Some models and their nonstandard
discretizations for honey bee (Apis mellifera L.)
colony population dynamics

by

Mataeli Belina Lerata

Submitted in partial fulfillment of the requirements for the degree

Master of Science
in the Department of Mathematics and Applied Mathematics
in the Faculty of Natural and agricultural Sciences

University of Pretoria

Pretoria

April 2019



Declaration

I, the undersigned, hereby declare that the dissertation submitted herewith for the
degree Master of Science to the University of Pretoria contains my own, independent

work and has not been submitted for any degree at any other university.

Signature: .........cccccccevennns
Name: Mataeli Belina Lerata

Date: April 2019



Acknowledgments

First and foremost, I am indebted to my supervisor, Professor Jean M-S Lubuma,
for giving me this great opportunity to work under his supervision. I like to thank
him for the time he dedicated to direct and provide constructive corrections and
comments throughout the journey of my study. My gratitude are on to his patience

and helpful guidance, inspiring suggestions and heartily encouragements.

I would like to express my sincere gratitude to Doctor Abdullahi A. Yusuf, my co-
supervisor, for introducing me to the theory of honey bees (fascinating insects). I
would like to thank him for his prompt responses to my questions and queries, and
more so for his inspiration, patience and constructive suggestions and corrections.

His remarkable knowledge and passion of honey bees inspired me most.

I would like to profoundly thank Doctor Yibelta Terefe, Nthati Masupha and [tume-
leng Mokhachane for their willingness to proofread this dissertation. More specifi-
cally for their comments, corrections and suggestions that enhanced this work. I like
to direct my earnest thanks to Professor Michael Chapwanya for his prompt response
regarding our numerical simulations. Thanks are further directed to Biomath team
for amazing discussions that improved of this work. Mrs. ’Maphamoli Lekoetje
deserves my hearty thanks for her amazing support throughout my study. I thank
also the 3 anonymous examiners for their corrections and suggestions towards the
improvement of this work. I am grateful to my husband, Motebang Nts’amo, for
always standing by me with hope, strength, patience, love and above all for encour-
aging and supporting me to continue with my studies. Finally, I like to thank my

children, Bohlokoa and Bokang, for their love.

I gratefully acknowledge DST/NRF SARChi Chair in Mathematical Models and

Methods in Bioengineering and Biosciences for the financial support.



Abstract

This dissertation focuses on two mathematical models to study biologically, theoret-
ically and computationally the alarming declines of the colony population of honey

bees, specifically the Colony Collapse Disorder (CCD) and capensis calamity (cc).

A comprehensive description of honey bees as model organisms is provided with the
aim of understanding and elaborating the assumptions that are made in order to

formulate the two models.

The first model is due to Khoury, Meyerscough and Barron [43]. Assuming that
the rate at which the maximum eclosion is approached is sufficiently large, we have
established the following result: There exists a critical value, m., of the foragers
mortality rate, m, which is a transcritical bifurcation. More precisely, the CCD
occurs for m > m, in the sense that the trivial equilibrium point, (0,0), is globally
asymptotically stable (GAS) for such large values of the mortality rate. If m < m,,
the colony is healthy in the sense that a new interior equilibrium point which is GAS

is born , while the trivial equilibrium point is unstable.

In the second step, we propose a social parasite (SP) model which is characterized
by a low recruitment rate of the host population. We prove that the cc occurs in

the sense that the total population of the host decays to zero.

We design nonstandard finite difference (NSFD) schemes that preserve the stability
properties of the two continuous models including the CCD and cc phenomena. The
faster decline in the SP setting is demonstrated theoretically for the NSFD scheme.

Numerical simulations are provided to support the theory.
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Chapter 1

Introduction

In our daily lives, reference to the word honey is made to reflect a state of happi-
ness, joy and comfort. Some of the most famous expressions include, “to go or be
on honeymoon”, and “the promised land flowing with milk and honey”. Saint John
Chrysostom goes deeper and hits the nail on the head when he says bees are more
honored than other animals, not because they labor, but because they labor for oth-
ers. This is because, among other pollinators, bees work to ensure food security and
nutrition, maintain biodiversity as well as vibrant ecosystems for plants, humans,

animals and bees themselves [31].

Bees and the environment

Bees belong to the class Insecta (insects), phylum (Arthropod) in the kingdom of
Animalia, group Aculeate and of order Hymenoptera. It is estimated that there
are about 20 000 species of bees globally and 3000 of them are found in Africa [40].
Bees can be either solitary with one female in a nest, semi-social with more than one
adult that take care of the nest or eusocial with distinct castes and a well organized
division of labor like in stingless and honey bees [40]. Bees effectively pollinate
plants as they visit flowers to collect pollen and nectar which they use as food for

themselves [40, 101].



Classification of bees

Bees are categorized into 7 families, namely; Colletidae, Stenotritidae, Andrenidae,
Halictidae, Apidae, Megachillidae and Melittidae [28,40,81]. This classification is
biologically based either on the type of nest they occupy, their colony organization
or the way they collect pollen and nectar. Based on their nesting behavior, bees are

further grouped into the following types [40]:

e soil tunneling bees- nests occur in distinct soil types, or termite mounds

depending on the species.
e plant tunnel nester- they nest in dead plants (Fig 1.1(B)).
e mud and resin daubers- build nests of mud, sand or plants resin.

e leafcutters bees- they construct their nest in wood or ground tunnels (see

Fig 1.1(D)).
e carder bees- they use grass seeds to construct their nests.
e cavity nesters- their nests are in cavities in the ground (see Fig 1.1(A)).

e honey bees- they either build their nests in ground cavities, or hollow trees,

or in rocks crevices or under rocks.

Figure 1.1: Different types of bee nests [100].



The features of the bee families mentioned above are described below. Our main
references are [28,40, 81].

Family Colletidae

Members in this family are short-tongued bees that secrete a plastic-like substance
used to construct their nest. They nest under ground or in hollow twigs. Some
subfamilies lack an external pollen carrying apparatus, as a result they carry pollen
inside their crops.

Family Andrenidae

This is a family of mining bees that nest and burrow in the soil. Most species in
this family do not sting, have short-tongues and are characterized by the presence
of two subantennal suture. The females carry pollen on their hind legs.

Family Halictidae

They are called “sweat” bees. This family is the largest amongst the short-tongued
bees. Possession of a single subantennal suture is their distinguishing feature. De-
pending on the species, members nest either in soil or wood. The family comprises
of both social, solitary and cleptoparasitic bees (the ones that lay eggs in the nest
of other species and steal the nest provisions of others because females do not carry
pollen at all).

Family Melittidae

Members are short-tongued bees with one subantennal suture. They nest in dry
regions. In addition to pollen harvesting, they also harvest oils from plants. They
feed their larvae with the mixture of pollen and plant oils.

Family Megachilidae

These are the long-tongued bees. This family displays various types of nest con-
structing behavior. It comprises of carder bees, mason bees, leaf-cutters, and resin
bees. Megachilid have no corbicula (pollen collecting structure), hence they collect
pollen using the seta on their abdomen.

Family Stenotritidae

This family is only found in Australia and comprises of solitary bees that are large
in size and fly very fast. They secrete plastic-like substance and build their nests in

borrows. Their larvae are fed pollen and nectar.



Family Apidae

This is the family of the long-tongued bees. Depending on species, they nest in
wood, tunnels or use existing cavities. Although most members are solitary bees,
there are also social and eusocial bees. Members includes, honey, bumble, digger,

squash, and carpenter bees.

Honey bees (Apis mellifera L.)

In this dissertation, the main interest is on Apis mellifera L. (honey-bearing) West-
ern bees that belong to the family Apidae. There are about 24 races of Apis mellifera
that are recognized by taxonomists of which about 10-12 of them occur in Africa
and two are found in South Africa [40]. Figure 1.2 shows the distribution of Apis
mellifera races in Africa and Europe. Races of Apis mellifera are categorized into
four groups of genetic lineage, namely A (African), O (Eastern), C (European) and
M (West European) groups [75]. A.m. capensis Escholtz (Cape honey bee) and
A.m. scutellata Lepelerier (Savannah honey bee) races, which are the subject of

this study, are found in South Africa and fall under the A lineage.
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Figure 1.2: Distribution of Apis mellifera across Africa and Europe as modified

from [37].



In addition to genetic variation among lineages, races of Apis mellifera are further
classified according to their ability to adapt to climate. That is from temperate to
tropical weather conditions and from high rainfall regions to semi-deserts [40]. The

classification (taken from [37,40]) is described as:

1. Temperate races: These races of Apis mellifera are able to survive winter
temperature. They do not rear brood in winter and are large in size because
they accumulate more proteins and fats which they use during the idle winter

period.

2. Tropical races: These races comprise of the smaller populations that grow
faster due to shorter developmental time. They either nest in cavities, bushes
or underground. All races of Apis mellifera found in Africa (called African
races) belong to this group. African races: The 10 Apis mellifera races
found in Africa as shown in Fig 1.2 [40] occur in different vegetative zone on
the continent [40,75]. For instance: A.m. capensis is endemic to the cape
floristic region of Southern Africa. A.m. scutellata has the widest distribution
with ranges from the northern parts of South Africa up to the low lands of
Eastern Africa (Fig 1.2). A.m. adansomii that is found in central and west
Africa has the second widest distribution while A.m. monticola is found in
the mountains of east Africa and A.m. wunicolor on the islands of Madagascar.
A.m. litorea in the east coast of the continent, A.m. intemissa occurs in the
north, A.m. sahariensis is found in Atlas mountain ranges, A.m. lamarckii is

distributed along the Nile river [75] (Fig 1.2).

In general, the classification of African races is based on natural zones of hybridiza-
tion and introgression, the seasonal cycles of development, the swarming, migration

and absconding, and the analysis of the bee flora of the continent [37].

Honey bees and their importance

Honey bees are essential to man and his environment through services they provide
directly or indirectly. The importance of honey bees can not be overemphasized for

two main reasons described below.



e Ecosystem services: Honey bees play an important role in the ecosystem
since they pollinate many plant species [91]. Because of the unique and crucial
part they play in tropical ecosystems [91], bees from the Apidae family (honey,
bumble, stingless bees, etc) are regarded as major pollinators in agricultural
globally [1]. Thus, honey bees are viewed as keystone pollinators in ecosys-
tem. Because for an ecosystem to function properly in terms of facilitating
both plant and animal diversity, there is a critical need for pollination [91].
On one hand, flowering plant species need pollinators to transport pollen from
anthers to their stigma or the stigma of other plants so that fertilization, that
leads to development and maturity of fruits and seeds, can take place [91].
Pollination is very important in agriculture since it assists in the production
of food and increasing crop yields. Although there are other insect and non-
insect pollinators, honey bees are said to contribute approximately 9.5% to the
global agriculture pollination [33]. The Western honey bees, Apis mellifera,
contribute about USD 215 billion globally to ecosystem (specifically pollina-
tion) [86]. To carryout the ecosystem service of pollinating agricultural crops,
managed honey bees are used as mobile pollinators in that they are moved
from one place to another so they can pollinate crops where need arises [86].
Out of 300 crops grown globally, insects are said to pollinate about 80% [4].
This value, in agriculture is worth about USD 194 billion per year globally [6].
Both wild and managed honey bees are responsible for pollinating about 33%
of crops [46]. This is why experts say “one of every three bites of our food

depends on bees” [11].

e Honey bee hive products: Honey bee hive products are the basis for a
multi-million dollar commercial industry globally [91], one of the reasons why
humans have succeeded in partially domesticating them. These hive products
includes honey, beeswax, propolis and royal jelly. In what follows, a brief
description on how each of the hive-products is produced, used by both honey
bees and humans is given. We start with honey, a sweet substance that honey
bee workers produce. To produce honey, workers use their tube-shaped tongue

to suck nectar (which is composed of water and sugars) from flowering plants as



they forage [101]. They store it (nectar) in their honey crop (honey stomach)
and fly back to the hive. As they get to the hive, they regurgitate the nectar
and pass it to other workers in the hive who mix it with enzymes so as to
break the sugar contents and extracting water from the nectar, leaving a thick
syrup (called honey) that they store in honeycomb cells [45,101]. Honey bees
use honey as food for the hive during seasons when flowers have little or no
nectar [101]. Humans use honey for medications such as cough drops and
wound salves [48]. Honey is used as a food nutrient since it is a good source
of energy [64] and as a replacement for sugar. It should be noted that one
worker produces % of teaspoon for their lifetime which is achieved after 800km
of trip [11]. Thus, 12 workers are needed to produce one tablespoon full of
honey. In European honey bees, a colony harvests approximately 240 kg of
nectar and produces about 60 kg of honey per year [93] while African honey
bees produce 15 kg of honey per season [87]. It should be noted that the
amount of honey produced by the colony is influenced by factors such as the
quantity and quality of nectar flow, laying rate of queen, pests and diseases in
the hive and others [87]. Honey is often referred to as golden syrup because
of health benefits associated with it to both honey bees and humans. The
market value of honey is more expensive than oil and its demand is increasing
globally [38]. In 2017, the total value of natural honey exported globally was
USD 2.4 billion which is about 5% less compared to 2016 [103] . Table 1.1 below
shows the top ten countries that imported natural honey in 2017, an estimated
value of honey imported together with percentage [104]. Table 1.2 below shows
the amount of natural honey produced in South Africa from the year 2013 to

2017 as recorded by Food and Agricultural Organization (FAO) [32].



Table 1.1: The top ten countries that imported natural honey in 2017, edited from
[104].

Country Amount (in million USD) | ratio (in %)
United States 568.8 24.4
Germany 281.9 12.1
Japan 143 6.1
United Kingdom | 130.7 5.6
France 130.5 2.6
China 91.2 3.9
Italy 81.3 3.5
Belgium 79.7 3.4
Spain 76.8 3.3
Saudi Arabia 66.1 2.8

Table 1.2: The amount (in tonnes) of natural honey produced in South Africa from

2013 - 2017, edited from [32].

Year | Amount (in tonnes)
2017 | 1088
2016 | 1087
2015 | 1087
2014 | 1087
2013 | 1086

Honey bee wax or simply beeswax is a complex lipid that honey bee workers
secrete from their wax-glands [101]. This wax consists mainly of hydrocarbons,
monoesters, diesters, hydroxy polyesters and free acids [45,93]. Workers use
beewax to construct their nests and comb cells (where they raise brood and
store pollen and honey). Humans have originally used beewax to make church

candles [20]. Nowadays, beeswax is used in many products such as coating
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pills in pharmaceutical industries, production of cosmetics like baby products

and fragrances [64].

Royal jelly is a milky-substance which honey bee workers secrete from their
hypopharangeal glands that are situated in the hypopharyx [45]. The workers
use royal jelly to feed the brood at the larva stage. It is known that royal jelly
is a designer-diet in the hive amongst the queen and the worker [93] because if
workers in the hive want to raise a new queen due to various reasons such as,
when the queen of the colony has left or the laying rate of the current queen
has decreased. Then the workers feed the larva in the queen cell (honeycomb
cell that look like a tea cup) more royal jelly than larvae in the other comb
cells [45,93]. Royal jelly provides bee larvae with an immunity against bac-
teria infection [93]. Humans mostly use royal jelly in anti-aging and wrinkle
prevention creams [64]. It has been reported that long term consumption of

royal jelly by humans does improve mental health and formation of red blood

cells [60].

Propolis is made up of sticky resin collected by honey bee workers from trees
and other botanical sources which is mixed with their saliva to produce propo-
lis, known also as bee glue [45]. Workers use this glue as a sealant to close open
spaces in the hive to protect the hive from rain, cold and diseases, to inhibit
fungal, bacteria growth and parasites [101]. On the other hand, humans use

propolis for the cure of dental cavities and in the production of cosmetics [64].

Therefore, beekeeping can be viewed as a conservation and poverty alleviation tool,

which can be used to empower communities to boost economy.

Challenges facing beekeeping

In the past decades, beekeepers have witnessed an increase in colony losses globally
through phenomena known as Colony Collapse Disorder (CCD) which could not be
associated with any pathogen or pests. But the result of interactions between pests,

pathogens and pesticides [61]. Losses credited to CCD are in the range of 1.8% to



85% of total managed honey bee colonies [68]. In the case where the colony has
fully collapsed, CCD is characterized by either the presence of food stores (pollen
and honey), capped brood and no adult bees in the colony, with little or no build
up of dead bees inside or in front of the colony. However, where the colony appears
to be actively collapsing, there are few workers to maintain the present brood and
the queen [43,51]. Recent reports have revealed that pests, diseases, global honey
trade and improper beekeeping management practices have contributed significantly

towards colony losses [61,68,86].

In 2006, honey bee colony failures were reported globally [43], with South Africa
reporting about 46.2% of colony loses in 2011 [74]. In this regard, we can mention
the so-called capensis calamity (cc), which has, and is still causing great losses
(up to 80%) of managed A.m. scutellata in the northern parts of South Africa
[74]. In the process of writing this dissertation, it was reported that beekeepers
were experiencing a massive loss of honey bees in the Cape region of South Africa.
Thousands of bees along the Cape peninsula were reported dying where the cause of
the death was assumed to be the poisonous insecticide from agricultural farming [71].
Without pollination in South Africa, it is estimated that about USD 700 billion per
year of fruit export industry would be negatively affected while in seed production,
between USD 5 and USD 6 million per year will decline [13]. It has been confirmed
that there will be a miserable future without honey bees, and we were reminded of
the price that we would pay due to the rapid loss of biodiversity and honey bees
in particular which “could be the herald of a permanently diminishing planet” [98].
Thus, there has been significant concern over declines and losses of managed honey
bee colonies due to their role as keystone pollinators of crops concurrent with existing
concern regarding global pollinator declines [86]. Hence it is important to study

honey bee population dynamics.

The purpose of the work

The general purpose of this work is to study the dynamics of honey bee population

within a colony from the modeling, theoretical and computational point of view,
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specifically in the setting of the observed biological phenomenon of colony declines.

The interest and involvement in this fascinating topic of colony population dynamics
of honey bees started in my honors project [50]. The purpose of the project was to

understand as much as possible the fundamental paper [43] on this topic.

The specific purpose of this dissertation is four-fold.

1. Firstly, to provide a comprehensive description of honey bees as model organ-
isms including their morphology, reproduction system, life cycle, division of
labor and life span. We also focus on the biology behind honey bee races in
South Africa, specifically the social parasite scenario as well as the cause(s)

and symptoms of the capensis calamity.

2. Secondly, to build on the honors project [50] for a much better understanding
of the paper [43]. More precisely:

(a) Thanks to the comprehensive biology of honey bees provided on the dis-
sertation, we add, adjust, enhance and interpret the assumptions made

in the formulation of the model (KMB) in [43].

(b) Provide details and proofs for the quantitative and qualitative results

stated in [43] including global asymptotic stability results.

3. Thirdly, to improve the social parasite (SP) model that was proposed in [50]

and do careful analysis that explains the capensis calamity in South Africa.

4. Lastly, to construct nonstandard finite difference (NSFD) schemes that are
dynamically consistent with the KMB and SP models.

The tools used are fundamental results on continuous and discrete dynamical sys-
tems. These includes Gronwall inequality, Hartman-Grobman theorem, Lyapunov
direct method and LaSalle invariance principle. Since our continuous models are
two-dimensional dynamical systems, we also use the Poincaré-Bendixon theorem as
well as the Dulac criterion. Note that these results (Poincaré-Bendixson theorem

and Dulac criterion) apply neither to continuous dynamical system of dimension

11



greater than two nor to discrete dynamical systems. We use Wolfram Mathematica

software for numerical simulations.

