addi-
tional variable for the vulnerable nonpoor was significant:
transport proximity. Two variables, namely, population group
and social grant, were insignificant for any categories.

The analysis of the results begins with the significant variables
across all groups and then shifts to those specific to each
category.

5.4.1 | Significance Across All Categories

Education is highly significant across all groups at the 1% level.
The odds ratios are as follows: severe poverty has 0.659, mod-
erate poverty has 0.860, and the vulnerable nonpoor has 0.615.

 

FIGURE 3 | Deprivation in poverty indicators. Source: Authors.

TABLE 3 | Summary of the multinomial logit regression analysis.

Predictor

Chronic/Severe poverty Transient/Moderate poverty Vulnerable nonpoor

Odds ratio p Odds ratio p Odds ratio p

Intercept 858.618 0.001 *** 68.218 0.001 *** 32.989 0.002 ***

Education 0.659 0.001 *** 0.860 0.004 *** 0.615 0.001 ***

Age 0.943 0.014 ** 0.954 0.014 ** 0.845 0.001 ***

Income 0.537 0.001 *** 0.738 0.001 *** 0.741 0.017 **

Working time 0.029 0.001 *** 0.122 0.001 *** 0.737 0.068 *

Medical aid 0.295 0.001 *** 0.777 0.048 ** 0.069 0.009 ***

Indigency 0.470 0.001 *** 0.799 0.015 ** 0.165 0.001 ***

Transport expenditure 0.952 0.094 * 0.951 0.027 ** 0.976 0.671

Public transport
proximity

1.351 0.001 *** 1.052 0.421 1.405 0.001 ***

Health status 0.750 0.001 *** 0.950 0.451 0.799 0.162

Food support 1.375 0.026 ** 1.255 0.064 * 1.455 0.173

Household size 0.874 0.013 ** 0.960 0.360 0.846 0.194

Skipped a meal 1.271 0.001 *** 1.125 0.057 * 0.928 0.695

Gender 1.083 0.465 1.207 0.030 ** 0.869 0.532

Social grant 0.961 0.757 0.875 0.207 1.411 0.209

Population group 0.909 0.303 1.031 0.562 0.309 0.101

***, **, * denote 1%, 5%, and 10% significance levels, respectively.
Source: Authors.

7 of 14



This implies that higher education decreases the likelihood of
being in these groups. Specifically, for severe poverty, each unit
increase in education decreases the odds by 34.1%, for moderate
poverty by 14%, and for vulnerable nonpoor by 38.5%.

Age is important; older age is associated with a reduced likeli-
hood of being in these groups. For severe poverty, the odds ratio
is 0.943, meaning each additional year of age decreases the odds
by 5.7%. For moderate poverty, the odds ratio is 0.954, which
reduces the odds by 4.6%. The odds ratio for the vulnerable
nonpoor is 0.845, which reduces the odds by 15.5%.

Higher‐income significantly reduces the likelihood of being
poor or being vulnerable to poverty. For severe poverty, an odds
ratio of 0.537 means that each unit increase in income decreases
the odds by 46.3%. For moderate poverty (odds ratio 0.738),
a unit increase in income decreases the odds by 26.2%, and for
vulnerable nonpoor (odds ratio 0.741) decreases by 25.9%.

Working time is a critical determinant across all the categories.
Note that, based on the data, working time in this study is not a
scale variable, i.e., it does not represent the actual measurement
of time. It was computed as an ordinal variable, with people not
employed or working denoted by 0, then those working part‐
time 1, and full‐time 2, representing an increasing amount of
working time. The severe poverty category (odds ratio 0.029)
means an increase in working time (based on this ordinal var-
iable, not directly in terms of hours) drastically reduces the
likelihood of severe poverty by 97.1%. For the moderate poverty
category (odds ratio 0.122), it reduces the likelihood of moder-
ate poverty by 87.8%. For the vulnerable nonpoor category
(0.737), the vulnerability is reduced by 26.3% (however, this is
marginally significant). This means that providing work
opportunities, whether part‐time or full‐time, reduces the risk
of remaining in and being vulnerable to poverty.

Medical aid was also found to be a significant variable. Severe
poverty (odds ratio 0.295) implies that having medical aid reduces
the likelihood of severe poverty by 70.5%. Moderate poverty (odds
ratio 0.777) reduces the likelihood of moderate poverty by 22.3%.
For the vulnerable nonpoor (odds ratio 0.069), having medical aid
reduces the likelihood of vulnerability by 93.1%.

