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Abstract
Predation is an important ecological process that can significantly impact the main-
tenance of ecosystem services. In arctic environments, the relative ecological impor-
tance of predation is thought to be increasing due to climate change, partly because 
of increased productivity with rising temperatures. Therefore, understanding preda-
tor–prey interactions in arctic ecosystems is vital for the sustainable management of 
these northern regions. Network theory provides a framework for quantifying the 
structures of ecological interactions. In this study, we use dietary observations on 
mammalian and avian predators in a high arctic region, including isolated peninsulas 
on Ellesmere Island and north Greenland, to construct bipartite trophic networks. 
We quantify the complexity, specialization, and nested as well as modular structures 
of these networks and also determine if these properties varied among the peninsu-
las. Mammal prey remains were the dominant diet item for all predators, but there 
was spatial variation in diet composition among peninsulas. The predator–prey net-
works were less complex, had more specialized interactions, and were more nested 
and more modular than random expectations. However, the networks displayed only 
moderate levels of modularity. Predator species had less specialized interactions with 
prey than prey had with predators. All network properties differed among the pen-
insulas, which highlights that ecosystems often show complex responses to environ-
mental characteristics. We suggest that gaining knowledge about spatial variation in 
the characteristics of predator–prey interactions can enhance our ability to manage 
ecosystems exposed to environmental perturbations, particularly in high arctic envi-
ronments subject to rapid environmental change.
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1  |  INTRODUC TION

Predation is an important ecological process that influences many 
ecosystem functions (Miller et al., 2001; Ritchie & Johnson, 2009; 
Terborgh et  al.,  1999). Predation can influence ecosystem proper-
ties both directly by prey being killed and indirectly by altering prey 
behavior, morphology, and physiology through responses to preda-
tion risk (Creel & Christianson, 2008; Estes et al., 2011; Lima, 1998; 
Taylor, 1984). The combined direct and indirect effects of predators 
on prey species can have cascading effects on ecosystems (Ray 
et al., 2005; Schmitz & Suttle, 2001) and profoundly alter the en-
vironments in which predator–prey interactions take place (Ripple 
et al., 2014).

Predation has an important role in regulating terrestrial arctic 
ecosystems (Ims et  al.,  2013). The relative importance of preda-
tion as a regulatory force in arctic ecosystems is also expected to 
increase with a warmer climate due to enhanced primary produc-
tivity (Legagneux et  al., 2014). Arctic regions are characterized by 
a harsh environment with relatively simple ecosystems, whose 
simplicity is primarily caused by low productivity (Ims et al., 2013; 
Juhasz et al., 2020). However, cold regions such as the Arctic are ex-
periencing a more rapid increase in temperature than other regions 
(Comiso & Hall, 2014; Hamilton et al., 2015; Kausrud et al., 2008; 
Serreze & Barry,  2011). Consequently, climate change is likely to 
have significant impacts on the dynamics and structure of arctic 
ecosystems by altering the characteristics of predation processes 
(Elmhagen et  al.,  2015; Hamilton et  al.,  2017; Nolet et  al.,  2013; 
Stirling & Derocher,  2012; Zimova et  al.,  2016). Knowledge about 
the structure of predator–prey interactions in arctic ecosystems is 
therefore crucial for our ability to conserve arctic biodiversity in the 
face of ongoing and future climate change (Schmidt et al., 2017; Van 
der Putten et al., 2004; Woodward et al., 2010).

One prominent characteristic of terrestrial northern eco-
systems is strong temporal fluctuations in the population sizes 
of many potential prey species, for example, microtone rodents 
(Arvicolinae, Krebs et al., 2002) and snowshoe hares (Lepus ameri-
canus, Krebs et al., 2001), as well as large ungulates such as reindeer 
(Rangifer tarandus) and muskoxen (Ovibus moschatus, Forchhammer 
et  al.,  2002). However, such temporal dynamics may not always 
be synchronized across regional (Angerbjörn et  al.,  2001) or local 
scales (Gruyer et  al.,  2008; Vigués et  al.,  2022). Such asynchrony 
can influence both population characteristics (Engen et  al.,  2002; 
Gaillard et al., 2000; Heino et al., 1997) and community dynamics 
(Boutin, 1995) and cause spatial variation in predator–prey interac-
tions (e.g., Dalerum et al., 2018).

Ecological interactions can be depicted as networks, a type of 
mathematical graph in which the interacting organisms are rep-
resented as nodes, or vertices, and their interactions as links, or 
edges (Dale, 2017; Proulx et  al.,  2005). The structures of ecologi-
cal interactions identified from such networks can reveal important 
information about ecosystem properties and can be analyzed quan-
titatively (Delmas et  al.,  2019; Dale & Fortin,  2021). For instance, 
both the complexity as well as the structures of networks depicting 

ecological interactions have been linked to ecological resilience, al-
though for different reasons (Thébault & Fontaine, 2010). For pred-
ator–prey interactions, networks are usually depicted using nodes 
at two distinct levels reflecting predators and prey, so-called bipar-
tite networks (Miranda et al., 2013). Since analysis of these types of 
bipartite networks typically focuses on identifying and quantifying 
the structures of ecological interactions, it differs from food web 
approaches, which usually depict nodes at only one level with rela-
tively fixed structures of links among them. Studies using this latter 
approach typically focus on quantifying relative link strengths as a 
measure of energy or nutrient transfer (Lindeman, 1942).

In this study, we use bipartite networks to quantify the proper-
ties of trophic interactions between mammalian and avian predators 
and their prey in land areas surrounding the Nares Strait. This region 
includes geographically separated peninsulas on Ellesmere Island, 
Canada, and north Greenland. It represents one of the northernmost 
terrestrial regions on Earth. Many different metrics exist to quantify 
the properties of bipartite networks (Dale & Fortin, 2021). We have 
chosen to focus on network complexity, the level of specialization 
in ecological interactions, the level of nestedness in the interaction 
structures, and the level of modularity in the interaction structures. 
We selected these metrics not only due to their ecological relevance 
but also because they are complementary in describing the proper-
ties of the predator–prey interactions we aim to describe (Dalerum 
et al., 2016; Delmas et al., 2019). Complexity, nestedness, and mod-
ularity were only quantified at the full network level, whereas in-
teraction specialization was quantified at all three levels, that is, at 
the network-, trophic (i.e. separately for predators and prey) and 
node levels. Network complexity describes realized network size in 
relation to some theoretical maximal size (Dunne et al., 2002), and 
interaction specialization, in the implementation we have used, de-
scribes the relative selectivity among the predators in what prey 
they feed on and the uniqueness of prey in terms of what predators 
feed on them (Blüthgen et al., 2006). Nestedness and modularity are 
two interaction structures that are ecologically relevant (Thébault & 
Fontaine, 2010). In a nested structure, prey used by specialist pred-
ators are subsets of prey used by more generalist predators (Ulrich 
et al., 2009). In a modular, or compartmentalized, interaction struc-
ture, predators and prey are instead divided into sub-communities, 
where there are more frequent and stronger interactions within 
each sub-community than between them (May, 1973).

This high arctic region harbors few species and has low pro-
ductivity (Ims et al., 2013). Low species diversity tends to result in 
networks of limited complexity (Page, 2010), and low productivity 
tends to favor generalist predation strategies (Poisot et  al.,  2011). 
Despite the tendency for antagonistic interactions to form modular 
interaction structures (Bascompte et al., 2003), a high proportion of 
generalist predators are more likely to cause nested structures of 
predator–prey interactions. Furthermore, predators are under strong 
selection pressure to optimize predation strategies, whereas prey 
are under strong selection pressures to avoid predation, irrespective 
of the predator (Abrams, 2000). Therefore, it can be expected that 
predators are more specific in their use of prey than prey are in the 
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predators that are preying on them. Finally, terrestrial areas in this 
high arctic region are spatially fragmented, and we have previously 
noted that this spatial fragmentation may have led to asynchro-
nous population dynamics among potential prey species (Dalerum 
et al., 2017), and subsequent spatial variation in predator–prey inter-
actions (Dalerum et al., 2018). We therefore evaluate the following 
specific hypotheses: (i) limited predator and prey diversity will result 
in predator–prey networks with low complexity; (ii) the observed 
predator–prey networks will reflect low interaction specialization; 
(iii) however, predators will exhibit a higher level of specialization in 
their interaction with prey than prey in their interactions with preda-
tors; (iv) a high proportion of generalist predators will instead gener-
ate nested interaction structures; and (v) asynchronous population 
dynamics among prey on the different peninsulas will generate dif-
ferences in the network properties among peninsulas.

