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Abstract

Introduction: Consumption of unhealthy foods in children contributes to high levels of
childhood obesity globally. In developing countries there is paucity of empirical studies on the
association. This study employed propensity-score methods to evaluate the effect of
unhealthy foods on overweight among children in Malawi using observational data.

Methods: Data on 4625 children aged 6 to 59 months from the 2015-16 Malawi Demographic
and Health Survey (MDHS) were analyzed. A multivariable logistic regression model of
unhealthy foods (yes or no) on purported confounders of childhood overweight was used to
obtain a child’s unhealthy food propensity score. The propensity scores were then used to
form matched sets of healthy and unhealthy fed children. The association between unhealthy
foods and childhood overweight was assessed using the conditional logistic regression model.

Results: The prevalence of overweight (body mass index (BMI) z-score>2 standard
deviations) was estimated at 4.5% (3.8%, 5.3%). The proportion of children who consumed
unhealthy foods was estimated at 14.6% (95% Cl: 13.1%, 16.2%). Our propensity score
matching achieved a balance in the distribution of the confounders between children in the
healthy and unhealthy food groups. Children fed unhealthy foods were significantly more
likely to be overweight than those fed healthy foods (OR = 2.5, 95% Cl: (1.2, 5.2)).

Conclusion: The findings suggest the adverse effects of unhealthy foods on childhood
overweight in Malawi. Thus, efforts to reduce unhealthy food consumption among children
should be implemented and supported to address the problem of childhood overweight in
Malawi and the sub-Saharan African region.
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Significance

Childhood overweight is an emerging public health issue in Sub-Saharan Africa. Sustaining
appropriate child feeding practices is a challenge in the region due to poverty and
urbanization children are fed ready-made processed foods. There is scarcity of randomized
controlled trials within the region that assess the impact of consumption of unhealthy foods
on childhood overweight/obesity. Most data available on feeding practices have used
observational studies. To determine the effect of consumption of unhealthy foods on
childhood overweight, we use propensity-score methods that balance potential confounders
for observational studies. Consumption of unhealthy foods had an adverse effect on
childhood overweight.

Introduction

The increase in the consumption of unhealthy diets, such as salty, sugary, and saturated fatty
foods, among children, has been associated with high childhood overweight/obesity levels in
sub-Saharan Africa (SSA) (Kalimbira & Gondwe, 2015; Biadgilign et al., 2017;Tuyet et al.,
2019). This has led to an increase in obesity-related health conditions such as type-2 diabetes
mellitus, cardiovascular disease, asthma, and respiratory diseases within the region (Sahoo et
al.,2015; Kansra et al., 2020). Globally, approximately 38 million under-five children were at
least overweight/obese in 2018, and a quarter was in sub-Saharan Africa (Biadgilign et al.,
2017; WHO, 2018). As regards child feeding practices, the World Health Organisation (WHO)
recommends feeding children aged 6 to 24 months appropriate complementary foods (World
Health Organization, 2008). This type of recommendation is often not sustained in low-
income countries, for example, in SSA, where the children are often fed food that is
commercially processed and has high energy content and low nutrients (Rousham et al.,
2022).

Previous studies and reviews have highlighted the inconclusive and conflicting evidence on
the effect of unhealthy food consumption on higher Body Mass Index (BMI) in children(English
et al., 2019; Pries, Filteau, et al., 2019; Pries, Rehman, et al., 2019; Min et al., 2021; Rousham
et al., 2022). Most of these studies have been conducted in high-income countries (English et
al.,, 2019; Pries, Filteau, et al.,, 2019) . Ascertaining a true effect of unhealthy foods on
childhood overweight would require a randomized controlled trial (RCT); however, this could
be subject to ethical issues. A recent systematic review and meta-analysis found only two
studies that were RCT (Rousham et al., 2022). In addition, for most of these observational
studies, the analysis was done using standard statistical techniques. Observational studies
could be challenging for evaluating effects due to the problem of confounder imbalance
between unhealthy and healthy food groups. Statistical methods that are used to balance the
confounders between the two food groups for these observational studies have been
developed (Austin, 2011; Rosenbaum & Rubin, 1983; Rubin & Thomas, 1996). In particular,
propensity-score based methods can be used to estimate the effect of treatment exposure
(unhealthy foods) on the outcome (childhood overweight). This study aimed to use the
Malawi Demographic and Health Survey (MDHS) data to assess the effect of unhealthy food
diets on childhood overweight using a covariate adjustment method based on the propensity
score.