Literature on honey bee modeling

The literature on the biology of honey bees is abundant. In particular, one can
have an indication on the ever-growing publications in this field by looking at the
“The South African Bee Journal” which is published quarterly by the South African
Bee Industry Organization (SABIO). The biology of honey bees presented in this

dissertation comes mostly from [93,101].

As mentioned earlier, this dissertation originated from the mathematical model pro-

posed in [43]. This specific choice is made for the following reasons:

1. To my best knowledge, this is the first mathematical model that predicts and
explains colony collapse disorder (CCD) in terms of the foragers’ death rate

without reference to any other factors.

2. The model is relatively simple, being restricted to only two compartments,

namely the hives class and foragers class.

3. The restriction to only two compartments mentioned in (2) above has biological

relevance. In particular:

e The focus on workers only is justified by the fact that drones do not
contribute to colony work [73,80,101]. Furthermore, there is a well rec-
ognized and documented division of labor among workers, which is age-
based [83,101], therefore it makes sense to classify them as hive bees and

foragers.

e Bearing in mind that in a healthy colony, the rate at which hive bees die
is less significant to the overall population [80,101], the death rate of hive

bees is ignored while that of foragers can not.

e Based on many reported cases on honey bee colony losses, it makes sense

not to necessarily consider brood disease on colony failure and CCD [22,

12



69,72]. Furthermore, given the complex relation that exists between the
number of eggs reared in a colony and the number of bees in the hive,
it makes sense to attempt to capture this relation by assuming that the
eclosion rate is a saturated function that approaches the queen’s laying

rate as the total population of the hive bees increases.

e Whether the model is simple or not, death rate of the foragers is the

underlying factor for the colony decline.

4. From the mathematical point of view, 2-dimensional dynamical systems allow
the use of other results such as Poincaré-Bendixson Theorem, Dulac Criterion

etc. system

This simplification permits therefore to easily gain some insight on the population

dynamics and decline of honey bee colony.

We now want to comment on some of mathematical models that have additional
compartments apart form the hive and foragers classes. While [16] improves the
model in [43] by including the mortality rate of hive bees, it should be noted that
the model in [43] was extended by the same authors in [44] where an additional
compartment for brood is incorporated with an explicit dependence on food. These
contributions, [44] and [16], fall under the category of works that explore the inter-
actions of strategies (such as availability of food and climate change) and foragers

death rate on colony fate [25,27,80].

The second category consists of works that model the colony failure as a contagion by
a virus, which is transmitted by parasite varroa mites [25,29,47,77]. In this category,
models are enriched by additional compartments and factors such as infected bee
class, mites class, demographics etc. In the two categories, the underlying factors

for the decline is the foragers death rate.

To my best knowledge, our work [51] is the first publication on the NSFD method for
differential equations model for honey bees. NSFD schemes are constructed using
Mickens’ rules [55], as formalized in [7], taking into account useful information such

as the availability of exact schemes [79] and conservation laws [59].
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Outline of the dissertation

The rest of this dissertation is organized as outlined below. Chapter 2 deals with the
review of some basic concepts on dynamical systems that are defined by ordinary
differential equations and difference equations. These concepts are selected accord-
ing to our needs for the quantitative and qualitative analysis of the mathematical
models for honey bee population dynamics within the colony on which we focus in
this work. The discrete dynamical systems on which we focus being nonstandard

finite difference (NSFD) schemes, we present a directed overview of this approach.

In Chapter 3, we give an extensive description of the organizational structure of
honey bee colonies. This includes their castes, morphology, reproduction system,
division of labor, life cycle and lifespan. This knowledge of the biology of honey bees
enables us to enhance the assumptions made in [43] so as to better understand how
the model (KMB) proposed in [43] is derived . The main result on the existence and
non existence of the CCD is proved in this chapter and reads as follows: The trivial
equilibrium point (0,0) is globally asymptotically stable (GAS) whenever the death
rate of foragers is above a critical value m,; the colony increases and stabilizes at
a unique positive interior equilibrium point if the foragers’ death rate is below m..
This chapter is concluded by describing some mathematical models in the literature

that explore other factors contributing to the declines of honey bee colonies.

Chapter 4 is devoted to the social parasite phenomenon in honey bees in South
Africa. Our focal point is on how the host population of A.m. scutellata is affected
by the presence of the parasites population of A.m. capensis. We discuss how the
capensis calamity, which is still threatening South African beekeeping occurs and the
symptoms associated with it. Assumptions are made, that enable us to formulate a
mathematical (Social Parasite, SP) model. We show how colonies of A.m. scutellata
are overtaken by parasitic clones of A.m. capensis in such a manner that colonies

of A.m. scutellata decays exponentially to zero.

In Chapter 5, we design NSFD schemes for both the KMB and SP models. We

theoretically prove that the constructed schemes are dynamically consistent with
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their continuous models. This chapter is concluded by numerical simulations that

support the theory and reliability of our schemes.

In the last chapter, we provide concluding remarks and show how our findings fit in

literature. We also indicate how the work can be extended.

15



Chapter 2

Preliminaries on dynamical
systems

The mathematical models investigated in this dissertation are in the framework of
dynamical systems defined either by ordinary differential equations or difference
equations. In this chapter, the main results and tools needed for the quantitative
and qualitative analysis of continuous ordinary differential equations (from Section
2.1 to Section 2.5) and discrete dynamical systems (from Section 2.6 to Section
2.8) are collected. These results and tools are presented in the form that we will
use them in this dissertation. Whenever it is necessary, we comment and provide
suitable references on the general form of the results. Since the discrete dynamical
systems that we have in mind are in the setting of the nonstandard finite difference

(NSFD) method, we devote the last section of this chapter to it.

2.1 Generalities on continuous dynamical systems

We first consider dynamical systems defined by ordinary differential equations (ODEs).
Our main reference on dynamical systems is [89]. We also mention the theses [42,94]

where most of the material that we need are presented in a way that we require.

The general setting of this dissertation is an autonomous first-order system of two-
dimensional differential equations, in the dependent variable y € R? and independent

variable ¢ > 0 which has the form:

i=2=f). v(0)=wn. (2.1.1)



where f : R? — R? is a given vector-valued function and 1y € R? is the given initial

data. We start by giving the definition of a dynamical system on a subset £ C R2.

Definition 2.1.1. [42,89,9/] The initial value problem (2.1.1) is said to be a dynam-
ical system on a set E C R? if for every yo € E, there exists a unique continuously

differential function y : [o,00) — E which solves the Equation (2.1.1).

Remark 2.1.2. The system (2.1.1) and Definition 2.1.1 of a dynamical system can
be considered for any vector-valued function f : R™ — R™ and any given initial
data yo € R™, such that y(t) € R™ is a solution defined for all t > 0, where m € N.
Throughout this dissertation, we will be focusing on dynamical systems in R? which
is the setting of population dynamics of hives and foragers in the honey bee colonies.
It should also be noted that two-dimensional dynamical systems have specific features
(e.g. Poincaré-Bendizson Theorem) that do not apply to higher order dimensional

systems.

At this stage, we introduce the concept of evolution semigroup operator for a dy-

namical system that helps to describe the evolution of the solution as time increases.

Definition 2.1.3. For a dynamical system on E C R2, its evolution semigroup

operator or solution operator is defined to be the map;
o(t): E— E  such that y(t) = ¢(t)yo,

where y(t) is the unique solution of the system (2.1.1).

The terminology in Definition 2.1.3 is inspired by the following properties:
1. Forallt >0, s> 0, wehave ¢(t+ s) = @(s)p(t) = (t)d(s),
2. If t = 0 then ¢(0) = I, the identity operator.

Definition 2.1.3 is a convenient notation for the advancement of the solution through

time ¢. Taking this definition into account, we introduce the set

D (o) = {6(t)yo : t € [0,00)} € B
which is called the positive or forward orbit/trajectory of the initial data yo.
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Remark 2.1.4. Stating that the initial value problem (2.1.1) is a dynamical system
is linked to saying that the problem (2.1.1) is well-posed in the sense of Hadamand.
That is:

1. A solution, y(t), to the problem (2.1.1) eits.
2. The solution s unique.
3. The solution depends continuously on the given initial data.

The minimal condition to be imposed on the function f in Equation (2.1.1) is con-

tained in the next definition:

Definition 2.1.5. The function f(y) is said to be locally Lipschitz if for every
compact set B C E C R?, there exists a real number K > 0 (called the Lipschitz

constant) depending on B such that

| f(y1) — flye)ll < K |lyr —well  for all yi,y. € B. (2.1.2)

Here ||-|| denotes the Euclidean norm. If Condition (2.1.2) is satisfied for B = F
then the function f is said to be globally Lipschitz. The Lipschitzian nature of
functions plays a major role in proving the existence and uniqueness results for
many mathematical problems [105]. To be more specific, we have the following

theorem which guarantees the existence and uniqueness of the local solution.

Theorem 2.1.6. [42] Assume that the function f : R? — R? satisfies the Lipschitz
condition on the ball B = B(yo,r) with Lipschitz constant Lg. Consider the finite

time
r

~ sup,ez IF W)

Then the initial value problem (2.1.1) has a unique solution y(t) in the interval

[0, Tg].

The global solution is obtained by proving some a priori estimates as stated in the

following result.

Theorem 2.1.7. [42,89] Let f : R? — R? be locally Lipschitz on an e-neighborhood
E. of a bounded set E C R2. If for any yo € E, the solution y(t) of (2.1.1) satisfies
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y(t) € E for each time t > 0 where the solution exists, then (2.1.1) defines a

dynamical system on E.

The next result is the so-called Gronwall’s Inequality. The general forms of which
can be found in the literature [99]. Gronwall’s Inequality helps in obtaining a priori
bounds for solutions of differential equations. We provide below a simple version of

the Gronwall’s Inequality which is relevant to our needs in this dissertation.
Lemma 2.1.8. [89/[Gronwall’s Inequality] For a real-valued function
z:[0,4+00) = R

that satisfies the inequality

dz

dt

Zi=—<az+b ; 2z(0)=2

where a and b are constants, there holds the following inequalities:

b
zoe“t—l——(e“t—l) if a#0
a

2o+ 0t if a=0

z(t) <

In many cases, it is not possible to explicitly solve dynamical systems even though
it is known that the solution exists and is unique. Thus the importance of studying
the behavior of the solutions. In order to do the qualitative analysis, the concepts
in the next definition are essential regarding the action of the evolution semigroup

operator ¢(t) on E C R%

Definition 2.1.9. /42,89, 9/4] For a dynamical system defined by (2.1.1), a set E is

said to be

1. positively invariant under the map ¢ if p(t)E C E for allt > 0,
2. negatively invariant under ¢ if ¢(t)E 2O E for all t > 0,

3. invariant under ¢ if it is both positively and negatively invariant so that

o(t)E = FE for allt > 0.

Special trajectories play a crucial role in the qualitative analysis of dynamical sys-
tems. The simplest of such trajectories are equilibrium points which turn out to be
the simplest invariant sets. In what follows, we define an equilibrium point of the

dynamical system and explain its properties.
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Definition 2.1.10. A point y* € R? is said to be an equilibrium point of the au-
tonomous system (2.1.1) if

fy*)=0.

Remark 2.1.11. [t is with no doubt from Definition 2.1.10 that the point y* is
an equilibrium point of the system (2.1.1) if and only if it is a fived point of the
semigroup operator, that is ¢(t)y* = y*.

In order to compare the other trajectories to the simplest invariant sets, equilibrium

points, we use the following definition

Definition 2.1.12. [89] An equilibrium point, y*, for a dynamical system on E C R?

1s said to be:

(a) stable if for every e > 0, there exists 6 > 0 such that |lyo — y*|| < 0 implies
ly(t) — y*|| < € for allt >0,

(b) locally attractive, if there exists n > 0 such that ||yo — y*|| < n implies that

limy o0 y(t) = ¥,
(c) locally asymptotically stable if y* is stable and locally attractive
(d) globally attractive if (b) holds for any yo € E,
(e) globally asymptotically stable if (a) and (d) hold.

(f) unstable whenever (a) fails to hold.

2.2 Linearization for continuous dynamical

systems

In practice, it is not easy to determine the stability /instability of equilibrium point
of a dynamical system through Definition 2.1.12. The simplest way to investigate the
stability property of the equilibrium point is through linearization process, which we
explain below. The type of the equilibrium point for which the linearization process

works is described in the following definition.
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Definition 2.2.1. [15, 89] An equilibrium point y* is said to be hyperbolic if the
eigenvalues, \, of the Jacobian matriz, J = J(y*) of the function f at the equilibrium
point y*, have non-zero real parts, that is, Re(\) # 0. Otherwise, the equilibrium

point is called non hyperbolic.

In what follows, we explain the linearization process of the dynamical system (2.1.1)

about the equilibrium point y*.

Suppose that y* is a hyperbolic equilibrium point of the dynamical system (2.1.1)
and that the function f is sufficiently smooth. Then, the Taylor expansion of the

function f about the equilibrium point y* yields:

fw) =) +JW)y—y)+ 0y —y*)?) (2.2.1)

or, where u =y — y*,

i = Ju+ O(u?). (2.2.2)

Since O(u?) is small whenever u is, it makes sense to assume that ug near the origin

the solutions of (2.2.2) behaves in a similar manner as solutions of

i du
i = _

= 2.2.
o = Ju (2.2.3)

which are given by

u(t) = ugpe'”. (2.2.4)

Equation (2.2.3) is called the linearization of the system (2.1.1) at y*.

The stability of the non-linear dynamical system (2.1.1) via the linear dynamical
system (2.2.3) is guaranteed by the following theorem, which is an important result
about the local behavior of dynamical systems in the neighborhood of a hyperbolic

equilibrium point.

Theorem 2.2.2. [89] [Hartman-Grobman Theorem| Assume that the function f :
R2 — R? is of class C* and consider a hyperbolic equilibrium point y* of a dynamical
system (2.1.1). Then there exists § > 0, a neighborhood N' C R? of the origin, and
a homeomorphism h : B(y*,0) — N such that u(t) := h(y(t)) solves (2.2.3) if and
only if y(t) solves (2.1.1).
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Figure 2.1: Hartman-Grobman Theorem for the continuous system

Theorem 2.2.2 implies that, for a hyperbolic equilibrium point y* of a dynamical
system, the behavior of the solution, y(¢) of the non-linear system (2.1.1) near y*,
as t — +oo is the same as the behavior of the solution, u(t), of the linear System

(2.2.3) near the origin.

Remark 2.2.3. With the matriz J of order two having entries J;;, we have
trd =M+ X=Ji1+ Joo and detJ = Mgy = Ji1Joe — Ji2Jo1,

where the eigenvalues Ay and Ao of J are the roots of the characteristic equation
det(J — XI) =0 which is equivalent to  \* — \trJ + detJ = 0.

Taking into consideration the equation (2.2.4), we have the following precise result:

Corollary 2.2.4. Foryy close to y*, the equilibrium point y* is asymptotically stable
if and only if Re(\) < 0 for all A € o(J) or equivalently, the trace, trJ, of J is

negative and the determinant, detJ, is positive.

2.3 Poincaré-Bendixson Theorem

We address, in this section, the situation when the Linearization process does not
hold, resulting in a more complex structure of the final state of the trajectories.
It should be noted that the results in this section do not hold true for dynamical
systems of dimension higher than two. The complex structure of the trajectories

can be either one of the following [15]:
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1. the system does not have asymptotically stable equilibrium points,
2. the solution does not start near an equilibrium point,
3. the equilibrium point of the system is non hyperbolic.

To carryout the qualitative analysis of a dynamical system that has one of the above

feature, we study the structure of the w—limit set that we define below.

Definition 2.3.1. [15] Let yo € R? be the initial data of the system (2.1.1) with its
forward orbit Tt =T (yo). The limit set of Tt known also as the w— limit set of

the point o, is denoted by L(T'") = w(yo), and defined by
LITT) =w(y) = {g eR*: 3 {t,>0}—o0: lim_¢(tn)(yo) = y}_

The Poincaré-Bendixson Theorem in its general form can be found in [36,88]. Here
we state the theorem in the setting of a dynamical system on F in the sense of Def-
inition 2.1.1 whereby the existence and uniqueness of a global solution that remains

in F is guaranteed.

Theorem 2.3.2. [36]/[Poincaré-Bendixson Theorem| Suppose that a subset E of
R? is compact, positively invariant and has a finite number of equilibrium points
(possibly zero) of the two-dimensional dynamical system (2.1.1). Let yo € E. Then
one of the following possibilities holds for the bounded forward orbit T'" and for the

structure of the w—limit set of yo:

1. The w— limit set, w(yo), is a single point § which is an equilibrium point and

the solution is such that lim;_, ¢(t)(yo) = 7.

2. The w— limit set, w(yo), is a periodic orbit T'. In this case either T (yo) =
w(yo) =T or else T (yg) spirals with increasing time towards T' on one side of

I.

3. The w—limit set, w(yo), consists of equilibrium points and an orbit joining

them.

Remark 2.3.3. In the case when the positively invariant and compact set E does not

contain equilibrium points of the dynamical system, only the scenario 2 in Theorem
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2.3.2 will apply. One interesting situation in this scenario is when T (yo) # . In
this case T" is called the limit cycle [36].

From Remark 2.3.3, Poincaré-Bendixson Theorem is very useful in identifying the
existence of the periodic solutions and to find out whether the system under consid-
eration has a confined set. At the same time it is important to determine whether
a 2-dimensional system has periodic orbits or not. The next theorem addresses this

situation in a manner that is sufficient to this dissertation.

Theorem 2.3.4. [15/[Dulac Criterion] Let B be a function of class C* on a simply
connected domain E on which the system (2.1.1) is considered. If the divergence of

the vector-valued function, Bf,

d(Bfi I(B fs
divgof) = A0 2B

has a constant sign then there are no periodic orbits of the system (2.1.1) in E.

Remark 2.3.5. 1. If 8 =1 in Theorem 2.3.4 above then Theorem 2.3.4 is known

as Bendixson Theorem.

2. Other sufficient conditions for the system (2.1.1) not to have periodic solutions

mclude:

(i) the vector function f is a gradient system as defined below f = —V7.

(i1) the system admits a strict Lyapunov function as defined below (conclusion

1 in Theorem 2.5.2 will apply).

2.4 Lyapunov direct method for continuous
dynamical systems

In this section, we consider the Lyapunov direct method (also called the second
method of Lyapunov) to determine the stability or instability of the equilibrium
point of dynamical systems. Apart from being also suitable for situations where
the Poincaré-Bendixson theorem and linearization process do not apply, this ap-
proach permits one to establish global stability results. First, we define a Lyapunov

function.
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Definition 2.4.1. [36, 53, 88, 89, 99] Assume that the system (2.1.1) defines a dy-

namical systems on an open E C R? and y* € E is an equilibrium point.

1. A function V € C'(E,R) is called a Lyapunov function of System (2.1.1) for
y* on a neighborhood B C E of y* if it satisfies the following two properties:

(i) V is positive definite in the sense that

V(" )=0 and V(y)>0 forall ye B\{y"},

(i)

V(y) <0 foral yeB (2.4.1)

where V(y) is the directional derivative of V' in the direction of the vector-

function f and is given by

2. A Lyapunov function V' is called a strict Lyapunov function whenever

V(y) <0 forall ye€ B.