2  |  MATERIAL S AND METHODS

2.1  |  Study area

Our study is based on samples collected on Judge Daly Promontory 
on Ellesmere Island, high arctic Canada, and on a series of peninsulas 
in north Greenland (Figure 1): Washington Land, Hall Land, Nyeboe 
Land, Warming Land, and Wulff Land. Samples were also collected 
at Henrik's Ø, a small island between Nyeboe Land and Warming 
Land. The peninsulas are geographically separated from each other, 
which causes the terrestrial ecosystem in this region to be frag-
mented, although they are potentially connected during winter 
through pack- and fjord ice. These land areas emerged about 9500–
8000 years ago and are separated by ice shelves, deep fjords, and 
glaciers (Dick, 2001). Hall Land emerged due to a postglacial rebound 
(England,  1985), while both Judge Daly promontory and the other 
areas in Greenland emerged from the deglaciation of the Greenland 
ice sheet. However, they all contain similar topography, fauna, and 
flora. The climate is harsh, with a short growing season. The average 
summer temperature is −1.5°C and the average winter temperature 
−32°C (Przybylak, 2003). The landscape is dominated by mountains 
intersected by undulating valleys. Vegetation is sparse, with a mean 
cover of 10%, and characterized by low-growth willow (Salix arctica), 
various Carex species, and grasses (Dalerum et al., 2017).

On all peninsulas, the terrestrial mammal communities consist of 
caribou (Rangifer tarandus, most likely only occurring on Ellesmere 
Island and Washington Land), muskox (Ovibos moschatus), Arctic hare 
(Lepus arcticus), northern collared lemming (Dicrostonyx groenlandicus, 
hereafter referred to as “lemming”), wolf (Canis lupus), Arctic fox (Vulpes 
lagopus), and stoat (Mustela erminea). The bird communities include the 
resident rock ptarmigan (Lagopus muta) and common raven (Corvus 
corax), the nomadic snowy owl (Bubo scandiacus), as well as a series of 
seasonal migrants: snow goose (Chen caerulescens), brent goose (Branta 
bernicla), king eider (Somateria spectabilis), red-throated diver (Gavia 
stellata), glaucous gull (Larus hyperboreus), parasitic skua (Stercorarius 
parasiticus), long-tailed skua (S. longicaudus), Arctic tern (Sterna paradi-
saea), turnstone (Arenaria interpres), dunlin (Calidris alpina), sanderling 
(Calidris alba), snow bunting (Plectrophenax nivalis), lapland longspur 
(Calcarius lapponicus), northern wheatear (Oenanthe oenanthe), and 
gyrfalcon (Falco rusticolus) (Dalerum et al., 2017; Rodewald, 2023).

2.2  |  Sample collection

During two icebreaker-based expeditions, one in 2015 (conducted 
July–September) and one in 2019 (conducted August–September), 
we collected feces and regurgitated pellets from all present mam-
malian and most avian predators occurring in the region: wolf, Arctic 
fox, stoat, snowy owl, and skuas (Stercorarius sp.). Of the avian pred-
ators, we did not have samples from gyrfalcons, common ravens or 
glaucus gulls, even if these species may prey on small vertebrates 
such as small rodents. However, neither ravens nor gulls primarily 
function as predators, and gyrfalcons occur at extremely low densi-
ties in these northern areas. Hence, we do not regard their omis-
sion as substantially influencing the quantification of predator–prey 
interactions in this region. Three peninsulas were visited in 2015 
(Judge Daly Promontory, Washington Land, and Hall Land) and five 
in 2019 (Washington Land, Hall Land, Nyeboe Land, Warming Land, 
and Wulff Land). We also visited Henrik's Ø in 2019. Samples were 
collected by walking the landscape on foot and targeting structures 
that could be used as dens or nests to maximize our chances of en-
countering samples. Subsequently, most wolf and Arctic fox feces 
were collected at dens and carcass sites, and most of the pellets 
from avian predators were collected from nest sites and conspicuous 
outcrops. Stoat feces were partly identified inside lemming winter 

F I G U R E  1 Location of the study sites 
in high arctic Canada and Greenland 
visited during expeditions 2015 and 2019. 
Data from Judge Daly Promontory came 
from the expedition 2015, data from 
Washington Land and Hall Land came 
from both expeditions, and data from 
Nyeboe Land, Warming Land, Henrik 
Ø, and Wulff Land only came from the 
expedition 2019.
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nests (Duchesne et al., 2011). For all species, some of the samples 
could have come from the same individuals. The total search area 
varied on the different peninsulas, but thanks to helicopter trans-
port we could cover widely distributed areas even within single pen-
insulas. We collected all encountered feces and pellets of vertebrate 
predators, irrespective of how old they appeared to be. Since feces 
and pellets last for several years in these northern environments, 
we have no reason to believe that the timing of sample collection 
on the different peninsulas would have biased our results. Instead, 
we argue that our results represent an average over several demo-
graphic phases of predator and prey populations.

2.3  |  Diet quantification

Collected feces and regurgitated pellets were broken apart, washed in 
water over a 0.5-mm mesh, and dried at 60°C for at least 24 h before 
further examination. The prey remains in each sample were grouped 
into distinct fractions which only contained a single prey category 
each. These were then assigned to one of the following categories: 
muskox, Arctic fox, Arctic hare, collared lemming, unknown mam-
mal, Anseriformes, Galliformes, Charadriiformes, Passeriformes, un-
known bird, plants, arthropods, and miscellaneous. Each fraction was 
identified using bones, hairs, teeth, and feathers (Errington, 1930), ei-
ther macroscopically or under a microscope, with the aid of reference 
collections (Dalerum et al., 2018) and available guides (Brom, 1986; 
Miller & Broughton, 2016; Teerink, 2003). Most mammalian prey re-
mains were identified to the species level (99.99%), while only 52% of 
avian prey remains were identified to the order level. Plant remains 
were categorized at the kingdom level, and arthropods were grouped 
as Arthropoda. Miscellaneous items such as stones, eggshells, and 
soil were grouped together as a miscellaneous category. Any mammal 
or avian prey that could not be reliably identified was put into the 
“unknown mammal” and “unknown bird” categories.

Due to the often-heavy sample fragmentation, the diet was ana-
lyzed in sample units representing the approximate size of a full fecal 
or pellet unit from each target predator. For each sample, the relative 
volume of each fraction was visually estimated to the nearest 1% of 
the total volume of the sample. The relative occurrences of each prey 
category were subsequently converted into frequencies of whole 
sample equivalents by taking the integer value of the sum of all vol-
ume percentages divided by 100 (Elmhagen et al., 2000). This method 
provides a diet quantification that maintains the analytical properties 
of frequencies, that is, integer counts of individual observations, but 
retains relative abundance variations within samples containing more 
than one prey item. It will therefore enable quantitative diet assess-
ments from highly fragmented samples, which otherwise are difficult.

2.4  |  Data analysis

We used generalized linear models with a Poisson error structure 
and log link to evaluate if diet composition differed among the 

sample sites. We regard the Poisson error structure as appropriate 
considering that our data had the properties of frequencies, that is, 
counts of individual observations of each prey category. We ran one 
model for each predator species. We fitted fully saturated models 
including diet category, site, and their two-way interaction as predic-
tor terms. Each model used the frequency of whole scat equivalents 
in each diet category as the response. Evaluating the interaction 
terms in these types of models is equivalent to a chi-square test of 
independence and provides a powerful framework for analyzing fre-
quency data (Sokal & Rohlf, 1995). For these analyses, all birds were 
pooled into one dietary category due to the limited sample size of 
each specific taxonomic group of birds.

We quantified the structure of predator–prey interactions from 
quantitative bipartite networks (Miranda et al., 2013). The networks 
were based on matrices consisting of predators as columns, prey cat-
egories as rows, and the percentage diet contribution as cell values. 
For these matrices, we only included four prey categories: muskox, 
hare, lemmings, and birds. We constructed seven matrices, one con-
taining pooled data from all sites and one for each specific site ex-
cept for Henrik's Ø, which did not have sufficient samples.

We used weighted connectance as an index of network complex-
ity. This index evaluates the number of observed links in the whole 
network relative to the total number of theoretically possible links. 
In its weighted form, it is quantified as the linkage density, that is, the 
total number of trophic links per species divided by the number of 
species in the network (Beckerman et al., 2006; Bersier et al., 2002; 
Dunne et al., 2002). Hence, it is not dependent on network size.