Materials and methods
Study Data and Design

The data was obtained from the 2015-16 Malawi Demographic Health Survey (MDHS),
implemented by the National Statistical Office of Malawi in conjunction with the Ministry of
Health and Malawi’s Community Health Services Unit. The sampling procedure and design
can be obtained from the 2015-16 MDHS report (NSO, 2017). The study analyzed data on
4625 children aged 6 to 59 months for whom weight (in kilograms) and height (in centimeters)
were measured as per described in the 2015-16 MDHS report.

Childhood overweight and associated confounders

A child was categorized as overweight if his/her weight by height (body mass index) z-score
was above 2 standard deviations from the median of the reference child population (WHO,
2006). Our analysis excluded children who had missing or “Flagged cases” for the weight by
height z-scores. Covariates identified within the MDHS as potential confounders were
categorized as child or parent-related. These included the following: parent-related; maternal
education, mother’s age, antenatal visits, and mother’s employment status. Child-related;
history of diarrhea, whether a child had fever, household wealth, child’s age, sex of a child,
place of residence, and birth weight.

Child unhealthy foods

Following WHO/UNICEF (World Health Organization, 2008;World Health Organization, 2019),
a child is fed unhealthy foods if their diet contains the following food items: sugar-sweetened
foods and beverages such as juices, soft drinks (fizzy drinks), chocolates, sweets, pastries, and
cakes; foods with oils, butter, saturated fats; processed foods such as cheese, yogurt, and
other milk products.

Statistical methods

The propensity score was obtained as the probability of a child being fed unhealthy foods
given the measured confounders. This was done by fitting a multivariable logistic regression
on child unhealthy feeding (yes/no).We implemented the propensity score matching using
one-to-one matching (Gu & Rosenbaum, 1993; Austin & Mamdani 2006).The effect of
unhealthy foods on childhood overweight was estimated using a conditional logistic
regression model on the matched sample.

Results

Summary information about characteristics of feeding practices and prevalence of
overweight for the 4625 children aged 6—-59 months is presented in Table 1. Out of the 4625
children, 4.5% (95% Cl: (3.8%, 5.3)) were overweight. Of these, 764 children (15.6%) (95% Cl:
(14.1%, 17.4)) were fed unhealthy foods while 3861 (84.4%) were fed healthy foods. The
common dietary food given to the children was grain (12.1%) followed by legumes and nuts
(10.0%) and then diary (9.8%). Out of the 4625 children, 600 (12.5%) (95% Cl: (11.1%, 13.9))



children had sugar-sweetened foods and beverages and 243 (4.9%) (95% Cl: (4.1%, 5.9)) had
saturated fatty and oily foods.

Table 1. Characteristics of child feeding and overweight among the 5110 under-five children, 2015-16 MDHS

Characteristic Freq. Percent (95% CI)
Overweight 203 45% (38,33
Tvpe of complementary

Healthy 3861 844 (82.6, 85.9)
Unhealthy 764 156 (14.1.17.4)
Tvpe of food

Diary 441 08 (86,11.2)
Grain 357 121 (10.8,13.5)
Legumes and nuts 497 100 (8.7, 11.5)
Meat 314 66 (5.7,7.6)
Egps 142 30 (24,39
Fruits and vegetables 4 14 (0.9,2.3)
Sugar-sweetened food and

beverages

Yes 600 125 (11.1,13.9))
No 4025 875 (86.1, 88.9)
Fatty and oily foods

Yes 243 409 (4.1,5.9)
No 4382 051 (94.1, 96)