Note that by Taylor expansion

V(y) =VV(y)f(y) (2.4.2)

Moreover, if y(t) is the solution of the differential equation (2.1.1), then by the chain
rule from Equations (2.4.2) and (2.1.1), we obtain

d

V(y(t) = 2V (w@). (2.4.3)

The relation (2.4.3) motivates the fact that V is often called the derivative of V
along trajectories. The Lyapunov function and the relation (2.4.3) give information

on the solution y(t) of the dynamical system (2.1.1) without its prior knowledge. As

a matter of fact, we have the following result:

Theorem 2.4.2. [53,89,9/4] Let V be a positive definite Lyapunov function of the
dynamical system (2.1.1) on a neighborhood set B C E of an equilibrium point y*.
Then the following holds true:
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1. The equilibrium point y* s stable,

2. The equilibrium point y* is locally asymptotically stable if V(y) < 0 for all
y € B\ {y*} (i.e V is strictly a Lyapunov function).

3. The equilibrium point y* is unstable if V > 0 for ally € B\ {y*}.

The main challenge associated with the use of a Lyapunov function is that it is not
easily constructed. But once it is available, it has the advantage of leading to some
global stability properties of an equilibrium point especially if the system under

consideration is dissipative.

Definition 2.4.3. /89, 94] A dynamical system defined on a set E C R? is said to
be dissipative if there exists a bounded, positively invariant set U with the property
that for any bounded set B C R?, there exists a time t* = t*(U, B) > 0 such that
¢(t)B C U for allt > t*. The set U is called an absorbing set.

With Definition 2.4.3 in mind, the global stability result is the LaSalle Invariance

Principle that reads as follows:

Theorem 2.4.4. [9/][LaSalle Theorem| Let y* be an equilibrium point of a dissi-
pative dynamical system on a set E, defined by (2.1.1). Let V' be a positive definite
Lyapunov function for y* on the set E. Furthermore, let € = {y € E : V(y) = 0}.
If M s the largest invariant subset of £, then y* is globally asymptotically stable on
E if and only if it is globally asymptotically stable for the system restricted to M.
In particular, y* is globally asymptotically stable on E if € = {y*}.

2.5 Bifurcation of equilibrium points

To conclude the preliminaries on continuous dynamical system, we consider the
concept of bifurcation of equilibrium points. Bifurcation theory is well documented.
However, to make this part of the dissertation self-contained, we follow the presen-

tation given in [94].

Let us assume that the right-hand side of the dynamical system (2.1.1) depends on
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a real parameter, say u. That is, the system

v = f(y)

is replaced by
g =y, m). (2.5.1)

The equilibrium points of the system (2.5.1) are the roots (y, 1) of the equation

Sy, 1) =0. (2.5.2)

In a nutshell, we say that a bifurcation occurs at a critical point u = pg of the
parameter  whenever the behavior of the system changes as the parameter passes
through po, namely for p < po and for g > po. In fact, according to Fred-Brauer
and Castillo-Chavez [15], a bifurcation is defined by a point in the parameter space,
say 4 — y, where equilibrium points appear, disappear or change stability. More

specifically, we have the following definition:

Definition 2.5.1. [94, 102] An equilibrium point (y*, uo) of System (2.5.1) is said
to undergo a bifurcation at the point u = o or alternatively the parameter u = g is
said to be a bifurcation value for the system (2.5.1) if the dynamics of (2.5.1) near

both y = y* and p = pg is not the same as the dynamics near y = y* at p = pyo.

Though there are several types of bifurcation (e.g pitchfork bifurcation, saddle node
bifurcation, hopf bifurcation) we will, in this work, mostly be interested in the

following type of bifurcation:

Definition 2.5.2. [94,102] The dynamical system (2.5.1) is said to undergo a tran-

seritical bifurcation at p = po if there holds the following conditions:

1. At least two curves y = y(p) of equilibrium points exist in the p —y space for

p < o and > fio;

2. The curves of the equilibrium point branch at p = py or intersect at the point

(y*aMO)v

3. The stability of the equilibrium point along a given curve changes as it passes

the point = pyg.
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Figure 2.2: Bifurcation diagram of §y = y(u — y) [102]; solid lines represent stable

equilibrium points and dashed lines represent unstable equilibrium points.

Remark 2.5.3. Typically, the bifurcation points of the system (2.5.1) are repre-
sented on a bifurcation diagram, which is the parameter space p — y where curves
y = y(p) of equilibrium points and their stability properties are displayed. Fig 2.2
illustrates Definition 2.5.2, with p = 0 being a transcritical bifurcation for the in-
volved scalar equation: for p < 0, y = 0 is asymptotically stable while y = p s

unstable; for 1 >0, y =0 becomes unstable while y = p is asymptotically stable.

2.6 Generalities on discrete dynamical systems

Dynamical systems generated by the mappings from R? to R? are presented in this
section. Discrete dynamical system concepts are in some sense the same as those of
continuous dynamical systems on the understanding that the time variable ¢ > 0 is
now replaced by the discrete variable n € N. Our main references are [42,94] in the

specific form adapted in [89].
Here and after, we consider a sequence {y,}°°, in R? defined recursively from y, by

Yn+1 = G(yn), (2.6.1)

where G : R? — R? is a map.
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Definition 2.6.1. Equation (2.6.1) defines a discrete dynamical system on a set
E C R? if, for every yo € E, the sequence {y,}>2, is such that y, remains in E for

alln > 0.

Definition 2.6.2. The evolution semigroup operator for a discrete dynamical system

of E is defined to be the map S™ : E — E such that vy, = S"yo = G o G... o Gyp.
The following are the properties of the evolution semigroup operator:

L. Yman = S™yp = S"Yp, = S™ "y for all m,n >0,

2. 8% = I, the identity operator.

The discrete analogue of Gronwall’s Inequality, as stated in Lemma 2.1.8, reads as

follows:
Lemma 2.6.3. [Gronwall’s Inequality] Let a positive sequence {y,}_, satisfy
Yni1 < Cyp,+D forall n=0,1,...,. N —1,

where C' and D are constants and C' > 0. Then, there holds the following:

D
—1-C

(1-C") +yC" forall n=0,1,...N if C#1

and

Yo <nD+1yy forall n=0,1,...N i C=1.

We deal with the behavior of the discrete dynamical system on E C R? defined by
the system (2.6.1).

Definition 2.6.4. [42,89,94] A subset B C E C R? is said to be
1. positively invariant under the map S™ if S"B C B for all n > 0,
2. negatiwely imvariant under the map S™ if S"B O B for all n > 0,

3. invariant if it is both positively and negatively invariant; That is, S"B = B

for alln > 0.

Definition 2.6.5. A point y* € R? is called a fized-point of the discrete dynamical
system (2.6.1) if y* = G(y*) or y* = S™y* for all n > 0.
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Definition 2.6.6. [/2,89,9/] Let y* € R? be a fized point of the discrete dynamical

system. Then, y* is:

1. stable if, for any € > 0, there exists §(e) > 0 such that if ||yo — y*|| < 9, then

[yn = y*[| <€ for all n > 0;

2. locally attractive if there exists n > 0 such that ||yo — y*|| < n implies that
lim y(t) =y

3. locally asymptotically stable if (1) and (2) hold

4. globally attractive if (2) holds for all yo € E

5. globally asymptotically stable if (1) and (4) holds

6. unstable if (1) does not hold.

In practice, it is difficult to investigate the stability of fixed points of the discrete
dynamical system using Definition 2.6.6. In the next section, we explain the practical

way of determining the stability or instability of the fixed points.

2.7 Linearization for discrete dynamical systems

To investigate the stability or instability of the fixed-point y* of the discrete dynam-
ical system, we assume that the map G in Equation (2.6.1) is of class C! and we

denote the Jacobian matrix of G at y* by J = JG(y*). Then,
Upy1 = Ju, for n=0,1,2,.. (2.7.1)

is the linearization of (2.6.1) around the fixed point y* where u, = y, — y*. The
stability properties of the discrete linear system (2.7.1) is determined by the eigen-
values of the Jacobian matrix J. Thus, the stability property of the fixed point y*
of (2.6.1) would be easily related to the stability property of the fixed point u* =0
of the linear system (2.7.1). Below, we define the type of the fixed point for which

the linearization process works.
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Definition 2.7.1. [89] A fized point y* of the discrete dynamical system is said to
be hyperbolic if no eigenvalues of the Jacobian matriz J lie on the unit circle. That

is, |[\| # 1 for all X € o(J). Otherwise, the fized point is called non-hyperbolic.

Theorem 2.7.2. [89/[Hartman-Grobman Theorem| Let the discrete dynamical sys-
tem (2.6.1), with map G : R* — R? of class C', have hyperbolic fized point y*.
Then, there exist & > 0, a neighborhood N° C R? of the origin and a homeomor-
phism h : B(y*,8) — N such that

MG (o)) = Jh(yo) for all yo € B(y*, ).

Consequently, by setting u, = h(y,) for all n > 0, the mapping (2.6.1) in the
neighborhood B(y*,0) of y* is equivalent to the mapping (2.7.1) in the neighborhood
N of the origin.

(=
y =4 >

5
F J,h
N S

Figure 2.3: Hartman-Grobman Theorem for the discrete system

The practical use of Theorem 2.7.2 is stated in the next result.

Theorem 2.7.3. [89,9/,99] Let a dynamical System (2.6.1), with G : R* — R? of
class C1, have hyperbolic fized-point y*. Then,

1. The fized-point y* is asymptotically stable if and only if for
Up = Jnu07
solution of (2.7.1), with ||uo|| := ||yo — y*|| small enough, we have

lim uw, =0 or equivalently |A <1 forall Xe€o(J).

n—o0
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2. The fized-point is unstable if there exists at least one eigenvalue, X\ € o(J), of

the Jacobian matriz such that

lim ||u,| =00 or equivalently |\ > 1.
n—oo

2.8 Lyapunov direct method for discrete dynam-
ical systems

In this section, we assume that a fixed-point y* of the discrete dynamical system
(2.6.1) can be non-hyperbolic, in which case Theorem 2.7.2 and Theorem 2.7.3 do
not apply. In order to address the stability or instability property of the fixed point,
we use a Lyapunov function in conjunction with LaSalle Invariance Principle just

as explained in the continuous dynamical system case (section 2.4).

Definition 2.8.1. [53,89,9/] Let y* be a fized point of the discrete dynamical system
(2.6.1) defined on E C R2. A function V € CY(E,R?) is said to be a Lyapunov

function for y* on some neighborhood B C E if
1. the function V satisfies V(y*) < V(y) for ally € B,
2. the inequality V(G (y)) < V(y) holds for all y € B.

If, in addition, V(y*) = 0 and V(y) > 0 for ally € B\ {y*}, then V is said to be

positive definite function at y*.

Like in the case of continuous dynamical systems, construction of Lyapunov func-
tion is not easy. But once determined, it becomes possible to check the stability

properties of a fixed-point as specified in the next result.

Theorem 2.8.2. /53,89, 9/] If there exists a Lyapunov function V (y) for the fized-
point y* on the ball B(y*,d), then the fized point y* is stable. If V(G(y)) < V(y) for
ally € B(y*,0) \{y*} then y* is locally asymptotically stable, whereas y* is unstable

if V(G(y)) > V(y) for ally € B(y*,6) \ {y"}

The following concept plays a major role for the global asymptotic stability of the
fixed-point.
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Definition 2.8.3. [53,89,94] A discrete dynamical system on E is said to be dis-
sipative if there exists a compact, positively invariant set B C R? with the property
that for any bounded set D C E| there exists n* = n*(B, D) > 0 such that S"D C B
for all n > n*. The set B is called an absorbing set. In the case when set D 1is

replaced by each point yy € E, the dynamical system is said to be point dissipative.
The following result describes how the global asymptotic stability can be achieved.

Theorem 2.8.4. [53,89,94] Suppose that y* is a fized-point of the discrete dynamical
system (2.6.1) defined on E. Assume further that the system (2.6.1) is dissipative.

Assume also that there exists a continuous function V : E — R such that

1. the function V is bounded from below on F,
2. the inequality V(G(y)) < V(y) holds true for all y € E,

3. the fixed-point is globally asymptotically stable when the system (2.6.1) is re-

stricted to the set M, which s the largest invariant set contained in

E={yecE:V(Gy) =V(y)}

Then, the fixed-point y* is globally asymptotically stable on the whole set F,

which is in particular the case when M = {y*}.

Remark 2.8.5. Theorem 2.8.4 is a version of the LaSalle Invariance Principle.
The function V' is some kind of Lyapunov function even though the lower bound
required for V (y) is not specifically for V(y*) as stated in the first part of Definition

2.8.1. The invariance principle nature is contained in part (3) of Theorem 2.8.4.

2.9 Nonstandard finite difference schemes

In general, the continuous system (2.1.1) cannot be completely solved by analytic
techniques. Consequently, numerical methods are of fundamental importance in

gaining more useful insights on the solution of the differential equation.

We consider a difference equation

DAtyn - GAt(fa yn)a (291)
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which gives rise to a sequence {y,}>, of approximations to the solution y(t) of the
system (2.1.1) at the discrete time {t, = nAt}>2,, where At = h is the step size
and

y(tn) = Yn. (2.9.2)

d
It is implicitly understood that Da;y, is an approximation of the derivatives d—i,
while Ga¢(f,yn) approximates the function f(y). It is also important to note that
the algorithm (2.9.1) permits to find the discrete solution y,.1 at the time ¢, 4

assuming that the discrete solution y, is known at the time ¢,,.

We start with some general concepts about the numerical method (2.9.1). We fix a

time t* which can be represented in the form
= nAt =t, (2.9.3)
for different values of n and At.

Definition 2.9.1. [49] The difference scheme (2.9.1) of a well-posed initial value
problem (2.1.1) is said to be convergent if, we have that
Jim g =y () (2.9.4)
t*=nAt

holds for all t* > 0 and for all solutions {y,} of the difference Equation (2.9.1).

As mentioned earlier, the exact solution y(t*) is not known. It is therefore difficult
to check the convergence based on Definition 2.9.1. To overcome this difficulty, we

consider three additional concepts.

Definition 2.9.2. [49] The local truncation error, R,i1, of the numerical method
(2.9.1) is the amount by which the exact solution y(t) fails to satisfy the relation
(2.9.1). That is

Rug1 = Day(tn) — Ga(f,y(tn))-

Definition 2.9.3. [49] The method (2.9.1) is said to be consistent with the dif-
ferential equation if, for all initial value problems, the local truncation error R, .,
satisfies

Al}glo R, =0. (2.9.5)

t*=nAt
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Definition 2.9.4. [49] Let {6,}52, and {65}, be any two perturbation of the
scheme (2.9.1), and let {Z,}32, and {Z}}>2, be the resulting pertubated solutions.
If there exist constants S and Aty such that for all At € (0, Ato], we have

|Z, — Z}|| < Se  whenever |6, — || <€ for n>0,
then the scheme (2.9.1) is said to be zero-stable.

The challenge mentioned earlier about checking the convergence of the scheme is

addressed by the following fundamental result:

Theorem 2.9.5. [49] Assume that the problem (2.1.1) is well-posed. Then the
difference scheme (2.9.1) is convergent if and only if it is both consistent with dif-

ferential equation and zero-stable.

Convergence of the scheme is important. A numerical method that is not convergent
is not useful. In addition to convergence, we want schemes which replicate dynamics
of the continuous systems. A typical example is the so called exact scheme. For the

exact scheme, the local truncation error is zero.

Definition 2.9.6. The numerical method (2.9.1) that approximates (2.1.1) is called
an exact scheme whenever the difference equation (2.9.1) and the differential equa-
tion (2.1.1) have the same general solutions at the discrete time t = t,,. In particular,

with y(t) being the solution of the initial value problem (2.1.1,) we have y, = y(t,)

A lot of work has been done in providing exact schemes of a wide range of models
that arise in applications. Typical references for this include [55-57,79]. We restrict
ourselves to give the exact schemes of two equations that we will deal with in this
dissertation. The first model is the decay equation which will arise, in the KMB
model for the honey bee colony population, when the hive bees are ignored (see

Section 5.1).

Proposition 2.9.7. The exact scheme of the decay equation

d
=y, y(0) = . (2.9.6)
i8
Yn+1 — Yn
1= a0 /m = —my, (2.9.7)
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or equivalently

Yn+1 — Un

(st Ty f (2.9.8)

Proof. By separation of variables, the solution of (2.9.6) is y(t) = yoe~ ™. Thus, the

solution of (2.9.6) at time ¢t = ¢,,,1, is

Y(tni1) = yoe Mt (2.9.9)

By subtracting y(¢,) and doing some manipulations, (2.9.9) leads successively to

Y(tus1) = y(tn) = yoe ™ — y(ta)
= yoe MY —y(t,)
= ylta)e A = y(tn)
= —my(ty) (e = 1) /(= m).

Therefore, setting y, := y(t,) allows us to re-write (2.9.9) in the equivalent form

(2.9.7). To obtain relation (2.9.8), we divide both sides of (2.9.7) by e™At. That is

Yn+1 — YUn —mAt
—— = —myue ",
emAt l—e™
m
which implies that
Yn+1 — YUn . —mAt
—6MAt—1 = —MYp+1 SICE Ynpy1 = Ynt€ .
m

]

The second model of interest in this dissertation is the Michaeli-Menten (M-M)

equation
dH  LH
dt — w+H
While the M-M model arises directly from the KMB model in the absence of foragers

(2.9.10)

(Section 5.1), we motivate below how the M-M equation is of great use in applica-
tions. As reported in [18] and [19], the M-M equation represents one of the most
basic enzymatic reactions that was proposed more than a century ago by Michaelis-
Menten. This equation models the enzyme kinetics in pharmacology and was solved
in [70,84] with a singular perturbation where for our case for instance, H is one of

the leading order terms of the expansion of the outer solution. The right-hand side
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of the M-M equation also arises as a functional response in the predator-prey and
infectious disease models in specific extended forms ranging from the M-M type, the
ratio-dependent type, the Beddington-De Angelis type, to the general Holling type

IT considered in the Rosenzweig-Mac Arthur model [18]. To derive its exact scheme,

we need to use the Lambert W function, known also as the Omega function, which

is given by the relation [21]
2 = W(2) exp(W(2))
as the multivalued inverse of the non-injective complex-valued function
v vexp(v).

Note that the Lambert W function satisfies the differential equation

aw W(z)
= . 2.9.11
dz  z(1+W(2)) ( )
The next result is due to Mickens [58].
Proposition 2.9.8. The ezact scheme of the M-M equation (2.9.10) is
H, H, L
Hypy = wWW [— exp (—) exp (—At)]. (2.9.12)
w w w
Proof. By separation of variables and integration in Eq.(2.9.10) we have
(H ) aH = Lar
and
winH(t)+ H(t) = Lt + C. (2.9.13)

Setting ¢ = ty, we obtain the constant C' as follows:
C=wlnHy+ Hy — Lt,.
Thus, the solution of Equation (2.9.10) is given implicitly by the relation,
win H(t) + H(t) = L(t — to) + wln Hy + Hy
or

H(t)

In H(t
nH(E) + =

L H
= Z(t —to) + In Hy + —
w w
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or

Hexp(Z) = Hy eXp(%) exp(£(t — o))

w

or

H H
> exp(1) = 7‘) exp(1o) exp(L(t — to)).