We quantified how specialized the interactions were in the tro-
phic networks at three levels: for the full network, for each trophic 
level, and for each species. In addition, we quantified the asymme-
try in specialization between the two trophic levels. The interaction 
specialization of prey is, in this context, referring to how “special-
ized” a prey species is in terms of the predators that prey on it. 
Hence, it is not a measure of niche utilization, as it is for the pred-
ators, but it still provides a useful measurement of the patterns of 
predation that the different prey experience. We used the H2 index 
initially proposed by Blüthgen et al. (2006) to quantify the specializa-
tion of the full network, and its species-level equivalent, d, to quan-
tify the level of specialization for each predator and prey species 
in our networks. The H2 index quantifies the extent to which the 
observed interactions deviate from those that would be expected 
given the species' marginal totals of the interaction matrix, that is 
the sum of all interactions for each species, whereas the d index es-
timates how strongly a species deviates from a random sampling of 
the possible interaction partners. We also quantified the asymmetry 
in specialization between the two trophic levels using the metric of 
specialization asymmetry proposed by Blüthgen et al. (2007), which 
is quantified so that positive numbers indicate higher specialization 
in the upper level, in our case the predators, and negative numbers 
indicate higher specialization in the lower level, in our case the prey. 
We estimated the specialization within each trophic level as the ad-
ditive inverse of Horn's index of niche overlap (Horn, 1966). All indi-
ces of specialization range from 0, representing no specialization in 
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the network, to a maximal value of 1, representing complete special-
ization (Blüthgen et al., 2006). It is worth noting that H2 and d are 
not indices of niche breadth. Hence, a predator that feeds on a few 
prey categories but uses categories that are commonly used by other 
predators may get a lower score than a predator that feeds on many 
prey categories but uses categories where this predator is the only 
species feeding on them.

In addition to complexity and specialization, we also evaluated 
both nested and modular structures for each network. We used the 
Weighted-Interaction Nestedness Estimator (WINE) to quantify the 
nested structure. WINE estimates the nestedness of bipartite net-
works through the calculation of Manhattan distances considering 
the weight of the interactions (Galeano et al., 2009). These distances 
are calculated on a matrix packed by an algorithm that is based on 
column and row fill, that is, number of cells with nonzero values 
along each row, weighted by the respective cell values, in this case, 
dietary proportions (Lin et al., 2018). The nestedness index WINE 
ranges from zero, which represents a random structure, to a max-
imal value of one, which represents maximal nestedness. We used 
the LPAwb+ algorithm proposed by Beckett (2016) to identify mod-
ules in our weighted interaction matrices, and quantified the level of 
modularity using the weighted implementation of Barber's (2007) Q, 
Qw (Dormann & Strauss, 2014). The modularity index Qw quantifies 
the likelihood that two interacting nodes are within one module and 
ranges from zero, indicating that links within modules are not higher 
than expected by chance, to a maximal value of one, representing all 
links within modules are higher than expected by chance.

Comparing raw network metrics to those derived from appropri-
ate null model is an important part of extracting useful information 
from network analyses (Dormann et al., 2017). To evaluate whether 
the observed values of weighted connectance, network specializa-
tion, asymmetry specialization, trophic and species-level specializa-
tions, nestedness, and modularity were caused by differential prey 

utilization among predators, we compared the observed values to 
those estimated from 1000 randomized matrices for each observed 
matrix. Each randomized matrix was constrained to have the same 
dimensions and column sums as the original matrices, but the per-
centage contributions to the diet were allowed to freely be redistrib-
uted among the prey categories. Hence, the sum of all contributions 
of dietary categories was maintained at 100% of each predators 
diet, but in each randomized network, the dietary proportions were 
allowed to vary freely among all prey categories. Hence, in our ran-
domized networks, each predator would on average utilize equal 
proportions of all prey categories, which we regard to be an appro-
priate null model pattern for testing how predation patterns influ-
ence the structures of these predator–prey interactions (Gotelli & 
Graves, 1996).

To provide a heuristic test of geographic variation in the dif-
ferent network indices, we calculated D-values for each index and 
network as the difference between the observed values and those 
from all randomized matrices and compared these among sites using 
a permutation-based one-way ANOVA (Manly & Alberto, 2016).

3  |  RESULTS

Diet estimation of mammalian and avian predators was based on a 
total of 1428 samples: 92 samples from wolves, 657 samples from 
Arctic foxes, 386 samples from snowy owls, 262 samples from stoats, 
and 30 samples from skuas (Table 1). Samples were collected from all 
included predator species at all peninsulas as well as Hendrik's Ø, ex-
cept for skuas, for which samples were only collected on Judge Daly 
Promontory, Washington Land, and Hall Land (Table S1). However, 
sample sizes for all predator species varied both among species and 
among sites. Although pooling the sample sizes from all sites allowed 
for the estimation of dietary proportions for most predators and 

Wolf 
(N = 92)

Arctic fox 
(N = 657)

Stoat 
(N = 262)

Snowy owl 
(N = 386)

Skua 
(N = 30)

Mammal 92% 94% 99% 98% 95%

Muskox 31% 1% 0% 0% 0%

Arctic fox 1% 0% 0% 0% 0%

Hare 48% 38% 1% 6% 3%

Lemming 9% 55% 98% 92% 85%

Unk.mammal 3% 0% 0% 0% 7%

Bird 4% 2% 1% 2% 5%

Anseriformes 0% 1% 0% <1% 0%

Galliformes 2% 1% 0% 1% 0%

Charadriiformes 1% <1% 0% <1% 0%

Passeriformes 0% <1% 1% <1% 0%

Unk.bird 1% <1% 0% 1% 5%

Plants 0% 4% 0% 0% 0%

Arthropods 0% 0% 0% 0% 0%

Miscellaneous 4% 0% 0% 0% 0%

TA B L E  1 Estimated contributions of 
all prey categories to the diet of wolf, 
arctic fox, stoat, snowy owl, and skua for 
samples from all sites pooled.
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prey categories with high precision, estimating dietary proportions 
within individual sites had larger margins of error (Figure S1).

3.1  |  Dietary composition

Mammal prey remains were the dominant diet item, contributing 
to more than 90% of the diets of all predators. Lemmings were the 
most important prey item for all predators except the wolf, which 
instead relied mainly on muskoxen and hare (Table  1). However, 
there were significant variations in the dietary composition among 
the sites for all predators (wolf: χ2 = 66.68, df = 18, p < .001; Arctic 
fox: χ2 = 104.69, df = 18, p < .001; stoat: χ2 = 33.45, df = 18, p < .001; 
snowy owl: χ2 = 36.56, df = 18, p < .001; skua: χ2 = 3.36, df = 6, 
p < .001). For the wolf, hare had the highest dietary contribution of all 
prey categories on Judge Daly Promontory (38%), Washington Land 
(87%), and Nyeboe Land (80%), whereas muskoxen had the high-
est contribution to the wolf diet on Hall Land (66%) and Warming 
Land (44%). Lemmings also contributed to the wolf diet on Hall Land 
(18%), Judge Daly Promontory (16%), and Washington Land (4%). For 
all other predators, lemmings had the highest dietary contribution 
on all sites except for the Arctic fox on Washington Land (Table S1), 
where hare had the highest dietary contribution (73%). Apart from 
lemmings, stoat diet also included hare on Washington Land (50%), 
Hall Land (6%), and Wulff Land (20%), and birds on Nyeboe Land 
(25%) and Henrik's Ø (1%). Snowy owl diet similarly included hare 
on all sites except Henrik's Ø, and skua diet included hares on 
Washington Land. For both snowy owl and skua, birds contributed 
small amounts to the diet on all sites, or, for skua, on all three sites 
where samples were collected (Table S1).

3.2  |  Network complexity

The bipartite networks describing predator–prey interactions were 
significantly less complex than random expectations, both for 
the network constructed of data from all sites pooled (Figure  2a) 
and for the networks constructed of data from each peninsula 
(Figure  3a). However, there were differences among sites in the 

degree of complexity (Z = 61.60, p < .001), where Warming Land and 
Nyeboe Land were relatively less complex compared to the other 
sites (Table  2). For the network constructed of data from all sites 
pooled, 16 of 20 possible predator–prey interactions were observed 
(Figure 2a), whereas 14 of 20 interactions were observed in the net-
work from Judge Daly Promontory and Hall Land, 14 of 15 interac-
tions were observed in the network from Washington Land, 11 of 16 
interactions in the network from Nyeboe Land, and 10 of 16 interac-
tions were observed in the networks from Warming Land and Wulff 
Land (Figure 3a).