Freq - Frequency; 95% Cl — 95% Confidence Interval
Propensity score estimation

We modelled the probability of unhealthy feeding by a child as a function of potential
confounders namely, mother’s age, child’s age, child’s sex, household wealth, mother’s
education, antenatal care visits, place of residence, birth weight, history of diarrhoea,
mother’s employment status and whether a child had fever. The results of the association
between the confounders and log odds of eating unhealthy foods are presented in Table 2. In
the univariate analysis, a child’s age (25-59 months) (Coef.=-2.11, 95% Cl: -2.3, -1.9), rural
residence (Coef.=-0.8, 95% Cl:-1.1,-0.4); a mother’s secondary/post-secondary education
(Coef.=0.7, 95% Cl:0.2, 1.2); antenatal visits (2—3 times) (Coef.=0.8, 95% Cl:0.5, 1.3), (4 visits
and above) (Coef.=0.7, 95% Cl:0.4, 1.2); children who had diarrhea (Coef.=0.6, 95% Cl:0.4,
0.8), and children with mothers who were rich (Coef.=0.4, 95% Cl: 0.2, 0.7) were associated
with unhealthy feeding. For the multivariate analysis, children aged 25-59 months, children
with mothers who had secondary or post-secondary education and those from rich families
were more likely to have unhealthy foods. While children residing in rural areas were less
likely to have been given unhealthy foods.



Table 2. Association (on log-odds scale) between diet type and confounders of obesity, 2015-16 MDHS

Variable Frequency Univariate Coef (95% CI) Adjusted
Coef. (95% CI)

Residence

Urban 740 (12.8%) ref ref

Rural 3885 (87.2%) -0.76(-1.1,-0.4) -0.59 (-1.0, -0.1)

Mother’s Education

None 580 (13.1%) ref ref

Primary 3018 (66.0%) 0.18(-0.2,0.6) -0.1(-0.5,04)

Secondary/Post-Secondary 1027 (20.9%) 0.70¢0.2,1.2) 0.36(-0.2,0.9)

Had diarrhoea last 2 weeks

No 3631 (78.5%) ref ref

Yes 004 (21.5%) 0.60(0.4.0.8) 02¢-01,04)

Wealth

Poor 2045 (47.2%) ref ref

Medium 004 (19.2%) 0.20¢-0.1, 0.5) 0.18(-0.2,05)

Rich 1676 (33.6%) 0.44(0.2,0.7) 0.36(0.1,0.7)

Mothers age

15-24 vears 1636(36.6%) 1.00 ref

25-34 vears 2103 (45.1%) -0.3(-0.5, -0.02) -0.1(-0.40, 0.2)

3549 years 886 (18.3%) -0.3(-0.6,0.1) 0.1(-0.3.0.5)

Child’s age

6-24 months 1682 (35.8%) ref ref

25-59 months 2043 (64.3%) 21(-23,-19) 1.95(1.6.2.4)

Antenatal visits

0-1 137 (4.0%) ref ref

2-3 1603 (44.3%) 0.8(0.5.1.3) 0.1(-0.5,0.7

4 above 1868 (51.7%) 0.7(0.4.1.2) 0.1(-0.5,0.7

Birth weight

Normal weight 4176 (90.2%) ref ref

Low birth weight 449 (9.8%) -0.2(-0.6,0.2) -0.04(-0.5,0.4)

Fever

No 3200 (68.7%) ref ref

Yes 1416 (31.3%) 0.2¢-0.03.0.4) 0.3(-0.01.0.5)

Mother’s employment

Not emploved 1330 (28.0%) ref Ref

Employed 3205 (72.0%) -0.1(-0.4,0.2) 0.07(-0.2.0.4)

Sex of child

Male 2275 (48.3%) ref Ref

Female 2350 (51.7%) -0.02(-0.2, 0.2) 0.05(-0.2.0.3)

Coef - Coefficient, 95% Cl- 95% Confidence Interval

The Hosmer and Lemeshow goodness-of-fit test was performed to check if the propensity score
model fit the data well. A p-value of 0.4719 was obtained indicating that the model fit the
data reasonably well. Besides, a classification accuracy analysis test was done to check the
percentage of children correctly specified into the unhealthy fed group. We observed that
92.1% of the children were correctly specified to either unhealthy feeding or not. The
propensity of a child being fed unhealthy food was then calculated from the estimates
obtained from the fitted multivariable logistic regression model.