The Indigency variable had a significant effect on reducing
poverty. For the severe poverty category (odds ratio 0.470), being
categorized as indigent and getting the associated benefits
reduces the likelihood of severe poverty by 53%; for moderate
poverty (odds ratio 0.799), it decreases the likelihood of moderate
poverty by 20.1%; and for the vulnerable nonpoor (odds ratio
0.165), it reduces the likelihood of being vulnerable by 83.5%.

5.4.2 | Significance for the Individual Category

Six additional significant variables for severe poverty were
transport expenditure, public transport proximity, medical aid,
food support, household size, and skipping a meal. In terms of
transport expenditure (odds ratio 0.952), higher transport ex-
penditure slightly reduces the odds of severe poverty by 4.8%,
with marginal statistical significance. This does not mean an
increase in transport costs but expenditure, which could mean

more expenditure on transport, relates to travel for economic
opportunities. Proximity to public transport was highly signifi-
cant, with an odds ratio of 1.351, meaning living further away
from public transport increases the likelihood of severe poverty
by 35.1%. The public transport proximity variable was coded as
1 (0–10min), up to 5 (40min and above). So, a higher value or
an increase means an increased distance, i.e., further away and
not the opposite.

Health status (odds ratio 0.750) infers that better health status
reduces the likelihood of severe poverty by 25%. Receiving food
support (1.375) suggests increased odds of severe poverty by
37.5%. With household size (odds ratio 0.874), a larger house-
hold size slightly reduces the odds of severe poverty by 12.6%.
This should be understood because the average household size
in this study is 3.5, so larger households do not mean very big.
On the contrary, the number of skipped meals (odds ratio 1.271)
suggests that having more skipping a meal in the household
increases the likelihood of severe poverty by 27.1%.

For the moderate poverty category, three additional variables
were significant, namely, gender, food support, and skipping a
meal. Gender (odds ratio 1.207) suggests that having a male
household head increases the odds of moderate poverty by
20.7%. Transport expenditure (odds ratio 0.951) implies higher
transport expenditure, reducing moderate poverty odds by 4.9%.
Skipping a meal (odds ratio 1.125) implies that having house-
hold members skipping a meal slightly increases the odds of
moderate poverty by 12.5%, with marginal significance. This
effect was also observed for the severe poverty category.

For the vulnerable nonpoor, one additional variable was sig-
nificant. Proximity to public transport was highly significant,
with an odds ratio of 1.405, meaning living further away from
public transport increases the likelihood of being vulnerable to
poverty by 40.5%.

5.5 | Mediation Analysis Results

The results of mediation analysis include indirect, direct, and
total effects. The indirect effect measures the relationship
between the independent and dependent variables mediated by
the mediator. In contrast, the direct effect indicates the rela-
tionship between the independent variable and the dependent
variable that cannot be attributed to the mediator. Jung (2021)
cautions that a statistically significant association in the medi-
ation analysis does not always confirm the presence of media-
tion; hence, the interpretation of results should be made within
the logic of a theoretical basis. The following variables were
included as mediators: social grant and population group.
Table A1 (Appendix A) shows the mediation analysis with
social grants as the mediator.

6 | Discussion

This paper analyzed the factors influencing low‐income house-
holds to transcend multidimensional poverty in the Gauteng City
Region of South Africa. We consider various poverty‐related
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factors from the GCRO quality of life survey and link them to
other relevant studies. The discussion of the results follows the
presentation in the previous section, which starts with the mul-
tinomial logistic regression findings discussed with the common
significant variables across all poverty status categories and then
moves to the ones for each category.

This is followed by the mediation analysis for the two
insignificant variables, population group and social grants.

Education was found to influence poverty significantly. Higher
levels of education reduce the likelihood of being in any of the
poverty groups, with their associated vulnerability. The study's
results align with those of Ngepah et al. (2023), who identified a
notable inverse correlation between education and susceptibil-
ity to poverty, particularly for individuals whose prospective
consumption falls below the poverty line. Due to a shift to
online classes, COVID‐19 had little effect on the education
variable, except for some exceptional cases of access to internet
and electronic gadgets in rural areas (Menon and Motala 2022).
The study recommends that decision‐makers leverage educa-
tion to mitigate the risk of poverty by improving its standards,
thereby enabling students to participate effectively in the
international job market.