3.3  |  Interaction specialization

All networks exhibited more specialized interaction structures than 
random expectations, with an observed specialization index of 0.49 
for all data pooled (Table 2). However, there were differences among 
the peninsulas in the degree of specialization (Z = 51.92, p < .001), 
with Wulff Land (0.89) and Hall Land (0.68), having the highest 
observed specialization values, while Judge Daly Promontory and 
Washington Land had the lowest (0.47 for each of these peninsulas).

There was a higher trophic-level asymmetry in interaction spe-
cialization than random expectations, with negative index values for 
all networks suggesting lower specialization among predators than 
among prey (Table  2). However, both predators and prey had sig-
nificantly more specialized interactions than random expectations 
(Table  2). The networks constructed on data from each peninsula 
differed in their degree of asymmetry (Z = 77.45, p < .001) with the 
networks from Nyeboe Land, Warming Land, and Wulff Land hav-
ing higher deviations from random expectations in asymmetry than 
the other sites, while Washington Land had the lowest deviation 
(Table  2). As with asymmetry in interaction specialization, there 
were differences among peninsulas in the degree of specialization 
for predators (Z = 66.06, p < .001) as well as for prey (Z = 53.26, 
p < .001).

All individual predator (Table 3) and prey (Table 4) species had 
higher species-level interaction specialization than random expec-
tations. Despite its relatively broad diet, in the network constructed 
of data from all sites pooled, the wolf had the most specialized 

F I G U R E  2 Bipartite network of predator–prey interactions constructed of pooled data from all peninsulas (a), a matrix representation of 
this network with rows and columns sorted for optimal nestedness, that is, they are packed with increasing row and column totals towards 
the upper left corner (b), and a matrix representation highlighting identified modular structures in the same network (c). In this latter 
representation, rows and columns are sorted for optimal modularity. In the bipartite networks, the size of prey categories reflects their total 
use by all predators, and the width of each link reflects the dietary contribution of a prey category for each specific predator. For both matrix 
representations, a darker shade of a cell indicates a higher dietary contribution of a prey category for that particular predator. Red boxes 
indicate identified modules.
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interactions among the predators (0.52), followed by the stoat (0.18), 
and the Arctic fox had the lowest (0.07) (Table 3). For prey, muskoxen 
had the most specialized interactions with predators (0.53), and 
birds had the lowest (0.05) (Table 4). However, there were signifi-
cant differences among the peninsulas in the degree of interaction 
specialization, for all predators (wolf Z = 50.45, p < .001; Arctic fox 
Z = 52.11, p < .001; stoat Z = 48.96, p < .001; snowy owl Z = 51.43, 
p < .001; skua Z = 36.10, p < .001) as well as for all prey (muskox 
Z = 43.37, p < .001; hare Z = 61.68, p < .001; lemming Z = 59.34, 
p < .001; birds Z = 48.11, p < .001).

3.4  |  Network nestedness and modularity

All networks were significantly more nested than random expecta-
tions (Table 2), with intermediate to high levels of nestedness both 
for the network constructed of data from all peninsulas pooled 

(Figure 2b) and for the networks constructed from each peninsula 
separately (Figure  3b). However, there were differences among 
the peninsulas in the degree of nestedness (Z = 77.45 and p < .001), 
where Judge Daly Promontory (0.84) and Hall Land (0.77) had the 
highest nestedness values, and Washington Land and Nyeboe Land 
had the lowest (0.42 for each site) (Table 2).

Both the network constructed of data from all peninsulas pooled 
(Figure 2c) and of data from each peninsula (Figure 3c) were signifi-
cantly more modular than random expectations, but all networks 
showed only intermediate levels of modularity (Table 2). As with all 
other network metrics, the degree of modularity differed among 
the sites (Z = 77.45 and p < .001), with Washington Land having the 
most and Judge Daly Promontory having the least modular networks 
(Table  2). Two modules were identified in the network containing 
data from all peninsulas: one with stoats, skuas, and owls as preda-
tors and lemmings and birds as prey; and another module with foxes 
and wolves as predators and hare and muskox as prey (Figure 2c). 

F I G U R E  3 Bipartite networks of 
predator–prey interactions constructed 
of data from six geographically separated 
peninsulas (a), matrix representations of 
these networks with rows and columns 
sorted for optimal nestedness, that is, 
they are packed with increasing row and 
column totals towards the upper left 
corner (b), and matrix representations 
describing modular structures in the 
same networks (c). In these latter 
representations, rows and columns are 
sorted for optimal modularity. For all 
matrix representations, a darker shade 
of a cell indicates a higher dietary 
contribution of a prey category for that 
particular predator. Red boxes indicate 
identified modules.
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Two modules were also identified in the network from Judge Daly 
Promontory, Washington Land, Nyeboe Land and Wulff Land, al-
though the modules did not contain the same predators and prey 
on the different peninsulas (Figure 3c). Three modules were iden-
tified in the networks on Hall Land and Warming Land. For these 
networks, the predators were relatively consistent, with wolves and 
Arctic foxes forming their own modules and stoats and snowy owls 
forming a third module, with the addition of skuas on Hall Land. 
However, the composition of prey modules differed between these 
two networks, with birds forming a module with lemmings on Hall 
Land, while birds formed a module with hares on Warming Land.

4  |  DISCUSSION

Our results support the hypotheses that these predator–prey net-
works would show limited complexity and nested interaction struc-
tures. However, we also found relatively high specialization of the 
predator–prey interactions and significant but modest modular 
structures. Furthermore, we observed spatial variation in preda-
tor diet composition among the different sample sites, resulting in 
spatial variations in the structures of the predator–prey networks. 
Considering that this study was done in one of the northernmost 
land areas on Earth, we suggest that the low productivity associ-
ated with these high latitudes has shaped the interaction structures 
between predators and prey. Our study further highlights the impor-
tance of local factors in shaping food web structures by changing the 
number of species interactions. Such modulations would support 
recent suggestions of the central importance of context dependen-
cies for biological processes (Catford et al., 2022) and highlight that 
ecosystems are shaped by processes acting simultaneously across 
different spatial scales (Kolasa & Pickett, 1991). We suggest that the 
low productivity associated with the high latitude may have set some 

limits on the complexity and structure of the trophic interactions, 
but that regional variation in environmental characteristics caused 
variation in the realized interaction structures within these limits. 
Such dependencies of processes across different spatial scales may, 
to some extent, explain the often-complex ecological responses to 
large-scale environmental perturbations, such as climate change 
(Walther et al., 2002), and highlight the difficulties in managing envi-
ronmental resources in variable environments (Pickett et al., 1997).

We found that the predator–prey networks contained less com-
plex and more specialized structures than random expectations. We 
note that these random expectations were generated from null mod-
els in which predators on average utilized an equal proportion of all 
prey categories available. The low level of complexity is consistent 
with our hypothesis based on the low productivity in this high arctic 
region. We suggest that the low network complexity was caused by 
a high interaction specialization, in which each prey species experi-
enced predation from a relatively unique set of predators (Blüthgen 
et al., 2008). Since the degree of ecological specialization is thought 
to increase with high diversity (Araújo et al., 2011) and high complex-
ity (Guimaraes, 2020), it is unclear what has caused the high level 
of interactions specialization in this relatively simple ecosystem. 
However, we suggest that the higher level of interaction specializa-
tion of prey than of predators may have been caused by constraints 
in prey sizes for small predators coupled with opportunistic feeding 
habits by larger ones. This would result in a pattern where each prey 
would be utilized by a distinct set of predators, whereas there would 
be more overlap among predators in the use of prey. We encourage 
further studies evaluating the influence of resource utilization strat-
egies on network complexity.

While previous studies have shown that predator–prey interac-
tions primarily form modular structures (Bascompte et al., 2003), we 
hypothesized that the low productivity and subsequent energetic 
constraints imposed on predators would result in nested structures 

TA B L E  2 The observed and expected values as well as Z scores and associated p-values for weighted connectance, network 
specialization, specialization asymmetry, predator specialization, prey specialization, nestedness, and modularity, calculated from bipartite 
predator–prey networks constructed of data from all sites pooled as well of data from each peninsula. Weighted connectance was 
quantified as the total number of trophic links per species divided by the number of species in the network, network level specialization 
was quantified using the H2 index, specialization asymmetry was quantified using and index comparing the predator and prey level 
specializations, the specialization within each trophic level was quantified as the Horn's index of niche overlap, nestedness was quantified 
using the Weighted-Interaction Nestedness Estimator (WINE), and modularity was quantified using the Qw index based on the QuanBiMo 
algorithm.