By definition of the Lambert W function, we have

T w [ exp(t) exp(L (1 — )]
Thus
H(t) = wW [% exp(H2) exp(£(t - to))] . (2.9.14)

For t = t,,,1, using the semi-group property of the evolution operator in Definition

2.6.2, we have
H(tn+1) =wW

[H S") exp(H1lta)) exp(gm)} . (2.9.15)

Thus, setting H,, := H (t,) allows us to re-write the relation (2.9.15) in the equivalent
form (2.9.12) which by a theorem on page 71 in Mickens [55] is the exact scheme of
M-M Equation. (2.9.10). O

Definition 2.9.9. [7] The difference equation (2.9.1) is called a nonstandard finite
difference (NSFD) scheme if at least one of the following conditions is satisfied:

1. In the first order discrete derivative Day, = 9(t,), the classical denominator
h = At is replaced by a nonnegative function ¢ : (0,00) — (0,00) satisfying
the asymptotic relation (Rule 2)

S(AL) = At + O([ALP). (2.9.16)

For example in Proposition 2.9.7, we have

1— e—mAt emAt -1

BA) = ——— o g(an ="

m

2. In the expression Gay(f,yn), non-linear terms are approximated in a non-local
manner. For example, a term like y*(t,) is approzimated by Y 11Yn instead of

y2. (Rule 3)
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Remark 2.9.10. Note that Definition 2.9.9 retains only two rules out of the five
rules proposed by Mickens [55] to construct NSFD schemes. For convenience, the

other three rules are stated below.

1. The order of the discrete derivative should be equal to the order of the corre-

sponding derivative of the differential equation. (Rule 1)

2. The special condition that holds for the solution of differential equations should
also hold for the solutions of the finite difference scheme. (Rule 4)

3. The scheme should not introduce extraneous or spurious solutions. (Rule 5)

In order to illustrate Definition 2.9.9, we construct below a NSFD scheme for the
M-M equation (2.9.10) that we will be using throughout this dissertation. This is
particularly important because the exact scheme (2.9.12) involves the Lambert W
function, which is not explicitly known and is therefore of limited use in practice.

To proceed with the said construction, we first note that the linearized equation of

the M-M equation (2.9.10) around the unique fixed point H = 0, is the exponential

equation
dH L
— =—_H 2.9.17
which has exact scheme
H,,—H, L
= —H, 2.9.18
"y - ( )
or equivalently
H,..—H, L
HT — ; n+1 (2919)
where
L L
exp(ZAt) —1 1 —exp(—ZAt
o1 = o1(At) = % and ¢y = ¢po(Al) = L( )

Therefore the exact scheme of the M-M equation in Equation (2.9.12) can be written

as
H,.\ — H, wW(HT exp(z) exp(fAt)) - H,
¢1 B ¢1(Al)
In the formulation (2.9.20), it is clear that the right hand side is an approximation
; LH
0
H+w

(2.9.20)

. Indeed, since

w(Zewit) =

)
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DL () B2 exp(e) ((exp(LAL) ~ 1) N
=L p—" f A -1 by definition of ¢

by Equation (2.9.11)

wW (% exp (=) exp(fAt))

w4+ wW (% exp(£z) exp(éAt)>

[ H(tn)
w+ H(t,)

H(tn+1)
[ W + H(thrl)

H,
w+ H,

HnJrl
w + Hn+1 ‘

Thus, we retrieve the following NSF'D schemes that were proposed by Chapwanya

et al. in [18].
H,..—H, LH,
— 2.9.21
¢1 w + Hn ( )
1 w+ Hy
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In addition to these, and whenever L < 0, Chapwanya et al. [19] considered the
NSFD scheme
Hn+1 - Hn o LHn+1
¢2 n w + Hn7

L <0, (2.9.23)
LH
is
w+ H
reinforced. The NSFD scheme of interest in this dissertation is the one given in

(2.9.21).

in which Rule 3 on the non-local approximation of the non linear term

The power of NSFD schemes over usual numerical schemes is their potential to be
dynamically consistent with respect to the continuous model as clarified in the next

definition.

Definition 2.9.11. [7,8] Assume that the solution of (2.1.1) satisfies a property
P. The difference equation (2.9.1) is said to be qualitatively stable or dynamically

consistent with respect to property P if for all step sizes At > 0, the discrete solution

for (2.9.1) satisfies P.
Below, we describe the minimal desirable property P for any scheme.

Definition 2.9.12. [89,94] The difference scheme (2.9.1) that approximates differ-
ential Equation (2.1.1) is said to be elementary stable if, for any value of the step
size At, its fized points are exactly the equilibrium points of the differential system
(2.1.1) and these fized points for the difference scheme have the same linear stability

or instability properties as the differential system.
To illustrate Definition 2.9.12, we have the following result:

Theorem 2.9.13. The NSFD schemes (2.9.21), (2.9.22) and (2.9.23) are elemen-
tary stable.

Proof. For all these NSFD schemes, it is obvious that the equilibrium point H = 0
of the continuous system (2.9.10) is their unique fixed point. Regarding the stability,
we start with the scheme (2.9.23). Solving for H,,; we have

wH, + H?
Hn+1 = .
w+ H, — ¢oL

(2.9.24)

Differentiating with respect to H,, and evaluating the derivative at H,, = 0, we get

dHn+1 o w
dHy, |y o w—¢oL’
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It follows that the linearized equation of (2.9.24) about H, =0 is

W X w n
Hn+1 = (m)Hn, or equ1valently Hn+1 = (m) H().
Therefore
H,—0 as n — oo because, with L <0, Y < 1.
w — ¢2L

This shows that the fixed point H = 0 is asymptotically stable as is the equilibrium
point H = 0 for (2.9.10).

We next check the stability of the scheme in Equation (2.9.21). Making H,;; the

unknown of the formula in (2.9.21), we obtain
¢ LH, + H? +wH,,

H,. = 2.9.25
+1 — (29.25)
Thus
dHon| il 4w
dH, |y _ o w
This leads to the linearized equation
L L n
H, = (M>Hn, or equivalently H,,1 = (M> H,.
w w
L _
Therefore H, — oo as n — oo since M > 1 for L > 0. Hence H = 0 is
w

unstable for both NSFD scheme (2.9.21) and the continuous model (2.9.10).

Lastly, we examine the stability of the scheme in Equation (2.9.22). We observe
that Equation (2.9.22) is equivalent to a quadratic in H, ;. That is:

Hy = (6L + Hy — w)Hpiy — wH, = 0. (2.9.26)

n

The unique positive root of (2.9.26) is
(p1L + Hy, —w) + /(01 L+ H, —w)? + dwH,

H,., = 5 (2.9.27)
Evaluating the derivative of (2.9.27) at H,, = 0, we get
dH, 1, _ 0 L
dHn H,,=0 (blL — w'
From the linearized equation
o1 L . oL\
Hn+1 == (@;—_w>Hn or equlvalently Hn+1 == <¢1;——w> H07

of (2.9.22), it follows that H, — oo as n — oo, which shows the instability of

H = 0 for the continuous and discrete equation. O
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Chapter 3

The KMB model

3.1 The western honey bee as a model organism

In this section, we provide some biology of the western honey bees. Most of the
material appears in [50] and is taken from [46,93,101]. The western honey bee
known also as Apis mellifera L. (honey-carrying bees [93]) is a eusocial insect, that
has well organized division of labor among themselves [101]. A colony of honey
bees consist of one queen, which is responsible for laying brood reared in the hive,

thousands workers and some drones (during reproduction season) [77,101].

The population within the honey bee colony is made up of related and closely
interacting individuals that form a highly complex society [43]. Their dynamics
is complicated [43,80], because the organizational level is influenced by the number
of bees within the colony [80]. As a result of this, the fate of bees within the colony
is not independent on their macro and micro habitat [43,80], and the survival of the
colony is mostly determined by dynamic interactions of individuals [80]. Therefore,
the lifespan of an individual is influenced by the role they play in and outside the
colony [43].

Depending on the season and time, honey bee colonies have three types of individ-
uals, namely; the fertile female (queen), the sterile females (workers) and the males
(drones). The main differences between these individuals are that: the queen hatches

from a diploid egg and has fully functional reproductive system. She is character-
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ized by an elongated body, large abdomen, shorter wings, small head, moderately
developed eyes and her three pairs of legs are the same with a total body length of
approximately 20mm (see Fig 3.1) [45,101]. The workers, that have body length of
about 15mm, Fig 3.1, [45], hatch from diploid eggs and are regarded as the main
essential elements of the colony due to the roles they play [101]. Though the queen
and worker hatch from diploid eggs, the difference between them is that workers’
reproductive system is suppressed in the presence of the queen. Workers are charac-
terized by the well developed wings, stingers, corbicula-hind legs designed to carry
pollen and they have completely developed and long proboscis for collecting nectar.
Workers have glands that produce wax and royal jelly [45,101]. Drones are haploid
males produced from unfertilized eggs of the workers or the queen and have heavily
built body with an average length of 19mm, Fig 3.1, [45]. They are characterized by
long wings that cover their bodies, developed eyes that are large and joined behind

the occiput.

Queen Worker Drone

Figure 3.1: The morphology of queen, worker and drone honey bees [76].

Reproduction of honey bees

In this paragraph, we explain briefly what is meant by “functional and non func-
tional reproductive system” in honey bees. Starting with the queen: as mentioned
previously, her reproductive system is fully functional because her genital apparatus
is well developed and comprises of two piriform ovaries [45]. She (queen) has a sper-
matheca (that stores sperm cells collected during mating flights with the drones).
Drones, as well, have functional reproductive tracts and an evagiable endophallus

which they use to ejaculate sperms into the queen during mating [101]. It should
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be noted that drone dies soon after mating as his abdomen rips open when his en-
dophallus is removed [101]. In the presence of the queen, the reproductive system
of workers is suppressed by pheromones secreted by the queen. These pheromones
restrict workers to produce but to focus on other hive activities [41,45,101]. Thus,
workers are considered to have non functional reproductive system in the presence
of the queen (under normal circumstances). We will elaborate later the unusual

scenario where workers become reproductive in the presence of the queen.

Life cycle

Honey bees undergo a complete metamorphosis, that is; egg, larva, pupa and adult,
but the eclosion period differs by caste and sex [16]. The egg, hatched from either
queen or worker, develops into a larva after 3 days. If it is an unfertilized (resulting
to the birth of drone), it develops into pupa in 18 days while the fertilized (worker)
egg becomes a pupa at day 14 and that give rise to queen by day 12. From the pupa
stage, drones develop into an adult bee in 6 days while workers reach adulthood
in 7 days and queens have a shorter development time which only takes 4 days
from pupa to adult [101]. This shows that queen, worker and drone complete their
metamorphosis in 16, 21 and 24 days respectively. Figure 3.2 shows the life cycle
(Fig 3.2(a)) and the developmental stages of honey bees with time taken from one

stage to the next, depending on the caste (Fig 3.2(b)).

The Honey Bee Life Cycle
DRONE WORKER QUEEN

Bz sss=EBs

2B

(a) Honey bee life cycle [9]. (b) Honey bee eclosion period [12].

Figure 3.2: Honey bee life cycle with eclosion period adapted from [9] and [12].
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Division of labor amongst honey bees

Division of labor among honey bees is the most researched topic in the study of
animal behavior [41]. There are two basic classes of division of labor across honey
bees. The first one is between the queen and workers in relation to reproduction of
the brood reared in the hive and the second one is between the workers themselves
regarding the duties (that are not related to reproduction) in the hive [41]. In what

follows, we describe duties each set of individuals perform within the colony.

Queen

Before laying eggs, the queen takes mating flights where she mates with many drones
[78]. Upon the completion of the mating period, she stays in the hive for the rest of
her life and lays both fertilized and unfertilized eggs that develop into workers/queen
and drones respectively, depending on the demands of the colony [101]. She also

secretes pheromones that are used to control the hive [45,78,101].

Drones

Haploid individuals that are ideal models for population studies as well as studies
aimed at understanding the dynamics of honey bee pests such as Varroa mites has
shown, recently, that drones do communicate with each other in the colony using
drone pheromones [97], to give signal of where other drones are. They also mate
with the queens at a specific area called drone congregation areas (DCA) [101],
which is about 10 — 40 meters above the ground [14]. This is where the queen goes

and secrete pheromones so that drones get attracted to her [14].

Workers

The division of labor amongst honey bee workers is highly complex and flexible
in that workers quickly adapt to changing colony needs and accelerate or reverse
their behavioral development [78]. For instance; if there are few foragers to sustain
the colony, young workers start foraging precociously [43,78]. Or young foragers
can revert back to nursing behavior and develop fully functional brood food glands

when there are few nurse bees [78].

We describe the division of labor amongst honey bees under normal circumstances
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(when there is no precocious foraging or the reversion from forager class to hive
class). This division of labor is age-dependent [41,43,45,78,101]. Since the newly
hatched honey bees are developmentally immature [41,101], their duties consist
of cleaning cells by removing the remains of larvae and pupae from the cells [41],
eliminate excess water vapor and regulate temperature in the hive by rapidly beating
their wings [45]. As they mature, they become nurse bees. During the nursing
period, they feed the brood with honey, pollen and glandular secretions [41,45].
Later on, they secret royal jelly that is fed to the brood during larval stage [101].
They also care for the queen by surrounding her as attendants, monitoring how she
eats as well as sending pheromones secreted by the queen within the colony [41].
It is during the nursing period when they (workers) become stokers. That is; they
receive nectar and pollen from foragers and process nectar into honey then store
them (pollen and honey) in the combs [41,45]. From being stokers, they grow to
become comb-makers. At this stage, they secret beeswax and use it to build and
repair comb cells [41]. Graduating from the comb-making stage, they become guards
and prevent intruders like insects or workers from foreign hives from entering their
hive [41,45]. They later become foragers [83,101] where, they leave the hive to collect
resources (water, pollen, nectar, propolis) needed in the colony [41,45,83,101]. In
general, the division of labor among honey bee workers as throughly observed was

recorded by Seeley [83] and is listed in Table 3.1.

Table 3.1: Summary of age-dependent division of labor amongst honey bee workers

83).

Age Main activity

From birth till day 2 Cleaners

From day 3 to day 11 | Brood care

From day 12 to day 20 | Store provisions
guarding

From day 21 till death | Foragers
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Life span

The lifespan of honey bees varies by caste, sex and season and is strongly influenced
by the role they play in the colony [43]. The queen lives between 3 and 5 years [45].
The drones live longer in mid-summer at an average of 90 days while in spring their
lifespan is between 21 and 32 days [16], and in winter they are expelled from the
hive [43]. The workers live longer in winter, since they are inactive, as compared to
summer, when foraging (that exposes them to a lot of stress and adverse weather
conditions [80]) is at its most, with an average of 140 days in winter and between

15 to 38 days in summer [101].

3.2 Formulation of the Mathematical model

Khoury, Meyerscough and Barron considered several models for the dynamics of
honey bee population [43,44]. In this work, we focus on the basic mathematical
model proposed in [43]. The assumptions they used are stated below with more
motivation from the biology of honey bees.

Assumptions

1. We neglect factors that compromise the health of the queen. Thus, we assume
that the queen does not die, or if there arise a need for her to be replaced, this

is done without affecting the overall performance of the colony [73].

2. The model focuses on workers only since drones do not contribute to colony
work [43,73,80] and because they are not present in the colony during winter

[101].

3. Workers are classified either as hive bees, H, or foragers, F, and there is no
overlap between these two behavioral classes. This assumption is motivated
by the fact that there is a well recognized division of labor among workers

which is age-based (as discussed in Section 3.1)

4. Because many reported cases of honey bee colony declines are not associated
with brood disease [22,43,69,72], and since brood is maintained at the humidity

levels within narrow limits inside the hive and constant temperature that is
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crucial for normal development and growth [90]. It makes sense not to consider

brood disease on colony failure.

5. Death rate of hive bees is ignored. This is because in a healthy colony, the
rate at which hive bees die is extremely low [43] and is less significant to the

overall population [80].

6. Workers are recruited from the hive class to the forager class at the maximum

rate a.
7. Foragers die at the rate m.

8. The maximum rate of eclosion is equivalent to the queen’s laying rate, L,
and eclosion rate approaches this maximum as the total number of workers,
N := H + F, in the hive increases. This assumption is an attempt to capture
the complex relation that exists between the number of eggs reared in a colony

(eclosion rate) and the number of bees in the hive [43].

1
9. In the absence of foragers, new workers become foragers in — > 4 days after
o

eclosion.

10. There is a reversion from the foragers class to hive bee class at the rate o > «

if more than XN are foragers.
o
11. The eclosion approaches L at the rate w.

Remark 3.2.1. Regarding Assumption 8, the relationship between the number of
eggs reared in the colony and the number of bees in the hive is expressed by using, as

eclosion function, the Michaelis-Menten or Holling function of type I, as follows:

L(H+F) LN

E(H, F) = = = f(N). 2.1
(H, F) H+F+w N+Hw J(N) (32.1)
Other possible functions include ,

g(N) = Ltanh(N), N >0. (3.2.2)

More generally, we can use a saturated function f(N) which is bounded and increas-

ing such that f(N) — L as N — oco. However, we will use the function (3.2.1)
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because it is extensively applied in several population dynamics frameworks such as

predator-prey models [15], epidemiological models [15] and reaction kinetics [63].
Figure 3.3 illustrates Assumption 11.

L
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L 4 e increasing w
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r o,

v
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0 20 000 40 000

number of adult bees in colony, N

L(H + F)

Figure 3.3: Eclosion function, E(H, F') = m
w

[43].

To describe the recruitment function, we follow an approach which is similar to
the standard incidence formulation in epidemiology of infectious diseases [15]. The
presentation outlined in [50] is detailed below. In view of Assumption 10, we note
that social inhibition will take place whenever the hive bees are in contact with the
foragers. The probability for the hive bees to be in contact with one forager is

H
N
Thus the total number of contacts between hive bees and foragers is

H
—F
N

However, not all the bees

H
—F
N

become foragers. Instead, the social inhibition process is such that

i
Sy
N

are returned to the hive compartment on the grounds of being immature. Conse-

quently, with Assumption 6 in mind, the recruitment rate function is, for H > 0

and F' > 0 given by

R(H,F) = <a—0HiF>H
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With the above assumptions and the comments as well as the flow diagram in Figure

3.4, we are led to the following model (as proposed in [43]):

dH L(H+F) F
— = (a- H=: fi(H,F
dt ~ H+F+w (a UH+F> hi(H, F)
(3.2.3)
dF
el _ H — mF =: H F
dt (O‘ 0H+F> mE =: fo(H, F)
Colony size effects
brood pbroduction
I— ————————————————— -
I |
I I_ ______ =1 social |
_y L | inhibition |
| brood | . »| hivebees [€ = = = - foragers
I — _I eclosion transonto >
foraging l
.death

. .
.......

Figure 3.4: Social dynamics of a honey bee population model modified from [43].

Remark 3.2.2. Based on Assumption 9, if new workers become foragers in a min-
imum of 4 days in the absence of foragers, it makes sense to take o = 0.25. As a
0.25
result of this and Assumption 10 whereby less than ——N of the total population
o

are foragers, we can choose o = 0.75 so that % of the total population are foragers.

Indeed,

F
HF:<— )H: o=
R(H, F) a 0H+F 0 iff « UH—i—F
or
g
—=q.
3

This is precisely the choice made in [43]. We extend this assumption by assuming

that
0.25 < a < % (3.2.5)
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Throughout this work, we further assume that

L
a—=>0, (3.2.6)
w

in order to have the only condition (3.3.14) bellow instead of double condition used

in [43].