Age is also a major factor in transcending poverty; Older age
significantly reduces the likelihood of being in poverty
groups and associated vulnerability. In old age, people may
reduce working hours, retire due to health issues, or earn
lower wages if they continue working, leading to a higher risk
of poverty (Bambeni 2024). Many older persons in countries
without strong social‐protection systems are vulnerable to
economic insecurity and poverty, due to inadequate savings
and limited options for support (Romig 2024). South Africa's
case is different, due to the availability of the old age support
grant. Substantial evidence exists of cash transfers reducing
poverty and vulnerability among older people in Latin
America and sub‐Saharan Africa (Adisa et al. 2019). For poor
households in Gauteng, age‐related vulnerabilities further
amplified existing inequalities, affecting how individuals
navigated the pandemic and their ability to transcend pov-
erty. Older adults faced higher risks of severe illness and
death from COVID‐19 (Shifa et al. 2022).

Higher income significantly reduces the likelihood of being
poor or vulnerable to poverty. The relationship between high
income and poverty is complex and multifaceted, often varying
depending on a particular society's context, economic policies,
and social structures. The impact of wealth and income access
to resources highlights the significance of higher income in
alleviating poverty (Salamova et al. 2023). High‐income in-
dividuals typically have better access to education, healthcare,
housing, and other resources to help them escape poverty.
Conversely, low‐income people may face barriers to accessing
these resources, perpetuating a cycle of poverty (McMaughan
et al. 2020).

Working time (hours spent working) is very important in
reducing multidimensional poverty and poverty‐class transfor-
mation. This is very important, especially considering that one
of the dimensions of the MPI is economic activity, with

employment as the indicator. The significance of working time
confirms that the need to create and provide more work
opportunities – part‐time or full‐time – reduces the risk of
remaining in and being vulnerable to poverty. While having
full‐time jobs is the desired option, it is important to highlight
having part‐time work can also reduce poverty; however, with
little allowance for a household to transcend poverty (Gebel and
Gundert 2023). In the COVID‐19‐era, and the present day,
low‐income households and informal traders saw reduced
working hours but also developed enhanced business skills, and
digital businesses increased their use of digital platforms and
created online work platforms. However, the challenge was that
most poor households didn't have access to internet services
due to a lack of income (Raniga and Ringson 2022). This called
for localized, low‐cost internet solutions, such as community‐
owned networks, digital literacy training, and access to afford-
able, subsidized digital devices.

Medical aid was also found to be a significant variable. Having
medical aid reduces the likelihood of being in any of the poverty
categories. Overall, medical aid significantly decreases their
likelihood of remaining in poverty and reduces the risk of
falling into poverty, as it plays a critical role in maintaining
financial stability. Only 25% of the respondents were covered by
any medical aid during the COVID‐19 era. This result supports
Jamison (2018) argument that sickness leads to lost productiv-
ity; thus, investing in health by increasing people's access to
health insurance saves lives and empowers them to transcend
poverty classes. Policy interventions aimed at providing medical
coverage for low‐income earners and the vulnerable nonpoor
will help combat poverty. When considering such policies,
governments can consider the relative benefits of providing
medical insurance versus the costs of providing poverty aid. Of
course, such calculations cannot be taken in isolation from the
substantial social, political and environmental costs of poverty.

Indigency is crucial in reducing poverty. Being indigent and
getting the associated benefits reduces the likelihood of pov-
erty. Poor households are likely to register as indigent in their
respective municipalities. The findings from the study confirm
Pillay (2021) assertion that indigence policies help meet the
needs of poor households, even if such interventions represent
a marginal percentage of poverty‐class change. In general,
indigency status significantly reduces the risk of poverty,
probably due to additional support and resources allocated to
indigent individuals. While efforts were made to provide in-
digency support during COVID‐19 in Gauteng, several chal-
lenges, such as inadequate coverage and resource constraints,
made it difficult for poor households to transcend poverty
classes. (Mushayanyama et al. 2023).