Weighted connectance Network specialization Specialization asymmetry Predator level specialization Prey level specialization Nestedness Modularity

Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p

All 0.31 0.49 −72.25 <.001 0.49 0.01 110.58 <.001 −0.33 −0.07 −28.38 <.001 0.34 0.03 27.73 <.001 0.51 0.03 27.73 <.001 0.38 0.22 74.16 <.001 0.29 0.05 4.46 <.001

Judge Daly 
Promontory

0.32 0.49 −71.24 <.001 0.47 0.01 106.73 <.001 −0.29 −0.07 −26.80 <.001 0.28 0.03 22.64 <.001 0.47 0.03 22.64 <.001 0.84 0.22 71.08 <.001 0.22 0.05 4.72 <.001

Washington Land 0.34 0.5 −74.78 <.001 0.47 0.01 96.46 <.001 −0.34 −0.19 −16.88 <.001 0.39 0.02 38.87 <.001 0.48 0.02 38.87 <.001 0.42 0.27 64.68 <.001 0.30 0.05 3.73 <.001

Hall Land 0.3 0.49 −75.27 <.001 0.68 0.01 149.62 <.001 −0.30 −0.07 −27.00 <.001 0.32 0.03 25.47 <.001 0.64 0.03 25.47 <.001 0.77 0.23 72.61 <.001 0.28 0.05 4.47 <.001

Nyeboe Land 0.27 0.49 −79.97 <.001 0.63 0.01 143.31 <.001 −0.24 0.01 −21.66 <.001 0.47 0.03 32.95 <.001 0.65 0.03 32.95 <.001 0.42 0.25 71.57 <.001 0.29 0.05 3.92 <.001

Warming Land 0.25 0.49 −88.41 <.001 0.89 0.01 209.38 <.001 −0.24 0.01 −21.75 <.001 0.52 0.03 38.45 <.001 0.62 0.03 38.45 <.001 0.56 0.25 70.75 <.001 0.25 0.05 4.05 <.001

Wulff Land 0.29 0.49 −71.00 <.001 0.53 0.01 117.98 <.001 −0.29 <0.01 −26.63 <.001 0.37 0.03 24.95 <.001 0.67 0.03 24.95 <.001 0.62 0.25 72.68 <.001 0.29 0.05 3.72 <.001
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of the trophic interactions among predators and prey. Our results 
partly supported this hypothesis, as we observed only modest 
modularity but more pronounced nested structures. Moreover, we 
observed substantial spatial variation in the observed nestedness 
as well as in the identified modules, both for predators and prey. 
This reiterates the importance of regional and local environmental 
conditions for trophic network structures. Since both nested and 
modular network structures are important forces for ecosystem sta-
bility, resilience, and productivity (Bascompte et al., 2003; Miranda 
et al., 2013; Van der Putten et al., 2004), our results highlight the 
interactive effects of species traits and environmental conditions for 
shaping ecosystem properties (e.g., Dalerum et al., 2012).

The high-arctic ecosystem of Ellesmere Island and north 
Greenland has a simple predator–prey community with most preda-
tors preying on lemmings, similar to the ecosystem on east Greenland 
(Gilg et al., 2006). Our observations suggest that mammals were the 
most important prey item for all predators, and lemmings were the 
most important prey for all predators except for wolves. Lemmings 
have previously been highlighted as a keystone species in arctic 
ecosystems (Dalerum & Angerbjörn, 2000) and are important to the 
breeding success and population dynamics of most arctic predators 
(Dudenhoeffer et  al.,  2021; Elmhagen et  al.,  2000). Lemmings are 
sensitive to climate change, and a decline in lemming density can 
have a profound impact on predators (Ehrich et al., 2020), including 
a huge impact on both stoat and snowy owl reproductive perfor-
mance and population size (Schmidt et al., 2012). Arctic fox, stoat, 
snowy owl, and skua are lemming specialists but use alternative prey 
during the low density of lemming populations (Gilg et al., 2006) or 
expand their geographic range (Schmidt et  al.,  2012). In our case, 
the main alternative prey was hare. Our observation also supported 
previous observations of the importance of both muskox and hare 
as prey for wolves (Dalerum et al., 2018; Marquard-Petersen, 1998; 
Mech, 1988) and highlighted that hares may function as an important 

alternative prey to lemmings for smaller predators and to muskoxen 
for wolves.

We do recognize some limitations and caveats with our study. 
First, the sample sizes varied greatly among predators as well as 
among sites. Therefore, the precision of the dietary estimates was 
uncertain at some sites and for some predator species. Henrik's Ø 
was also excluded from the network analysis since we did not have 
sufficient data from this site. However, the data pooled from all sites 
likely provided a sufficient estimation of dietary determinations with 
very high accuracy, whereas individual sites showed a relatively high 
margin of error. We note that samples from skuas were collected on 
3 sites, and our study did not include any data on gyrfalcons, com-
mon ravens, or glaucus gulls. The lack of samples from gyrfalcon was 
most likely due to very low abundance in the study region (Potapov 
& Sale, 2005), whereas neither ravens nor glaucus gulls produce eas-
ily identified regurgitation pellets for diet quantification. Second, 
there was a relatively low resolution in the taxonomic identification 
of avian prey remains. This was caused by a high frequency of dam-
aged feather structures, which resulted in approximately half of the 
avian prey remains being identified as unknown birds. Therefore, 
birds were pooled into one dietary category for the network analy-
sis. However, since the avian prey category had relatively limited di-
etary contributions, we do not believe that this grouping had strong 
consequences on the identified network structures. Finally, we 
used samples with an unknown temporal resolution. Both lemmings 
(Braestrup, 1941) and hares (Dalerum et al., 2017) appear to undergo 
temporal fluctuations in abundance in this region. Since feces and 
regurgitation pellets likely last several years in the high Arctic, it is 
important to point out that the observed network structures likely 
reflect dietary contributions averaged across several demographic 
phases of individual prey species. Therefore, temporally resolved 
networks would be highly informative but would require repeated 
collection of fresh material within a single year.

TA B L E  2 The observed and expected values as well as Z scores and associated p-values for weighted connectance, network 
specialization, specialization asymmetry, predator specialization, prey specialization, nestedness, and modularity, calculated from bipartite 
predator–prey networks constructed of data from all sites pooled as well of data from each peninsula. Weighted connectance was 
quantified as the total number of trophic links per species divided by the number of species in the network, network level specialization 
was quantified using the H2 index, specialization asymmetry was quantified using and index comparing the predator and prey level 
specializations, the specialization within each trophic level was quantified as the Horn's index of niche overlap, nestedness was quantified 
using the Weighted-Interaction Nestedness Estimator (WINE), and modularity was quantified using the Qw index based on the QuanBiMo 
algorithm.

Weighted connectance Network specialization Specialization asymmetry Predator level specialization Prey level specialization Nestedness Modularity

Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p Obs Exp Z p

All 0.31 0.49 −72.25 <.001 0.49 0.01 110.58 <.001 −0.33 −0.07 −28.38 <.001 0.34 0.03 27.73 <.001 0.51 0.03 27.73 <.001 0.38 0.22 74.16 <.001 0.29 0.05 4.46 <.001

Judge Daly 
Promontory

0.32 0.49 −71.24 <.001 0.47 0.01 106.73 <.001 −0.29 −0.07 −26.80 <.001 0.28 0.03 22.64 <.001 0.47 0.03 22.64 <.001 0.84 0.22 71.08 <.001 0.22 0.05 4.72 <.001

Washington Land 0.34 0.5 −74.78 <.001 0.47 0.01 96.46 <.001 −0.34 −0.19 −16.88 <.001 0.39 0.02 38.87 <.001 0.48 0.02 38.87 <.001 0.42 0.27 64.68 <.001 0.30 0.05 3.73 <.001

Hall Land 0.3 0.49 −75.27 <.001 0.68 0.01 149.62 <.001 −0.30 −0.07 −27.00 <.001 0.32 0.03 25.47 <.001 0.64 0.03 25.47 <.001 0.77 0.23 72.61 <.001 0.28 0.05 4.47 <.001

Nyeboe Land 0.27 0.49 −79.97 <.001 0.63 0.01 143.31 <.001 −0.24 0.01 −21.66 <.001 0.47 0.03 32.95 <.001 0.65 0.03 32.95 <.001 0.42 0.25 71.57 <.001 0.29 0.05 3.92 <.001