3.3 Analysis of the model

For the well-posedness of the KMB model (3.2.3), we assume for simplicity that we
are in the normal situation where social inhibition works. In this case the recruitment
rate is positive. More precisely, we assume that there exists a constant I' > 0 such

that

F
=R(HF)=«a-— >T . 3.1
R=R(H,F)=« UH—}—F_ >0 (3.3.1)

We use the three facts below:

a. The existence of unique local solution of (3.2.3), which is trivial;

b. The positivity of any solution corresponding to positive initial conditions,

which follows from the intermediate value theorem,
c. The boundedness of any solution, which is established by Gronwall’s inequality.
Then the following result can be proved (see [50]):

Theorem 3.3.1. The model (3.2.8) is a dynamical system in the biological feasible
TegION.

L L
Q:{HF R H <= F<_}.
(H,F) e Ry <7 and < T

In other words, for (Hy, Fy) € €, there exists one and only one solution (H(t), F(t)>
of the System (3.2.3) such that <H(t), F(t)> € Q for any time t > 0.

Remark 3.3.2. Adding the equations in (3.2.3), we have the following conservation

law:
dN LN
dt N+w

—mF. (3.3.2)
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Let (H(t), F(t)) € Q be a solution of the model (3.2.3) corresponding to the initial
condition (Hy, Fy) € Q. From (3.3.2) it follows, using the relations

L
F=N-H, Hgf and 0<TI' <1 that

dN L L
— < = = — . 3.
P F+mF mN (3.3.3)

By Lemma 2.1.8, we have from (3.3.3)

Nﬁ)gNw”m+<%%+%>ﬂ—e”ﬂ. (3.3.4)

Remark 3.3.3. Assume that (H(t),F(t)) is a solution of the model (3.2.3) that
satisfies the relation (3.5.3) such that

L L
— 4+ = > 0. 3.
N(t)>mr—i-F forall t>0 (3.3.5)
Then, it follows from (3.53.8) and (5.8.5) that
dN
— < 0.
dt
Thus, N(t) is a decreasing function that converges to — +—= as t — 00, in view

ml'" T
of (3.3.4) and (3.3.5). This means that the region S is attracting [89]. This explains

why we will study the KMB model (3.2.3) in the compact invariant set .

With regard to the qualitative analysis of the KMB model (3.2.3), we note that the

defining equations of an equilibrium point (ﬁ, F) are

L(H+F) F
(o — H =
H+F+w (a UH—irF) 0
(3.3.6)
_ H — mF = 0.
(“ 0H+F> m 0

It is obvious from (3.3.6) that the origin, (0,0), is an equilibrium point of the system.
It is equally clear that the system does not have boundary equilibrium points (H,0)
and (0, F) for H > 0 and F > 0. For a potential interior equilibrium point (H, F),
we follow [16,43,51] and set

1
H=-F. 3.3.7
: (3.27)
Substituting (3.3.7) in first equation in (3.3.6) we have
L(H+ JH)
—-mJH =0. 3.3.8
(H+JH+w) (3:38)
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Multiplying both sides of (3.3.8) by (H + JH + w) we get:

0=L(H+JH)—mJH(H + JH 4 w)

= LH+LHJ —mJH? —mJ*H?> — mJHuw.

Thus
L+LJ—mJH—mJ*H —mJw=0 after dividing by H.

Solving for H we obtain

— L w
H=— Y 3.
Jm 1+ J’ (3:3.9)
which in view of (3.3.7) gives
— L wJ
F=——-——. 3.1
m  1+J (3:3.10)

In order to determine the expression for J, we substitute (3.3.7) in the second equa-

tion in (3.3.6) and obtain

JH
—o—" \H—mJH =
(a UH+JH> mJ 0,
which is equivalent to
J? (3—3—1>J—3:0. (3.3.11)
m m m

Thus, the unique positive root of (3.3.11) is

1 2
sl [(2_1_1>+¢<2_£_1) 4o
2|1\m m m m m
Lemma 3.3.4. Under the second condition in Inequality (3.2.5), the root in (3.5.12)
of (3.8.11) is such that J < 1.

(3.3.12)

m

Proof. 1t should be noted that (3 - > = 1) < 0 whenever o < %, for any m > 0.

Now, assume by contradiction that J > 1. Then, we will have

o o a o 2 o
(————1)+\/<————1) 4% >0
m m m m m

which implies that

\/(2_1_1>2+4%2(1+"_0‘>+2. (3.3.13)




Squaring on both sides of (3.3.13) we obtain

— 2 — 2 —
<1+0' CY) +422<1+0' Oé) +4<1+0 O./>+47
m m m m

which simplifies to

20 _ 0
- 2 — 4 27
m — m
or equivalently
o o
=>4l
m ~ 2m
This is impossible since
20 © .
— < — because 2a <o by relation (3.2.5).
m m
Thus, J < 1. O]

Theorem 3.3.5.

1. If the foragers’ death rate, m, is smaller than a critical value m. in the sense

that

m < — =:m, (3.3.14)

2w oa— =

then KMB model (3.2.3) has a unique interior equilibrium point, which is glob-
ally asymptotically stable (GAS), while the trivial equilibrium point is unstable.

2. If the condition (3.5.14) is not satisfied, then the trivial equilibrium point (0,0)
is GAS.

Theorem 3.3.5 is stated in [43] without a proof. We provide its proof in different
steps consisting of Propositions 3.3.6 to 3.3.10 below.

Proposition 3.3.6. The positivity of the forager component of the equilibrium point,
(H,F), given in Equation (3.3.10) is equivalent to the condition (3.5.14).

Proof. The condition

L w/ > (0 or equivalentl < L1 +J)
= - — r equivalen m< ——=
m 1+J b Y wJ

Bl

(3.3.15)
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is, in view of (3.3.12), equivalent to

€|t~

- L
m JES—
2w &
m
which is equivalent to
L Lm a o 2 Q
m&——<a+a+m> <= <————1> +4—.
2w 2w m m m

From (3.3.16) we deal, separately, with cases when

L
ma——(a+a+m> >0
2w

and

L
ma——(a—l—a—i—m) < 0.
2w

(3.3.16)

(3.3.17)

(3.3.18)

Assuming that case (3.3.17) holds true, by squaring on both sides of (3.3.16) we

obtain

L? L?

L 2 2 a
m2a2—2ma2—<a+a+m>+—(a+a+m> <—(a—a—m> +4—.
m

w 4w? 42

Expanding bracket and simplifying we have
2

mta(a L) —mak(a-+0) < £~ a0),

w w 4?2

which (after dividing by «) is equivalent to

) L L —I?
m(a——)—m—<a+a)< 5 0.
w w w

We are therefore led to the following quadratic inequality in m:

9 L L L?
m (a——) —m—<0z+0>+—20<0.
w w w

o7

(3.3.19)



Thus solving for m we get

£(a+0) + \/%(a+a)2 —4(a — £)2

D

m <

or equivalently

€l

L
(04+0)+\/a2—2040+02+40—

T

Simplifying the expression under the square root we obtain condition (3.3.14). Now,

assuming Condition (3.3.18) is satisfied, we have
L
ma——<a+0~|—m> <0
2w

or

L
mOzS—(Oé+a+m>.
2w

Re-arrangement gives

L L

m(a — %> < o <a + a). (3.3.20)

For any positive real numbers, L and w, the following equality is always true:

L L

2w w

That is
L - L
2w w
Addition of « yields
L

L
~ Z>a—-=2>0 by (3.26).
== >a-— y (3.2.6)

Solving for m from (3.3.20) we get:



Addition of the positive quantity

I \/(a—0)2+4%
2w L

o — —
w

does not affect the inequality sign. So

L
. (a+0)+\/(a—0)2+4§
a__

w

Thus, the positivity of (3.3.15) is equivalent to condition (3.3.14). O

Proposition 3.3.7. Under the condition (8.3.14), the interior equilibrium point,
(F, F), 15 locally asymptotically stable.

Proof. We use Hartman-Grobman [15] linearization process as stated in Theorem
2.2.2, Remark 2.2.3 and Corollary 2.2.4. The Jacobian matrix, J. := J.(H, F'), of
the right hand side of the model (3.2.3) is

wL ot F? wL n H?
(H+ F 4 w)? U(H+F)2 (H+ F 4 w)? U(H+F)2
J. =
F? H?
O HTFR Twmrre "

(3.3.21)
At the interior equilibrium point (H,F) that is given by Equations (3.3.9) and
(3.3.10), the matrix (3.3.21) becomes

oJ? wm? J? n o
(1+J0)2 LOA+J)?2 (14 J)?

wm?J?

Tatxge “F

J.(H,F) = , o (3.3.22)
g s .
(1+J)? (1+J)?
which has trace
_ wmJ? J—1
t H. F) = —-1) - —_— 3.2
rJ.(H,F) m<L(1+J)2 ) atoi— (3.3.23)
and determinant
- wm?a J? wm?J? omdJ? wam?J?
detJ(H F) = =97 (1) | om— - (3324
Wl F) = sV e o ar et g B3
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We show that trJ.(H,F) < 0. Since .J < 1 as proved in Lemma 3.3.4, it is enough
to show that

wmJ?
—— —1<0.
L(1+ J)?
Now,
wJ*m wJZL(l—I—J) L(1—|—J)
- — 0 — 1 i 3.15) 1. i Sl A
<L(1+J)2 ) <wJL(1+J)2 ) using (33.15) ke m < o7
J
(1+J_ >
<0

Next, we show that det.J,(H, F) > 0. From the second equation in (3.3.6) and (3.3.7),

we have
1+J
o= (a—m7) % (3.3.25)
With the equation (3.3.25) in mind, the expression (3.3.24) of detJ.(H, F') simplifies
to
— — wmJ J m?2.J? wmJ
detJ.(H,F) = [1— _ } [— .
etl(H, F)=am|l = o= — 5 T 157 " T 0
Thus,
_ 1 J 1 mip L1+ J)
(HF [1 _ _ } [1 _ 1] i AT
detJ.( ) > am 57 117 +1_|_J using m < ——

=0.

Therefore, the local asymptotic stability of <ﬁ, F) follows directly from Theorem
2.2.2 and Corollary 2.2.4. O]

Proposition 3.3.8. When Condition (3.5.14) is satisfied, the trivial equilibrium

point (0,0) is unstable and not attractive.

Proof. Using the fact that m < m,, we have, from Remark 3.3.2 and the definition
of 2 that

N LN

dt N+w
S LN L
= T L —Me——



By comparison theorem (Gronwall’s inequality) in Lemma 2.1.8, we obtain
b L L
N(t) > Noe ™ + =(1 —e™™) where a= 1 b=m.—
a Tt Tuw
Thus, N(t) cannot tend to zero. O
Proposition 3.3.9. The system (3.2.3) does not have periodic orbits.

Proof. By Dulac criterion [15], Theorem 2.3.4, using the function

1
6(H7F):ﬁa

we have

- <a(ﬁf1) a(5f2)> _ L(H?F +2HF*+ F3 + wF?)
\ 9H ° OF /  (H?F+ HF?+wHF)?

L(H*F +2HF? + F? + wF?) «
(H2F + HF? + wHF)? F?

<0 for H>0 and F >0.

Therefore, from Theorem 2.3.4, the model (3.2.3) does not have periodic solutions.

]

Combining Propositions 3.3.6 to 3.3.9, part 1 of Theorem 3.3.5 is proved. Regarding

the second part we have the following result:

Proposition 3.3.10. When Condition (3.3.14) is violated so that there is no inte-
rior equilibrium point, the trivial equilibrium point (0,0) is globally asymptotically

stable.

Proof. Here, we use a Lyapunov argument as in [29]. The candidate Lyapunov

function V : R — R is the C' function defined by
V=V(H,F):=H+F.

For any H and F, we have V(H, F) >0 for all H,F € Q\{(0,0)}and V' (0,0) = 0.

This shows that V is positive definite. Now, the derivative V along the trajectories
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1S

V(H,F) = VV.(fr, fs)
oV
a_Hf2
=1xfi+1xf
_ L(H+F)
 H+F+w

oV
= (‘9_Hf1+

— mF,

which is the right hand side of the conservation law (3.3.2). We observe that

1% Lw
T(HO) = 2
or 0 = o
L
< ——m
w

<0 by (3.2.6) since the death rate is large, i.e m > a.

Therefore, there exists r > 0 such that V(H,F) < 0for 0 < H <rand 0 < F <.
This shows that V' is indeed a positive definite Lyapunov function, in §2, by Definition
2.4.1. Furthermore, Theorem 2.4.2 guarantees that the equilibrium point (0,0) is
locally asymptotically stable. Combining this result with Proposition 3.3.9, we
obtain the global asymptotic stability of the trivial equilibrium point (0,0) based on
Theorem 2.3.2. O

Remark 3.3.11. Note that Poincaré-Bendixson Theorem 2.3.2 on which the proof
of Proposition 3.3.10 is based is not valid for dynamical systems of more than two
space dimension. For the sake of completeness, let us reprove Proposition 3.3.10 by
using the LaSalle Invariance Principle in Theorem 2.4.4, which applies to any space

dimension.

Knowing that the KMB model is dissipative, we want to show that the largest in-
variant set, M, contained in the set £ = {(H,F) € Q ; V =0} is reduced to the
singleton set {(0,0)} where V' is the Lyapunov function defined by V(H,F) = H+F.
The global asymptotic stability of the equilibrium point (0,0) will then follow from
Theorem 2.4.4.

Let A be an invariant set such that A C €. For any initial condition (Hy, Fy) € A,
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the corresponding solutions (H(t), F(t)) = ¢(t)(Ho, Fy) of the KMB model (3.2.3)
is such that <H(t), F(t)) € AC E. Thus, with V(t) = H(t) + F(t),

dV . LV
2 v =
dt V4w

—m(V — H) =0. (3.3.26)

Consequently, V is a constant: V(t) = V. By Definition 2.3.1, the w— limit set
of the point (Ho, Fy) is the singleton (0,0) in view of the violation of the condition

(3.3.14). Therefore H=0, F =0, and AC {(0,0)}. Thus, M = {(0,0)}.

3.4 Some models for colony population declines

Possible extensions of our work which we intend to carry out elsewhere includes
focusing on other factors that contribute to declines of honey bee populations. This
section is dedicated to introduce some of mathematical models, in the literature,
that explore such factors. In all the models, the impact of these factors (that con-
tribute to the declines) is the high foragers’ death rate, which in turn remains the

underlying reason for the colony declines.

e Mathematical models of honey bee populations: rapid population
declines [16].
This is a direct extension of the model formulated in [43]. In this model,
author [16] has included death rate of hive bees. Apart from p that represents
the death rate of hive bees, the other parameters and variables have the same
meaning as those the KMB model (3.2.3). The model reads as follows:

dH  L(H+F) F
el ) (- H— uH
it~ (H+F+w) (o 0H+F> s

(3.4.1)

dF r
Y (a—o—YH —mF
dt (0‘ UH+F> m

It is discovered that there exists critical values of hive bees death rate and

that of foragers above which the colony declines.

e Modeling Colony Collapse Disorder in honey bees as a contagion

[47].
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This model is also an extension of the KMB model [43] where an additional
compartment of the infected population (1) of bees due to CCD is incorpo-
rated. Authors found that the survival of the colony can be attained if the
queen’s laying rate is greater than the maximum recruitment rate from hive
class to foraging class at the egg-laying half-saturation threshold. The model

reads as follows:

( dH I >

“r_r —~VH — oH

dt H+q WY EiTie

Ma I

Y H+aH ) 3.4.2
TRy arr S LS Sy s (342)
dl I

a) S
@ T e

The parameters and variables of the model are tabulated in Table 3.2 below.

Table 3.2: The parameters and variables of the model (3.4.2).

Parameter | Description
hives populations

F foragers population

L queen’s laying rate

Q number of hives needed for the emergence rate to reach g

v recruitment rate from hives class to foragers class

a the maximum additional maturation rate when there is a need
to accelerate transition from hive to foragers class

P number of foragers at which additional maturation rate is %

[ death rate of foragers

Lo death rate of infected bees

1 population of infected bees

6] rate at which bees are infected

K half-saturation constant

e Dynamic modeling of honey bee (Apis mellifera) colony growth and

failure [80].
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This model explores how interaction between internal demographic process
within honey bee colony and the availability of food and brood rearing im-
pact on the growth of the hive. The model is formulated based also on the
KMB model [43]. Tt is discovered that the growth of the honey bee colony
is influenced mainly by death rate of foragers, availability of food and other
factors influencing the age at which workers transit to foraging class. The

model parameters and variables are listed in Table 3.3 below.

Table 3.3: The parameters of the model (3.4.3).

Parameter Description

H hives populations

F foragers population

Lz maximum effective laying rate of the queen

L, proportion of the maximum laying rate approximated

to particular season

pnin minimum possible transition rate from hives to foragers

when there is plenty of food but no foragers

Cynaz maximum additional rate of transition when food stores are low

b constant that determines the steepness of the function governing

the rate that the food dependent term decreases as food stores

increases.
f variable describing the amount of food in the colony
my maximum death rate of foragers in summer
My death rate seasonality term

Y8, 7, 7r | food consumption rate of brood, hives and foragers respectively

By, number of brood in the larval stage
Crnaz highest rate at which foragers can collect food
Cs seasonality factor representing food collection rate
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The model reads as:

/

where

dH  L(H+F) (at—oF)

dt H+F+Q \H+F
dF o — ol
- (222 Vg — F , 3.4.3
dt (H+F> me (3:4.3)
df
o = CF('YBBL + vy +7FF>

L = Lz X L

b2
Oy = Opay X m) + Qmin

mrp = mgs X my,

C = Chaz X Cs.

e Importance of brood maintenance terms in simple models of the

honey bee-varroa destructor acute bee paralysis virus complex [29].

This is the mathematical model that focuses on the infestation of honey bee

population as a result of the Acute paralysis virus. The outcome of the study

shows that colonies contaminated with the virus can still function like any

other healthy colonies for some years before declining provided they (virus-

contaminated colonies) have the required number of workers to care for the

brood at the end of winter seasons. The model reads as follows:

p

\

dm x
B (M — _
ddt Al m)x+y p rT+y

x x
- pg(z)h(m) — BBmx——i—y —dyx

(3.4.4)

dy x
E = [33 T+ — dyx

The parameters and variables of the model are presented in Table 3.4.
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Table 3.4: The parameters and variables of the model (3.4.4).

Parameter | Description

m number of the mites carrying the virus

x number of virus-free bees

y number of infected bees

M mites population in the colony

i maximum birth rate of workers per day

di, dsy death rate of uninfected and infected bees respectively

Ioht rate at which mites do not carry the virus acquire it

Ba rate at which mites lose virus to an uninfected host

B3 rate at which bees are infected

h(m) the function that shows that the birth rate is affected
by the presence of mites that carry the virus

g(x) the function that represents the relation that sufficiently large
number of healthy workers is needed to care for the brood

¢ A mathematical model of the honey bee-varroa destructor- acute
bee paralysis virus system with seasonal effect [77].
This is an extension of the mathematical model formulated in [29], in which
an additional compartment, M (governed by logistic equation), for the number
of mites that infest the colony is included. The findings of the study show
that the use of varroacide treatment is important in that it reduces the rate at
which colonies might collapse as a result of the virus. Additional parameters

and variables to the model (3.4.4) are listed in Table 3.5 below.
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Table 3.5: Additional parameters to the model .