Transcending to the nonpoor tier requires, apart from food
distress relief, improvements in the monitoring and evaluation
of government poverty‐alleviation programs, targeted policy
interventions for marginalized households and employment
initiatives. Currently, social safety nets are unevenly distributed
across the province, with only 100,000 indigent households
benefitting from ESP (free essential services) in the City of
Johannesburg and 3000 in Tshwane, which is still a minimal
number considering the levels of poverty in the province.
Mazenda et al. 2021).
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Transport expenditure and proximity to public transport were
found to influence poverty significantly. The findings indicate
that higher transport expenditure slightly reduces the likelihood
of severe poverty. Poor people spend more on transport,
which means they can travel and open up economic oppor-
tunities. Living further from public transport increases
poverty risk. South Africa's expensive and inefficient public‐
transport system exacerbates the problem for low‐income
workers (Kgwedi 2022). The relationship between transport
expenditure and poverty is attributable to affordability,
mobility, and accessibility (Litman 2021). A household is
vulnerable if it cannot afford transportation options, either
public or private (Litman 2021), which limits its ability to
reach critical social or economic activities in a reasonable
time, with ease and affordable cost (Alonso‐Epelde et al.
2023). COVID‐19 intensified socioeconomic inequalities in
Gauteng, worsening transport access for low‐income re-
sidents and deepening poverty. It prompted public transport
traveling at half capacity that's stretched the resilience and
adaptive capacity of South Africa's transport systems, high-
lighting the need for more robust disaster management
policies and planning (Chakwizira 2022).

Poor households mostly do not have stable income sources;
they rely on public transport and are often involved in
menial jobs. As such, any economic shock resulting in rising
transport expenditure will result in chronic poverty.
(Chakwizira 2022). Public transport is not just a matter of
convenience, but a lifeline for many living in poverty, and its
disruption during COVID‐19 had long‐lasting consequences.
Addressing these challenges requires a renewed focus on
making public transport more accessible, affordable, and
inclusive, particularly for marginalized and vulnerable pop-
ulations (Luke and Heyns 2019).

Beaulieu (2007) notes that, in addition to socioeconomic factors,
access to food also depends on local conditions, such as public
transportation, proximity to retail grocery stores, and the price
of food. The poor are less likely to spend on transport, thus
limiting their access to food. The cost assumed by households
provides clues on the affordability of public transport costs for
households and how those costs are distributed between
socioeconomic levels and users (Knipe and Krygsman 2024).
According to Gandelman et al. (2019), high general transpor-
tation costs make it harder for poor and middle‐class house-
holds to access services and opportunities that enable them to
make a living and improve their quality of life.

When we combine these two insights regarding the propor-
tional allocation of available funds to public transportation and
food, we suggest that the small probabilities of shifts between
the classes can be explained. While we do not have statistical
breakdowns of which Gauteng families constitute which cate-
gories of poverty (i.e., chronic, transient, or vulnerable poor),
we surmise that the chronic and transient poor would use up a
higher proportion of their available funds on public transport,
thus diminishing access to food. Transport expenditure, in other
words, is not enough to shift poverty classes. However, now that
access is less problematic for Gauteng families, the focus of
policy interventions can shift to other important factors de-
termining poverty.

Better health status was found to reduce the odds of severe
poverty. Better health means lower rates of chronic diseases,
improved access to healthcare, enhanced immune systems, and
the ability to endure physical and mental stress (Schotte and
Zizzamia 2023). Better health helps reduce the risk of severe
poverty and facilitates upward movement across poverty clas-
ses. (Petersen et al. 2022). Good health minimizes financial
burdens during crises like COVID‐19, supporting employment
and education. Healthier individuals are more resilient to eco-
nomic shocks, reducing poverty vulnerability. Improved health
services and mental resilience enable communities to cope
better, helping mitigate the pandemic's effects and decreasing
the risk of extreme poverty for many. (Petersen et al. 2022).

Receiving food support was found to increase the odds of
severe poverty. It is important to acknowledge that food sup-
port is prevalent mainly among very poor and low‐income
households. While food support provides critical assistance in
times of crisis, it does little to shift poverty classes in any
systemic fashion, due to its sporadic nature. From a food group
perspective, the Gauteng weekly food parcel relies heavily on
starch‐rich staple foods (maize meal and rice). The food parcel
could provide the reference family with enough protein‐source
foods and oil for approximately 2 weeks. However, the food
parcel lacks dietary diversity in dairy, eggs, fruit and vege-
tables (Vermeulen et al. 2020).