Warming Land 0.25 0.49 −88.41 <.001 0.89 0.01 209.38 <.001 −0.24 0.01 −21.75 <.001 0.52 0.03 38.45 <.001 0.62 0.03 38.45 <.001 0.56 0.25 70.75 <.001 0.25 0.05 4.05 <.001

Wulff Land 0.29 0.49 −71.00 <.001 0.53 0.01 117.98 <.001 −0.29 <0.01 −26.63 <.001 0.37 0.03 24.95 <.001 0.67 0.03 24.95 <.001 0.62 0.25 72.68 <.001 0.29 0.05 3.72 <.001
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To conclude, we found limited complexity in the observed pred-
ator–prey networks, which is consistent with our hypothesis that 
low primary productivity would limit trophic complexity in this high 
arctic environment. However, our results only partially supported 
our hypothesis of nested rather than modular interaction structures 
in these predator–prey networks, since we found both nested and 
modular structures in all networks. Contrary to our hypothesis of 
limited specialization, we found relatively high levels of specializa-
tion among both predators and prey. All network properties differed 
among the peninsulas, which suggests that partial variation in rel-
ative prey abundance or environmental factors may modulate the 
trophic interaction structures within some limits dictated by primary 
productivity. We suggest that such scale dependencies may explain 
the often-complex ecological responses to environmental pertur-
bations and highlight the difficulties in managing environmental re-
sources under environmental change. Understanding the regulation 
of trophic network structures at different spatial scales may be cru-
cial for effective ecosystem management in the face of environmen-
tal change and uncertainty.

AUTHOR CONTRIBUTIONS
Muzit Abrham: Formal analysis (supporting); investigation (equal); 
methodology (supporting); writing – original draft (equal). Karin 
Norén: Investigation (supporting); project administration (sup-
porting); resources (supporting); supervision (supporting); writing 
– review and editing (supporting). Jordi Bartolomé Filella: Funding 
acquisition (supporting); investigation (supporting); project admin-
istration (supporting); writing – review and editing (supporting). 
Anders Angerbjörn: Investigation (supporting); project adminis-
tration (supporting); resources (supporting); writing – review and 
editing (supporting). Nicolas Lecomte: Investigation (supporting); 
writing – review and editing (supporting). Patrícia Pečnerová: 
Investigation (supporting); writing – review and editing (support-
ing). Susana Freire: Investigation (supporting); writing – review 
and editing (supporting). Fredrik Dalerum: Conceptualization 
(lead); data curation (lead); formal analysis (lead); funding acqui-
sition (lead); investigation (equal); methodology (lead); project 
administration (lead); resources (lead); supervision (lead); writing 
– original draft (equal).

ACKNOWLEDG MENTS
Christian Carøe, Love Dalén, Christina Fröjd, Anders Götherström, 
Dan Hammarlund, Åsa Lindgren, Thomas Meijer, Kristina Mettävainio, 
and Johannes Måsviken assisted with field work. We are thankful to 
Leticia Viesca Lobardía for assistance with laboratory analyses. The 
samples were collected under permits approved by the Government 
of Nunavut, the Nunavut Impact Review Board, the Nunavut 
Water Board, the Nunavut Planning Commission, the Government 
of Greenland, and the Hunter and Trappers Organization of Grise 
Fjord. Daniela Kalthoff at the Swedish Museum of Natural history 
kindly provided reference samples of mammals and birds that were 
very helpful for our identification of prey remains.

FUNDING INFORMATION
Field data collection was logistically supported by the Swedish 
Polar Research Secretariat by offering participation in the expedi-
tions Petermann2015 and Ryder2019. Financial support was further 
provided by the Spanish Ministry of Economy and Competitiveness 
(RYC-2013-14662), by the Spanish Ministry of Science and 
Innovation (PID2019-107862RB-I00 and PID2022-137336OB-I00), 
the Spanish National Research Council (LINKA20417) and by the 
Canada Research Chair program.

CONFLIC T OF INTERE S T S TATEMENT
The authors declare no conflict of interests.

DATA AVAIL ABILIT Y S TATEMENT
Data for this paper are available in the Table S1.

ORCID
Fredrik Dalerum   https://orcid.org/0000-0001-9737-8242 

R E FE R E N C E S
Abrams, P. A. (2000). The evolution of predator-prey interactions: Theory 

and evidence. Annual Review in Ecology and Systematics, 31, 79–105.
Angerbjörn, A., Tannerfeldt, M., & Lundberg, H. (2001). Geographical 

and temporal patterns of lemming population dynamics in 
Fennoscandia. Ecography, 75, 156–166.

Araújo, M. S., Bolnick, D. I., & Layman, C. A. (2011). The ecological causes 
of individual specialisation. Ecology Letters, 14, 948–958.

Barber, M. J. (2007). Modularity and community detection in bipartite 
networks. Physical Review E, 76, 066102.

Bascompte, J., Jordano, P., Melián, C. J., & Olesen, J. M. (2003). The 
nested assembly of plant–animal mutualistic networks. Proceedings 
of the National Academy of Sciences of the United States of America, 
100, 9383–9387.

Beckerman, A. P., Petchey, O. L., & Warren, P. H. (2006). Foraging biology 
predicts food web complexity. Proceedings of the National Academy 
of Sciences of the United States of America, 103, 13745–13749.

Beckett, S. J. (2016). Improved community detection in weighted bipar-
tite networks. Royal Society Open Science, 3, 140536.

Bersier, L. F., Banasek-Richter, C., & Cattin, M. F. (2002). Quantitative 
descriptors of food-web matrices. Ecology, 83, 2394–2407.

Blüthgen, N., Fründ, J., Vázquez, D. P., & Menzel, F. (2008). What do in-
teraction network metrics tell us about specialization and biological 
traits. Ecology, 89, 3387–3399.

Blüthgen, N., Menzel, F., & Blüthgen, N. (2006). Measuring specialization 
in species interaction networks. BMC Ecology, 6, 9.

Blüthgen, N., Menzel, F., Hovestadt, T., Fiala, B., & Blüthgen, N. (2007). 
Specialization, constraints, and conflicting interests in mutualistic 
networks. Current Biology, 17, 341–346.

Boutin, S. (1995). Population changes of the vertebrate community 
during a snowshoe hare cycle in Canada's boreal forest. Oikos, 74, 
69–80.

Braestrup, F. W. (1941). A study on the Arctic fox in Greenland. 
Meddelelser om Grønland, 131, 1–101.

Brom, T. G. (1986). Microscopic identification of feathers and feather 
fragments of Palearctic birds. Bijdragen tot de Dierkunde, 56, 
181–204.

Catford, J. A., Wilson, J. R., Pyšek, P., Hulme, P. E., & Duncan, R. P. (2022). 
Addressing context dependence in ecology. Trends in Ecology & 
Evolution, 37, 158–170.

https://orcid.org/0000-0001-9737-8242
https://orcid.org/0000-0001-9737-8242


12 of 13  |     ABRHAM et al.

Comiso, J. C., & Hall, D. K. (2014). Climate trends in the Arctic as ob-
served from space. Wiley Interdisciplinary Reviews: Climate Change, 
5, 389–409.

Creel, S., & Christianson, D. (2008). Relationships between direct pre-
dation and risk effects. Trends in Ecology & Evolution, 23, 194–201.

Dale, M. R. T. (2017). Applying graph theory in ecological research. 
Cambridge University Press.

Dale, M. R. T., & Fortin, M. J. (2021). Quantitative analysis of ecological 
networks. Cambridge University Press.

Dalerum, F., & Angerbjörn, A. (2000). Arctic fox (Alopex lagopus) diet in 
Karupelv valley, East Greenland, during a summer with low lem-
ming density. Arctic, 53, 1–8.

Dalerum, F., Cameron, E. Z., Kunkel, K., & Somers, M. J. (2012). Interactive 
effects of species richness and species traits on functional diversity 
and redundancy. Theoretical Ecology, 5, 129–139.

Dalerum, F., Dalén, L., Fröjd, C., Lecomte, N., Lindgren, Å., Meijer, T., 
Pecnerova, P., & Angerbjörn, A. (2017). Spatial variation in Arctic 
hare (Lepus arcticus) populations around the Hall Basin. Polar 
Biology, 40, 2113–2118.