Parameter | Description

r(t) maximum birthrate of mites

a(t) carrying capacity for the mites

T +y the total population of the host bees

01, O3 the mortality rates of uninfected and infected bees due

to varroacide respectively

09 shows that the effect of varroacide on mites that carry

the virus and on the total mite is the same.

Y1, Y2 rates at which mites kill healthy bees and infected bees

respectively

The model reads as follows:

(dm Y x

g = BM =m)zm = fam e — b

dr _ (x)h(m)—ﬁmi—da:— Mz — 6z

dt—ﬂg 3 Tty 1 T 1

(3.4.5)

d—y—ﬁm gy — My —§

ar Tty 2Y — 72MY 3Y.

dM M

S (- ) s, M
@ ( a(:z:—l—y)) 2

e A mathematical model of Varroa mite ( Varroa destructor Anderson
and Trueman and honey bee (Apis mellifera L.) population dynam-
ics [25].

This is a mathematical model that describes the interactions between Varroa
destructor and a honey bee colony. This model shows, through numerical
simulations, how the growth of the colony population and that of mites are
affected by weather conditions, seasonal brood rearing and mite infestation
rates for both worker and drone cells. It is discovered that the survival of
thresholds for miticides depend on climate and yearly brood rearing cycle in

a colony.
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Chapter 4

The presence of a social parasite

4.1 The social parasite scenario

We started describing social parasitic scenario in the honors project [50]. In this
section, we provide more details on the biology of honey bee races found in South
Africa including their geographical location, their morphology, reproduction biology

as well as the history and symptoms of the capensis calamity (cc).

Social parasitism in social insects is a situation whereby insects benefit from brood
care or managed resources (such as food stores) of the host colony [26]. Our main
references in this section are [23,26,35]. It has been confirmed that honey bee
workers can function as social parasites in social bees [26,65]. The host-parasites
relationships in honey bees is composed of sharing the nest, enslavement of the host

workers and elimination of the host queen from the colony [26].

South Africa is home to two races of honey bees that occur naturally, namely A.m.
scutellata Lepeletier and A.m. capensis Escholtz [52]. These two sub-species are sep-
arated by a region of introgression or a buffer zone where hybrids exist [23]. Figure
4.1 shows geographical distribution of these two races of A. mellifera across South
Africa together with the hybrid zone. A.m. capensis are found in the winter rainfall
region of the Cape such as the Bokkeveld (1), Cedarberg (2), Swartberg (3) and
Suurberg (4) mountains while A.m. scutellata occurs in the summer rainfall region

north of the Roggenveldberg (5), Nuweveldberg (6), Sneeuberg (7), Kikvorsberg (8),
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Stormberg (9) and Drakensberg (10) mountains [52].

Ariamsvlei
a
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Figure 4.1: Geographical distribution of Apis mellifera capensis (South of mountain
ranges 1 - 4), Apis mellifera scutellata (North of mountain ranges 5 - 10) and the
hybrid zone between mountain ranges 1 - 4 and 5 - 10 [52]. The numbers correspond

to towns described above [52].

(a) A.m. scutellata. (b) A.m. capensis.

Figure 4.2: Morphology of honey bee races found in South Africa
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The difference between these races is that A.m. capensis have dark abdomen and
well developed spermatheca whereas A.m. scutellata have orange/yellow abdomen
and do not have a well developed spermatheca [23]. Worker reproduction in honey
bee races, including A.m. scutellata, result in male offspring through the process
called arrhenotokous parthenogenesis [10] (See Fig 4.3 (A)). This is not the case
with A.m. capensis as workers are capable of laying unfertilized eggs which develop

into female offspring through thelytokous parthenogenesis [23] (see Fig 4.3 (B)).

Arrhenotoky Thelytoky
Apomixis Automixis B
Meiosis Mitosis Meiosis
L J
Sperm
Terminal fusion Central fusion Gamete duplication
A J A J Y
Haploid Diploid Diploid wl i
males  females females Diplaid females
A A

Figure 4.3: Reproduction methods in insects, edited from [34]

To produce female offspring, A.m. capensis workers produce gametes that fuse
their pronuclei with one of their polar bodies in the absence of meiosis and produce
female offspring [35]. A.m. capensis thelytokous workers then mimic the pheromone
of the host queen and start to lay eggs undetected by the host queen [3]. The
actively reproductive pseudo-queens may suppress the development of the ovaries of
their clones which will result in dominance hierarchies of these clones [35]. These
clones do not contribute to activities of the hive mainly because they activate their

ovaries, which make it liable for them to reproduce rather than to care for the
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brood. As a result of this, foraging becomes a problem for them as their pollen
combs and baskets on their hind legs are suppressed [2,35,67]. When these clones
enter the host colony of other races, they immediately activate their ovaries and
start reproducing [24,52,62,66]. It has been discovered that if the host colony has
its own queen, then about 10% of the clones activate their ovaries whereas in a
queen-less host colonies all the clones activates their ovaries and start producing
females [62]. In comparison with the A.m. capensis, A.m. scutellata workers only
activate their ovaries in the absence of the queen and her pheromonal controls to
reproduce only haploid eggs that lead to male offspring [10,101]. Figure 4.4 shows

how queens, typical Apis mellifera workers and A.m. capensis workers reproduce.

Queen . } Cape Honey Bee
ypical Laying Worker Lapying Woyrker

o P

Unfertilized Egg

> B

(Haploid)
) Unfertilized Egg |
Feriized Egg  Unfertiized Egg (Haploid)
(Diploid) (Haploid) l Fuséi]c:‘r(\j golr:rg;fjlsus
l l Male Offspring (Diploid)

Female Offspring Male Offspring
Female Offspring

(a) Queen. (b) Typical worker. (c) A.m. capensis.

Figure 4.4: How queen, typical A.m. worker and A.m. capensis worker produce

offspring edited from [30].

Background of the recent capensis calamity

There were two major movements of honey bees that involved large number of
colonies of A.m. capensis into the region of A.m. scutellata [52]. The first one was
in 1990, where about 400 colonies of A.m. capensis were moved from Lamberts Bay

region in the Cape to the Rust-der-Winter region in Limpopo province [2,52]. The
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second recorded movement was in 1991, where colonies from high flats in Natal were
moved to the Langkloof in the Cape and returned to Natal and subsequently moved
to Douglas in the Northern Cape [52]. The main reason for these migrations was
for pollination services [2,4,52]. It is reported that one of these movement caused

the so called “capensis problem bee” [52] or capensis calamity (cc).

In what follows, we describe the capensis calamity. As mentioned earlier, under
normal circumstances, honey bee workers do not reproduce diploid offspring but can
do so under queenless conditions [66]. A.m. capensis workers are an exception to this
rule as they parthonogenetically produce female offspring that normally develop into
workers and occasionally queens [2,24,66]. Some of the workers produced by A.m.
capensis workers can develop into pseudoqueens, which are characterized by high
ovarial development and queenlike pheromone bouquet [24,52,66]. These workers
then act as parasites when placed in foreign colonies [24,52,62,66]. As a result of
one of the above mentioned movements that took place in the 1990s, it is assumed
that A.m. capensis workers (parasites) gained access to A.m. scutellata colonies
(host) and established themselves as pseudo-queens taking over the roles of the host

queen [24,52,62,66].

The offspring of these parasites are cared for by the workers of the A.m. scutellata
[66] as they themselves do not participate in hive activities as mentioned previously
[2,67]. As a result, the infected colonies end up with large number of these idle
clones and few host workers to sustain their colony [2,24,35,51,67]. As time goes
on, these infested colonies dwindles down and dies out [2,6,35,35] with the cycle
continuing as clones seek new host colonies. The parasites of the A.m. capensis
workers have infested and are continuing to infest the colonies of the A.m. scutellata
colonies resulting in the so-called capensis calamity for South African bee keeping
enterprises [2,3|. Due to capensis calamity, an estimated number of 100,000 A.m.
scutellata colonies die every year [2]. Figure 4.5 (b) shows how the A.m. capensis
parasites are being nursed or tendered for by the A.m. scutellata workers just like

a typical queen being nursed by workers (Fig 4.5(a)).
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(a) Workers nursing the queen(green dot). (b) Parasites (circled) [35].
Figure 4.5: The queen and parasites being attended by nurse bees.
According to Johannsmeier, the following are the signs or symptoms of capensis

calamity (cc) [39]:
1. Outside the hive:

e reduced foraging activities
e a lot of dead bees

e bees engaged in fighting
2. Inside the hive:

e absence of the queen

mixture of dark abdomen bees (A.m. capensis clones) and yellow ab-

domen bees (A.m. scutellata workers)

multiple eggs inside the cells of workers and queen

matured queen cells ripped opened on the sides.

scattered non-diseased brood with all larval stages next to each other

Due to the social parasitism by the A.m. capensis, we propose a mathematical model
basing ourselves with the model developed in [43], so as to capture the impact of
social parasitism by the A.m. capensis clones on the population of the A.m. scutel-
lata. Our main focus is on the transition from hive compartment to the foragers’

compartment.
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4.2 Model formulation

The compartmental model that we propose for the social parasite by the A.m.
capensis clones is in line with the KMB model (3.2.3) studied in Chapter 3. It is
based on the following assumptions, as well as explanations made, apart from those
made for the normal scenario. We shall call this model Social Parasite (SP) model
throughout this dissertation.

Assumptions:
1. Brood diseases on clones is not considered.
2. The rate at which hive bees leave their compartments is a + m.
3. Death rate of clones in the hive is negligible.

From the above assumptions and the flow chart in Figure 4.6, we have the following

model: JH L(H 4 F)
+
ek e N A ) H
Ty R )
(4.2.1)
d—F =aH —mF
dt

It should be noted that:

e The quantity 7 H in the first equation in (4.2.1) is the number of clones/parasites
leaving the hive compartment and not becoming foragers, while aH is the
number of A.m. scutellata workers/hosts which are recruited to the foraging

class.

e The number of the A.m. scutellata workers/hosts which are dying is repre-

sented in the second equation in (4.2.1) by mF.

e In [50], the death rate m of foragers was assumed to be equal to the rate m of
parasites that leave the hive compartment. Note that the parasites mH that
abscond the hive class due to shortage of resources (food and care) proceed to

invade other colonies [5].
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Figure 4.6: The flow diagram of honey bees (A.m. scutellata) in the presence of
social parasite (A.m. capensis clones). Clone 1 = clone brood, clone 2 = hive bees

that are hatched from clone brood and clone 3 = effect of clones on foragers.

4.3 Analysis of the model

The analysis carried out in the previous chapter for the KMB model (3.2.3) applies
to the model (4.2.1). Thus, we just state the main results without repeating the
arguments for all the proofs, observing that the condition (3.2.6) implies that

L
a+m—— >0, (4.3.1)
w

which is used here and after.
The analysis of the model reads as follows:

Theorem 4.3.1. The model (4.2.1) is a dynamical system on the biologically feasible

regION

and F <

Q:{(H,F)eRi:Hgaer m}

That is, for any (Hy, Fy) € Q, there exists one and only one solution <H(t), F(t))
of the system (4.2.1) such that (H(t),F(t)) € Q for any t > 0.
The equilibrium points of the model are described in the next results.

Theorem 4.3.2. 1. The system (4.2.1) has trivial equilibrium point (0,0) and

does not have boundary equilibrium points.
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2. Under the condition
m < (4.3.2)

there exists a unique interior equilibrium point, (H rpl ) given by

7l L wm
a4+ m a+m
and
FI_a( L wm )
C m\a4+m  a+m/’

For the stability analysis of the equilibrium points of the model (4.2.1), we denote
the Jacobian matrix of the right hand side of (4.2.1) by J(H, F’), and obtain

wlL - wlL
(H+F+w)2_(a+m) (H + F 4 w)?
J(H,F) = . (4.3.3)

When evaluated at the trivial equilibrium point,(0,0), (4.3.3) simplifies to

L s L
——(a+m) —
w w
J(0,0) = . (4.3.4)
a —-m
At the interior equilibrium point
wm?(a+m)* ( ) wm?(a + m)?
L(a+m)? “ L(a+m)?
JH', FT) = : (4.3.5)
a —m
Thus, from (4.3.4),
WﬂO@z(é—@+MD—m (4.3.6)
Y w Y
and
L L
detJ(0,0) = m(a+m) —m— — a—
w w
L L
= 7) — = | —a=. 4.3.
m [(oz +m) o (4.3.7)



From (4.3.5)

trJ(H', F') =

- —~> — (a+m) (4.3.8)

and

=m(a+m) L(m + o)
~ wm(a+m)? [ L(a+m)
= et (w(&+m) —m). (4.3.9)

From Equations (4.3.6)-(4.3.7), we derive the following results for the model (4.2.1)

regarding the stability of the equilibrium points:
Theorem 4.3.3.

1. When Condition (4.3.2) is satisfied, the trivial equilibrium point (0,0) is unsta-

ble and the interior equilibrium point (H!, F'1) is locally asymptotically stable.

2. Otherwise if (4.3.2) is violated, the system (4.2.1) does not have an interior
equilibrium point (H', FT) and the trivial equilibrium point (0,0) is locally
asymptotically stable.

Proof. Given the importance of this result, we give the proof in detail.

1. From (4.3.7) we have

detJ(0,0) = m[(oz +m) — 5} — aé
< w((a jﬂi) 5) [(a +1h) — g —a~ by (432)
_oL L
= 0.
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Thus, (0,0) is unstable. For the local asymptotic stability of the interior equi-

librium point, we have, from (4.3.8)

;o wm(a+m)? al L(a +m)?
trJ(H , F') < L(a +m)? <W((a+fn)—£) _w(a+m)2> — (a+m)
m(a—l—m)? (Oé+m)2 - (Oé+m)2 o
(04+m)2 <((a+ﬁ1)—£) <a+m)2> ( + )

< 0.

From (4.3.9) we have

detJ(H!, F1) > wm(a + m)? (L(oz +m) B al, ]>

Lo+ m)

m((oté)z—:—rg) <a+m_ a )

Therefore, the local asymptotic stability of (H!, F) follows directly from The-
orem 2.2.2 and Corollary 2.2.4.

2. Based on Condition (4.3.1), the trace of J(0,0) in (4.3.6) is always negative
regardless of the condition (4.3.2). It only remains to show that detJ(0,0) is

positive. Now, from (4.3.7) we have

L L
detJ(0,0) = m[(a +m) — ;} -a—
> ok [(a +m) — L - a£ violating (4.3.2)
w((atm) - £) wl
= 0.

Therefore (0,0) is locally asymptotically stable by Theorem 2.2.2 and Corollary
2.2.4. O
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Furthermore, Dulac criterion (Theorem 2.3.4) applies to the model (4.2.1) and rules

out the existence of periodic orbits. Thus, Theorem 4.3.3 can be improved as follows:

Theorem 4.3.4. If Condition (4.3.2) is satisfied, then the interior equilibrium point
(HY, F1) is globally asymptotically stable, otherwise the “trivial” equilibrium point

(0,0) is globally asymptotically stable.

The conclusion of Theorem 4.3.4 does not as such take into consideration the social
parasite nature of the Apis mellifera capensis because the theorem is simply based
on the analogues of the conditions in Theorem 3.3.5 for the KMB model (3.2.3). In
order to obtain a more relevant conclusion, we have to refer to the biology of honey

bees in the social parasite scenario as described in Section 4.1.

In the social parasite scenario, the impact of the ability of parasites to mimic
pheromones of the host brood and queen [24] is that the rate w, at which the max-
imum eclosion is approached, is large. On the other hand, the number of clones
who do not contribute to foraging but leave the hive class at the rate m after ben-
efiting from the host workers resources is large. Also, the mortality rate of host
workers who are recruited to foragers class is large (since there are many bees in
the hive to feed) [5]. It has been shown biologically that A.m. capensis parasites
lay multiple eggs resulting in an increased number of parasitic offspring [54,66] and
rapid spread in an apiary [17]. Also A.m. capensis workers need more (at least five)
A.m. scutellata workers to tender their needs within the colony [82]. These facts

can mathematically be reflected by the following condition:
L ) -
— < min{m, m}, (4.3.10)
w

which is stronger than Condition (4.3.1). Now, adding equations in (4.2.1) yields

the conservation law

dN LN

— = —mH —mF
& Ntw 77
LN
< Ntwo min{m, m}N

< (g — min{m,m}> N.
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By Lemma 2.1.8, we have

Lfmin{m,ﬁl}

N(t) < Noe(“ )t.

We have thus proved the following result which explains how fast colonies of the

A.m. scutellata are lost as a result of social parasitism by the A.m. capensis clones:

Theorem 4.3.5. If Condition (4.3.2) is violated, the total population decays to zero
under the condition (4.3.10)
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Chapter 5

Nonstandard finite difference

schemes for honey bee models

In this chapter, we propose reliable numerical methods which are dynamically con-
sistent with the continuous, KMB and SP, models considered in Chapter 3 and
Chapter 4, respectively. We use the nonstandard finite difference approach [55] as
explained in Section 2.9. This chapter is a detailed version of our results published

in [51].

5.1 The KMB discretization

To construct NSFD schemes, we apply Mickens’” method of sub-equations [7,55].
That is, we divide the full equation into simpler equations for which exact schemes
are known or available useful qualitative information can be incorporated into the

derived schemes.

From the model (3.2.3), in the absence of hive bees, the foragers are governed by

the decay equation

dF
— = —mF. 5.1.1
= (5.1.1)
The exact scheme of the decay equation was given in Proposition 2.9.7 and reads as
follows:
Fn+1 - Fn
———— = —mF, 1. 5.1.2
(emAt _ 1)/m mlini1 ( )
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In the absence of foragers, hive bees are governed by the equation

dH  LH

— = —aH 5.1.3
it Htw ( )
which has both the decay equation
dH
— = —aH 5.1.4
and the Michaelis-Menten, M-M, equation
dH LH
— = : 5.1.5
dt H+w ( )
Once again the exact scheme of (5.1.4) is
Hn+1 - Hn
—————— = —aH, ;. 5.1.6
(eaAt _ ].)/Oé « +1 ( )

For the NSFD approximation of (5.1.5), we use the scheme (2.9.21) which by Propo-

sition 2.9.13 is elementary stable. It reads

H,1—H, LH,
)  H,+w

(5.1.7)

where ¢ is specified in (5.1.11), (5.1.15) and (5.1.17) below. In order to preserve
unconditional positivity, we propose the following NSFD scheme for Eq (5.1.3),
based on (5.1.6) and (5.1.7):

H,1—H, LH,
¢  Hp,+w

— aHpr. (5.1.8)

Furthermore, using Definition 2.9.9, the nonlinear term

F
7 in (3.2.3) is approx-
imated in a nonlocal manner by

Fan+1

_— 5.1.9
Hn+l+Fn ( )

Combining the partial schemes in equations (5.1.2), (5.1.8) and (5.1.9) we propose
the following NSFD scheme for the KMB model (3.2.3):

Hn+1 - Hn L(Hn + Fn) H + Fan—l—l
= — Quly O—F—
b H,+ F, + w Y H, 4+ F,
(5.1.10)
Fn+1 - Fn Fan—i-l
—:OéHn —O'——an .
¢ i Hn+1 + Fn i
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Here and after
1 — e AR

Q

is a complex denominator function where the number ¢ > 0 to be determined

6= p(At) = (5.1.11)

shortly in different situations is supposed to capture the features of the model. It

should be noted that ¢ satisfies the asymptotic relation (2.9.16) in Definition 2.9.9.