The food assistance provided during the pandemic in Gauteng
alleviated some of the impacts of COVID‐19, but it also high-
lighted the shortcomings of temporary relief efforts in enabling
movement among poverty classes. To address the changing
dynamics of poverty, it is essential to implement long‐term food
security initiatives, such as community kitchens and sustain-
able food distribution networks, within broader poverty
reduction strategies (Schotte and Zizzamia 2023).

Household size was found to reduce the odds of severe poverty
slightly. Most empirical literature suggests that household size
negatively affects poverty. Lekobane and Seleka (2017) argue
that an increase in household size will increase the likelihood of
poverty in the middle class, since more resources are required to
meet the needs of household members. Arif and Bilqees (2006)
found that larger households are more likely to stay in poverty if
the number of household members increases. Consequently,
Adepoju (2020) argues that, as household members increase,
there is a higher probability that households will experience
chronic poverty increases. Our findings do not fit neatly with
these literature insights. We surmise there may be a certain
‘tipping point’ for household size, where the poverty‐class
movement becomes more significant.

Related to household size is skipping a meal, the findings in
this study indicate that skipping a meal in the household
increased the odds of both severe and moderate poverty. Meal
skipping is often linked to food insecurity, economic strain,
and poor dietary outcomes. The relationship between meal
skipping, household size, and poverty can highlight broader
socioeconomic vulnerabilities. To transcend poverty, we must
address these challenges, ensuring access to balanced diets and
strengthening community support for vulnerable households.
Vermeulen et al. (2020).
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Gender findings show that male‐headed households had
increased odds of moderate poverty. Gender norms and dis-
crimination can perpetuate inequalities and contribute to
higher levels of poverty among women (Wei et al. 2021). Wo-
men's empowerment greatly influences health, nutrition, edu-
cation, and the overall well‐being of societies, children, and
households (Gu and Nie 2021; Wei et al. 2021). Targeted poverty
alleviation programs have not always reached the expected re-
cipients due to exclusion, among others, on patrician, gender,
and origin, with most deprived households in Gauteng having
emigrated from other countries and South African provinces.
(Omotoso et al. 2022). The COVID‐19 pandemic has intensified
the challenges related to gender in managing households, car-
ing for children, and mobility, especially in informal settle-
ments (Howe 2022). To foster more equitable and resilient
urban environments in the post‐pandemic era, planning polic-
ies must tackle these concerns, particularly in light of the
continued significance of migration and its effects on
government‐funded services and programs in Gauteng.

The social grants and population group variables were found to
be insignificant for all poverty categories. A medication analysis
was done to capture the intricate relationships between various
socioeconomic factors and poverty status, mediated by social
grants and population group.

All variables included in the study exhibited significant but
small indirect effects through social grants. Specifically, factors
such as household size, indigency, and age showed small pos-
itive indirect effects on poverty, indicating that increases in
these variables slightly contribute to higher poverty levels due
to the influence of social grants.

Social grants are designed to provide a safety net for vulnerable
populations, but their effectiveness can vary based on demo-
graphic circumstances. Larger households tend to experience
higher levels of poverty, as increased dependency ratios can
outweigh the benefits provided by social grants (Macket 2020).
Additionally, indigent households are more likely to qualify for
social grants; however, the relationship between indigency and
poverty is complex. Patel et al. (2023) suggest that while social
grants may alleviate some financial burdens, they can also
create a reliance on these funds. Consequently, social grants can
have a small positive indirect effect on poverty, particularly
when the grants do not adequately cover living expenses
(Winchester et al. 2020). Age also plays a role in how effectively
social grants combat poverty. According to Bila and Biyase
(2022), younger households with children may face heightened
poverty levels as they navigate economic challenges, even while
receiving social assistance. Conversely, factors such as medical
aid and transportation expenses have negative indirect effects,
indicating reduced poverty through social grants. According to
Macket (2020), while social grants aim to alleviate poverty, their
effectiveness can be undermined by high medical aid and
transport costs. These expenses can lead to the misallocation of
resources, challenges in accessibility, and the perpetuation of
inequalities. Addressing these issues could enhance the overall
impact of social grants on poverty reduction.