Dalerum, F., Freire, S., Angerbjörn, A., Lecomte, N., Lindgren, Å., Meijer, 
T., Pecnerova, P., & Dalén, L. (2018). Exploring the diet of arctic 
wolves (Canis lupus arctos) at their northern range limit. Canadian 
Journal of Zoology, 96, 277–281.

Dalerum, F., Hellström, P., Miranda, M., Nyström, J., Ekenstedt, J., & 
Angerbjörn, A. (2016). Network topology of stable isotope interac-
tions in a sub-arctic raptor guild. Oecologia, 182, 511–518.

Delmas, E., Besson, M., Brice, M. H., Burkle, L. A., Dalla Riva, G. V., Fortin, 
M. J., Gravel, D., Guimarães, P. R., Jr., Hembry, D. H., Newman, E. 
A., Olesen, J. M., Pires, M. M., Yeakel, J. D., & Poisot, T. (2019). 
Analysing ecological networks of species interactions. Biological 
Reviews, 94, 16–36.

Dick, L. (2001). Muskox land: Ellesmere Island in the age of contact. 
University of Calgary Press.

Dormann, C. F., Frund, J., & Schaefer, H. M. (2017). Identifying causes 
of patterns in ecological networks: Opportunities and limitations. 
Annual Review in Ecology, Evolution and Systematics, 48, 559–584.

Dormann, C. F., & Strauss, R. (2014). A method for detecting modules in 
quantitative bipartite networks. Methods in Ecology and Evolution, 
5, 90–98.

Duchesne, D., Gauthier, G., & Berteaux, D. (2011). Habitat selection, 
reproduction and predation of wintering lemmings in the Arctic. 
Oecologia, 167, 967–980.

Dudenhoeffer, M., Roth, J. D., Johnson, L. K., & Petersen, S. D. 
(2021). Arctic fox winter dietary response to damped lemming 
cycles estimated from fecal DNA. Journal of Mammalogy, 102, 
1455–1465.

Dunne, J. A., Williams, R. J., & Martinez, N. D. (2002). Food-web structure 
and network theory: The role of connectance and size. Proceedings 
of the National Academy of Sciences of the United States of America, 
99, 12917–12922.

Ehrich, D., Schmidt, N. M., Gauthier, G., Alisauskas, R., Angerbjörn, A., 
Clark, K., Ecke, F., Eide, N. E., Framstad, E., Frandsen, J., Franke, 
A., Gilg, O., Giroux, M. A., Henttonen, H., Hörnfeldt, B., Ims, R. A., 
Kataev, G. D., Kharitonov, S. P., Killengreen, S. T., … Solovyeva, D. V. 
(2020). Documenting lemming population change in the Arctic: Can 
we detect trends? Ambio, 49, 786–800.

Elmhagen, B., Kindberg, J., Hellström, P., & Angerbjörn, A. (2015). A 
boreal invasion in response to climate change? Range shifts and 
community effects in the borderland between forest and tundra. 
Ambio, 44, 39–50.

Elmhagen, B., Tannerfeldt, M., Verucci, P., & Angerbjörn, A. (2000). The 
arctic fox (Alopex lagopus): An opportunistic specialist. Journal of 
Zoology, 251, 139–149.

Engen, S., Lande, R., & Sæther, B. E. (2002). The spatial scale of popula-
tion fluctuations and quasi- extinction risk. The American Naturalist, 
160, 439–451.

England, J. (1985). The late quaternary history of hall land, northwest 
Greenland. Canadian Journal of Earth Sciences, 22, 1394–1408.

Errington, P. L. (1930). The pellet analysis method of raptor food habits 
study. The Condor, 32, 292–296.

Estes, J. A., Terborgh, J., Brashares, J. S., Power, M. E., Berger, J., Bond, 
W. J., Carpenter, S. R., Essington, T. E., Holt, R. D., Jackson, J. B. 
C., Marquis, R. J., Oksanen, L., Oksanen, T., Paine, R. T., Pikitch, 
E. K., Ripple, W. J., Sandin, S. A., Scheffer, M., Schoener, T. W., … 
Wardle, D. A. (2011). Trophic downgrading of planet earth. Science, 
333, 301–306.

Forchhammer, M. C., Post, E., Stenseth, N. C., & Boertmann, D. M. (2002). 
Long-term responses in arctic ungulate dynamics to changes in cli-
matic and trophic processes. Poplation Ecology, 44, 113–120.

Gaillard, J., Festa-Bianchet, M., Yoccoz, N. G., Loison, A., & Toïgo, C. 
(2000). Temporal variation in fitness components and popula-
tion dynamics of large herbivores. Annual Review of Ecology and 
Systematics, 31, 367–393.

Galeano, J., Pastor, J. M., & Iriondo, J. M. (2009). Weighted-interaction 
nestedness estimator (WINE): A new estimator to calculate over 
frequency matrices. Environmental Modelling and Software, 24, 
1342–1346.

Gilg, O., Sittler, B., Sabard, B., Hurstel, A., Sané, R., Delattre, P., & Hanski, 
I. (2006). Functional and numerical responses of four lemming 
predators in high arctic Greenland. Oikos, 113, 193–216.

Gotelli, N. J., & Graves, G. R. (1996). Null models in ecology. Smithsonian 
Institution.

Gruyer, N., Gauthier, G., & Berteaux, D. (2008). Cyclic dynamics of sym-
patric lemming populations on Bylot Island, Nunavut, Canada. 
Canadian Journal of Zoology, 86, 910–917.

Guimaraes, P. R., Jr. (2020). The structure of ecological networks across 
levels of organization. Annual Review of Ecology, Evolution, and 
Systematics, 51, 433–460.

Hamilton, C. D., Kovacs, K. M., Ims, R. A., Aars, J., & Lydersen, C. (2017). 
An Arctic predator–prey system in flux: Climate change impacts on 
coastal space use by polar bears and ringed seals. Journal of Animal 
Ecology, 86, 1054–1064.

Hamilton, C. D., Lydersen, C., Ims, R. A., & Kovacs, K. M. (2015). 
Predictions replaced by facts: A keystone species' behavioural re-
sponses to declining arctic sea-ice. Biology Letters, 11, 20150803.

Heino, M., Kaitala, V., Ranta, E., & Lindström, J. (1997). Synchronous dy-
namics and rates of extinction in spatially structured populations. 
Proceedings of the Royal Society, Series B, 264, 481–486.

Horn, H. S. (1966). Measurement of “Overlap” in comparative ecological 
studies. The American Naturalist, 100, 419–424.

Ims, R. A., Ehrich, D., Forbes, B. C., Huntley, B., Walker, D. A., Walker, D. 
A., & Wookey, P. A. (2013). Terrestrial ecosystems. In H. Meltofte 
(Ed.), Arctic Biodiveristy Assesment (pp. 384–440). Conservation of 
Arctic Flora and Fauna.

Juhasz, C. C., Shipley, B., Gauthier, G., Berteaux, D., & Lecomte, N. (2020). 
Direct and indirect effects of regional and local climatic factors on 
trophic interactions in the Arctic tundra. Journal of Animal Ecology, 
89, 704–715.

Kausrud, K. L., Mysterud, A., Steen, H., Vik, J. O., Østbye, E., Cazelles, B., 
Framstad, E., Eikeset, A. M., Mysterud, I., Solhøy, T., & Stenseth, N. 
C. (2008). Linking climate change to lemming cycles. Nature, 456, 
93–97.

Kolasa, J., & Pickett, S. T. A. (1991). Ecological heterogeneity. Springer 
Verlaag.

Krebs, C. J., Boonstra, R., Boutin, S., & Sinclair, A. R. E. (2001). What 
drives the 10-year cycle of snowshoe hares? Bioscience, 51, 25–35.

Krebs, C. J., Kenney, A. J., Gilbert, S., Danell, K., Angerbjörn, A., Erlinge, 
A., Bromley, R. G., Shank, C., & Carriere, S. (2002). Synchrony in 
lemming and vole populations in the Canadian Arctic. Canadian 
Journal of Zoology, 80, 1323–1333.

Legagneux, P., Gauthier, G., Lecomte, N., Schmidt, N. M., Reid, D., 
Cadieux, M. C., Berteaux, D., Bety, J., Krebs, C. J., Ims, R. A., Yoccoz, 



    |  13 of 13ABRHAM et al.

N. G., Morrison, R. I. G., Leroux, S. J., Loreau, M., & Gravel, D. 
(2014). Arctic ecosystem structure and functioning shaped by cli-
mate and herbivore body size. Nature Climate Change, 4, 379–383.