We now address the issue of implementation of the NSFD scheme (5.1.10) and the
choice of @. The first equation in (5.1.10) is quadratic in H, 1. That is,

AH, g+ Byl = Gy =0, (5.1.12)
where
A=14+¢a>0
LN, F,
C,=H,F, + (an o

Assuming that H, and F,, are nonnegative, so that C, > 0, there is a unique

nonnegative root of (5.1.12), given by

—B, + /B2 +4AC,

Once H, 1 has been computed from (5.1.13), we continue in the Gauss-Seidel type

process to compute F,,; as follows:

Hn 1
oH, +Fn<1— a—+)
Gt ¢ Fo+ H, oy

Frpt = (5.1.14)
<1 + m¢)
In order for F,;; in (5.1.14) to be positive, we assume that
1
Q>0 sothat 0<o¢<—, (5.1.15)
o

in view of equation (5.1.11). The root in (5.1.13) can also be written in the following
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implicit equivalent form:

L(H, + F),)
H, _ 7
Ot w

= .
1+ ¢a — po—"—r
( ¢a ¢0Hn+1+Fn>

In view of (5.1.15) and in order to incorporate essential parameters m and « that

Hn+1 =

(5.1.16)

appear in the sub-equations (5.1.1)-(5.1.2), (5.1.4) and (5.1.6), we choose the de-

nominator function ¢ in (5.1.11) such that
Q>m+a+o. (5.1.17)
Theorem 5.1.1.

1. The NSFD scheme (5.1.10) is dynamically consistent with respect to positivity.

2. Under the condition (3.3.1), the NSFD scheme (5.1.10) is a dynamical system
on the same biologically feasible region €2 just as for the continuous KMB

system (3.2.3) in Theorem 3.3.1.
Proof.

1. The positivity is obtained by construction of the NSFD scheme (5.1.10).

2. From Equation (3.3.1) and the first equation of (5.1.10), we have

W < L-TH,..

L
Solving for H,,1, assuming that H, < T e get

L

Hpp < = (5.1.18)
T
The second equation of (5.1.10) and Equation (5.1.18) yield
F,.1—F, L )
% <aH,;1 —mF,, < T~ mkF,,q, since 0<a <1,
which implies that
Fa<-2 i op < (5.1.19)
n > 1 n S . .
=T mI’

Therefore the NSFD scheme (5.1.10) is a dynamical system on (2.
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Theorem 5.1.2.  The NSFD scheme (5.1.10) is elementary stable (Definition
2.9.12). That is:

1. The fized-points of the NSFD scheme (5.1.10) are the equilibrium points of the

continuous model (3.2.3).

2. The fized-points of the NSFD scheme (5.1.10) have the same local stability
properties as the equilibrium points of the KMB model (3.2.3). More precisely,
whenever for J., representing the Jacobian matriz associated with KMB model
(5.2.3) at the equilibrium point, @Q is chosen such that

0> Ml

~ |traceJ,|

apart from satisfying the relation (5.1.17), we have the following:

(a) Under the condition (3.8.14), the unique interior fized-point (H,F) is
locally asymptotically stable (LAS) and the trivial fived-point (0,0) unsta-
ble.

(b) If (3.3.14) is violated, then (0,0) is GAS.
Proof. We prove Theorem 5.1.2 in different steps.

A. A point (H, F) is a fixed point of the NSFD scheme (5.1.10) if, and only, if it
satisfies the defining equations (3.3.6) of the equilibria of the continuous KMB
model (3.2.3).

B. We prove the local asymptotic stability of the interior fixed-point (H,F).
Putting
U=H—-H and V=F-F,

the linearized continuous equation (3.3.21) about the equilibrium point (H, F)
F)

in terms of the eclosion function E(H, F') and the recruitment function R(H,

can be re-written as

U
dl v
av v
d
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where

Eyg — Ry Er — Rp Ey Erp — Rp Ry 0

o~
I
I
|

Ry Rr—m 0 Ry —Ry m
20)

is the Jacobian matrix at the interior equilibrium point (H, F'). Here and af-
ter, Fy, Ry, FEr and Rp denote the partial derivatives of the functions

E(H,F) and R(H, F) at the point (H, F).

The NSFD scheme (5.1.10) can be re-written in the form

H,,—H,
% - E(Hm Fn) - R(Hn+la Fn)
(5.1.21)
F.o1—F,
% = R(Hn+1, Fn) - an+1.
The linearized equation about the interior fixed-point (H, F) is
(
(5.1.22)
kCbRHUnJrl + (1 +om)Va = (1+ oRF)V,.

Solving the algebraic system (5.1.22) in (Un+17Vn+1>7 the linearized NSFD

scheme reads

Upis U,
= Jy (5.1.23)
Vit1 Va
where
LvoRy 0\ [ 140Ey 6(Er— Re)
Jg =
—GRy 1+ oém 0 1+ ¢Rp

1+¢Ey ¢(Er — Rp)

0 1+ ¢Rp.
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for

1
T — 0
1+ 6y
T =
ORy 1

(1+¢Ru)(1+¢m) 1+ ¢m

From the expression of J, in (5.1.20) we have
Jo=1+¢TJ.. (5.1.24)

With Ry (H, F) being positive, the spectral radius of the matrix (7 —I) is less
than 1. Therefore, the sequence (T'— I)™ of the matrices converges to the null
matrix. Consequently, the difference system (5.1.23) has the same qualitative

behavior as the system

Upia U,
= Jy (5.1.25)
Vit V.
where
Jy=1+¢J.. (5.1.26)

It is easy to check that p is an eigenvalue of the matrix Jy if, and only, if
w—1
\ =

is an eigenvalue of J.. That is
=g A+ 1= (1+¢)\)+ip\s.

Furthermore,

1—20|M |+ @22 if A <O
ul* =
1+ 29|\ ] + @* A2 if A > 0.

Thus, whenever
2|\
Al

¢ < (5.1.27)

we have, for \; < 0,

20|\
[A?

> <1—2¢|M ]+ R\
= 1.
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Therefore |pu| < 1 if Ay < 0. In a similar manner, |u| > 1 if Ay > 0. The
function ¢ in (5.1.11) with @ as specified in the statement of Theorem 5.1.2

satisfies the condition (5.1.27) because

1 A2
< — and >
¢ Q Q=2 2|\

for each eigenvalue of J., given that |A| < ||J.|| and \; = 2traceJ. for the
2x2 matrix J.. This proves the local asymptotic stability of the fixed-point
(H,F), based on Theorem 2.7.8, whenever the interior equilibrium point is

locally asymptotically stable.

. We deal with the stability of the trivial fixed-point (0,0) with the assumption
that Condition (3.3.14) holds true. We proceed as follows:

Adding the two equations in (5.1.10), we obtain the discrete conservation law
Npy1i— N, LN,

10) N, +w

Under the condition (3.3.14), and using the definition of €2, we have

Npi+1 — N, LN,, L
+ > —
- I _mc .

¢ ‘f‘ﬁ—f—w mI’

— mEF,1. (5.1.28)

el

Hence
L

L
Npyi > |1 —— | Ny —m.—.
+1_<+¢%+%+w> mmr
By Gronwall inequality (Lemma 2.6.3), the sequence (N, ), cannot tend to

zero. Thus (0,0) is unstable and not attractive.

. We prove part 2 of Theoreme 5.1.2 regarding the stability of the fixed-point
(0,0) when Condition (3.3.14) is not satisfied.

Since the NSFD scheme (5.1.10) is convergent, the discrete conservation law

(5.1.28) has the same behavior as the difference equation

LN,

Nn+1_Nn:¢N T w

— ¢mF, (5.1.29)

for n large enough. Consequently, when Condition (3.3.14) is violated it follows
from the Lyapunov argument used in the continuous setting for the proof of

Proposition 3.3.10 that
Npi1 — N, <0 for 0<H,<r and 0<F,<r.
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This shows that the trivial fixed point (0,0) is locally asymptotically stable.

. For the global asymptotic stability of the trivial fixed-point (0,0), we are going
to apply Theorem 2.8.4. In this regard, it suffices to show that the largest
invariant set M contained in the set £& can be reduced to the singleton set

M = {(0,0)}. That is;

£ = {(H, F)eQ:V(GH,F)) = V(H, F)}

L(H+F)
—{(HFeq:p " —mF=H+F|
{( e o s *
={(0,0)}
We shall prove by contradiction. Assume that there are H > 0 and F > 0
such that
L(H+F)
————— —¢mF =H+ F.
¢H +F+w om *
Or equivalently
LV
—¢mE =V.
¢V +w om
This implies that
LV
F= —
om ¢V +w
oL
= 14
<V +w )
oL

L L
<0 since ¢- —1< ¢<— - 1) by (3.2.6), (5.1.15) and Remark 3.2.2.
w w

But it is impossible to have ¢mF < 0 for F' > 0. So F' = 0. Which implies
that H = F = 0 from the definition of V(H, F'). Thus, £ = {(0,0)}.
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Remark 5.1.3. We conjecture that the interior fized-point of the NSFD scheme
(5.1.10) is GAS. This conjecture which is supported by numerical simulations in

Section 5.3 could probably be proven by using an appropriate Lyapunov function.

5.2 The SP discretization

We now construct a NSFD scheme for the SP model (4.2.1). Using the method of
sub-equations that led to the scheme (5.1.10), we propose, for the SP model, the

NSFD scheme
H,.,—H, B L(H, + F,)

— — n)H,
3 T 1 tw (v +m)Hpiq
(5.2.1)
F,.1—F,
= aHppy — mF,
¢
which is equivalent to
( L(H,
((b—( nth) F,)
H,+F,+w
B = l+a+m
(5.2.2)
Oégb-Hn—l-l + Fn
Fop = T 1xom
\ + om

where ¢ is defined in (5.1.11) with @ = a + m + m.

The analysis carried out for the NSFD scheme (5.1.10) does apply to the NSFD
scheme (5.2.1). Therefore, we are going to mention main results without giving
their proofs.

In a similar manner to the proof of Theorem 4.3.1, we obtain the result below.

Theorem 5.2.1. The NSFD scheme (5.2.1) is a dynamical system in the biological
feasible region Q) defined in Theorem 4.5.1.

Adding the equations in (5.2.1), we have the conservation law

Nuyi =N, LN,
o) N, +tw

from which it follows that

—mHp1 —mbpy,

Np+1— N, LN,
—(m +m)Nyp1 < “¢ <
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From the left inequality in (5.2.3) we have

TF (m 4 ) = et (524)

On the other hand, the second inequality in (5.2.3) gives

Nn+1 - Nn < LNn
) T w

1+ ok
N1 < (1 + (bmin{m,m}>Nn' (5.2.5)

— min{m, m}N,11

Combining (5.2.4) and (5.2.5) we obtain

N, < 1+ qbf
n+l >

<N\,
1+ ¢pmin{m, m}

T )Nn. (5.2.6)

When we proceed by mathematical induction form (5.2.6) we obtain

1+ L n+1
Ou ) No. (5.2.7)

! "INy < N <
)> 0= n+1_<1+¢min{m,ﬁz}

(oo

We, therefore, have established the following result, which shows the GAS of the

trivial fixed point, (0,0), in the more specific way below.

Theorem 5.2.2. Under the condition (4.3.10), the colony declines to zero in a

contractive manner.

5.3 Numerical simulations

For numerical simulations for the discrete KMB-NSFD scheme (5.1.10), we use the

parameters in Table 5.1 below, which are taken from [43].

Table 5.1: Basic parameters for simulations

Parameter | L o o w

Value 2000 | 0.25 | 0.75 | 27000
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The choice of the values o = 0.25 and o = 0.75 is motivated by the fact that, in the
absence of foragers, new workers become foragers in a minimum of four days, and
there is reversion (social inhibition) from foragers class to hive class if more than
one third of the total population are foragers [43]. To Table 5.1, we add the critical
value, me, of the foragers death rate obtained from Equation (3.3.14) as m. = 0.355.
We will therefore use the quantities below and above the critical value m,. namely
m = 0.24 and m = 0.4, as in [43]. Finally, we take At = 2, a large value of step
size which shows the power of the nonstandard approach as this is not permissible

in classical numerical schemes [55].

In the KMB setting, Figure 5.1 illustrates through both the phase plane and the
population-time axes the GAS of the interior equilibrium or fixed point when m =
0.24 in accordance with Theorem 3.3.5(1) and Theorem 5.1.2(a). Furthermore, when
m = 0.4, the CCD phenomenon or the GAS of the trivial equilibrium or fixed point
occurs according to Theorem 3.3.5(2) and Theorem 5.1.2(b), as displayed in Figure
0.2

14000
13000r
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11000}
10000~
9000+

sooo[/""j ----- e s

7000 P

4000

3000

FORAGERS (F)

2000 |
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1000 P
- 7/
5000 .~

% 5000 h 10000 15000 0 - 100 200 300 400

HIVES (H) time (days)

(a) Phase plane. (b) Population-time.

Figure 5.1: GAS of the interior fixed-point for the KMB-NSFD scheme (5.1.10).

The shift between the global asymptotic stability of the trivial fixed point and the
interior fixed point is addressed in the following bifurcation diagram where for-
agers’ death rate, m, is a bifurcation parameter. Moreover, m = 0.355 is a for-
ward /transcritical bifurcation of the model (3.2.3) in the sense that for m > 0.355,

the model has only one equilibrium point (0,0) which is globally asymptotically sta-
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Figure 5.2: CCD in the KMB-NSFD scheme (5.1.10).

ble. But for m < 0.355, the stability nature of the trivial equilibrium point changes
to unstable and an additional interior equilibrium point is born and is globally
asymptotically stable. By Definition 2.5.2, the model (3.2.3) undergoes transcritical
bifurcation at the point m = m.. The NSFD scheme (5.1.10) is dynamically con-
sistent with respect to all these properties as illustrated in Figure 5.1 and 5.2 (see

Figure 5.3).

% 10 Biurcation diagram

total number in colony

a 0.z EI.Ia'-l EI.IE 0.3 1
death rate of foragers (per day)
Figure 5.3: The bifurcation diagram of KMB-NSFD scheme (5.1.10)

Regarding the SP setting, we still use the values in Table 1 because we assume that
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the laying rate of the queen remains the same. The rate, m, at which parasites
leave the hive class is, for simplicity, taken to be equal to the death rate m =
0.24 of foragers. As predicted by Theorem 4.3.5 and Theorem 5.2.2, Figure 5.4
exhibits faster decay to zero of the total population, which once again justifies the

terminology capensis calamity

e The colony collapses in 100 days for the SP model when m = 0.24 (Figure
5.4(b)), while there is no CCD for the KMB model in this case (see Figure
5.1(b));

e The colony collapses in 400 days for the KMB model when m = 0.4 (Figure

5.2(b)).
a a A a 14000
6000 ‘ i i ! ‘
. \‘
5000 4 >
o
- y 8
4000 £
= ~ 4 8
2 N L 2
g 3000 k]
o}
-~ fadd
" £
2000 o a3
1000 ™
- .
5000 10000 15000 ) 200 300 400
HIVES (H) time (days)
(a) Phase plane. (b) Population-time.

Figure 5.4: Faster decline of the colony for SP-NSEFD scheme (5.2.1)
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Chapter 6

Conclusion

This dissertation is motivated by the work [43], which provides a fundamental math-
ematical model for the decline of the honey bee populations within the colony. The
alarming declines of the colony population of honey bees constitute a serious threat
to ecosystem services and honey bee products which would have great consequences.
The situation is worsen nowadays by an increase in colony losses world-wide through
Colony Collapse Disorder (CCD) and particularly the capensis calamity(cc) in South
Africa. Both phenomena are characterized by imminent losses of managed honey

bee colonies, thus resulting in the decline of these important pollinators.

In this dissertation, we build on the honors project [50], which in turn is based
on [43], to investigate some mathematical models of honey bee population dynam-
ics. The starting point is therefore the KMB model [43] consisting of the hive
compartment, H, and the foragers compartment, F, with positive recruitment rate,
R = R(H, F). We have provided mathematical details and rigorous analysis of the
model. With the assumption that the rate w, at which the maximum eclosion is ap-
proached is large enough, the following results have been theoretically established:
There exists a critical value, m,, of the parameter m (foragers’ death rate) which
is a transcritical bifurcation. That is, the trivial equilibrium point (0,0) is glob-
ally attractive whenever m > m., which means that the CCD phenomenon occurs,
whereas it is not attractive when m < m,, and an additional interior equilibrium

point which is globally asymptotically stable (GAS) is born.
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We have addressed one of the research questions that was identified in [50] by con-
structing a nonstandard finite difference (NSFD) scheme for the KMB model that
is dynamically consistent with respect to the decline property. More specifically, we
have theoretically established that the fixed-points of the KMB-NSFD schemes are
exactly the equilibrium points of the KMB model and, they have the same stability
properties in the sense that: for m > m,, the trivial fixed-point (0,0) is GAS while

for m < m,, there exists a unique interior fixed-point which is LAS.

In addition to the model formulated in [43], we improved the social parasite, SP,
model in a way that the rate, m, at which clones leave the hive compartment is
different from the rate m at which foragers die. This model is motivated by the
capensis calamity that arises when some A.m. capensis clones (parasites) gain access
into the colonies of A.m. scutellata (hosts). We have described the social parasite
scenario by a low positive and constant recruitment rate due to the presence of
parasites which do not contribute to foraging but leave the hive compartment at a
constant rate after benefiting from the resources produced by the hosts. We have

proved that the total population declines rapidly in this parasitic scenario.

We have constructed a NSFD scheme for the SP model (SP-NSFD scheme) and
proved theoretically the capensis calamity phenomenon. We have provided nu-
merical simulations that confirm the theory for both KMB and SP nonstandard
discretizations. In the SP-NSFD scheme, we observed a rapid decline in the total
population of the host colony, (Figure 5.4). This means that the SP setting indeed
represents abandoned brood as a diagnostic of CCD colonies [43]. In our simulations,
it takes about 100 days for A.m. scutellata population to reach zero, regardless of
the foragers’ death rate, after A.m. capensis have entered their colony and started
producing (Figure 5.4(b)), whereas it takes about 400 days for a normal honey bee
population, as in the KMB model, to reach zero when the death rate of foragers is

above a certain critical point (Figure 5.2(b)).

Apart from the construction of the NSFD schemes, the following natural question

that was raised in [50] remains.
1. Regarding the colony population declines, which measures and strategies are
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needed to avoid or at least to reduce honey bee colony declines? Since the
model proposed in [43] suggests that the colony growth is attained when the
death rate, m, of the foragers is below a critical value, a possible strategy is to
make m. small. Given the fact that m. is a function of the parameters L, «,
o, and w, it can be seen from (3.3.14) how m, can be reduced by appropriate
choice of some of these parameters. From the biological point of view, growth
of honey bee colonies can be achieved by providing enough resources to honey
bees, either through planting many different flowering plants (bee plants) closer
to the colonies as this would prevent foragers from undertaking long and risky
travel [96] as it is confirmed that they (foragers) die due to exhaustion [11].
Enactment of legislation that will reduce or ban indiscriminate use of pesticides
in agriculture could also help in this regard [85] like the recent ban on the use

of neonicotinoid pesticides in Europe.