Table 3. Distribution of characteristics before and after matching

Before Matching After Matching
Unhealthy (n=764) Healthy Unhealthy (n=584) Healthy (n =584)
(n=3861)
Characteristic N (%) N (%) p-value N (%) N (%) p-valoe®
Age of child
6-24 months 501(76.2) 1091(28.3) 434(74.3) 416(71.2)
25-59 months 173(23.8) 2770717y =0.001 130025.7) 168(28.8) 0.483
Sex of child
Male 382(48.9) 18093(48.2) 202(48.1) 202(49.6)
Female 382(51.1) 1968(51.8)  0.775 292(51.9) 292(50.4) 0.359
Residence
Urban 162(21.4) 578(11.3) 135(22.3) 128(20.4)
Rural 602(78.6) 3283(887) <0001  449(773) 456(79.7) 0.882
Mothers® Education
None 72(10.49) 508(13.8) 51(9.5) 38(6.3)
Primary 472(60.3) 2546(66.9) 351(59.2) 365(64.1)
Secondary & Post-Secondary 220(29.3) 807(19.3) <0.001 182(31.4) 181(29.7) 0.783
History of diarrhoea
No 533(68.9) 3088(79.2) 362(60.6) 361(60.8)
Yes 231(31.0) 763(20.8) <0.001  222(39.4) 223(39.2) 0.353
Birth weight
Normal weight 700(91.8) 3476(89.9) 553(91.3) 544(93.9)
Low birth weight 64(8.2) 385(10.1) 0237 31(8.7) 40(6.1) 0.117
Wealth
Poor 287404 1758(48.7) 209(39.3) 218(40.7)
Medium 149(18.7) 755(19.1) 112(19.0) 114(17.0)
Rich 328(40.8) 1348(32.3)  0.004 263(41.7) 252(42.3) 0311
Had Fever
No 503 (65.2) 2706 (69.3) 355 (59.0) 347(57.7)
Yes 261 (34.8) 1155 (30.7)  0.084 229 (41.0) 237 (42.3) 0.052
Mother’s Employment status
Not employed 218(29.7) 1112(27.7) 168 (29.6) 168 (26.6)
Employed 546 (70.3) 2749(72.3) 0481 416 (70.4) 416 (73.4) 0.572
Maternal Age
15-24 years 337(41.5) 1299(34.2) 269 (44.5) 269 (47.0)
25-34 years 319(42.1) 1784{46.4) 235(40.1) 233(39.7)
35-49 years 108(16.4) T78(19.4) 0.036 80 (15.4) 82(13.3) 0.071

i) * p-values calculated using McNemar’s test for dichotomous variables and Marginal homogeneity test for covariates
with more than two categories for n=275

ii) N - Number (frequency)

i) p - p-value

Distribution of confounders and balance assessment

Table 3 presents the distribution of the studied confounder variables before and after
matching. Before matching the children based on their propensity scores, we assessed the
balance of the confounders between the feeding groups. Out of the 4625 children, 764 were
fed unhealthy foods, and 3861 were fed healthy foods. Of the 764 children given unhealthy
foods, 382 (48.9%) of the males were fed unhealthy foods, while 1893 (48.2%) males were
fed healthy foods. Out of the 4625 children, 162 (21.4%) from the urban areas were fed
unhealthy foods, while 11.3% were fed healthy foods. Most children aged 6—-24 months were
fed unhealthy foods (76.2%), while 28.3% were fed healthy foods. Of the children from rich
households, 40.8% were fed unhealthy foods, and 32.3% had healthy foods. For children who



had mothers with secondary or post-secondary education, 29.3% had unhealthy foods, and
19.3% had healthy foods. Place of residence, child’s age, household wealth index, mothers’
educational status, history of diarrhea, and mothers’ age were distributed differently
between children who had unhealthy and healthy foods (P < 0.05), see Table 3. We further
assessed the systematic differences of the confounders using an absolute standardized
difference. A standardized difference of 0.1 (10%) was used to denote meaningful balance
between children given unhealthy and healthy foods across the measured confounders
(Normand et al., 2001; Austin, 2009).The absolute value of the standardized difference of the
covariates before matching was greater than 0.1 for mother’s education, child’s age, mother’s
age (35 years above), place of residence, mother’s wealth status, antenatal visits (4 times
above) and if a child had diarrhea.

We performed both the one-to-one (1:1) and the four-to-one (4:1) nearest neighbor matching
algorithm with an acceptable difference between the scores of 0.2. A comparison of the
matching algorithms between the groups was done and the 4:1 matching algorithm did not
produce better balance between the scores as compared to the 1:1 matching. The analysis
was done using the matched sample obtained using the 1:1 matching algorithm.