Lima, S. L. (1998). Nonlethal effects in the ecology of predator-prey in-
teractions. Bioscience, 48, 25–34.

Lin, J. H., Tessone, C. J., & Mariani, M. S. (2018). Nestedness maximi-
zation in complex networks through the fitness-complexity algo-
rithm. Entropy, 20, 768.

Lindeman, R. J. (1942). The trophic-dynamic aspect of ecology. Ecology, 
23, 399–418.

Manly, B. F., & Alberto, J. A. N. (2016). Multivariate statistical methods: A 
primer. Chapman and Hall.

Marquard-Petersen, U. (1998). Food habits of arctic wolves in Greenland. 
Journal of Mammalogy, 79, 236–244.

May, R. M. (1973). Stability and complexity in model ecosystems. Princeton 
University Press.

Mech, K. D. (1988). The Arctic wolf: Living with the pack. Voyageur Press.
Miller, B., Dugelby, B., Foreman, D., Martinez del Rio, C., Noss, R., 

Phillips, M., Soulé, M. E., Terborgh, J., & Wollcox, L. (2001). The 
importance of large carnivores to healthy ecosystems. Endangered 
Species Update, 18, 202–210.

Miller, S. D., & Broughton, J. M. (2016). Zooarchaeology and field ecology: 
A photographic atlas. University of Utah Press.

Miranda, M., Parrini, F., & Dalerum, F. (2013). A categorization of recent 
network approaches to analyse trophic interactions. Methods in 
Ecology and Evolution, 4, 897–905.

Nolet, B. A., Bauer, S., Feige, N., Kokorev, Y. I., Popov, I. Y., & Ebbinge, B. 
S. (2013). Faltering lemming cycles reduce productivity and pop-
ulation size of a migratory Arctic goose species. Journal of Animal 
Ecology, 82, 804–813.

Page, S. E. (2010). Diversity and complexity. Princeton University Press.
Pickett, S. T. A., Ostfield, R. S., Shachak, M., & Likens, G. E. (1997). The 

ecological basis of conservation: Heterogeneity, ecosystems, and biodi-
versity. Springer Verlaag.

Poisot, T., Bever, J. D., Nemri, A., Thrall, P. H., & Hochberg, M. E. (2011). 
A conceptual framework for the evolution of ecological specialisa-
tion. Ecology Letters, 14, 841–851.

Potapov, E., & Sale, R. (2005). The gyrfalcon. Yale University Press.
Proulx, S. R., Promislow, D. E., & Phillips, P. C. (2005). Network thinking in 

ecology and evolution. Trends in Ecology & Evolution, 20, 345–353.
Przybylak, R. (2003). The climate of the Arctic. Kluwer.
Ray, J. C., Hunter, L., & Zigouris, J. (2005). Setting conservation and re-

search priorities for larger African carnivores. Wildlife Conservation 
Society.

Ripple, W. J., Estes, J. A., Beschta, R. L., Wilmers, C. C., Ritchie, E. G., 
Hebblewhite, M., Berger, J., Elmhagen, B., Letnic, M., Nelson, M. P., 
Schimtz, O. J., Smoth, D. W., Wallach, A. D., & Wirsing, A. J. (2014). 
Status and ecological effects of the world's largest carnivores. 
Science, 343, 1241484.

Ritchie, E. G., & Johnson, C. N. (2009). Predator interactions, meso-
predator release and biodiversity conservation. Ecology Letters, 12, 
982–998.

Rodewald, P. G. (Ed.). (2023). Birds of the world. Cornell Lab of Ornithology. 
https://​birds​ofthe​world.​org

Schmidt, N. M., Hardwick, B., Gilg, O., Høye, T. T., Krogh, P. H., Meltofte, 
H., Michelsen, A., Mosbacher, J. B., Raundrup, K., Reneerkens, J., 
Stewart, L., Wirta, H., & Roslin, T. (2017). Interaction webs in arctic 
ecosystems: Determinants of arctic change? Ambio, 46, 12–25.

Schmidt, N. M., Ims, R. A., Høye, T. T., Gilg, O., Hansen, L. H., Hansen, 
J., Lund, M., Fugei, E., Forchhammer, M. C., & Sittler, B. (2012). 
Response of an arctic predator guild to collapsing lemming cy-
cles. Proceedings of the Royal Society B: Biological Sciences, 279, 
4417–4422.

Schmitz, O. J., & Suttle, K. B. (2001). Effects of top predator species 
on direct and indirect interactions in a food web. Ecology, 82, 
2072–2081.

Serreze, M. C., & Barry, R. G. (2011). Processes and impacts of Arctic 
amplification: A research synthesis. Global and Planetary Change, 
77, 85–96.

Sokal, R. R., & Rohlf, F. J. (1995). Biometry: The principles and practice of 
statistics in biological research (3rd ed.). W. H. Freeman.

Stirling, I., & Derocher, A. E. (2012). Effects of climate warming on 
polar bears: A review of the evidence. Global Change Biology, 18, 
2694–2706.

Taylor, R. J. (1984). Predation. Springer Verlag.
Teerink, B. J. (2003). Hair of west European mammals: Atlas and identifica-

tion key. Cambridge University Press.
Terborgh, J., Estes, J. A., Paquet, P., Ralls, K., Boyd-Heger, D., Miller, B. 

J., & Noss, R. F. (1999). The role of top carnivores in regulating ter-
restrial ecosystems. In M. E. Soulé & J. Terborgh (Eds.), Continental 
conservation: Scientific foundations of regional reserve networks (pp. 
39–64). Island Press.

Thébault, E., & Fontaine, C. (2010). Stability of ecological communities 
and the architecture of mutualistic and trophic networks. Science, 
329, 853–856.

Ulrich, W., Almeida-Neto, M., & Gotelli, N. J. (2009). A consumers guide 
to nestedness analysis. Oikos, 118, 3–17.

Van der Putten, W. H., de Ruiter, P. C., Bezemer, T. M., Harvey, J. A., 
Wassen, M., & Wolters, V. (2004). Trophic interactions in a chang-
ing world. Basic and Applied Ecology, 5, 487–494.

Vigués, J., Norén, K., Wilkinson, C., Stroessel, M., Angerbjörn, A., & 
Dalerum, F. (2022). Abundance, predation and habitat associations 
of lemming winter nests in northern Sweden. Ecosphere, 13, e410.

Walther, G. R., Post, E., Convey, P., Menzel, A., Parmesan, C., Beebee, T. 
J. C., Fromentin, J. M., Hoegh-Guldberg, O., & Bairlein, F. (2002). 
Ecological responses to recent climate change. Nature, 416, 
389–395.

Woodward, G., Benstead, J. P., Beveridge, O. S., Blanchard, J., Brey, T., 
Brown, L. E., Cross, W. F., Friberg, N., Ings, T. C., Jacob, U., Jennings, 
S., Ledger, M. E., Milner, A. M., Montoya, J. M., O'Gorman, E., 
Olesen, J. M., Petchey, O. L., Pichler, D. E., … Yvon-Durocher, G. 
(2010). Ecological networks in a changing climate. Advances in 
Ecological Research, 42, 71–138.

Zimova, M., Mills, L. S., & Nowak, J. J. (2016). High fitness costs of cli-
mate change-induced camouflage mismatch. Ecology Letters, 19, 
299–307.

SUPPORTING INFORMATION
Additional supporting information can be found online in the 
Supporting Information section at the end of this article.

How to cite this article: Abrham, M., Norén, K., Bartolomé 
Filella, J., Angerbjörn, A., Lecomte, N., Pečnerová, P., Freire, 
S., & Dalerum, F. (2024). Properties of vertebrate predator–
prey networks in the high Arctic. Ecology and Evolution, 14, 
e11470. https://doi.org/10.1002/ece3.11470

https://birdsoftheworld.org
https://doi.org/10.1002/ece3.11470

	Properties of vertebrate predator–prey networks in the high Arctic
	Abstract
	1|INTRODUCTION
	2|MATERIALS AND METHODS
	2.1|Study area
	2.2|Sample collection
	2.3|Diet quantification
	2.4|Data analysis

	3|RESULTS
	3.1|Dietary composition
	3.2|Network complexity
	3.3|Interaction specialization
	3.4|Network nestedness and modularity

	4|DISCUSSION
	AUTHOR CONTRIBUTIONS
	ACKNOWLEDGMENTS
	FUNDING INFORMATION
	CONFLICT OF INTEREST STATEMENT
	DATA AVAILABILITY STATEMENT

	REFERENCES