2. Regarding the model with social parasites, what strategies could be to taken
to reduce the spread of parasites. Measures that could be taken to reduce
the spread of the social parasites in honey bees includes stopping migration of
honey bees of different races between regions [92] in South Africa as enshrined
by the law. This is important since clones rely heavily on anthropogenic
factors to move from one region. Obeying enacted laws that restrict migratory
beekeeping and enforcement of same would help in stopping the spread. In
the event that migration is unavoidable, hives should be inspected regularly
after migration for the presence of the parasites and infested hives placed in

quarantine and destroyed accordingly [52].

A further extension, not mentioned in [50], but outlined in Section 3.4 of this dis-
sertation, is to improve the KMB and SP models in a more realistic manner. To
this end, one way could be to consider in the models, numerous factors responsible

for colony declines. These include:

3. Death rate of hive bees and brood [16,27], pests and diseases [25] and climate
change [27].

4. Other compartments can be incorporated that will model colony failure as
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contagious by viruses and other pathogens [29,47,77].

. To investigate the interactions of suitable strategies (e.g food and climate) and

forager mortality on colony fate [44,80].

. Since studies have shown that secreted pheromones, either by queen or work-
ers, play a big role in assigning different tasks in the colony [11], it is of
interest to consider the part that drones and drone-produced chemicals play
on mediating social interaction with themselves and their importance in com-
municating with other individuals [14,97]. It is of interest to see how drones
can be considered in the formulation of mathematical models for the honey
bee population dynamics since Varroa mites prefer drone brood over worker

brood to complete their life cycle [11].

99



Bibliography

1]

[10]

Agamerica Lending, Top 10 pollinators in agriculture, www.agamerica.com, (10

July 2017).
M.H. Allsopp, Capensis Calamity, South African Bee Journal 64, 52-55, (1992).

M.H. Allsopp, R.M. Crewe, The cape honey bee as a Trojan horse rather than
the hordes of Genghis Khan, American Bee Journal 133, 121-123, (1993).

M.H. Allsopp, Cape honey bees: social parasites or accidental tourists, South

African Bee Journal 70, 161-165, (1998).

M.H. Allsopp, Capensis remnants do abscond, South African Bee Journal 70,
156-160, (1998).

M.H. Allsopp, Causes and consequences: pseudoclone and the capensis problem,

South African Bee Journal 76(1), 2-5, (2004).

R. Anguelov, J.M-S. Lubuma, Contribution to the mathematics of the nonstan-
dard finite difference methods and applications, Numerical Methods for Partial
Differential Equations 17, 518-543, (2001).

R. Anguelov, J.M-S. Lubuma, M. Shillor, Topological dynamic consistency of
nonstandard finite difference schemes for dynamical system, Journal of Differ-

ential Equations and Applications 17, 1769-1791, (2011).
M.S. Arafin, Honey bee life cycle, BEE, [www.thebeeinfo.com]|, (2015).

D. Aumer, M.H. Allsopp, H.M.G. Lattorff, R.A.F. Moritz, A. Jarosch-Perlow,
Thelytoky in Cape honey bees (Apis mellifera capensis) is controlled by a single

100



[11]

[12]

[15]

[16]

[17]

[18]

[19]

[20]

recessive locus, Apidologie, INRA, DIB and Springer-Verlag France 48, 401-410,
(2017).

A. Benjamin, B. McCallum, A world without bees, Guardian Books, London,
(2009).

H. Blackiston, Tracking the life cycle of a honey bee, [www.dummies.com],

(2009).

S. Blaine, Time for SA to take the decline of the honey bee seriously, Business-

Day live Newspaper, (01 February 2016).

A.S. Brandstaetter, F. Bastin, J-C. Sandoz, Honey bee drones are attracted by
groups of consexuals in a walking simulator, Journal of Experimental Biology

217, 1278-1285, (2014).

F. Brauer, C. Castillo-Chavez, Mathematical models in population biology and
epidemiology, Springer, New York, (2012).

K.M. Brown, Mathematical models of honey bee population: Rapid decline, Uni-
versity of Mary, Honors Thesis, (2013).

J.N. Calis, W.J. Boot, M.H. Allsopp, M. Beekman, Getting more than a fair
share: nutrition of worker larvae related to social parasitism in the Cape honey

bee Apis mellifera capensis, Apidologie 33, 193-202, (2002).

M. Chapwanya, J.M-S. Lubuma, R.E. Mickens, Nonstandard finite difference
schemes for Michaelis-Menten type reaction-difussion equations, Numerical

Methods for Partial Differential Equations, 20(1), 337-360, (2013).

M. Chapwanya, J.M-S. Lubuma, R.E. Mickens, From enzyme kinetics to epi-
demiological models with Michaelis-Menten contact rate: Design of nonstandard
finite difference schemes, Computers and Mathematics with Applications 64,
201-213, (2012).

F. Clayton, J. Bower, Mind your beewaz, Catholic Answares Magazine, 2(6),
(November 1991).

101



[21]

22]

23]

[24]

[25]

[26]

[27]

28]

[29]

[30]

R.M. Corless, G.H. Gonnet, D.E.G. Hare, D.J. Jeffrey, D.E. Knuth, On the
Lambert W function, Advances in Computational Mathematics 5, 329-359,
(1996).

D. L. Cox-Foster, S. Conlan, E.C. Holmes, G. Palacios, J.D. Evans, A metage-
nomic survey of microbes in honey bee colony collapse disorder, Science 318,

283-287, (2007).

R.M. Crewe, H.R. Hepburn, Portrait of the Cape honey bee, Apis mellifera
capensis, Apidol 22, 567-580, (1991).

R.M. Crewe, H.H.W. Velthius, Fualse queens: A consequence of mandibular
gland signals in worker honey bees, Naturwissenschaften 67, 467-469, (1980).

G. DeGrandi-Haffman, R. Curry, Mathematical model of varroa mite (Varroa
destructor Anderson and Trueman) and honey bee (Apis mellifera L.) popula-

tion dynamics, Carl Hayden Bee Research Center 3(3), 259-274, (2004).

V. Dietemann, J. Pflugfelder, S. Hartel, P. Neumann, R.M. Crewe, Social par-
asitism by the honey bee workers (Apis mellifera capensis Esch.) evidence for

the pheromone resistance to the host queens’s signals, Behavioural Ecology and

Sociobiology 60, 785-793, (2006).

L. Dornberger, C. Mitchell, B. Hull, W. Venture, H. Shopp, C. Kribs-Zaleta, H.
Kojouharor, J. Grover, Death of the bees: a Mathematical model of the Colony

collapse Disorder, The University of Texas, Mathematics Preprint 12, (2012).

C. Eardly, M. Kuhlmann, A. Pauly, The bee genera and sub-genera of sub-
Saharan Africa, AbcTaxa, Belgium, Vol(7), (2010).

H.J. Eberl, M.R. Frederick and P.G. Kevan, Importance of brood maintenance
terms in simple models of honey bee-varroa destructor-acute bee paralysis virus

complex, Electronic Journal of Differential Equation 19, 85-98, (2010).

J.D. Ellis, A.N. Mortensen, Cape honey bee, University of Florida,
[http://entnemdept.ufl.edu], (2014).

102



[31]

32]

[33]

[34]

[35]

[36]

[37]

[38]

[39]

[40]

[41]

[42]

[43]

Food and Agricultural Organization of the United Nations, Why bees matters,
World Bee Day, Republic of Slovenia (28 May 2018).

Food and Agricultural Organization Database Updates, Livestock Primary
(Production), FAOSTAT, (26 February 2019).

N. Gallai, Economic valuation of the vulnerability of world agriculture con-

fronted with pollinator decline, Ecological Economics 68, 810-821, (2009).

B. Gillie, Parthenogenesis in insects: synthesis, Passion Entomologies, (11

September 2018).

F. Goudie, B. Oldroyd, Thelytoky in the honey bee, Apidologie, Springer Verlag
45, 306-326, (2014).

J. Hale, H. Kocak, Dynamics and bifurcations, Springer-Verlag, New York,
(1991).

H.R. Hepburn, S.E. Radloff, Honey bees of Africa, Springer-Verlag, Berlin,
(1998).

A. Jiwaji, The money is in the honey, African Business Magazine, (28 January

2014).

M.F. Johannsmeier, The Cape bee: A problem in the Transvaal, Leaflet, Plant
Protection Research Institute, (1993).

M.F. Johannsmeier, (3rd Ed.), Beekeeping in South Africa. Biodiversity of bees,
Handbook No. 14, Agricultural Research Council, Pretoria. 288 pp.

B. Johnson, Division of labor in honey bees: form, function, and proximate

mechanisms, Behavioral Ecology Sociobiology 64(3), 305-316, (2010).

P. Kama, Non-standard finite difference methods in dynamical system, Univer-

sity of Pretoria, PhD Thesis, (2009).

D.S. Khoury, M.R. Myerscough, A.B. Barron, A quantitative model of honey
bee colony population dynamics, PlosOne 6(4) e18491, (2011).

103



[44]

[45]

[48]

[49]

[50]

[51]

[52]

[53]

[54]

D.S. Khoury, M.R. Myerscough and A.B. Barron, Modeling food and population
dynamics in honey bee colonies, PlosOne 8(5), 59084, (2013).

M. Kilani, B.V. Ball, M.E. Colin Biology of the honey bee, Bee disease diagnosis
Zaragoza CIHEAM 25, 9-24, (1999).

A.M. Klein, B.E. Vaissiere, J.H. Cane, 1. Steffan-Dewenter, S.A. Cunningham,
Importance of pollinators in changing landscapes for world crops, Proceedings

of the Royal Society B-Biological Sciences 274(1608), 303-313, (2007).

C.M. Kribs-Zaleta, C. Mitchell, Modeling colony collapse disorder in honey bees
as a contagion, Mathematical Biosiences and Engineering 11(6), 1275-1294,
(2014).

K.P.S. Kumar, D. Bhowmik, Chiranjib, Biswajit, M.R. Chandira, Medical uses
and health benefits of honey: An Overview, Journal of Chemical and Pharma-

ceutical Research, 2(1), 385-395, (2010).

J. D. Lambert, Numerical methods for ordinary differential systems, John Wiley
& Sons, New York, (1991).

M.B. Lerata, Some models in population dynamics of honey bee colonies, Honors

project, University of Pretoria, (2016).

M.B. Lerata, J. M-S. Lubuma, A.A. Yusuf, Continuous and discrete dynamical
system for the declines of honey bee colonies, Mathematical Methods in Applied
Sciences 41, 8724-8740, (2018).

A. Lubbe, The phenomenon of Apis mellifera capensis laying workers in Apis
mellifera scutellata colonies in the summer rainfall region of South Africa, Uni-

versity of Pretoria, MSc. Dissertation, (2005).

M. Martccheva, An introduction to mathematical epidemiology, Springer, New

York, (2015).

S. Martin, T. Wossler, P. Kryger, Usurpation of African Apis mellifera scutel-
lata colonies by parasitic Apis mellifera capensis workers, Apidologie 33, 215-

232, (2002).

104



[55]

[56]

[57]

[58]

[59]

[60]

[61]

[62]

R.E. Mickens, Nonstandard finite difference models of differential equations,
World Scientific, Singapore, (1994).

R.E. Mickens (Editor), Applications of nonstandard finite difference schemes,
World Scientific, Singapore, (2000).

R.E. Mickens (Editor), Advances in the applications of nonstandard finite dif-

ference schemes, World Scientific, Singapore, (2005).

R.E. Mickens, An exact discretization of the Michaelis-Menten type equation
with applications, Journal of Biological Dynamics 5(5), 391-397, (2011).

R.E. Mickens, Calculation of denominator functions for Nonstandard finite dif-
ference schemes for differential equations satisfying a positivity condition, Nu-

merical Methods for Partial Differential Equations 23(3), 672-691, (2007).

H. Morita, T. Ikeda, K. Kajita, K. Fujioka, I. Mori, H. Okada, Y. Uno, T.
Ishizuka, Effect of royal jelly ingestion for siz months on healthy volunteers,

Nutrition Journal 11(77), 1-7, (2012).

R.A.F. Moritz, S. Erler, Lost colonies found in a data mine: Global honey
trade but not pests or pesticides as a major cause of regional honey bee colony

declines, Agriculture, ecosystems and environment 216, 44-50, (2016).

F.N. Mumoki, C.W.W. Pirk, A.A. yusuf, R.M. Crewe, Reproductive para-
sitism by worker honey bees suppressed by queens through requlation of worker

mandibular secretions, Scientific reports, 1-11, (2018).
J.D. Murray, Mathematical biology, Springer-Verlag, Berlin, (1989).

M. Mutsaers, H. Blitterswijk, L. Leven, J. Waerdt, Bee products, properties,

processing and marketing, Agromisa Foundation, Wageningen, (2005).

P. Neumann, E. Sarah, R.F.A. Moritz, H.R. Hepburn, S.L. Reece, Social para-
sitism by the honey bee workers (Apis mellifera capensis Esch): host finding and

resistance of hybrid host colonies, Behavioral Ecology and Sociobiology 12(4),
419-428, (2000).

105



[66]

[74]

[75]

[76]

[77]

P. Neumann, R. Moritz, Cape honey bee phenomenon: the evolution of a social

parasite in real time? Behavioral Ecology Sociobiology 52(4), 271-281, (2002).

P. Neumann, H.R. Hepburn, Behavioural basis for social parasitism of Cape

honey bees (Apis mellifera capensis Esch.) Apidologie 33, 165-192, (2002).

P. Neumann, L.C. Norman, Honey bee colony losses, Journal of Apiculture

Research 49(1), 1-6, (2010).

B.P. Oldroyd, What’s killing American honey bees?, PLoS Biology 5, 1195-1199,
(2007).

R.E. O’Malley, Jr., Singular perturbation methods for ordinary differential equa-

tions, applied mathematics science series, Springer-Verlag, New York, (1991).

A. Pace, Swarms of Cape bees die, www.capetownetc.co.za, (19 November

2018).

J. Pettis, D. Vanengelsdorp, D. Cox-Foster, Colony collapse disordeer working
group pathogen sub-group progress report, American Bee Journal 147, 595-597,
(2007).

A. Petric, E. Guzman-Novoa, H.J. Eberl, A mathematical model for the inter-
play of Nosema infection and forager losses in honey bee colonies, Journal of

Biological Dynamics 11, 348-378, (2017).

C.W.W. Pirk, H. Human, R.M. Crewe, D. VanEngelsdorp, A survey of managed
honey bee colony losses in the Republic of South Africa-2009 to 2011, Journal
Apicultural Research 53(1), 35-42, (2014).

C.W.W. Pirk, African honey bees, Encyclopedia of social insects, Ed. Christo-
pher K. Starr, (2018).

C. Ragg, Honey bee sexes and castes, [slideplayer.com], (2016).

V. Ratti, P.G. Kevan, H.J. Eberl, A mathematical model for population dy-
namics in honey bee colonies infested with varroa destructor virus, Canadian

Applied Mathematics Quarterly 21(1), 63-93, (2013).

106



[78]

[79]

[80]

[81]

[82]

[83]

[84]

[85]

T. Reim, R. Scheiner, Division of labor in honey bees: age and task related
changes in the expression of octopamine receptor genes, Insect Molecular Biol-

ogy 23(6), 833-841, (2014).

L.W. Roeger, Fxact finite difference schemes, Journal of Biological Dynamics

5, 147-161, (2014).

S. Russell, A.B. Barron, D. Harris, Dynamic modeling of honey bee (Apis mel-
lifera) colony growth and failure, Ecological Modelling 265, 158-169, (2013).

F. Rutter, Biogeography and tazonomy of honey bees, Springer-Verlag, Berlin,
(1988).

M. Schafer, V. Dietemann, C. Pirk, P. Neumann, R.M. Crewe, H. Hepburn,
J. Tautz, K. Crailsheim, Indiwidual versus social pathway to honey bee worker

reproduction (Apis mellifera): pollen or jelly as protein source for oogenesis?,

Journal of Comparative Physiololgy A 192, 761-768, (2006).

T.D. Seeley, Division of labor among workers of honey bees, Ethology 71, 249-
251, (1986).

L.A. Segel, M. Slemrod, The quasi-steady state assumption: a case study in

pertubation, STAM Rev 31, 446-477, (1989).

M. Smart, J. Pettis, N. Rice, Z. Browning, M. Spivak, Linking measure of colony
and individual honey bee health to survival among apiaries exposed to varying

agricultural land use, PlosOne 11(3) e0152685, (2016).

K.M. Smith, E.H. Loh, M.K. Rostal, C.M. Zambrana-Torrelio, L. Mendiola, P.
Daszak, Pathogens, pests and economics: drivers of honey bee colony declines

and losses, EcoHealth 10 434-445, (2013).

Southern Beekeeping Association Amount of honey produced by south Africa
honey bees, (14 September 2018)

S.H. Strogatz, Nonlinear dynamics and chaos with applications to physics, bi-

ology, chemistry and engineering, Persus books Publishing, New York, (1994).

107



[39]

[90]

[91]

[92]

[93]

A.M. Stuart, A.R. Humphris, Dynamical system and numerical analysis, Cam-

bridge University Press, New York, (1998).

R. Sudarsan, C. Thompson, P.G. Kevan, H.J. Eberl, Flow currents and ventila-
tion in Langstroth beehives due to brood thermo-requlation effort of honey bees,

Journal of Theoretical Biology, 295 168-193, (2012)

G. Suwannapong, M.E. Benbow, D. Eiri, Honey bee communication and polli-

nation, Research gate 10.57772/36272, 41-62, (2012).

D. Swart, Testing the African honey bee (Apis mellifera scutellata,) for resis-
tance against invasion by laying workers of the Cape honey bee (Apis mellifera

capensis), Proc. 37th International Apicultural Conference. Durban, (2001).

J. Tautz, The buzz about bees, Springer-Verlag, Berlin Heidelberg, (2008).

[94] Y.A. Terefe, Bifurcation analysis and nonstandard finite difference schemes for

[97]

98]

Kermack and McKendrick type epidemiological models, University of Pretoria,

MSec. Dissertation, (2012).

D. VanEngelsdorp, J.Jr. Hayes, R.M. Underwood, J.S. Pettis, A survey of honey
bee losses in the United States, Journal of Apiculture Research 49, 7-14, (2009).

D. Vaudo, J.D. Ellis, G.A. Cambray, Honey bee (Apis mellifera capensis/A.M
scutellata hybrid) nesting behaviour in the Eastern Cape, South Africa, Insectes

Sociaux 59, 323-331, (2012).

G. Villars, M.D. Wolfson, A. Hefetz, Evaluating the role of drone-produced
chemical signals in mediating social interactions in honey bees Apis mellifera,

Journal of Chemical Ecology 44(1), 1-8, (2018).

B. Walsh, The plight of the honey bee, Time Magazine, (19 August 2013).

[99] W. Walter, Ordinary differential equations, Springer-Verlag, New York, (1998).

[100] A. Wezel, A. Ferrer, A. Lerort, S. Feret, J. Peigne, J.F. Gelette, Agroeco-

logical practice supporting the provision of goods and services in agricultural,

ResearchGate, Isara-Lyon, (2014).

108



[101] M.L. Winston, The Biology of the honey bee, Harvard University Press, Cam-
bridge, (1987).

[102] S. Wiggins, Introduction to applied nonlinear dynamical systems and chaos,

Springer, New York, (1990).

[103] D. Workman, Natural honey exports by country, World Top Exports, (6 April
2016)

[104] D. Workman, Natural honey exports by country, World Top Exports, (14 July
2018).

[105] E. Zeidler, Applied functional analysis: applications to physics, Springer-
Verlag, New York, (1990).

109