We assessed the balance on the matched sample by checking that there was no difference
between the exposure groups across the observed confounders using a McNemar’s Bowker’s
test for categorical variables (Bowker, 1948). After PS matching on the confounders, 584
children who had unhealthy foods were matched to 584 children given unhealthy foods. We
analyzed the matched sample to assess the difference in baseline characteristics as shown in
Table 3. No significant difference was observed in the covariates between children given
unhealthy foods and those given healthy foods. Furthermore, the absolute standardized
difference were less than 0.1 implying homogeneity in the distribution of all the covariates
between children who had unhealthy foods and those who had healthy foods (P > 0.05) in the
matched sample, see Table 4.



Table 4. Absolute Standard Differences and p-values Before and After Matching

Before After
Confounders Abs. Std. p-values Abs. 5td. p-val-
Difference Difference ues
Sex of a child
Male n.01% 0.624 0.000 1.000
Female n.01% 0.624 0.000 1.000
Mothers® education
None 0.127 0.008 0.084 0.153
Primary 0.100 0.028 0.049 0.400
Secondary/ 0.199 <0.001 0.004 0.950
Post-Second-
ary
Child*s age
6—24 months  1.130 <0.001 0.010 0.161
25-3% months 1.130 <0.001 0.000 1.000
Reszidence
Urban 0.176 <0.001 0.029 0.624
Rural 0.176 <0.001 0.029 0.624
Had diarrhoea
No 0.341 <0.001 0.004 0952
Yez 0.341 <0.001 0.004 0952
Fever
No 0.127 0.004 0.028 0.633
ez 0.127 0.004 0.028 0.633
Wealth
Poor 0.159 0.001 0.032 0.383
Medium 0.010 0824 0.002 0882
Rich 0.166 <0.001 0.03g 0.517
Mothers® age
15-24 vears 0.263 <0.001 0.000 1.000
2534 vears 0.113 0.024 0.007 0.903
33 years 0.190 <0.001 0.010 0.856
ahove
Birth weight
Low birth 0.026 0.174 0.070 0231
weight
Normal birth  0.026 0.174 0.070 0231
welght
Mother’s
Employment
status
Not employed 0.006 0882 0.000 1.000
Emploved 0.006 0882 0.000 1.000
Antenatal visit
(-1 times 0.00% 0845 0.206 0.257
2-3 times 0.002 0.961 0.047 0.724
4 above 0.006 0.902 0.033 0.953

Abs. Std. Diff - Absolute Standardized Differences



Estimation of unhealthy effect on childhood overweight

For the unmatched sample, the ordinary logistic regression model was used to assess the
association between unhealthy feeding and childhood overweight, accounting for the
potential confounders. As shown in Table 5, the effect of unhealthy foods on childhood
overweight was not significant ((OR = 1.0, 95% Cl: (0.6, 1.8)).

Table 5. Association between unhealthy feeding and overweight before matching

Characteriztics Orverweight for height
OR (95% CI)

Type of foods

Healthy 1.00

Unhealthy 1.0 (0.6, 1.8)

Gender

Male 1.00

Female 07005, 1.1)

Mothers® education

MNone 1.00

Primary DE(3,21)

Secondary/Post-Secondary 05002, 1.5

Child’s age

6—24 months 1.00

23-59 months 0.5003,09)

Eezidence

Urban 1.00

Foural 22(1.1,43

Had diarrhoea

No 1.00

Tez 0.4003,08)

Fever

No 1.00

Tez 0.6004,1.00

Wealth

Poor 1.00

Medium 1.2(0.7,22)

Rich 16008, 27

Mothers' age

15-24 vears 1.00

25-34 vears 1.200.7, 200

33 years above 06003, 14

Birth weight

Low birth weight 1.00

MNermal birth weight 1.5 (0.6, 400

Mother's Employment status

Mot emploved 1.00

Emploved 1.0 (0.6, 1.5)

Antenatal visit

(-1 times 1.00

2-3 times 05002, 1.1)

4 ahove 05002, 12




Table 6. The effect of unhealthy foods on childhood obesity, Malawi 2015-16

Indicators Overall Urban FEural

OR (95% OR OR
Conf. Int) (95% (95%

Conf. Conf.