The population‐group mediator also showed significant but
small indirect effects. Variables like transport expenditure and

education had small negative indirect effects on poverty, sug-
gesting these factors reduce poverty when mediated by popu-
lation group. Transport expenditure in South Africa is critical in
poverty alleviation by facilitating access to employment and
services. However, the distribution of transport infrastructure
remains unequal, with many poorer, predominantly Black, and
rural communities still facing limited access to affordable,
reliable public transport (Schotte et al. 2022). The spatial legacy
of apartheid, which concentrated Black populations in peri‐
urban and informal settlements far from economic hubs, means
that transport remains an unequal resource, constraining the
mobility of disadvantaged groups (Strauss 2019). Thus, while
investments in transport could reduce poverty, their impact is
muted unless they directly address these racial and geographic
disparities.

Similarly, education is a key determinant in breaking the pov-
erty cycle, but in South Africa, the racialized nature of educa-
tion systems persists. Despite access improvements, Black South
Africans still face significant barriers to quality education,
including overcrowded schools, inadequate facilities, and lower
educational outcomes compared to their white counterparts
(Plagerson 2021). This unequal access to education means that
its poverty‐reducing potential is more limited when mediated by
race, as marginalized groups often receive lower returns on
educational investment. According to Nwosu and Oyenubi
(2021), the interplay of race, poverty, and COVID‐19 in Gauteng
revealed how ongoing historical injustices and deep‐rooted
inequalities still impact the health, well‐being, and economic
security of marginalized communities, especially Black South
Africans. Reforms should aim to enhance healthcare accessi-
bility, alleviate poverty, tackle overcrowded housing, and en-
sure sufficient social support for individuals most at risk from
systemic threats such as pandemics.

6.1 | Limitations of the Study

The study was conducted during the COVID‐19 era when many
urban households faced job losses, and various family structures
were impacted by illness and death. This had implications on
how these households could transcend multidimensional pov-
erty classes. It is important to emphasize that similar socio-
economic challenges existed before COVID‐19 due to various
factors, including corruption, mismanagement of resources, and
inadequate service delivery. Post‐COVID‐19, the socioeconomic
challenges still prevail, with loss of unemployment due to load‐
shedding and other global economic shocks impacting price
levels and general living costs.

7 | Conclusions

The study aimed to identify the main factors impacting the
transition of multidimensionally poor and vulnerable house-
holds into the multidimensionally nonpoor category in the
Gauteng City Region.

The study findings show little difference between poverty classes,
with few marginal effects. This implies that any economic shock
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can move this class towards chronic poverty and make it a
burden on the government and local authorities.

Low‐income households in Gauteng are vulnerable, as reflected
by key food‐distress indicators, such as skipping meals, em-
ployment challenges, working time skewed towards part‐time
work, a lack of medical aid coverage, transport expenditures,
and reliance on food parcels.

In addition to numerous initiatives to end poverty, most vul-
nerable nonpoor households have descended into moderate
poverty. Other rising living costs are economic shocks such as
high energy and fuel costs. This means salaries have been
eroded due to inflationary pressures or retrenchment. This
means a need for other targeting initiatives, such as direct cash
transfers, transfers in kind, targeted subsidies, public works,
and social funds.

These findings suggest that to help households transition
from multidimensional poverty and reduce their vulnera-
bility, the Gauteng City Region needs to promote further and
strengthen the education system, create income and em-
ployment opportunities, enhance healthcare access, and
build sustainable social‐support systems that create real
empowerment opportunities instead of dependency. Trans-
port is critical in tackling poverty. Efforts should be directed
at improving public transport systems so that they are
affordable, easily accessible, and closer to where people live.
With high unemployment rates affecting many poor house-
holds, programs such as housing, indigence, social grants,
and public works could be enhanced by improved monitor-
ing and evaluation systems. The monitoring and evaluation
system requires, among others, proper institutionalization,
political leadership, specialized human resources, and gov-
ernmental coordination to ensure the quality of outcomes
and foster improvements in public policies. Gauteng pro-
vincial government poverty‐alleviation projects will reap
maximum benefits by consistently tracking progress against
defined objectives and implementing corrective actions
when needed.

The nuanced focus on factors affecting socioeconomic class
movement may help policy interventions yield tremendous
success if policymakers are keen to tackle multidimensional
poverty. It also indicates there is merit for scholars in pursuing
socio‐class movement on a case‐by‐case basis.
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