Int) Int)
Overweight 25(1.2,5.2034(07,22

167y (1.0,

£
JoL

i) The odds ratio and 95% confidence interval were obtained by the conditional logistic regression analyses (n=368)
ii) AOR - Adjusted odds ratio

iii) Approp. - Appropriately complementary fed

iv) OR - Odds ratio

v) Conf.Int - Confidence Interval

However, in using the propensity score matching methods, a child fed unhealthy foods was
more likely to be overweight (OR = 2.5, 95% Cl: (1.2, 5.2)) compared to those who had healthy
foods. Children in urban areas who were fed unhealthy foods were significantly more likely
to be overweight (OR=3.4, 95% Cl: (0.7, 16.7)). However, this was not the case for rural
children (OR = 2.2, 95% ClI: (1.0, 5.2)), (Table 6). A number of variables had missing data. We
performed basic imputations and re-run the analysis. The estimated effects of unhealthy
foods were hardly affected.

Sensitivity analysis

In the application of the propensity score matching, there is a need to consider the possible
influence of unmeasured confounders on the estimated effects (Rosenbaum, 2005;
Rosenbaum & Small, 2017). This was done using the Mantel Haenszel’s sensitivity test (Aakvik,
2001; Rosenbaum, 2005)). We found that possibility of unmeasured confounders would not
greatly affect the estimated effect of unhealthy foods on child overweight.

Breastfeeding duration is an important confounder of child feeding and growth (Martin,
2001; Haider & Saha, 2016; Lang Morovi¢ & Musi¢ Milanovié, 2019). Thus, we also re-run the
analyses for only children with breastfeeding duration. There was no major differences in the
estimation of the effect between unhealthy foods and childhood overweight.

Discussion

Childhood overweight is an emerging public health problem in SSA, where most children are
given unhealthy food. Evidence on the impact of unhealthy foods on childhood overweight is
conflicting due to the paucity of RCTs within the region. This study used observational data to
determine the association between the consumption of unhealthy foods and childhood
overweight in Malawi. The propensity score matching was used to balance the confounder
distribution between children fed unhealthy foods and those fed healthy foods. Multivariate
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logistic regression was used to model a child’s dietary food as a function of measured
confounders to obtain the propensity of eating unhealthy foods using the 2015-16 MDHS. The
results showed that children fed unhealthy foods were more likely to be overweight than
those provided healthy foods.

Several studies have also found a significant impact of consuming unhealthy snacks and sugar-
sweetened beverages on childhood overweight (O’Connor et al., 2006; Jimenez-Cruz et al.,
2010). On the contrary, some studies have found no association between consuming foods
high in fats, sugars, and unprocessed and being overweight among children aged 6 to 23
months, particularly among countries with a low prevalence of childhood overweight (Budree
et al., 2017; Pries, Filteau, et al., 2019). The possible reason for these differences might be
different feeding practices among under-five children by country, differences in
socioeconomic status, cultural differences in feeding preferences, and different nutrition
assessment methods (Min et al., 2021; Otitoola et al., 2021).

Malawi has programs such as the Malawi National Multi-Sector Nutrition Policy 20182022
that ensure that under-five-year-old children have optimal feeding (Ministry of Health,
Malawi, 2018). However, the implementation and adoption of these policies tend to be
challenging among the poor and rural households. The lack of access to quality healthy foods
among the poor and with the rise in urbanization, children are mostly fed locally-made
processed foods, which are a major source of unhealthy eating (Kalimbira & Gondwe, 2015;
Casari et al., 2022). Evidence from this study support recent alarms made by public health
specialist on the growing prevalence of unhealthy eating which is resulting in high childhood
overweight in SSA. There is a need to intensify interventions that promote appropriate child
feeding practices in Malawi and the region and to ensure the uptake of the guidelines at all
socio-economic levels.

Findings in this study are subject to constraint in that there was no temporal association
between unhealthy feeding and being overweight. Even though we did not have temporality,
our study provides more robust findings than other studies that have used observational
studies because we used covariate adjustment methods based on the propensity score. There
is a possibility that other unmeasured factors would have to be controlled in terms of the
propensity score matching. However, our sensitivity analysis showed that the estimated
effect could not have been affected by the unmeasured factors. Another limitation was that
unhealthy foods were based on self-reported information and a 24-hour recall of the type of
dietary food a child was given which may result in recall bias.

Conclusions
The findings from this study revealed the adverse effect of unhealthy feeding on child
overweight. Child feeding interventions in sub-Saharan African should been encouraged and

supported to reduce the consumption of unhealthy foods to address the problem of child
overweight in the region.
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